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ABSTRACT

ESSAYS ON ECONOMIC CONSEQUENCES OF A POLITICAL CONFLICT:
2015 RUSSIA-TURKIYE DISPUTE

YUKSEL YUCEL, Canan
Ph.D., The Department of Economics
Supervisor: Prof. Dr. Erol TAYMAZ

January 2024, 149 pages

The main objective of this study is to analyze the economic impact of the political
conflict between Russia and Tirkiye which began after Turkiye shot down a Russian
warplane on the Syrian border on 24 November 2015. In response, Russia announced
a package of economic sanctions, some of which restricted bilateral tourism activities.
As the second most important country in terms of the number of visitors coming to
Trkiye, these measures by Russia had a profound impact on the Turkish tourism
sector. We examine the impact of these restrictions on the Turkish tourism sector and

their spillover to other sectors using micro-level datasets.

The dissertation consists of three essays. In the first essay we document the differential
impact of the political shock on tourism establishments, using an establishment-level
dataset constructed from administrative records. In the second essay, we analyze the
impact on the labor market using a matched employer-employee dataset. This essay
provides a comprehensive overview of the tourism labor market and an empirical
analysis of the employment and earnings trajectories of the long-tenured workers in
the post-2015 period.



The third essay examines the transmission of the shock to non-tourism firms through
trade relations. Using administrative records on firms’ balance sheets and firm-to-firm
trade transactions, we show that firms in non-tourism firms that traded with tourism

firms in 2015, were also negatively affected by this political shock.

Keywords: Job displacement, Earnings losses, Transmission of shocks, Production

network, Economic sanctions



0z

POLITIK SURTUSMELERIN IKTISADI SONUCLARI: 2015 YILI TURKIYE-
RUSYA GERILIMI

YUKSEL YUCEL, Canan
Doktora, Iktisat Bolumi
Tez Yoneticisi: Prof. Dr. Erol TAYMAZ

Ocak 2024, 149 sayfa

Bu tezin temel amaci, 24 Kasim 2015 tarihinde Suriye sinirinda bir Rus savas ugaginin
Tiirkiye tarafindan diisiiriilmesinin ardindan Rusya ile Tiirkiye arasinda baslayan
politik gerilimin ekonomik etkilerini analiz etmektir. Rusya, bu olay sonrasi ikili
turizm faaliyetlerini kisitlayan maddeler de igeren bir dizi ekonomik yaptirim karari
almistir. Tiirkiye'ye gelen ziyaret¢i sayist bakimindan ikinci 6nemli iilke olan
Rusya’nin bu tedbirleri Tiirkiye turizm sektoriinii derinden etkilemistir. Bu tezde
turizm faaliyetlerini hedefleyen séz konusu kisitlamalarin turizm sektoru Uzerindeki
etkileri ve diger sektorlere sokun yayilma boyutu, mikro dizeydeki veri setleri

kullanilarak incelenmektedir.

Tez {ic makaleden olugmaktadir. ilk makalede, idari kayitlardan derlenen is yeri
diizeyinde veriler kullanilarak, politik sokun turizm sektoriindeki is yerleri Uzerindeki
etkisi ortaya konmaktadir. Tkinci makalede, birebir eslesmis is yeri-calisan verileri
kullanilarak sektorde uzun siireli ¢alisanlarin sok sonras1 donemdeki ticret ve istihdam
durumlari analiz edilmektedir. Ayrica bu makale, turizm sektoriindeki galigsanlara dair

kapsaml1 bir genel betimleme sunmaktadir.

Vi



Ucgiincii makale, sokun ticari iliskiler yoluyla turizm dis1 firmalara yayilma boyutunu
ele almaktadir. Firma bilangolarina ve firmadan firmaya ticari islemlere iliskin idari
kayitlar kullanilarak, 2015 yilinda turizm firmalarinin tedarik¢isi veya miisterisi olan
turizm dist sektordeki firmalarin da bu politik soktan olumsuz etkilendigi

gosterilmektedir.

Anahtar Kelimeler: Isten ¢ikarilma, Kazang kayiplari, Soklarin yayilimi, Uretim Agi,

Iktisadi yaptirimlar
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CHAPTER 1

INTRODUCTION

Unilateral economic sanctions are a prominent instrument of foreign policy in
international affairs. Economic sanctions are welcomed in the political arena because
they are seen as a more peaceful alternative to military intervention. The United States,
in particular, makes extensive use of economic sanctions in the form of trade
restrictions on selected countries (Yang et al., 2009). Russia, a frequent target of U.S.
economic sanctions, became a sanctioning party in late 2015 in response to the political

conflict with Turkiye.

On September 30, 2015, Russia had launched a military intervention in the Syrian civil
war in support of the Syrian government, and Tirkiye shot down a Russian warplane
on the Syrian border on 24 November 2015. Russia responded to this event by
announcing a package of special economic measures against Turkiye on November
28, 2015. Most of the sanctions came in effect in January 1, 2016. These sanctions
restricted imports of some Turkish goods, restricted Turkish companies from operating
in certain economic fields in Russia, halted charter flights to Tirkiye and banned
Russian tour operators from selling trips to Turkiye. In addition to the impact on
construction companies and food exporters, these measures had a significant impact
on Tiirkiye’s tourism sector, as Russia is Tiirkiye’s second largest trading partner. In
this thesis, we are interested in the economic effects of the measures that restricted

tourism activities between the two countries.

Tourism is an important sector for the Turkish economy with both direct and indirect
effects on growth. The direct effect is observed through the sectors that provide goods
and services to tourists such as accommodation, tour operator services, while other

sectors that depend on tourism-related sectors are also indirectly affected.



There is also an “induced effect” that occurs through changes in the income of workers
in tourism-related sectors (CBRT, 2016). It is important to understand how and
through which channels the conflict has affected Tirkiye’s tourism sector. This
information, in turn, will help the authorities to design effective policies to mitigate

the negative effects of such a sectoral shock.

Turkiye and Russia had been good allies until this event, so much so that Turkiye was
described in the international press as “a hub for Russian sanctions violations.
Therefore, this political dispute between Tirkiye and Russia was unanticipated. We

assume that it is an unexpected and exogenous sectoral shock.

The sanctions were announced at the end of 2015, during the low season for tourism
activities, and their effects were mostly observed in 2016. The nature of the shock
(being unanticipated and exogenous) provides a good opportunity to empirically
analyze its outcomes. We aim to evaluate the consequences of the shock on all the
parties involved: establishments (production side), workers (labor market) and trading

partners of tourism sector.

In the following chapter, we analyze the impact of the shock on tourism firms. Our
analysis is based on data acquired from administrative records of firms’ balance sheets
and income statements linked to employee records from the Social Security Institution
(SSI). The micro-level data were obtained from the Entrepreneur Information System
(EIS), which is available for working on-site by the Turkish Ministry of Industry and
Technology.

In this chapter, we provide some descriptive statistics to show the importance of the
tourism sector in the Turkish economy. Then, we conduct a difference-in-differences
analysis at the establishment level. Our sample consists of establishments that were
continuously active during the period 2013-2015. We estimate the average effect of
the shock on the outcome variable of the establishment for each quarter in the period
2016-20109.

1 https://www.petersandpeters.com/2023/10/05/turkey-a-hub-for-russa-sanctions-violations/
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This allows us to understand how an establishment's performance indicators responded
immediately in the first quarters of 2016, how the magnitude of the effect changed in
subsequent quarters, and how long the effect lasted. Our identification strategy uses
the variation in Russian tourist intensity across 81 provinces. The 81 provinces of
Turkiye correspond to the NUTS-3 level classification of regions. The impact of the
shock is expected to be larger in provinces that are popular destinations for Russian
tourists. Also, the shock is expected to be more influential in provinces where tourism
IS an important sector. To account for these two dimensions, we base our empirical
identification on the ratio of the number of Russian tourists coming to a province to
the size (defined as the total number of employees) of the tourism sector in each

province.

We then perform a cluster analysis at the 2-digit industry level to determine the
industries most similar to tourism in terms of selected criteria such as average size and
age, regional distribution of employment, average wage rate. According to the cluster
analysis, the most similar sectors to accommodation are “56 - food and beverage
services, or restaurants for short” and “65 - insurance activities”. Given the size of total
employment in the sector, we choose restaurants as our control sector. We then
compare the outcomes of establishments in the control group with those of
establishments in the treated tourism sector in the affected provinces. The regressions
include some pre-shock covariates (such as establishment size, firm size, firm age) and
are estimated for different treatment and control group definitions. Our results provide
evidence of the negative impact of the shock on affected tourism establishments.

More than one million workers were employed in tourism-related sectors in the pre-
shock period which means a significant part of the labor force was affected from the
shock. In addition to the production side, it is also important to understand the
repercussions on the labor market. With this aim, we shift our focus to the employees
and analyze the labor market impact of the shock in the third chapter. The chapter
starts with a comprehensive overview of the employees in the tourism sector, based on
the matched employer-employee dataset which was acquired from the EIS and cover
the period 2012-2021.



We provide some descriptive statistics to document the main characteristics of the
tourism labor market, based on both macro- and micro-level data. We then empirically
examine the labor market outcomes of long-tenured workers. We define long-tenured
workers as workers who have been employed in the same establishment for at least 9
quarters in the period 2013-2015.

Consistent with the literature on job displacement, this group of workers is chosen to
represent the human capital of the sector with its expertise and know-how. The
empirical analyses in this chapter are twofold. First, we show how the 2015 tourism
shock changed the position of long-tenured workers in the tourism sector relative to a
control group of long-tenured workers employed in firms not directly affected by the
shock. We use a difference-in-differences framework. The identification strategy is the

same as in the second chapter.

Second, we run individual-level fixed-effects regressions to find out how the sector's
human capital was affected by this shock. We use panel fixed effects regressions to
identify the employment and earnings trajectories of these workers in the post-crisis
period. Together with worker- and firm-specific controls in the regressions, we try to
understand the effect of being displaced after the crisis and of changing the
establishment/sector/city of employment on the worker's wage in the post-crisis

period.

We find that post-crisis earnings of long-tenured workers who changed establishment
or sector are lower than those who remained with their pre-crisis employer and sector,
while the effect of changing province of employment on wages depends on the model
specification. Moreover, we find that long-tenured workers who changed
establishment or sector after a period of non-employment earn less than those who
changed without being non-employed in 2016. To understand the economy-wide
effects of the shock, it is not enough to analyze only firms and employees within the
sector. In addition to the impact on producers and workers in tourism, what happened
to non-tourism sector is also important. It is important to support these analyses by

including the effects of the shock on non-tourism sectors as well.



The fourth chapter fills this gap by examining the transmission of the shock to non-
tourism firms through trade relations. We proxy the exposure of a non-tourism firm to
the political shock with the share of sales (purchases) to (from) tourism firms in the
firm's total sales (purchases) in the pre-shock period. Using this ratio, we try to
measure the impact of the shock on firms' post-shock performance in terms of annual

changes in sales, employment, and profits.

Empirical results provide evidence for the upstream and downstream propagation of
the shock. We find that sales growth of firms that had trading relationships with
tourism firms in 2015, declined by about 8 percent in 2016. We find that the upstream
propagation of the tourism shock (8 percent) is stronger than the downstream
propagation (7.2 percent). This is because the product of tourism firms is a final
good/service that is sold directly to the final consumer, rather than being an input to

another firm.

This paper makes several contributions to the literature. First, the establishment-level
analysis in Chapter 2 combines an administrative dataset of establishments with a large
political shock to examine the impact on the performance of the tourism sector. The
political shock and subsequent economic sanctions led to the involuntary displacement
of many workers in the tourism sector. We find that the treated group of workers
suffered income losses, consistent with the findings of the job displacement literature.
The fourth chapter of the thesis relates to the production network literature, which
shows the role of the production network on firm outcomes such as sales, profits or
employment and the transmission of shocks through input-output linkages. The fifth
chapter concludes by summarizing main findings. It also discusses the limitations of

our analyses and talks about future research options.



CHAPTER 2

THE IMPACT OF THE POLITICAL SHOCK ON TOURISM: FIRM-LEVEL
ANALYSIS

2.1. Introduction

The tourism sector contributes significantly to GDP and employs a large proportion of
the workforce. The sector is also important as a source of foreign exchange inflows.
In addition to the tourism sector's direct impact on service exports, it also affects other
related sectors through tourist spending on services such as package tours, food and
beverages, transportation, clothing and footwear. This triggers an "induced effect” that
occurs through changes in the income of workers in tourism-related sectors (CBRT,
2016). Turkiye is a popular tourist destination that attracts tourists from all over the
world. In 2022, Tlrkiye was visited by 51.4 million tourists and generated 46.5 billion
USD in tourism revenues. These facts make the tourism sector particularly important
for Turkiye, which is a large emerging market economy suffering from structural

current account deficits.

The tourism sector is dependent on external developments such as the economic
conditions of trading partners, security risks in the neighborhood, terrorist attacks and
the emergence of a pandemic. The tourism sector is particularly sensitive to local and
global political developments and is strongly affected by geopolitical risks related to
wars, terrorism, social unrest and political tensions within and between states.
Tirkiye's geographical location and proximity to the Middle East and North Africa
make it more vulnerable to such geopolitical risks. The political turmoil and civil war
in Syria, which has been complicated by the involvement of global powers and many
neighboring countries, including Turkiye, is a good example to analyze the impact of
geopolitical risks on the tourism sector in Tarkiye.



Russia was an important trading partner for Turkiye in 2013-2015, with approximately
4 million Russian citizens visiting Tirkiye and exports to Russia accounting for nearly
4 percent of Turkiye's total exports. Russia and Turkiye were both involved in the
Syrian civil war, but supported rival groups. Russia launched a military intervention
in support of the Syrian government in September 2015, while Tirkiye supported the
Syrian opposition. In addition to their support for rival groups in the Syrian war,
relations between Turkiye and Russia further deteriorated when Tirkiye shot down a
Russian warplane on the Syrian border on November 24, 2015. In response, Russia
announced a series of economic sanctions against Tlrkiye that restricted imports of
some Turkish goods (mainly agricultural products such as tomatoes and oranges),
restricted Turkish companies from working in certain sectors (such as construction,
architecture, and engineering), halted charter flights to Turkiye, suspended visa-free
travel for Turkish citizens, and banned Russian tour operators from selling tours to
Turkiye. These measures had a significant impact on the Turkish economy, especially
on tourism. The main objective of this chapter is to analyze how this political conflict
with Russia affected the performance of tourism firms relative to a comparison group
of firms. In particular, we are interested in the firm-side effects of the sanctions

imposed by Russia that aimed at restricting the travel of Russian citizens to Turkiye.

The firm-level analysis in this chapter contributes to the literature by combining an
administrative dataset of firms with a large political shock to examine its impact on
firm performance in the tourism sector. Although some macro-level estimates of the
overall impact of the shock on economic growth have been conducted (CBRT, 2016),
to the best of our knowledge, the economic impact of the Russia- Tirkiye conflict on
the tourism sector has not been examined using a micro-level dataset. This analysis

also contributes to the literature on the impact and effectiveness of economic sanctions.

Before the crisis, Russia ranked second in terms of the total number of foreign visitors
to Turkiye. Nearly 30 percent (Germany 19.3 percent and Russia 11.2 percent) come
from Germany and Russia. Therefore, the sanctions led to a decrease in the number of
Russian tourists and annual travel revenues in 2016. In the next section, we discuss the

significance of this shock for Turkiye and the role of tourism in the Turkish economy.



The third section provides a review of the related literature. The fourth section presents
our data and their main characteristics. We use the accommodation sector with the
two-digit sector code "55" according to the NACE Rev. 2 classification to represent
the tourism sector. Using a firm-level dataset constructed from administrative records,
we document some descriptive statistics showing how tourism firms performed in the
post-crisis period in terms of indicators such as total number of employees, total
number of days worked, and wages paid. Taking advantage of the fact that the shock
is entirely unexpected and exogenous, the fourth section formalizes the impact of the
shock on tourism firms empirically. Using a difference-in-differences (DiD)
framework a la Wooldridge (2021), we estimate the average impact of the shock on
the firm's outcome variable for each quarter in the period 2016-2019. In our empirical
framework, we use both sectoral and regional information on firms for identification.
We use the variation in tourism intensity across provinces and the regional preferences
of Russian tourists to determine our treatment and control groups. We also conduct a
cluster analysis to find a sector similar to tourism that is not directly exposed to the
political shock, which can be proxied as a control group. This section provides a
detailed discussion of the empirical methodology used and the choice of treatment and
control groups. The empirical results show that tourism firms in affected provinces
performed worse than tourism firms in unaffected provinces and also than food and

beverage firms in unaffected provinces. The fifth section concludes.

2.2.  Tourism Sector in Turkiye

Turkiye is a popular destination for foreign visitors and attracts tourists from a wide
range of countries. In 2022, according to the United Nations World Tourism
Organization (UNWTO) rankings, Turkiye ranks 4th (after France, Spain and USA)
in terms of international tourist arrivals and 6th in terms of tourism receipts. The ratio
of tourism income to gross domestic product (GDP) has an average of 3.1 percent in
the period 2007-2022 (Figure 2.1). In 2022, tourism income were USD 46.5 billion
and travel exports accounted for 45.7 percent of total service exports. In addition to its
direct contribution to growth, the tourism sector is also important for employment as

it employs a large share of the labor force.



Aldan, et al. (2016) indicate that 8.8 percent of the total service sector workforce is
engaged in tourism-related activities during the period 2008-2014, while OECD
(2022) measures tourism-related employment in Tlrkiye as 8.1 percent of the labor
force in 2019.
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Figure 2.1 Tourism Income of Turkiye

A large part of Turkiye’s tourism income is tracked from travel income, which is
recorded under services revenues in the balance of payments statistics. Travel receipts
are available at foreign visitors and citizens living abroad detail for the years 2003-
2011. In 2011, the travel income generated by foreign tourists were 3.7 times higher
than those of Turkish citizens living abroad. Therefore, foreign visitors are the main
driver of Tirkiye’s travel income. The preferences and consumption patterns of
foreign visitors and citizens are different. Average length of stay is shorter and the per

capita expenditure is lower among Turkish citizens (Figure 2.2 and 2.3).
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Figure 2.2 Number of Arrivals (Million people)
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Figure 2.3 Nights spent (Million days)

The regional preferences of foreign visitors and citizens also differ as seen in tourism
intensity of each province (Table 2.1). Foreign intensity of a province is the ratio of
total nights foreign visitors spent in that province to its population. Domestic visitor
intensity is the ratio of the number of total nights spent by Turkish citizens to that

province’s population.
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Antalya, Mugla and Nevsehir are the first three popular provinces for both foreign and
domestic visitors. However, the ranking changes for other provinces. For instance, the
following provinces with high intensity ratios are Bolu, Canakkale and Trabzon for

domestic visitors, while they are Aydin, istanbul, Izmir and Denizli for foreign visitors.

Table 2.1 Tourism Intensity of Turkish Provinces in 2015

Nights Spent (Million) (Million) Visitor Intensity

Province (A) Foreign  (B) Turkish © Foreign  Domestic

Name Visitors Citizens Population (A/C,%)  (B/C,%)
Antalya 61.4 9.1 2.3 26.8 4.0
Mugla 115 3.2 0.9 12.7 3.5
Nevsehir 0.8 0.6 0.3 2.9 2.1
Aydin 2.5 1.1 11 2.4 1.0
Istanbul 131 4.4 14.7 0.9 0.3
Denizli 0.6 0.4 1.0 0.6 0.4
Izmir 24 24 4.2 0.6 0.6
Canakkale 0.2 0.6 0.5 0.4 1.1
Trabzon 0.3 0.8 0.8 0.4 1.1
Yalova 0.1 0.1 0.2 0.4 0.5
Bolu 0.1 0.4 0.3 0.2 14
Balikesir 0.2 0.8 1.2 0.2 0.6
Ankara 0.9 1.9 5.3 0.2 0.4
Bursa 0.5 0.9 2.8 0.2 0.3
Karabuk 0.0 0.1 0.2 0.1 0.4

Source: SSI, TURKSTAT.

Tourism income had an increasing trend in 2010-2014 period, but slowed down in
2015 which is partly related to the terror attacks in Tirkiye and increased geopolitical
risks because of the Syrian-Irag war in the neighborhood (Figure 2.1). Moreover, the

decrease in the number of Russian tourists in 2015 had also played role in this fall.

Developments in the Russian economy have a direct impact on Tiirkiye’s tourism
sector as Russia is the second country in terms of the number of foreign visitors coming
to Turkiye. The largest share of foreign visitors to Tlrkiye comes from Germany. In
2014, the number of German and Russian tourists in Turkiye was 5.3 million (15.2%
of total tourists) and 4.5 million (12.9% of total tourists), respectively.

11



In 2015, although still in second place, we observe a decrease in the number of Russian
tourists. In 2015, the number of Russian tourists decreased by 17 percent to 3.7 million
(10.2% of total tourists) (Table 2.2). The developments in the Russian economy have
direct impact on Turkish tourism sector since Russia ranks the second country in terms
of number of foreign visitors coming to Turkiye. The largest share of foreign visitors
in Turkiye are from Germany. In 2014, the number of German and Russian tourists in
Tirkiye were 5.3 (15.2% of total tourists) and 4.5 million (12.9% of total tourists),
respectively. However, in 2015, although still ranked 2nd, we observe a fall in the
number of Russian tourists. The number of Russian tourists fell by 17 percent to 3.7
million (10.2% of total tourists) in 2015 (Table 2.2). This is mostly related to
worsening economic conditions in Russia that began in the second half of 2014. The
sharp devaluation of the Russian ruble, international economic sanctions imposed on
Russia because of the political tensions with Ukraine-Crimea and the fall in prices of
crude oil, which is a major export of Russia, were responsible for the worsening of the
Russian economy (Ministry of Development, 2018). These factors led to a fall in the
number of Russian visitors in 2015 and affected Tiirkiye’s travel income negatively
(Figure 2.4).

Table 2.2 Number of Foreign Visitors in Turkiye (Million people)

2012 2013 2014 2015 2016 2017 2018 2019
Germany 5.0 5.0 5.3 5.6 3.9 3.6 4.5 5.0

Russia 36 43 45 37 09 47 59 70
UK 25 25 26 25 17 17 23 26
Bulgaria 15 1.6 1.7 1.8 1.7 1.9 24 2.7
[ran 12 12 16 17 17 25 20 21
Georgia 14 18 17 19 22 24 21 20
Netherlands 1.3 13 1.3 1.2 0.9 0.8 1.0 1.1
France 1.0 1.0 1.0 09 0.6 0.6 0.7 0.9
USA 08 08 08 08 05 03 04 06
Greece 07 07 08 08 06 06 07 08
Total 313 338 359 356 253 321 39.0 447

Source: TURKSTAT.
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In addition to this declining trend in 2015, the number of Russian tourists coming to
Turkiye was further affected by political tensions in late 2015, which arose after
Turkiye shot down a Russian warplane on the Syrian-Turkish border on November 24,
2015. Subsequently, Russia announced a series of economic sanctions, some of which
were directly aimed at restricting the number of Russian tourists coming to Turkiye.
Together with the continued weak performance of the Russian economy, these
sanctions exacerbated the negative outlook in bilateral economic relations. In 2016,
the number of visitors from Russia decreased by 76.6 percent, and Turkiye's travel

revenues decreased by 30 percent (Figure 2.4).
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Figure 2.4 Travel Income and Number of Russian Tourists

Figure 2.5 shows the annual change in tourism income for main expenditure groups.
Services of food and beverages, accommodation, transportation and clothing account
for 60 percent of total individual expenditures of visitors. In 2016, all these spending
groups recorded annual decreases while the change was most prominent in the

accommodation group (-38.6 percent).
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These macro-level indicators give hint on the destructive impact of the political shock
on the tourism sector. The micro-data also provides evidence on this worsening in the
tourism sector. 2012-2020 annual firm registry data acquired from Entrepreneur
Information System (EIS) indicates that tourism firms witnessed an average annual
fall in net sales by 10.3 percent in 2016, while 25" and 75" percentiles of change in
net sales were -46.8 percent and 24.3 percent, respectively. Hit by the political tension,
832 tourism firms were closed in 2016 and those which continued operating tended to
decrease employment.? The annual change in employment in 2016 was -11.7 percent

on average, while 25" and 75™ percentiles were -36.8 and 10.0 percent, respectively.
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Figure 2.5 Annual Change in Tourism Income by Type of Expenditure (%)

To understand the causes of the decline in employment, we conducted a simple
turnover analysis. For each worker in the tourism sector, we identified the exit and
entry dates. Entry is defined as the quarter in which a worker became employed for the
first time, or changed firms and started working for a different firm than in the previous
quarter, or started working again after being unemployed for at least one quarter. On
the other hand, separations are defined as the quarter in which a worker was last
employed or changed firms and started working in another firm in the following

quarter or left a job and started working again after more than one quarter.

2 832 of the tourism firms, having positive employment in 2015, had zero employment in 2016.
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We sum the number of separations and entry rates by firm for each quarter to get a
rough understanding of the turnover in the sector. Accordingly, we observe that the
decrease in entries was more pronounced than the increase in separations. This implies
that tourism firms responded to this shock by reducing the number of people they hired
rather than by firing more workers. Therefore, the observed decline in total
employment in the tourism sector in 2016 was largely sustained by a decrease in entries

into the labor market rather than an increase in separations. (Figure 2.6)
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Figure 2.6 Separation and Accession in Tourism Firms (Thousand people)

2.3. Literature Review

Economic sanctions are a prominent instrument of foreign policy in international
affairs. Sanctions can take various forms such as restrictions on trade, on financial
activities, or on travel. The United States, in particular, frequently uses economic
sanctions in the form of trade restrictions with selected countries to impose costs on
their adversaries (Yang et al.,, 2009). There is a rich literature analyzing the

effectiveness of such economic sanctions theoretically (Smeets, 2019).
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The political tension between Tirkiye and Russia arouse interest in the literature
dealing with economic sanctions. Hall et al. (2021) discuss economic sanctions
imposed by various states on tourism. Their focus is on what strategies firms or states
follow when faced with such sanctions. In case of Turkiye-Russian dispute, they point
that Turkish tourism firms followed policies to attract more visitors from Turkish
citizens and from other countries such as Iran and Azerbaijan to compensate for the

decrease in the number of Russian visitors.

We aim to assess the impact of Russia's restrictions on tourism activities on the Turkish
tourism sector using establishment-level data. To the best of our knowledge, this is the
first attempt to identify the establishment- and province-level consequences of the
tourism restrictions. Other related studies focus either on the net effect of the sanctions
on macroeconomic aggregates (Basihos et al., 2015; Bilgi¢-Alpaslan et al., 2015) or
on their impact on the course of bilateral relations between the two countries (Agha,
2021; Bali, 2022). A study close to ours is Aytun and Ozgiizel (2021), which analyzes
the economic consequences of the sanctions that restricted the exports of some Turkish
products. Using customs and firm-level data, they conclude that the restrictions

resulted in a trade loss of about USD 3 billion for Turkish exporters.

2.4. Empirical Framework and Data

2.4.1. Data

We acquire data from the Entrepreneur Information System (EIS) of Turkiye and
construct a matched employer-employee dataset. This data is maintained by the
Ministry of Industry and Technology and available for on-site working. The EIS brings
together large-scale confidential administrative datasets from multiple sources
including the Ministry of Treasury and Finance, the Ministry of Trade and the Social
Security Institution (SSI). We benefit from three main datasets in this thesis: 1)
Quarterly SSI records at employee level, 2) balance sheet and income statements
reported annually by firms, 3) annual firm registry indicating the four digit sector and
location (the province) of all registered firms in Tlrkiye. Data are available for 2012-
2021 period.
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We are mainly interested in tourism firms operating in the “accommodation” sector
(NACE Rev.2 code: 55). Our dataset covers the period 2012-2021 but for the
regressions we cut the sample at 2019, before the pandemic of 2020. In the data, one
can observe both firm and establishment identities®. The difference between the two

becomes particularly important for the province information.

Location information is available at both the firm and establishment level. The former
is biased towards large cities as it shows the province of the headquarters, while the
latter shows exactly where the establishment operates. For example, the headquarters
of a grocery store chain may be located in istanbul but it also has branches in Bilecik.
If we were to use the province information in the firm-level data, we would count both
of these branches in Istanbul since they are recorded with the location of the
headquarters. However, the establishment-level data distinguishes between branches
in Istanbul and Bilecik. The province information is crucial for our identification

strategy and therefore, we conduct the empirical analysis at the establishment-level.

The data include establishment-level values of total number of days worked (by total
number of employees), average real daily and monthly wages paid, and total wage bill

for each quarter as well as the four digit sector code and the province of activity.

We are interested in the impact of the shock on establishments in the tourism sector
that were continuously active in the period 2013-2015. There are 7,516 such firms in
the tourism sector with 8,596 establishments. 18.2 percent of these establishments are
located in Istanbul and 27 percent of them are located in Antalya, Mugla, Edirne,
Kiurklareli, Artvin and Ardahan. Our dataset also includes establishments in the food
and beverage service sector (we refer to this sector as restaurants for short), which are
used in the control group definitions. In the period 2013-2015, there were 41,919
establishments in this sector, 32.4 percent of which were located in Istanbul.

3 An establishment/workplace/plant is defined as a single physical location operating in one
predominant activity. Throughout the thesis, establishment/workplace/plant are used interchangeably
to refer to this definition. On the other hand, a firm/company is an establishment or a combination of
establishments. A firm/company is unified under the same ownership even it provides a professional
service in more than one location.
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2.4.2. Empirical Framework

This section aims to formalize the impact of the political conflict with Russia on
tourism establishments. The shock was unexpected and the subsequent tourism-
specific sanctions targeted only the tourism sector. These conditions create a natural
experiment for an econometric analysis. We conduct a difference-in-differences (DiD)
analysis quantifying the average impact of the shock on establishment-level
performance indicators for the “treated” group relative to the “control” group of

establishments that were not directly exposed to the shock.

DiD estimation is popular in the labor economics literature for estimating the causal
effects of structural or policy changes. This method is suitable for analyzing how a
certain policy/shock led to the differentiation of two groups that were similar before
the policy/shock. DiD estimator Sp;p represents the average impact of the policy/shock
on the treated group relative to a comparison group that was not subject to that

treatment.

lBDiD = (Ytreated,post - 17treated,pre) - (Ycontrol,post - Ycontrol,pre) (1)

The unexpected nature of the treatment is important for £y, to reflect the casual
treatment effect. In our case, the political conflict with Russia was unanticipated and
we can confidently assume that the shock had no causal effect prior to its realization.
The second key identifying assumption to be satisfied in the DiD setup is that the
average outcome of the treated and comparison groups would have evolved in parallel
in the absence of the treatment. In our analysis we use several control groups and test
the parallel trend assumption for each definition of the treatment and control groups.
For some of the control group specifications and the dependent variables, the tests did
not confirm this assumption. To overcome this problem, we first included some time-
invariant covariates including 2013 values of establishment size, size and age of the
affiliated firm, average proportion of female workers and average age of workers in
the establishment. However, the parallel trend assumption still did not hold for the
wage variables. The standard tests could validate the parallel trend assumption only

when the dependent variable was the total number of days worked in an establishment.
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As a solution, we used Coarsened Exact Matching (CEM) method to generate a more
comparable estimation sample. CEM is a method developed by lacus et al. (2011) that
minimizes the imbalances in some user-determined observable covariates between the
treatment and control groups. We use the k-to-k CEM method to match a treatment
group establishment with a control group establishment whose pre-shock (201592)
values of age, total number of employees, proportion of female workers are similar to
the treated establishment. The parallel trend assumption is verified for most cases in
this matched sample.*

As long as the parallel trends and no anticipation assumptions hold, a two-way
(individual and time) fixed effects (TWFE) regression would give the consistent
estimate of the average treatment effect on the treated (ATT). However, when there is
heterogeneity of treatment effects over time or cohorts, the static specification may
give negative By, despite all ATT values are positive (Rambachan and Roth., 2023).
To overcome such drawbacks, Wooldridge (2021) proposes a TWFE framework
where one can control for the heterogeneities in the treatment effects across time and
covariates and can test for the existence of parallel trends and no anticipation
assumptions. The empirical analysis in this chapter uses this framework. In our case,
everyone receives the treatment (i.e., hit by the shock) at the same time (hamely, in
late 2015), but the ATT is allowed to differ in each quarter of the post-crisis period.
This specification allows the effect of the shock to be different in each of the post-
shock periods. The basic framework can be represented by the following equation:

In(yire) = @; + Paiac(wie X time,) + d; * time + y X; 2013 * time, + 0, + pre + €ie (2)
w;; = d; x post; post, =1 if year = 2016
time, =t if t € [2016q1,2019¢4]

Vire represents the outcome variable for establishment i operating in province r at time
t. In our framework we use several dependent variables including the total number of

days worked, paid real monthly wage bill, average real daily and monthly wages.

# In the appendix we will report the parallel trend test results for each of the treatment-control group
combination.
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We control for establishment-level, year-quarter, and time-province fixed effects. The
latter is to control for the possibility of establishments from different regions having
different trends in performance as the regions of Tirkiye vary in development levels
(Akglnduz, et al., 2022). Xi is the time-constant covariates for establishment
characteristics. It is calculated as the deviation of X for an establishment from the
mean of X in the treated sample. We include the following pre-shock covariates: 2013
values of establishment size, size and age of the affiliated firm, average proportion of
female workers and average age of workers in the establishment. The treatment status
variable is d. di=1 for the treated group of establishments exposed to the political
shock. The main parameter of interest is Baia.t. It will show the differential effect of the
shock on the outcome variable in treated establishments relative to those in the control
group, for each quarter t in the period 2016-20109.

The most crucial step in the DiD analysis is to define the treatment and the treated
group clearly. In our set-up, the treatment event is the political shock in 2015 and the
sanctions imposed by Russia which aimed to restrict tourism. The shock we are
analyzing is sector-specific, hence sector is one key variable for choosing the treatment
and control group of establishments. Treated sector is the tourism (i.e.

accommodation) sector.

We also need a control/comparison sector which was structurally similar to the tourism
sector in 2015 and was not directly exposed to the shock. For this purpose, we conduct
a cluster analysis at two-digit sector level (NACE2). We compare the following
variables for tourism and non-tourism sectors: (i) Herfindahl-Hirschman index of
geographical concentration that shows the extent to which employment in a particular
industry is distributed among provinces (ii) Average plant-size (iii) Share of female
employees (iv) Geometric average of log-transformed daily wage (v) Standard
deviation of log-transformed daily wage (vi) Average age of workers (vii) Average
age of firms in that industry. The cluster analysis suggests that the most similar sectors
to tourism (NACE2: 55 accommodation) are 56 “food and beverage service activities”
(for short: restaurants) and 65 “insurance, reinsurance and pension funding, except

compulsory social security activities” (for short: insurance).
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We believe that the insurance sector does not meet the conditions we are looking for.
First, the insurance sector is quite small compared to the tourism sector, such that the
total number of days worked in the tourism sector in 2015 is almost 40 times higher
than the insurance sector. In addition, total employment in the insurance sector grew
by 1.8 percent in 2016 while it declined by 17.6 percent and 1.9 percent in the tourism
and restaurants, respectively. Considering these differences, we chose our control

sector as restaurants.

The other dimension we need to consider when selecting the treated and control groups
is the location of the establishment. The degree of the impact of the shock on tourism
firms is expected to be heterogeneous across provinces. First of all, tourism is more
important in some provinces, especially those in the coastal regions of Turkiye.
Therefore, the provinces where tourism is an important economic activity would be
more vulnerable to the shock. Second, the establishments operating in the provinces
that were popular among Russian visitors in the pre-crisis period are also likely to be
more affected, since the shock is the political conflict with Russia and the sanctions
restricted only Russian visitors. To test for the existence of such regional

heterogeneity, we look for some measurable criteria to differentiate the provinces.
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Figure 2.7 Province-level Share of Russian Tourists in 2015 (%)
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The first candidate would be the ratio of Russian tourists to the total number of tourists
in each province. This ratio will represent the vulnerability of that province to the
decrease in the number of Russian visitors due to the political shock. The Ministry of
Culture and Tourism publishes the number of visitors by nationality for each province.
Using this data for 2015, we calculate the ratio of the total number of Russian visitors
to the total number of foreign visitors in each province. This ratio represents the pre-
crisis importance of Russia for the tourism firms in that province. Figure 2.7 shows
this ratio.

The share of Russian visitors (in the total number of foreign visitors coming to the
province) captures the importance of Russian tourists, but this measure does not
contain any information about the importance of the tourism sector for the province.
However, the magnitude of the shock is also related to the importance of the tourism
in the province. To account for both dimensions, we base our identification on the ratio
of the number of Russian tourists to the size (total number of employees) of the tourism
sector in each province. This ratio will reflect both the role of tourism as an economic
activity (proxied by the total number of employees in the tourism sector) and the role
of Russia in tourism activities (proxied by the number of Russian visitors) in that

province.

Figure 2.8 plots the pre-crisis average of this Russian Tourist Intensity (RTI) ratio in
the period 2013-2015. Having popular destinations like Antalya, Mugla, Istanbul in
the top rankings is expected but having Artvin, Ardahan and Kirklareli with high ratios
may look surprising. The reason for these provinces to have high ratios is the small
value of the denominator i.e., the number of employees in the tourism sector in these
provinces. In the three years before the political shock (i.e. the period 2013-2015), the
average number of Russian tourists coming to Artvin and Kirklareli were roughly
30,000 and 20,000, respectively which were too high compared to the number of
people working in the tourism sector in these provinces. This led to high values of
Russian Tourist Intensity ratios for these provinces. However, due to the small number
of firms and workers in these cities, their relative importance in the affected region

group is small compared to Antalya, Istanbul and Mugla provinces.
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Figure 2.8 Russian Tourist Intensity (Average of 2013-2015)

Antalya is an important tourist destination of Turkiye and around 30 percent of the
total visitors coming to Tirkiye in the period 2013-2015 were hosted by Antalya.
Moreover, 78 percent (2.8 million) of the total Russian tourists (3.7 million) visiting
Turkiye in 2015 arrived in Antalya®. Hence the calculated intensity variable in Antalya
is higher than the country average. Mugla and Istanbul are also important tourist
destinations but their calculated intensity ratios are lower than Tirkiye average. This
is because these provinces attract more tourists from countries other than Russia such
that the share of Russian visitors (in the total number of foreign visitors) in 2015 in
Istanbul and Mugla were 5.1 and 7.5 percent, respectively. Pre-shock average of
Russian tourist intensity (RTI) ratio ranges between 0 and 96 over 81 provinces. We
divide provinces into two groups based on the value of RTI. First group where RTI is
higher than 10 is “the affected region”. Artvin, Kirklareli, Antalya, Mugla, Istanbul,
Edirne and Ardahan belong to this group. Rest of the 74 provinces are “the unaffected

regions” group.

5 In 2015, total number of foreign visitors in Tiirkiye was 36.2 million and the share of Russian
tourists was 10.1 percent (100*3.7/36.2).
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In sum, our identification strategy uses the variation in tourism intensity across 81
provinces. We combine sectoral and regional variation to form our control and
treatment groups and tried different specifications as summarized by Table 2.3. We
compare tourism firms and restaurants in different provinces based on their degree of
exposure to the shock measured by RTI. istanbul may dominate the affected region
group as it is a crowded city being center for many economic activities. Therefore, we
also compare tourism establishments and restaurants in the affected provinces by
excluding Istanbul (Antalya, Mugla, Artvin, Kirklareli, Ardahan, Edirne) in some of

the specifications.

Table 2.3 Specifications for Treatment and Control Groups

Treated Group Control Group
Model Sector Region Sector Region
TTvsR T Affected R All
TT2vsR T Affected \ Istanbul R All
TTvsRO T Affected R Unaffected
TT2vsRO T Affected \ Istanbul R Unaffected
TTvsTO T Affected T Unaffected
TT2vsTO T Affected \ Istanbul T Unaffected
TTvsTORO T Affected T,R Unaffected
TT2vsTORO T Affected \ Istanbul T,R Unaffected

Notes: T and R stand for tourism firms and restaurants, respectively. The affected provinces (Artvin,
Kirklareli, Antalya, Mugla, Istanbul, Edirne and Ardahan) are those in which Russian tourist intensity
is above 10. In the specifications named with TT2, we exclude Istanbul from the affected provinces.

Our estimation sample consists of establishments, which were continuously active in
2013-2015. TTvs.TO provides a comparison of the tourism establishments in the
affected (with RTI>10) and unaffected regions. TTvs.RO compares tourism
establishments in the affected (Antalya, Istanbul, Mugla, Artvin, Kirklareli, Ardahan,
Edirne) region and restaurants in the unaffected (all remaining) provinces.
TTvs.TORO compares tourism establishments in the affected provinces to tourism
establishments and restaurants in the unaffected provinces. In the specification
TTvs.R, tourism establishments in the affected provinces are compared to the

restaurants in all regions.
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The parallel trend assumption in the matched sample of establishments is satisfied in
most cases for the equations with establishment-level covariates. Whenever we cannot
validate this assumption by tests, we compare the estimation results with and without
trend term. The existence of non-parallel pre-shock trends does not have practical
importance as the estimation results are not much sensitive to inclusion of the trend
term. In sum, the matching helped us to solve the potential impact of non-parallel
trends on the estimation results. In the regressions, we use total days worked, total
wages paid (i.e. wage bill), averages of daily and monthly real wages as establishment-

level performance outcomes.

Table 2.4 Number of Establishments in the Treatment and Control Groups

(Thousand)

1T TO TT\istanbul T RO R TORO

2013-15 3.9 4.7 2.3 8.6 25.0 41.9 29.7
03.16 3.7 4.4 2.2 8.1 23.4 39.3 27.8
06.16 3.6 4.3 2.2 8.0 22.5 37.8 26.8
09.16 35 3.7 2.1 7.2 21.7 36.4 25.4
12.16 3.3 3.6 2.0 7.0 21.1 35.5 24.8
03.17 3.2 3.5 1.9 6.7 20.1 33.7 23.6
06.17 3.2 35 2.0 6.6 194 32.7 22.9
09.17 3.2 3.4 1.9 6.5 19.1 32.2 22.5
12.17 3.0 3.3 1.9 6.3 18.7 315 22.0
03.18 3.0 3.2 1.8 6.2 18.2 30.5 21.4
06.18 3.0 3.2 1.9 6.2 17.6 29.6 20.8
09.18 3.0 3.1 1.8 6.1 17.3 29.1 20.4
12.18 2.9 3.0 1.8 59 17.0 28.4 20.0
03.19 2.8 2.8 1.7 5.6 15.8 26.6 18.6
06.19 2.8 2.8 1.7 5.6 15.4 25.9 18.2
09.19 2.8 2.7 1.7 5.5 15.1 25.5 17.8
12.19 2.7 2.6 1.6 5.3 14.9 25.0 17.5

Notes: TT and TO mean tourism sector in affected and unaffected regions, respectively. TT\Istanbul

stand for tourism sector in affected provinces except Istanbul. T and R indicate respectively tourism

and restaurants in all regions. RO stand for restaurants in unaffected provinces, while TORO shows
the sum of TO and RO.

Pre-match sample includes 8596 establishments and 7516 firms in the tourism sector.
45.3 percent of these establishments are in the affected region (Table 2.4 and 2.5).
Among the treated tourism establishments (3891), 40.3 percent (1567) of them are in

Istanbul. 18 percent of the establishments are in the other affected provinces.
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The number of tourism firms (establishments) in the affected region annually
decreased by 5.9 percent (6.3 percent) and 9.5 percent (11.2 percent), respectively in
the second and the third quarter of 2016.

Table 2.5 Number of Firms in the Treatment and Control Groups (Thousand)

TT TO TT\stanbul T RO R  TORO

2013-2015 3.4 4.1 2.0 7.5 22.7 376 268
03.16 3.3 3.9 1.9 7.2 21.2 352 251
06.16 3.2 3.8 1.9 7.0 20.4 339 242
09.16 3.1 3.4 1.9 6.5 19.7 327 231
12.16 3.0 3.4 1.7 6.3 19.2 320 226
03.17 2.8 3.2 1.7 6.1 18.3 304 215
06.17 2.9 3.2 1.7 6.0 17.7 294 209
09.17 2.8 3.1 1.7 6.0 17.5 29.0 20.6
12.17 2.7 3.0 1.6 5.8 17.1 284  20.1
03.18 2.7 3.0 1.6 5.7 16.6 275 19.6
06.18 2.7 2.9 1.6 5.6 16.1 26.7 19.0
09.18 2.7 2.8 1.6 9.5 15.8 26.2 187
12.18 2.6 2.8 1.6 5.4 15.5 25.7 183
03.19 2.5 2.6 1.5 5.1 14.5 241 17.1
06.19 2.5 2.6 1.5 5.1 141 234  16.7
09.19 2.5 2.5 1.5 5.1 13.8 23.1 163
12.19 2.4 2.5 1.5 4.9 13.6 226 16.1

Notes: TT and TO mean tourism sector in affected and unaffected regions, respectively. TT\Istanbul

stand for tourism sector in affected provinces except istanbul. T and R indicate respectively tourism

and restaurants in all regions. RO stand for restaurants in unaffected provinces, while TORO shows

the sum of TO and RO.

The data may include workers who are registered in more than one establishment.
Number of jobs combines this information with the number of workers in the
establishment. For example, if the total number of workers is 20 and half of the workers
work in 2 different establishments, the number of jobs would be 30 (10+10*2). Figure
2.10 shows the annual change in the number of jobs among regions. In 2016, the
number of jobs decreased in all regions while the fall was more limited in the
unaffected region. In the affected region that excludes Istanbul, the number of jobs
decreased by 36.5 percent in 2016g2. In this region, the recovery was quicker

compared to Istanbul (Figure 2.9 and Figure 2.10).
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Figure 2.10 Number of Jobs by Region (Thousand)

Figure 2.11 and 2.12 compare averages of real daily and monthly wages paid in the
tourism sector. In Istanbul, average wages seem to be relatively higher compared to
other regions as shown by positive wage differences. In 2016, the real daily wages in
the unaffected tourism establishments increased sharply probably reflecting the
minimum wage hike in January 2016. Average real daily wages paid by tourism
establishments in Istanbul and other affected regions decreased relative to those paid

by tourism establishments in unaffected region.
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Compared to the end of 2015, the average real daily wages in 20163 were 16 percent
and 12 percent higher in the unaffected region and istanbul, respectively; while it was
1 percent lower in other affected provinces (Figure 2.11). Relative to the
establishments in the unaffected region, the real monthly wage paid by the
establishments decreased in all affected provinces (Figure 2.12). The deterioration in
wages was higher in other affected regions than in Istanbul. This may be due either to
the decrease in the number of high-paid workers in other affected provinces or to a

kind of hoarding behavior of establishments in this region.
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Figure 2.12 Real Monthly Wages (Log-transformed)
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The total number of days worked decreased in all regions in 2016 (Figure 2.13). The
annual decrease was highest in other affected provinces (-26 percent), compared to
that in Istanbul (-20 percent) and in unaffected region (-11 percent). Given the
movements in real monthly wages and the number of days worked, the total monthly
wage payment by establishments (i.e. the wage bill) in other affected region annually
decreased by 21 percent in 2016 (Figure 2.14). The wage bill in unaffected region did
not change much in 2016 thanks to the increase in monthly wages.
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Figure 2.13 Total Days Worked (million)

19 —— Other Affected [stanbul  =-=---- Unaffect

18

17

12.12
12.13
12.14
12.15
12.16
06.17
12.17
12.18
12.19

06.13
06.14
06.15
06.16
06.18
06.19
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2.4.3. Empirical Findings

We present the regression results for the specifications and the dependent variables for
which the parallel trend assumption holds. Our estimation sample consists of
establishments, matched by CEM method, which were continuously active in 2013-
2015. Figure 2.15-2.17 show the coefficient B,;4, in equation (2) that measures the
differential impact on the outcome variable of establishments in the treated group
compared to those in the control group for each control group definition. For
robustness, we also tried the same regressions with excluding Istanbul from the
treatment group (TT2). The results of two treatment group definitions are similar. The
estimation output tables for all treatment and control group definition (in provinces
Antalya, Mugla, Edirne, Artvin, Ardahan and Kirklareli) are presented in Appendix A.

The dependent variables are the total number of days worked in the establishment,

average of daily and monthly wage in real terms and total monthly real wage payments

(wage-bill). All the dependent variables are in log-transformed form, hence eP —1
would give the percentage impact of the shock on the outcome of the treated
establishment. The results are based on equation (2) enriched by pre-crisis
establishment-level covariates. The parallel trend assumption is verified in most of the
treated and control group combination. For the cases where the test can not verify the
assumption, we compare the estimation results from equations with and without the
linear trend difference term. The estimated coefficients do not differ much between
two specifications which enables us to conclude that our results are not sensitive to the

existence of non-parallel pre-shock trend.

In addition to the political shock, there is another major policy in the estimation period.
The national minimum wage was increased by 30 percent in January 2016. This hike
was substantially higher than previous minimum wage increases, which were
announced twice a year and at levels close to the inflation rate. The increase in 2016
was nearly seven times higher than the cumulative inflation in the second half of 2015
(3.9 percent). Minimum wage is important in wage determination of all employees and

also affects firm behavior, which necessitates us to pay due attention to this policy.
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Notes: The estimated coefficients from Equation (1) are displayed. The treatment group is tourism
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Figure 2.15 Estimation Results: Days Worked
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Figure 2.16 plots the estimated coefficients that compare total days worked in tourism
establishments in affected provinces (TT) to the 4 control groups of establishments.
We use this outcome as it reflects both the change in the total number of employees
and the length of days worked by them. Estimation results imply negative and

significant coefficients for 2016-2017 period in all four comparisons.

Total number of days worked in the treated group of establishments decreased
compared to that of tourism establishments (TO) or restaurants (RO) or both (TORO)
in unaffected region. Same result appears when we compare treated tourism
establishments with all restaurants. Total number of days worked in the treated group
was around 15 percent lower than that in the control group for two years. In 2016q1
the impact was around zero while it became evident in 2016g2-2016qg4. After 5
quarters, the differential impact on the treated group of establishments was nearly -20

percent. Starting from 2017, the adverse impact diminished gradually.

Figure 2.17 plots the differential impact of the political shock on the average daily
wage paid by the establishments in the treatment group compared to those paid by
control group of establishments. The estimated differential impact for each control
group definition was slightly negative and persisted in the whole sample period.
Related to the seasonality in tourism, the estimated impact also fluctuates such that it
decreases in high-season periods (second and third quarters) and increases during
October-March.

The average daily wage paid by tourism establishments in the affected region was 1-2
percent lower than that of tourism establishments in unaffected provinces in each
quarter. The daily wage paid by treated tourism establishments was around three and
four percent lower in 2016 and 2017 respectively, compared to the average daily wage
paid by restaurants in unaffected region (RO). The magnitude of the impact seems to
be higher when treated tourism establishments are compared to restaurants in all
provinces (R). When we include the restaurants in affected regions to the control group
(TTvsR), the differential impact becomes higher. It reaches -6 percent and is more

persistent such that in 2018 it was still -4 percent.
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Figure 2.16 Regression Results: Real Daily Wages
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insignificant at 5 percent (with p-value>0.05). The vertical bars indicate the 95 % confidence interval.

Figure 2.17 Regression Results for Real Monthly Wages (Log-transformed)
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We want to note that the estimated decrease in the average daily wage paid by treated
tourism (TT) establishments may be driven by two things. It may be because they
began to offer lower wages compared to the control group or the relative number of
high-paid workers may have decreased in the TT group. What we see is the net effect.
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Figure 2.18 Regression Results for Monthly Wage Bill (Log-transformed, real)
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Tourism establishments in affected and unaffected regions do not differ much in terms
of the paid average monthly wage (Figure 2.18). However, when comparison group
includes restaurants (TTvsR or TTvsRO), the differential impact is negative and
persistent. The average monthly wage paid by treated tourism establishments remain
2% lower than restaurants even in 2017-2018. The highest impact is estimated during

1%t and 4" quarters which is probably due to the seasonality in the tourism sector.

As a last comparison, we present how total monthly wage payments of the treated
tourism establishments changed compared to the comparison groups of restaurants (R),
other tourism establishments (TO) and restaurants in untreated regions (RO) or both
tourism and restaurant establishments in unaffected regions (TORO). The impact on
monthly wage bill reflects both the changes in the monthly wage and the number of

employees. This variable may be interpreted as the labor cost.

Compared to other tourism establishments, total monthly wage paid by the treated
tourism establishments (TT) was lower by 10-15 percent in the first two years after the
shock. When compared to restaurants in unaffected regions, the monthly real wage bill

of the treated tourism establishments were around 16 percent lower in 2016 and 2017.

2.5. Conclusion

The economic sanctions announced by Russia in response to the downing of a Russian
warplane by Turkiye included restrictions on bilateral tourism activities. Russia is the
second most important country in terms of the number of foreign visitors to Turkiye,
so the sanctions had a significant impact on the Turkish tourism sector. In this chapter,

we analyze the differential impact on tourism sector establishments.

The shock affected the whole tourism sector, but it is expected to have a stronger
impact on tourism establishments located in regions preferred by Russian tourists. Our
identification strategy uses the variation in Russian tourist intensity across 81
provinces. We calculate this measure as the ratio of the total number of Russian visitors

in a province to the size of the tourism sector in that province.
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Based on this measure, we divide the provinces into two groups: (i) Affected region:
Antalya, Mugla, Istanbul, Edirne, Artvin, Kirklareli and Ardahan (ii) Unaffected
region: The rest of the 74 provinces. We form our treatment group as tourism
establishments in affected regions. For robustness, we also compare by excluding

establishments in Istanbul from the treatment sample.

We compare the establishment-level outcomes of the treated tourism sector with (i)
other tourism establishments, (ii) restaurants, (iii) restaurants in unaffected provinces,
(iv) tourism establishments and restaurants in unaffected region. To ensure the validity
of parallel pre-shock trends, we construct a matched estimation sample using
coarsened exact matching.

Our results show that the total days worked in the treated group of tourism
establishments decreased by 10-15 percent in the first year of the shock, the negative
differential impact gradually decreased after 2017 and disappeared by end-2018. If the
treated sample excludes tourism establishments in Istanbul, the negative differential
impact is stronger in the short-run, reaching 20-25 percent in 201692 (Tables A1-A8).
The evolution of the total days worked in the two treated groups (all and excluding
Istanbul establishments) relative to the control groups including restaurants (R, RO,
TORO) is similar after 2016. However, when comparing treated and untreated tourism
establishments, the total number of days recover faster when we exclude Istanbul from

treatment group.

When we compare the average real daily wage between treated and control groups, it
decreased by about 2 percent compared to other tourism establishments. Excluding
Istanbul from the treated sample does not change the results much. The deterioration
is higher and more persistent when treated tourism establishments are compared to the
restaurants. The average daily wage paid by a tourism establishment in the affected
region decreased by 3-4 percent in the low season periods (4™ and 1%t quarter). The
average real monthly wage paid by tourism establishments in affected and unaffected
regions did not differ in 2016, and in 2017-2018 it was around 1 percent lower for

tourism establishments in the affected region.
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When Istanbul is excluded from the treated sample, the difference-in-differences
coefficients become slightly positive, indicating an improvement of around 1 percent
in the average monthly wages. The deterioration in the monthly wage paid by treated
tourism establishments is more pronounced and hovers around 5 percent compared to
restaurants. The total monthly wage bill of an establishment depends on the monthly
wage level and the number of employees. In 2016, the wage bill of treated tourism
establishments was around 12 percent lower than that of other tourism establishments,
and the negative differential effect gradually decreased thereafter. Compared to the
restaurants in 2016, the wage bill of all treated tourism establishments was 17-20

percent (25 percent if Istanbul establishments are excluded) lower.

These estimates should be interpreted as the average effect in the group of treated
tourism establishments in the affected provinces. It should be noted that the differential
impact of the shock may not be homogeneous across provinces. Different districts in
a province may have different ratios of Russian tourist intensity, which would cause
the differential impact to differ among districts in the same province. We cannot test
this due to data limitations. District information for firms is available, but we do not

have the distribution of the number of Russian tourists across districts.

The treated group of tourism establishments suffered from declining output in the face
of reduced demand following the political shock. The estimation results show that the
shock affected the labor demand of the tourism establishments sharply, while the
impact on wages was more limited. The minimum wage hike may have limited the

adjustment through lower wages rather than decreasing employment.
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CHAPTER 3

THE IMPACT OF THE POLITICAL SHOCK ON TOURISM: WORKER-
LEVEL ANALYSIS

3.1. Introduction

Worker displacement has been a popular area of research since the 1990s. There is a
rich literature documenting the reemployment and earnings patterns of displaced
workers, measuring the costs of displacement, and analyzing the sources of these costs.
Moreover, in addition to earnings and employment, recent literature has analyzed other
potential effects of job displacement on outcomes such as household expenditures
(Stephens 2001), health (Schaller and Stevens, 2015), mortality (Sullivan and von
Wachter 2009), academic performance of children of displaced workers (Rege, et al.,
2011), and crime (Rege, et al., 2019). The political shock of 2015 severely affected the
tourism sector, resulting in the displacement of a large proportion of workers in 2016.
Thus, this chapter is related to the literature on job displacement as it focuses on the

impact of the shock on workers in the tourism sector.

The displacement literature agrees that displacement worsens workers’ long-term
earnings and employment trajectories. The studies find that involuntary job separations
result in persistent earnings losses ranging from 15 to 30 percent of pre-displacement
earnings. The magnitude of the estimated loss varies depending on the sample design,
the time period analyzed, and the location. Earlier work in this area (e.g., Kletzer,
1989; Topel, 1990) used survey data (such as the US Displaced Workers Survey),
while much of the more recent work (including Couch and Placzek 2010; Schmieder
et al. 2010; Davis and von Wachter 2011; Schmieder, et al. 2023) uses administrative
data inspired by the seminal study by Jacobson, LalLonde, and Sullivan (1993;
hereafter referred to as JLS). Most of the subsequent studies in the literature benefited
from JLS:
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This literature has also motivated research aimed at understanding the sources of
displaced workers' earnings losses. Employer effects and match effects (i.e., the loss
of valuable specific worker-employer matches) stand out as the main explanatory
factors. The employer effect would be strong if the workers are systematically
displaced from higher-paying firms and rehired by lower-paying firms. Fackler et al.
(2021) and Schmieder et al. (2023) proide evidence for this channel for Germany and
conclude that forgone firm wage premiums explain most of the long-run wage losses
of displaced workers in Germany. On the other hand, Lachowska et al. (2020) and
Moore et al. (2019) conclude that firm pay premiums are less important in explaining
the wage losses of displaced workers in the United States. Lachowska et al. (2020)
find that more than half of displaced workers' wage losses in Washington after the
Great Recession are due to the loss of specific worker-employer matches (the so-called
matching capital). They find that the firm-specific component plays a negligible role
in the earning loses of displaced workers in the US. Their findings support the
existence of specific human capital unique to the pre-displacement firm/sector that is
not valued by other firms or sectors (Kletzer, 1989).

In the empirical literature, the most common proximate causes of worker displacement
are plant closures and mass layoffs involving large reductions in employment (Abbott,
2008). In the literature that uses administrative data, separations during mass layoffs
are commonly used to identify the displaced workers, and job displacement is defined
as “an event when a worker with some degree of tenure leaves a stable job during a
mass layoff” (Schmieder et al., 2023). The sample of displaced workers is selected
from long-tenured workers because they are the ones who are likely to keep their jobs
in the absence of a mass layoff event, and very few of these workers are likely to have
moved voluntarily. Moreover, they have a lot to lose in terms of (job-, firm- or sector-
) specific human capital. When constructing the sample of long-tenured workers, the
first step is to decide on the tenure length. Jacobson, et al (1993) defines displaced
workers conditional on 6 years of tenure, while most other papers including Davis and
Von Wachter (2011), Moore and Scott-Clayton (2019), Schmieder et al. (2023) require
three-years of tenure. The second step in selecting the displaced worker sample is to

determine the mass layoff event when employment decreases by more than 30 percent.
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A mass layoff is assumed to occur when employment declines by at least 30 percent
(JLS, 1993). Although it is possible that some separations during mass layoffs are due
to quits or layoffs for other reasons, it is generally assumed that the vast majority of
separations are involuntary for economic reasons. A recent paper by Birinci et al
(2023) argues against such identification of involuntary separations without using the
exact reason for separation. They use Canadian job separation records and find that
only 25 percent of mass layoff separations were due to displacement. However,
associating mass layoffs with large increases in the unemployment rate is the most
reasonable method in the absence of detailed data on the reasons for quits. In our case,
the political conflict in late 2015, which specifically affected the tourism sector,
provides us with a natural experiment to analyze the impact of job displacement on
workers in the tourism sector. Unlike the other papers in the literature, we do not need

to search for a reference period of mass layoffs.

Tourism is a labor intensive sector and involves the employment of a significant
number of workers. In Turkey, tourism-related activities account for nearly 9 percent
of employment in the service sector (Aldan, et al., 2016), which means that the 2015
political shock affected a large part of the labor force. The purpose of this chapter is
to analyze the labor side effects of the shock. First, we compare the labor market
outcomes (namely wages and days worked) of the long-tenured workers in the tourism
sector with those of workers in the control group. Second, we try to understand how
the earnings trajectory of a long-tenured worker in the tourism sector changed after the
political shock. We compare employees within the tourism sector and try to understand
the role of becoming unemployed or changing firm/sector in the earnings patterns in

the post-crisis period.

There is no specific class of tourism in the system of classification of economic
activities, which makes it impossible to track employment in tourism directly from
labor force statistics. Tourism is dispersed within different industries. As defined by
UNWTO, “tourism entails people’s travelling and staying at places outside their usual
environment for leisure or business purposes”. The definition of UNWTO places

accommodation at the heart of tourism activities.
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Throughout the chapter, we proxy the employees and establishments in the tourism
sector with workers and establishments in the accommodation sector with two-digit
industry code “55” according to the NACE-Rev-2 classification. Hereafter tourism

sector refers to accommodation sector.

This chapter begins with a detailed outlook of the tourism labor market, based on
macro-level indicators made publicly available by the Social Security Institution (SSI).
The third section presents some descriptive statistics on the main characteristics of
workers (including long-tenured workers) in the tourism sector, based on a worker-
employer matched dataset covering the period 2012-2021. Then, the fourth section
presents the empirical framework and the estimation results of the labor market

outcomes of the employees.

The empirical analyses in this chapter are twofold. First, we estimate how the tourism
shock of 2015 changed the position of long-tenured workers in the affected tourism
firms relative to a control group of workers who were not directly exposed to the shock.
To do this, we use a difference-in-differences (DiD) setup. We find that long-tenured
workers in the tourism sector faced income losses relative to a control group of similar

workers in other tourism firms or restaurants.

Secondly, we aim to understand how the human capital of the sector was affected by
this political shock. For this, we narrow our sample to the long-tenured workers in the
tourism sector. Consistent with the literature on job displacement, this group of
workers is chosen to represent the human capital of the sector with their expertise and
know-how. Using fixed-effects panel data regressions, we estimate the effect of being
displaced after the crisis or changing firm, changing sector or changing city of
employment on the worker's earnings in the post-crisis period. We find that, on
average, workers who changed firm and/or changed sector earn less than other long-
tenure workers who remained with their pre-crisis employer and sector. The impact of
changing province on post-shock wages is found to be positive in some of the
specifications. But the impact is not robust such that the coefficient loses significance

in some other specifications. Section 5 concludes the Chapter.
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3.2.  Outlook of the Labor Market

In this section we use the monthly and annual employment bulletins published by the
Social Security Institute (SSI) to give a brief description of the employees in the
tourism sector. The SSI publishes the distribution of the compulsorily insured
employees by activity groups where, the activity level is available at the two-digit
European Standard Classification Nace-Rev-2 including 99 sectors. The data include
only employees covered by Article 4-1/a of Act 5510 on Social Security and General
Health Insurance. The data include the number of compulsorily insured employees in
each sector broken down by male/female, private/public and permanent/seasonal. The

annual bulletins also include the regional distribution of the employees in each sector.
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Figure 3.1 Number of Employees at Accommodation Sector (1000 people)

There is strong seasonality in the tourism sector (Figure 3.1). The number of
employees increase in high season periods (the 2" and 3" quarters). The fall in
employment in 2016 shows the impact of the shock. The peak point of employment
decreased significantly in from 383 to 313. Figure 3.2 shows the number of seasonal
and permanent workers in the sector. The degree of the shock’s impact was different
for these two groups. Annual decrease in the number of permanent and seasonal

employees in 2016 was 12.1 and 24.8 percent, respectively.
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Figure 3.2 Permanent and Seasonal Workers (1000 people)

The ratio of female workers is around 30 percent in the accommodation sector. In
2016, the decrease in employment was similar among men and women. Number of
female and male workers decreased by 12.6 and 12.3 percent, respectively. Most of
the employees in the accommodation sector work in small-scale firms. In 2015, almost
half of the formal workers were employed at firms which employed less than 50

workers (Figure 3.3).

100

75

50

25

21
0

2012 2013 2014 2015 2016 2017 2018 2019
m1-9 10-49 0O50-99 ®=100-249 =m250-499 =>500

28 28 27 21 29 29 93 o
2 0

Source: SSI

Figure 3.3 Distribution of Employees in Accommodation Sector by Firm Size (%)

44



SSI’s yearly bulletins contain information on activity and province distribution of the
formal employees aswell. Table 3.1 shows the first 20 provinces in terms of the number
of employees in the tourism sector in 2015. Unsurprisingly, most of the workers in the
sector are employed in the popular tourism destinations like Antalya, istanbul and
Mugla. The number of employees had decreased significantly in the top tourism
destinations in 2016. In Antalya 12,770 fewer workers were employed in 2016
compared to 2015. Similarly, the number of employees in Istanbul, Mugla, and Aydin
in 2016 was lower by 8141, 1782 and 1209, respectively compared to 2015.

Table 3.1 Number of Employees in the Accommodation Sector (1000 people)

2012 2013 2014 2015 2016 2017 2018 2019

Antalya 575 623 664 654 526 564 660 765
Istanbul 36.0 402 452 473 391 416 461 51.2
Mugla 10.6 11.0 126 129 111 118 131 151
Ankara 81 88 93 101 95 97 101 99
fzmr 71 79 80 87 82 89 95 105
Aydin 40 46 46 52 40 48 48 52
Bursa 46 43 46 46 47 50 55 55
Nevsehir 26 26 31 35 25 29 37 48
Balikesir 25 26 30 31 30 33 35 36
Afyjon 25 28 27 31 31 31 32 36
Konya 24 25 24 26 29 30 31 31
Kocaeli 19 22 24 26 24 25 25 26
Denizli 21 22 24 25 22 24 24 25
Adana 16 18 21 23 21 23 23 25
Canakkale 19 20 22 22 22 23 25 25
Trabzon 1.5 1.6 1.8 2.1 2.1 2.3 2.6 2.5
Mersin 1.9 18 18 20 20 21 22 22
Bolu 17 18 17 19 21 23 26 26
Gaziantep 15 20 21 19 1.7 16 17 20
Sakarya 13 16 1.7 1.7 17 16 17 23

Source: SSI
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The sanctions imposed on Turkiye after the shootdown of Russian warplane also
affected total employment in the tourism sector®. According to the monthly
employment records of the SSI, the employment in the accommodation sector annually
decreased by almost 25 percent in June 2016 (Figure 3.4). In other words, the decrease
in the number of employed workers in the sector between June 2015 and June 2016
was as high as 85 thousand people. It should be noted that this is the impact on the
formal workers. The impact would be much higher if the informal workers were
included, given the high level of informality in the sector.
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Figure 3.4 Annual Change in Employment in the Accommodation Sector (%)

3.3. Data

Given the general outlook of the sector based on macro-level statistics provided by the
SSI, we would now like to present some descriptive information on the tourism
employees based on micro-level data. We construct a matched employer-employee
dataset acquired from the Entrepreneur Information System (EIS)’.

6 Chapter 2 includes more details on the shock and the subsequent economic sanctions imposed by
Russia.
" For more details on the data source, see Chapter 2, section 2.3.1.
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The SSI data in the EIS cover all formal employees in the non-financial and private
sectors of the Turkish economy. The data provide information on workers’ identity,
nominal daily and monthly wages, the number of days worked, their occupation,
gender and age as well as the identity of the establishment and the firm of employment.
The data allow us to track workers’ quarterly earnings over a 10 year period. The
earnings data are based on firm reports which are used to calculate tax liabilities and
are therefore expected to be free of measurement error. In addition, since we have
separate information on the number of days worked and the daily wage, we can

decompose changes in monthly earnings.

It is possible to link the SSI dataset to firm balance sheets through the common firm
identifiers. This allows us to control for firm characteristics such as firms’ age, total
employment, 4-digit sector code and geographic location in our analyses. To analyze
the labor market impact of the shock on the tourism sector, we construct a worker-
level dataset that covers all workers who have worked in the tourism sector during the
period 2012-2020. To do this, we first identify tourism firms that operate in the
“Accommodation” sector. Then for each year, we identify the workers registered in
these tourism firms using the SSI employment data of the corresponding year. In this
way, we find all the workers who have worked (even for one day) in a tourism firm
for each year in our sample period. We append each year's data and obtain a dataset
that includes all workers who have worked (even for one day) in a tourism firm in the
period 2012-2020.

The SSI data is not one-to-one, i.e. there exist workers who are registered in multiple
firms for the same quarter. In each year’s employee data, such observations account
for around 10 percent of total observations. To assign one unique firm to one worker
for each quarter we apply the following procedure: First, we assign the worker to the
firm where s/he works longer. But if there exists a tie (i.e a worker is registered as
working for equal number of days in more than one firm in the same quarter), we first
drop ties with less than 15 days worked. For example, we drop if a worker is registered
for 13 days in 2 different firms for the same quarter. This helps us to get rid of 60

percent of tie-cases.
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For ties with more than 14 working days, we assign the worker with the firm where
s/he worked in the previous quarter or the subsequent quarter or randomly if neither of
these two holds. After this cleaning procedure, we get one-to-one employer-employee
matched data for tourism sector covering 2012-2020 period.

Our dataset on tourism sector includes 26,669,665 observations for 1,780,090 workers
and 862,859 firms. The majority of the workers are employed in the “hotels and similar
accommodation services” (subsector 5510). Seasonal working is common in the
sector. Number of workers increase in peak seasons namely, the second and third
quarters. On average, the number of workers in the first and last quarters is around
680,000 while it rises to 800,000 in the second and third quarters.

In 2012-2015 period, the number of workers at each quarter was higher than the
previous year (Table 3.2). For instance, number of workers at 201592 had increased
10.3 percent compared to 2014g2. But in 2016 we see a year-over-year drop in the
number of workers at all quarters. The annual decrease in the number of employees in
the 201692 and 201693 were 7.7 and 6.6 percent, respectively. In total sample, the
number of unique workers in 2016 decreased (by 45,411) to 1,072,347 from its 2015
value of 1,117,958. These figures show the negative impact of the political shock on

the formal employment in the tourism sector.

Table 3.2 Number of Workers across Quarters (Thousand people)

2012 2013 2014 2015 2016 2017 2018 2019 2020

Q1 523 579 632 709 708 723 799 690 749

Q2 656 715 775 855 789 867 913 835 754

Q3 652 711 771 844 788 897 908 844 844

Q4 547 593 650 713 679 766 736 690 767

Source: EIS
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Table 3.3 shows the quarterly course of (1) total number of workers, (2) the number of
days worked based on SSI premium payment days (3) mean age of workers in 2015
when the shock occurred (4) average share of woman (5) the median of log-
transformed nominal daily wage for all workers in the dataset. The number of days
worked follows a stable course throughout the sample except 2020, where the
employment duration shortened due to the short-term working allowance implemented
during the pandemic. In the pre-crisis period of 2012-2015, the average length of days
worked was 25.8 days while it hovered around 25.5 days in 2016 (Table 3.3).
Therefore, the shortening in days worked in the post-shock period was not significant,

around 0.5 days at maximum.

Table 3.3 Descriptive Statistics for All Workers in the Tourism Sector

Number of Days Agein Woman  Log. nom.
Workers Worked 2015 share daily wage
2012q1 522,664 25.9 35.7 0.22 3.40
20122 656,188 26.0 34.8 0.23 3.41
2012q3 652,078 25.9 34.7 0.23 3.48
20124 546,722 25.8 35.2 0.22 3.47
2013q1 579,343 25.6 35.0 0.22 3.52
20132 715,056 25.7 34.2 0.23 3.56
2013g3 710,519 25.9 34.1 0.23 3.60
2013g4 593,165 25.7 34.5 0.22 3.56
20141 632,007 25.7 34.3 0.23 3.62
201492 775,110 25.7 335 0.24 3.68
20143 770,689 25.8 33.4 0.24 3.71
20144 650,164 25.8 33.7 0.23 3.67
2015q1 708,540 25.6 34.0 0.23 3.74
20152 855,283 25.7 33.0 0.24 3.80
201503 844,021 26.1 32.8 0.24 3.90
20154 713,395 25.7 33.4 0.23 3.79
20161 707,725 25.6 33.4 0.22 4.01
20162 789,366 25.5 33.3 0.23 4.01
20163 788,004 25.4 33.1 0.24 4.10
20164 678,583 25.7 33.2 0.22 4.04
2017q1 722,536 25.7 33.2 0.22 4.09
2017g2 866,802 25.7 32.9 0.24 4.18
2017q3 897,056 25.4 32.8 0.24 4.21
2017g4 766,116 25.9 32.9 0.23 4.11
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Table 3.3 Descriptive Statistics for All Workers in the Tourism Sector
(continued)

2018g1 799,393 255 32.8 0.23 4.25
201892 912,995 255 32.7 0.25 4.33
201893 907,659 25.7 32.6 0.25 4.29
2018q4 736,271 25.9 32.5 0.24 4.29
201991 690,390 25.7 31.7 0.26 4.48
201992 834,703 26.0 31.5 0.27 4.56
201993 844,171 26.1 314 0.27 4.53
201994 689,745 26.1 31.4 0.26 4.52

Notes: The values are based on non-missing number of observations in our matched employer-
employee data for 2012-2020 period. Column (1) is the sum of employees in the tourism firms.
Column (2) is the mean SSI contribution day, Column (3) is the mean age in 2015 when the shock hit
the sector. Column (4) shows the mean share of women employees and Column (5) is the median log-
transformed nominal daily wage.

The majority of the workers are young such that the mean age does not exceed 35. But
in the pre-crisis period, a pattern emerges such that the mean age decreases in 2" and
3" quarters compared to the 1% quarter. This may be due to seasonal workers entering
the labor market in high season summer periods being younger. They may be lowering
the mean age (Table 3.3) in second and third quarters. In Turkiye, labor force
participation and employment rates of women are quite low. In the period 2013-2015,
overall employment rate of women were around 30 percent. A similar pattern is
observed in our sample of tourism sector such that the average share of woman ranges
between 0.22 and 0.27 throughout the sample period.

Table 3.4 The Regional Distribution of Workers in Tourism Firms (%)

Istanbul Antalya Ankara Mugla Izmir Bursa Aydin
Firm-level data  34.6 16.7 10.7 4.6 4.2 2.5 2.1
Est.-level data  25.7 21.7 6.9 6.6 53 24 2.4

The location of the tourism firms is important for our analysis because the shock was
sectoral and regional in nature. The political shock affected the number of Russian
tourists, so it is likely that tourism firms operating in regions preferred by Russian

tourists are more affected than other tourism firms.
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To identify the province of activity, the EIS data provide two options. The first
includes location detail at the firm level while the other is at the establishment level.
The firm-level data provides the province where the headquarters is located. That’s
why it is biased towards big cities (Table 3.4). On the contrary, the workplace data
differentiates between different branches of same firm and provides the province in
which each establishment operates separately. For example, let’s assume there exists
a firm X that has headquarter in Istanbul but also has establishments X1 in Bursa and
X2 in Izmit. When we use the province information from firm-level data, we would
associate all workers working in X, (X1 and X2) to Istanbul which would be
misleading. Therefore, we take the province information from establishment-level data
which enables us to associate X1 workers to Bursa and X2 workers to {zmit. Table 3.4
shows the first 7 provinces where workers in our sample are registered. The first row
shows the shares calculated from firm-level data. Based on this data, 34.6 percent of
observations are in Istanbul while shares of Antalya and Ankara are 16.7 and 10.7
percent, respectively. When we calculate the shares from establishment-level data, the
first seven cities are same but the distribution changes. The shares of big cities like
Istanbul and Ankara decrease -as expected- while those in Antalya, Izmir, Mugla and

Aydin increase.
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Source: Ministry of Culture and Tourism.

Figure 3.5 Regional Distribution of Russian Visitors (Million people)
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The establishment-level data suggest that a high proportion (21.7 percent) of the total
workers in our sample works in Antalya, the city most visited by Russian tourists
(Figure 3.5). Among Russian visitors, there is a persistent demand for the Antalya
region such that more than 70 percent of the total visitors from Russia arrive in
Antalya. This high share of employees located in Antalya, according to the
establishment-level data, is an advantage for our analysis as it makes our sample
suitable for tracking the impact of the political shock that specifically affected Russian

tourists.

3.3.1. Long Tenured Workers

We are interested in the differential adverse impact of the shock on human capital in
the tourism sector. This requires an analysis among long-tenured workers, defined as
workers having a stable job at the time of the crisis. In this subsection we will represent
some descriptive statistics for the long-tenured workers. We classify workers with at
least 9 quarters of job tenure in same establishment (LT) in 2013-2015 (i.e. the
previous 3 years including the year of the shock) period as long-tenured workers (LT
in short)®. In the literature, it is common to condition long-tenured length as three years
or even six years as in JLS 1993. However, seasonality is high in the tourism sector,
and therefore for defining an employee as long-tenured worker we require active
employment in the last three years but we allow for one quarter to be missing each
year. We condition tenure length to be between 9 and 12 quarters for long-tenured

workers in the tourism sector.

It is important to understand how the characteristics of long-tenured (LT) workers
compare to the rest of the sample. The mean age of all workers is more volatile and
decreases in the second and third quarters which may be related to the young seasonal
workers that enter the labor market during high seasons. The long-tenured workers are
older and earn more than the whole sample averages (Figure 3.6). Long-tenured

workers earn more than the sample average in both pre- and post-crisis periods.

8 We tried different tenure lengths for defining LT group. We put the condition of working for at least
3 quarters in 2015 to ensure active employment when the shock appeared in end-2015.
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Figure 3.6 Nominal Daily Wage: Long-tenured Workers vs. All Workers

The LT workers earned 32 percent higher than all workers in 2015 (Table 3.5). An
important reason behind this positive relation between wages and tenure could be
related to the argument that workers acquire specific skills through on-the-job training
and these skills rise with tenure leading earnings to rise as well (Kletzer, 1989). The
demographic information in our data is limited to gender and age, which makes it
difficult to decompose this wage premium as the data lack important information on

workers’ wage determination such as their education level, or marital status.

Table 3.5 Nominal Daily Wages of Long-tenured Workers

Level Annual Number of Workers
(log, nom. daily wages) change (%) (Thousand)
LT@ All(®) @-b) LT Al LT All

2013  3.83 3.56 027 013 0.12 67.5 949.5

2014  3.97 3.67 030 014 011 69.6 1027.7
2015 4.12 3.81 031 015 0.14 70.1 1118.0
2016  4.22 4.04 0.18 0.10 0.23 62.2 1072.4
2017 4.35 4.15 020 013 011 57.7 1158.5
2018 4.49 4.29 020 014 0.14 55.9 1195.2
2019 4.72 4.52 020 023 0.23 49.6 1100.0

Notes: Long-tenured workers have worked for at least 9 quarters at the same establishment in the
period 2013-2015. The first column shows the log-transformed yearly average daily wage levels
among this group of workers. The second column named as “All” shows the same variable calculated
from the whole sample including workers with shorter tenure lengths.
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In 2016, the difference between the wages of LT workers and those of others shrank
to 18 percent and stabilized around 20 percent over the 2016-2020 period. This
narrowing of the wage gap is mainly due to the 23 percent increase in the median wage
of the entire sample. In particular, we observe an upward shift in the median wage of
all workers in 2016, which is likely related to the 30 percent increase in the minimum
wage in January 2016 (Table 3.5). The minimum wage policy has a significant impact
on the Turkish labor market due to the high share of workers earning close to the
minimum wage. According to the 2017 LFS survey, 42.8 percent of wage and salary
workers earn at or below the minimum wage in Turkiye (CBRT, 2021). This ratio is
72 percent in the accommodation and food beverage services. The median wage of all
workers in our sample increased by 23 percent in 2016 while the increases of long-
tenured workers seem to lag behind. This is because a larger share of workers in our
sample earn around minimum wage and the official 30 percent increase in the
minimum wage pushed up the median of the entire sample. On the contrary, long-
tenured workers who earned more than others may not have received a wage increase
as high as 30 percent in 2016. This may have led to a reduction in the wage gap
between long-tenured workers and others in the post-crisis period. In the literature, the
minimum wage increases are found to compress the wage distribution. What we

observe in the data is also consistent with this argument.

Our main group of interest is the LT sample of workers who have at least nine quarters
of job tenure in their same job in 2015, when the shock happened. There are 70,103
LT workers (with 2,352,300 observations) in our sample of tourism establishments.
20,049 of them are women. The mean woman ratio for LT workers is 0.29 in 2015,
slightly higher than the whole sample average of 0.23 (Table 3.6). LT workers are
older such that in 2015 the average age of LT group (37.1) is higher than the whole
sample average of 33.3. 59 percent of LT workers are in the age range 35-54 in 2015.
42 percent of SF3 workers have age 35-44 while this ratio is only 24.1 among all
workers. The ratios of workers at age 65+ are 0.1 percent among SF3 groups similar
to the 0.2 percent share in all sample. After the crisis, we observe that the mean age of
the long-tenured workers group increased gradually from an average of 37.1 in 2015
to 40.1 in 2019.
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This increase in average age may be due to the fact that most of the LT workers, that
became non-employed (either because of being unemployed, getting retired, moving
abroad or due to shifting to informal jobs or to public or financial sectors) after the
crisis, had age lower than the group’s average. Drop of these young workers from the
sample may have increased the mean age. This observation is consistent with the
findings of Farber (2017) who concludes that job loss rates are strongly negatively

correlated with workers’ ages.

The mean number of days worked is 28.8 for LT workers in 2012-2019 period which
is higher than the sample average of 25.2. This is not surprising since the long-tenured
workers are more experienced workers who work for at least 3 years and hence they
are more likely to work full-time. Length of days worked shorten in 2020, which is

related to the policy measures during the pandemic.

Table 3.6 Long-tenured Workers in the Tourism Sector

Age Nom.

Number of  Days Woman Real Daily

Workers ~ Worked Age 2(')?5 Share Wage \?vzgg
03.12 56,758 284 347 377 0.3 2.9 3.6
06.12 61,554 29.1 345 375 0.3 3.0 3.7
09.12 62,787 29.2 344 374 0.3 3.0 3.8
12.12 60,517 284 345 375 0.3 3.0 3.8
03.13 64,042 286 354 374 0.3 3.0 3.8
06.13 67,998 289 352 372 0.3 3.1 3.9
09.13 69,645 294 351 371 0.3 3.1 3.9
12.13 68,275 28.7 351 371 0.3 3.1 3.9
03.14 69,477 29.1 361 371 0.3 3.0 3.9
06.14 69,886 295 361 371 0.3 3.1 4.0
09.14 69,734 295 361 371 0.3 3.2 4.0
12.14 69,230 289 361 371 0.3 3.1 4.1
03.15 70,103 29.1 371 371 0.3 3.1 4.0
06.15 70,103 295 371 371 0.3 3.2 4.1
09.15 70,103 295 371 371 0.3 3.3 4.3
12.15 70,103 282 371 371 0.3 3.2 4.2
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Table 3.6 Long-tenured Workers in the Tourism Sector (continued)

03.16 65,808 283 38.0 370 0.3 3.2 4.2
06.16 64,266 28.7 38.0 370 0.3 3.2 4.2
09.16 61,583 289 38.0 370 0.3 3.3 4.3
12.16 57,080 280 380 37.0 0.3 3.2 4.2
03.17 57,148 282 39.0 37.0 0.3 3.1 4.2
06.17 59,334 289 389 37.0 0.3 3.3 4.4
09.17 59,182 290 389 36.9 0.3 3.3 4.5
12.17 55,053 283 389 36.9 0.3 3.2 4.4
03.18 56,278 283 398 36.9 0.3 3.2 4.4
06.18 57,395 289 398 36.8 0.3 3.3 4.6
09.18 56,846 289 398 36.8 0.3 3.2 4.5
12.18 53,188 284  39.7 36.7 0.3 3.2 4.5
03.19 49,910 285 402 36.2 0.3 3.2 4.6
06.19 50,785 290 401 36.1 0.3 3.4 4.8
09.19 50,441 29.0 40.0 36.0 0.3 3.3 4.8
12.19 47,361 284 399 359 0.3 3.3 4.8

Notes: Long-tenured workers have worked for at least 9 quarters at the same establishment in the
period 2013-2015. The columns show the followings: (1) Total number of employees (2)
Average number of days worked (3) Age (4) Age in 2015 when the shock happened. (5) Mean
woman ratio among workers (6) and (7) median log-transformed real and nominal daily wages.

In 2020, several measures were taken to limit human mobility and to prevent the spread
of COVID-19. These measures harmed the service sector especially transportation,
accommodation and restaurants. To balance the adverse effects on employment,
Tirkiye implemented short-term working allowance in 2020. But unfortunately, this

policy was not applied in 2016.

Ministry of Labor and Social Security defines the short-term working allowance as
“an application that provides income support to employees working in workplaces
where the weekly working time is reduced temporarily by at least 1/3 due to a general
financial, sector-based or regional crisis or compelling reasons or whose activities
are partly or completely ceased for at least four weeks”. The shortening of working

day in 2020 implies that workers in the tourism sector benefited from this policy.
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Figure 3.7 Nominal Daily Wages of Long-tenured Workers in Tourism Sector
(Log-transformed, median)

LT workers earn higher than whole sample averages both before and after 2015. But,
we observe that the rate of increase in nominal wages slows down after the shock,
compared to the pre-crisis period. In the period 2016-2019, LT group’s wages hover
below the levels implied by pre-2016 trend. Nominal wages could catch up the pre-
crisis trend only in 2019, 4 years after the shock (Figure 3.7). This observation is
consistent with the findings in the literature. The findings agree that displaced workers
suffer large and persistent earnings losses apparent up to many years after their initial

separations, ranging from 4 years (Moore et al., 2019) to six years (JLS 1993).

According to our data, there are 1,173,158 unique workers active in the tourism sector
in the period 2013-2015. Out of these, only 8.6 percent of them are long-tenured such
that there exist 70,103 unique LT workers (with 2,352,300 observations for 2012-
2021). Hence, the majority of the workers are either seasonal, or change job frequently.
Out of the 70,103 SF3 workers, 67,490; 61,081 and 51,930 of them are active in the
labor market in 2016, 2017-2018 and 2019-2021, respectively®. The tables 3.7-3.8
compare the number of observations for LT workers for different time periods in terms

of active employment durations.

° The increase in 2019-2021 could be related to the retired SF3 workers. In the data, we cannot
differentiate the reason of leaving the market.
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Table 3.7 Number of Observations in 2017-2018 (Thousand)

Quarters of Active employment in 2017-2018
0 1 2 3 4 5 6 7 8
0 154 22 18 26 33 31 38 4.7 7.4

167 29 29 36 46 53 65 7.6 151

2016
[EEN

2 223 36 42 54 89 112 149 192 25.5
3 191 43 75 83 146 211 327 388 58.2
4 171 162 209 322 466 676 816 1350 1505.7

Notes: The numbers in the first column ranging from 0 to 4 indicate the number of quarters in which a
worker is active in 2016 while the numbers [0-8] in the first row are the employment duration in 2017-
2018. For example, 3579 of the observations worked for 2 quarters in 2016 and 1 quarter in 2017-18.

1,505,667 (64.1 percent) of the total LT worker observations (2,352,300) have worked
full-time (i.e 12 quarters) in 2016-2018. Out of 44,419 observations who were fully
inactive in 2016 (with empl6=0), only 17% (7,377) had full employment
(emp1718=8) in the period 2017-2018, while this ratio is 28.9% (12842/44419) for
2019-2020 period (Table 3.7). On the other hand, 34.8 percent (15473) of observations
with zero employment in 2016 (44419) were associated with non-employment in
2017-2018 as well. And out of 90,720 observations with zero employment in 2017-
2018, 77.9 percent (70,683) of them were also non-employed in 2019-2020.

One trend stands out from these tables. If a worker loses job in 2016, the first year of
the crisis, s/he is more likely to be non-employed in 2017-onwards. On the contrary,
keeping the job in 2016 increases the probability of being employed in the following
years. For example, among the 1,922,891 observations with full-employment
(empl16=4) in 2016, 78.3 percent (1,505,667) and 66.2 percent (1,272,038) are also
fully employed in 2017-2018 (empl1718=8) and in 2019-2020 (emp1920=8),
respectively (Table 3.8). Hence if a worker manages keeping her job in the first year
of the crisis, s/he is more likely to be employed thereafter. On the contrary, if a worker
was fully non-employed in 2016, it is less likely that s/he returned to full employment
in the following years.
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Table 3.8. Number of Observations in 2019-2020 (Thousand)

Quarters of Active employment in 2019-2020
0 1 2 3 4 5 6 7 8

0 179 1.4 1.5 1.5 2.3 2.1 2.1 2.6 12.8

203 2.0 2.8 23 44 33 34 4.8 21.9

2016
-

2 294 28 30 45 7.2 7.3 7.3 8.2 45.5

3 364 40 5.3 70 124 119 16.7 20.0 91.0

4 1772 312 340 46.0 0918 728 818 116.0 12720

Notes: The numbers in the first column ranging from O to 4 indicate the number of quarters in which a
worker is active in 2016 while the numbers [0-8] in the first row are the employment duration in 2019-
2020. For example, 4047 of the observations worked for 3 quarters in 2016 and 1 quarter in 2019-20.

The duration of nonemployment is proved to be important in explaining the wage loses
of displaced workers. Fallick, et al. (2021) argue that the duration of time spent in
nonemployment prior to finding a new job is strongly related to the magnitude and
persistence of earnings losses such that the losses increase with the nonemployment
duration. To explain the positive relation between earning loses and the non-
employment Fallick, et al. (2021) propose that non-employment leads to the
depreciation of human capital, constitutes a bad signal to potential employers and leads
workers to move down the job ladder. Moreover, they argue that the differences in
nonemployment duration may reflect some unobserved heterogeneity across workers
that is correlated with earnings, such as degree of labor market attachment or other

gconomic circumstances.

These factors also explain what we observe in the data: the longer the nonemployment
duration is, the lower the chance of being re-employed in the following quarters. For
instance, the number of workers with full employment in the period 2017-2018
(emp1718=8) decrease with the length of nonemployment in 2016 (Table 3.7) such
that 57.2 percent of those who spent 4 quarters in nonemployment in 2016 remain non-
employed for at least half of 2017-2018 (emp_1718<4).
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Figure 3.8 Age and Nominal Daily Wage by Nonemployment Duration in 2016

Figure 3.8 plots the age of workers in 2015 and their nonemployment duration in 2016.
The negative slope hints that the younger a LT worker is, the more likely s/he is to
become non-employed in 2016 such that the mean age of workers with 4 quarters of
nonemployment in 2016 is lower than that of workers with full employment in 2016.
Also consistent with the literature, there seems to be a negative relation between wages
and nonemployment duration. 2017-2018 average wages of workers who are non-

employed for 3 quarters in 2016 is 18 percent less than those who were fully employed
in 2016.
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Supporting the arguments of Fallick et al. (2021), workers in our sample who stay in
nonemployment seem to have lower wages. Figure 3.9 shows the differences between
average nominal wage of each group (in 2017-2018) with different non-employment
duration (for each uel718 ranging from 1 to 7) and that of workers who were
continuously employed in 2017-2018 (ue1718=0). On average, a worker who was non-
employed for 4 quarters in 2017-2018 earn 20 percent less than a worker who was
employed for 8 quarters, this difference is 16 percent if the nonemployment duration
is 3 quarters (Figure 3.9).
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uel718: Quarters of non-employment in 2017-18

Figure 3.9 Nonemployment Duration and Relative Nominal Wages in 2017-2018

More than half of the LT workers are registered at workplaces in Antalya and Istanbul
(Figure 3.10). Since Antalya is the city mostly visited by Russian tourists, our sample
of long-tenured workers seem to be a good candidate to analyze the impact of the 2015
shock. In our DiD regressions, we use the province information for identification.
Similar to the previous chapter, we use the Russian tourist intensity of each province
in 2015 measured by the number of Russian tourists to the size of the tourism sector.
This way we classify workers in tourism firms located in provinces Artvin, Kirklareli,

Antalya, Mugla, Istanbul, Edirne and Ardahan as our treated group.
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Figure 3.10 Regional Distribution of Long-tenured Workers (% Share)

Istanbul is an important tourist attraction center of Turkiye. In 2015, the number of
foreign visitors in Istanbul was 12.4 million while it was 10.8 million for Antalya. The
tourism dynamics in these two provinces may differ because the tourism in Istanbul is
not restricted to summer activities as it is in Antalya and therefore seasonality might
be lower in Istanbul. Also, istanbul is a crowded province and continues to get
immigration from other regions of Tirkiye which may lead the turnover rate of
workers to be higher. To address such issues, we compare full-tenure workers (who
worked for 12 quarters in 2013-2015) in Istanbul and other treated regions.

We divide affected region into two, Istanbul and others (Artvin, Kirklareli, Antalya,
Mugla, Edirne and Ardahan). Figure 3.11 presents a comparison of nominal daily
wages (of long-tenured workers in the tourism sector who worked for 12 quarters in
2013-2015) by province of employment. LT workers in affected regions earn higher
than the rest of the country as implied by positive wage differences. However, starting
from 2016, we observe a worsening in wages of LT workers in affected region relative
to those in unaffected region. The decrease in the differential wages in Istanbul is
smaller than other affected region. In 2015, LT workers in Istanbul earned 7 percent

higher than in other affected region. This difference increased to 11 percent in 2016.

62



0.2

0.1
0
o (92] < < Lo Lo O © N~ N~ [ee] oo} (o)} (o2}
™ (o2} ™ (o) ™ (o2} (90} (o) ™ (o2} ™ (o2} ™ (o2}
o o o o o o o o o o o o o o

— Affected (excl. Ist) vs Unaffected Region
----- Istanbul vs Unaffected Region
Istanbul vs Other Affected Region

Notes: “Other Affected region” is composed of Artvin, Kirklareli, Antalya, Mugla, Edirne and
Ardahan. Unaffected region are the provinces except “other affected region” and Istanbul. X vs Y
means log-transformed daily wage of Y subtracted from that of X..

Figure 3.11 Comparison of Nominal Daily Wages Among Provinces
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Figure 3.12 Days Worked Among Affected and Unaffected Provinces
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When we compare the days worked among three regions, we see that seasonality is
higher in other affected regions. This group includes Antalya and Mugla where the
tourism activities are mostly restricted to summer and the days worked increase in
second and third quarters in this region. On the contrary, days worked is more stable
in Istanbul and unaffected region. The days worked shortened after 2015 for
employees in the affected provinces. In other affected region, average days worked in
2016 was 1.6 days lower than 2013-2015 average. This difference was 1.2 days for
Istanbul. Combining 3.11 and 3.12, it seems that after the political shock LT workers
in other affected provinces suffered more than Istanbul in terms of worsening in wages.
This is also apparent in Figure 3.13. In 2015, monthly wage in Istanbul was 14.3
percent higher than other affected provinces. This difference increased by 5 percent in
2016. Figures 3.11-3.13 show that relative earning loss in 2016 was higher in affected
region except Istanbul. To understand whether this was related to hoarding motive, we
compare the rates of becoming non-employed among three groups. We construct an
indicator “state” variable that takes value 1 if the worker is employed and O for the

non-employed.
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Notes: “Other Affected region” is composed of Artvin, Kirklareli, Antalya, Mugla, Edirne and
Ardahan. Unaffected region are the provinces except “other affected region” and Istanbul. X vs Y
means log-transformed monthly wage of Y subtracted from that of X.

Figure 3.13 Difference in Nominal Monthly Wage between Provinces
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Figure 3.14 compares the difference of state variable over three groups. We are
comparing LT workers and thus the state variable was 1 for all three groups before
2016. If the difference (between group X and Y) is positive after 2015, it means the
share of workers with state=1 is higher (than state=0 workers) and more workers kept
their job (in group X). In both affected groups, the share of LT workers who continued
to be actively employed after the political shock is higher compared to unaffected
regions. The difference between Istanbul and other affected regions was negative
implying that share of LT workers who became non-employed after the political shock
was higher in Istanbul compared to other affected region. Together with the wage
trajectories, these provide evidence for hoarding behavior among firms in other
affected provinces. An employer in Antalya is more likely to keep its worker by
offering lower wages or shorter working hours. On the contrary, an employer in

Istanbul is more likely to decrease employment when faced with a negative shock.
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Figure 3.14 Difference in Rates of Being Employed Among Provinces

Figure 3.15 compares the frequency of firm and sector change among LT workers in
different regions. If a LT worker moved to an establishment different from its pre-
crisis (2013-2015) employer, then the changing firm dummy variable takes value 1.
Same logic applies for changing sector dummy. We see that in Istanbul workers are

more likely to change firm and sector.
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The information in Figures 3.11-3.15 show that the LT workers in Istanbul and other
affected region display different patterns. After 2015 shock, losing job, changing firm
and sector were more common among LT workers in Istanbul compared to those in
Antalya or Mugla. On the other hand, relative earnings of LT workers in other affected
provinces worsened compared to Istanbul. Firms in other affected region seem to have
followed a hoarding strategy and kept their workers by offering lower wage increases

or shortening days worked.
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Figure 3.15 Difference in Rates of Changing Firm and Sector Among Provinces

Figure 3.16 shows the monthly nominal wages in comparison with minimum wages.
In 2016 the minimum wage was increased by 30 percent. Despite this increase, we see
that wages in affected regions did not increase as much as minimum wage. On the

contrary, in unaffected region the wages followed minimum wage more closely.
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Based on the Russian tourist intensity ratio, we initially form the treated group as
workers in the tourism sector in affected regions. However, given the different patterns
between Istanbul and other affected region in terms of employment and earning

trajectories, we also repeat the DiD estimations by excluding Istanbul from the treated

group.
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Notes: “Other Affected region” is composed of Artvin, Kirklareli, Antalya, Mugla, Edirne and
Ardahan. Levels of log-transformed monthly nominal wages are displayed.

Figure 3.16 Nominal Monthly Wage Levels

3.3.2. Classifying Long-tenured Workers

We classify long-tenured (LT) workers in the tourism sector according to their post-
crisis employment status in 2016-2018 period. This would enable us to understand
how these workers responded to the crisis and how they differed in terms of staying at
pre-crisis job or changing job/sector. We would also observe how these movements
affected the post-crisis earning trajectories of these LT workers who were at similar
conditions before the crisis. We create an indicator dummy named “status” to group
LT workers. The status variable takes 8 different values: 10, 11, 12, 13, 20, 21, 22, 23.
The first digit changes with the duration of non-employment in 2016. If the non-

employed period in 2016 is zero the first digit is 1 (status=1x) and 2 otherwise.
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If a worker is assigned with a status value in range [10, 13] this indicates that this
worker worked fully for 4 quarters in 2016; while values of [20, 23] are given to
workers who had become non-employed for at least one quarter in 2016. The second
digit of the status value differs according to employment status in the period 2017-
2018. If the second digit is O (status=10 or 20) this means that worker worked less than
3 quarters in 2017-2018 and we treat her as non-employed in this period. Then we
differentiate workers who worked for at least 3 quarters in 2017-2018 based on at
which firm and sector they worked. If a worker did not change firm for more than half
of her total employment in 2017-2018, the second digit is 1. The second digit is 2, if
the worker moved to another firm in tourism sector and 3 if s/he changed sector. For
example, if a worker had worked for x quarters in 2017-2018 (such that x>3) and she
worked in her pre-crisis firm for less than x/2 quarters but worked more than x/2

quarters in the tourism sector then the assigned status value is either 12 or 22.

When, the status value ends with 3 meaning that worker worked for at least 3 quarters
in 2017-2018 but for more than half of these quarters s/he worked in non-tourism firms.
Table 3.9 documents this procedure in detail. After this classification, we see that the
majority (77.4 percent) of 70,103 LT workers worked fully in 2016 and did not lose
their job despite the end-2015 crisis. This is not surprising since our group is composed
of workers working in the same establishment in the last three years before the crisis

and firms have tendency to hoard the long-tenured workers during downturns.

Table 3.9 Grouping Long-tenured Workers

2016 2017-2018

Worked Non-employed Number

fully (4 (worked less Same Same | of Share

guarters) | than 3 quarters)  Est. sector | workers (%)
Status=10 Yes Yes - - 2454 3.5
Status=11 Yes No Yes Yes 41691 595
Status=12 Yes No No Yes 6275 9.0
Status=13 Yes No No No 3843 5.5
Status=20 No Yes - - 5516 7.9
Status=21 No No Yes Yes 2074 3.0
Status=22 No No No Yes 4218 6.0
Status=23 No No No No 4032 5.8
Total 70,103 100
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76.8 percent of the 54,263 workers who remained employed in 2016 are “stayers”
group with status=11 as they continued working at their pre-crisis establishment in
2017-2018. We see that establishment and sector shifts are not common among this
subgroup (the LT workers with emp16=4) as well. After being fully active in 2016,
11.6 percent moved to another firm (status=12) and 7.1 percent changed sector
(status=13). 3.5 percent of the LT workers lost job in 2017-2018 after having worked
for 4 quarters in 2016.

Most of the long-tenured tourism workers who changed sector after the crisis (i.e those
with status=13 and status=23) moved to service related activities. The top sectors these
workers shifted to are as follows: “56. Food and beverage service activities”, “41.
Construction of buildings”, “80. Security and investigation activities”, “81. Services
to buildings and landscape activities”, “47. Retail trade, except of motor vehicles and
motorcycles”, “49. Land transport and transport via pipelines”, “78. Employment
activities”, “82. Office administrative, office support and other business support

activities”.

On the other hand, 15,840 (22.6%) of the long-tenure workers became non-employed
for at least one quarter in 2016 and their status value is in the range [20, 23]. 34.8
percent of these 15,840 workers remained non-employed (i.e. worked less than 3
quarters) in the following two years. 13.1 percent of these workers returned to their
pre-crisis workplace (status=21); 26.6 percent became re-employed at a different
tourism firm (status=22) and 25.5 percent shifted to non-tourism firms (status=23) in
the period 2017-2018.

If a worker loses her job in 2016 (i.e. the workers who have status value 20-23), he/she
is more likely to be non-employed (status=20) or move to non-tourism firms
(status=23) in 2017-2018. As opposed to the high share of stayers (status=11) among
the workers who were fully employed in 2016, returning back to pre-crisis employer
in 2017-2018 after being non-employed in 2016 (status=21) is rare. The share of recalls
is only 13.1 percent. In other words, if a firm fired a worker in the first year of the
crisis then the tendency to reemploy that worker in the following two years is quite

small.
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Figure 3.17 shows the wage trajectories of the workers in each status groups relative
to all LT workers. Workers in status_12 group earn the highest wage both in pre- and
post-shock period. This observation is consistent with job mobility literature which
argues that job-to-job moves yield positive earnings for workers by leading them to
sort into better matches (Topel and Ward 1992).

Status_12 workers are long-tenured workers who remained employed in 2016 fully
and at least for 3 quarters in 2017-2018. Hence most of the job changes in this group
may be due to worker’s individual decisions related to individual circumstances rather
than the end-2015 shock. This may explain the smaller drop in the relative wage of
this group in the post-crisis period. They used to earn 11 percent higher than SF3
averages in 2015. In 2016, the wage difference decreased by 2 percent and returned to

pre-crisis levels in 2017.

The group whose wages worsened most was status_22 group who changed firm in the
period 2017-2018 after being non-employed in 2016. They had the second highest
wage before 2015 but their wage worsened by 6 percentage points in 2016. Moreover,
this decrease was not temporary such that this group’s wage path shifted down
permanently in 2016 and stabilized around a level below status_11 group in the post-
crisis period. Relative wages of those who kept their job in 2016 and worked in the
same sector in the post-crisis period (i.e status_11 and status_12 groups) decreased by
two percentage point in 2016. Relative position of status_12 group turned back to pre-
shock values immediately, while the decrease in stayers’ relative wages persisted. The
groups who became non-employed in 2017-2018 (status_10 and status_20) earned
below the sample averages both in pre- and post-crisis periods. Relative wage of the

sector changers (status_13 and status_23) did not change significantly.

Comparing the wage paths of workers who worked fully in 2016, the status groups
[10, 13], within each other would give idea about the impact of changing firm/sector,
staying at the pre-crisis job and becoming non-employed in the period 2017-2018. The
difference between wage of status_10 and that of other workers in status category [11,

13] increased and became more volatile in the post crisis period (Figure 3.13).
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Figure 3.17 Wage of Subgroups of Long-tenured (LT) Workers relative to All LT

The increased volatility may be due to having a smaller number of workers in category
status_10 among those that work fully in 2016. The change in relative wage of
status_11 to status_12 would proxy the impact of changing workplace. The status_11
group’s wage path is below that of status 12 group both in pre- and post-crisis period.
The wage difference in 2017-18 increased by two percentage points (pp) compared to
2013-15 averages. This may reflect the fact that the long-tenured workers who change
firm on average move to higher-paying jobs. The relative wage of status 13 to
status_11 (status_12) decreased slightly by 1 pp (2 pp) in 2017-18. These comparisons
may imply that if worker did not initially lost job in 2016, changing sector did not
worsen her wages sharply compared to peer-workers who remained at same industry.
This is contrary to the findings in the literature that earnings losses are especially large
for displaced workers who become re-employed in a different industry or sector
(Schirle, 2009). Researchers have also found that those who switch industries

following displacement have systematically larger earnings losses (Carrington 1993).
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Our findings point to a smaller role of “industry specific human capital” which may
be related to the fact that workers from tourism sector are more flexible and can adopt
more easily in other service sectors after losing a high-tenure job. Of course, these are
only observations from data which will be tested by the empirical analysis in Section
3.4. The adverse impact of changing sector is more prominent for the workers who
became non-employed (for at least one quarter) in 2016. Especially wages of sector
changers (status_23) worsened significantly compared to those who returned to their
pre-crisis employer (status_21). Group of recalls’ (status_21) wage relative to firm
changers (status_22) also improved in 2017-18 period (Figure 3.18).
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Figure 3.18 Wages by Status Group (Difference of log-transformed daily wages)
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Figure 3.19 documents the impact of losing job in 2016 by comparing subgroups
similar in terms of changing firm/sector. The status_11 and status_21 group of workers
work in their pre-crisis establishment (where they have worked regularly more than 9
quarters in 2013-2015) after the crisis. The former are the “stayers” and the latter are
“recalls”. Although still being lower than status 11 group, the wage difference
between stayers and recalls decreased after 2016 in favor of status_21 group. Status_12
(status_13) and status_22 (status_23) are long tenure workers who changed firm
(sector) in 2017-2018 but they differ in terms of their employment status in 2016. After
the crisis, wages of status 22 (status_23) group worsened significantly relative to
wages of status_12 (status_13) group (Figure 3.19). This movement implies that being
unemployed in 2016 worsens the post-crisis wage path for workers changing firm or
sector. These may imply that if a worker changes firm or sector in the post-crisis period
after being non-employed (for at least one quarter) in 2016, they earn lower wages on
average compared to their peer group who worked fully in 2016. As a caveat, we want
to note that comparisons/comments made in this subsection are rough observations
from the dataset and they will be tested empirically in the following section.
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Figure 3.19 Wages across Similar Subgroups (Difference of log daily wages)
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3.4. Empirical Framework

The empirical analysis in this chapter has two aims. First, we want to understand how
the political conflict with Russia affected the long-tenured workers in the tourism
sector compared to a control group of workers. For this purpose, we will use DiD
estimations similar to Chapter 2. Our second purpose is to understand how the crisis
affected the long-tenured workers in the tourism sector. We will analyze earning
outcomes of these workers in the post-crisis period by individual level fixed effects

regressions.

3.4.1. Differential Impact on Tourism Workers

We have a difference-in-difference (DiD) specification formulated according to
Wooldridge (2021). We estimate the differential casual impact of the shock on the

treated group of workers’ outcomes for each quarter in the period 2016-2019:

yijrt = 5i + :Bt Wi * timet + di * time + 8Xij,2013 * timet + Pt + Tyt + Eijrt (1)

Yijrt denotes the outcome of individual i working at firm j in province r at time t. As
dependent variable we have daily and monthly wages and days worked. di is a dummy
variable which is 1 for the treated group. w;, is the difference-in-differences term
taking value 1 if the individual is in the treatment group (di=1) and t € [2016,2019].
The term di*time is the linear trend difference included for controlling pre-shock trends.
di stands for worker fixed effects, 7, for time-province fixed effects and p: controls
for year-quarter time fixed effects.

Xij013 IS the time-invariant covariates for worker i which includes pre-shock
employer’s (establishment ) age and size in addition to the total monthly wage
payment of the establishment in 2013. The last one controls for the firm wage
premiums. The key parameter of interest is S, which shows the differential effect of
the political-shock on the labor outcome of the worker at time t. In this framework,
2013-2015 is the pre-shock period and 2016-2019 is the post-shock period.
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The most important thing in formulating DIiD set-up is the choice of treatment and
control group. We base our identification strategy on the variation in Russian tourist
intensity across 81-provinces of Turkiye. Russian tourist intensity (RT1) is the ratio of
the number of Russian visitors in a province to the size (total number of employees)
of tourism sector in that province in the period 2013-2015. The provinces with RTI
value greater than 10 are classified as affected regions. These provinces are Istanbul,
Antalya, Mugla, Artvin, Ardahan, Edirne and Kirklareli. Employees working in a
tourism firm located in one of these provinces constitute our treatment group.
Moreover, as a robustness check, we also define treatment group by excluding Istanbul

from the affected region given the discussions in 3.3.1.

The control group of worker choice is more complicated. Using the information that
the closest sector that resembles to tourism is “restaurants” and classification of the
province based on RTI, we construct 4 control groups as follows: LT workers
employed in (i) tourism firms in unaffected region (TO) (ii) restaurants in unaffected
region (RO) (iii) tourism firms and restaurants in unaffected region (TORO) (iv)
restaurants (R). Together with two different definitions for the treatment group, these

give us 8 different set-ups to analyze.

One critical issue in the difference-in-differences analysis is the validation of the
parallel-trend assumption. This assumption ensures that treatment and comparison
groups’ untreated potential outcomes have similar trends. We want to have a set-up
where the treated and control groups would be similar in the absence of
treatment/shock so that the post-shock deviations can be attributed to the
treatment/shock. For f in (1) to reflect the casual treatment effect, we need this
assumption to be satisfied. There is an ongoing discussion in the literature over this
assumption and the testing procedures, in particular. Traditionally, an interaction of
time-trend with the treatment indicator is included in regressions and the significance
of this variable’s coefficient is tested. If it is insignificant, this means there is no trend-
difference between treated and control group and the parallel trend assumption holds.
However, it is often difficult for researchers to be sure of the validity of this assumption

in practice and there are problems with the testing procedures (Bilinski et al, 2019).
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The test result depends on the functional form of the outcome variable and on the
sample size (Roth et al, 2023). In studies with high number of observations, the
coefficients of the trend term would eventually achieve statistical significance which
would be interpreted as violation of the parallel trend assumption; even in case of too
small violations that do not have practical importance (Bilinski and Hatfield, 2019).
The literature agrees that one should keep in mind the drawbacks of parallel trend tests

and always include a linear trend difference in DiD regressions.

We estimated equation (1) for log-transformed real daily and monthly wages and days
worked by each individual worker. The test results fail to validate the parallel trend
assumption even when some time-invariant covariates were included and different
treatment and control groups were formed. Our sample size is big enough to suspect
about Bilinski and Hartfeld (2019) argument on the power of tests for large sample
sizes. When we compare LT workers in tourism firms in affected regions (TT in short)
to all restaurants, the number of observations is 4,009,734. So the coefficients become
significant with such large sample size. We constructed a matched sample of
individuals to increase the pre-shock parallel trends. We use coarsened exact matching

(CEM) method to construct the matched estimation sample.

CEM is a method developed by lacus et al. (2011) that minimizes imbalances in some
user-determined observables between treated and control groups. We employed k-to-
k CEM to match an individual in the treatment group with one in the control group
whose gender, 2013 values of age, nominal daily wage in addition to the size and age
of employing firm are similar to the treated individual. This sampling method led
parallel trend tests to hold when the dependent variable is log-transformed days
worked. But it still failed with some control group definitions when the dependent
variable is log-transformed daily/monthly real wages. This violation is interpreted to
be unimportant for the regression outcomes if the estimated coefficients for regressions
with and without linear trend term are close (Bilinski and Hartfeld, 2019). Addition of
the linear-trend term in the equations do not change the estimated coefficients
significantly, the matching helped to overcome the failure of parallel-trend

assumption.
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We are interested in f; coefficients in equation (1) which shows the differential impact
of the political shock on the treated group of long-tenured workers. In all the
regressions we have linear trend difference and pre-shock time-constant covariates.
Our main treatment group is workers in tourism firms located in affected region (TT
hereafter). We estimate four different equations with different control groups (Table
2.3). As a robustness, we also tried long-tenured workers in the tourism firms in
“affected provinces other than Istanbul” as a second treatment group (TT2). The results
are similar for each control group. Thus, we report the results for TT2 treatment group

in the Appendix B and continue with the results for all treated tourism workers.

Figure 3.20 shows the estimated B coefficients for 2016q1-2019g4 period when the
dependent variable is log-transformed real daily wage. The shock led to a worsening
in the real daily wages of the treated group of long-tenure workers relative to those of
all four control groups (TO, R, RO, TORO). The relative worsening was strongest in
2016 and decreased gradually but persisted up to the first half of 2018.

The differential adverse impact on wages was higher when the control group included
food and beverage serving sectors compared to the case when the control group is
long-tenure workers in tourism establishments in unaffected provinces. For instance,
the wages of the treated group workers are 8 percent lower than the wages of workers
in all restaurants in second quarter of 2016. The wages of long-tenure workers in
tourism firms in affected provinces was lower by 4 percent than those of workers in

other tourism firms (in unaffected region) in 2016q2.

When the comparison group is the long-tenure workers in tourism establishments and
food and beverage serving establishments in the unaffected provinces (namely, TORO
control group), the negative differential impact on the daily wages of the long-tenured
workers in affected tourism establishments (TT) increase to 12 percent. Moreover, this
negative impact persisted longer for this comparison group. The wages of the long-
tenured workers in the treatment group (in affected provinces) were 6.7 percent lower
than those of the long-tenured workers in the tourism establishments and in restaurants

located in unaffected provinces (TORO).
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Figure 3.20 Real Daily Wage of LT Workers in Affected Tourism Firms
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Compared to workers in all restaurants or restaurants in unaffected region, the results
are similar. Compared to LT workers in restaurants (R and RO), daily wage of treated
group of workers decreased by 8 percent initially. In 20172, the negative impact
decreased to levels around -3 percent. The differential adverse impact (nearly 4 percent
at most) was more limited relative to the LT workers in other tourism firms located in
unaffected (TO) region. The worsening in real daily wage of the long-tenure workers
in the treated tourism (TT) group was stronger relative to that of the long-tenure
workers in restaurants (RO) and restaurants and tourism firms (TORO) in unaffected
region. Initially the daily wage decreased by 12 percent and the impact was more

persistent.

We observe a small (2 percent at most) and short-lived worsening in the days worked
(Figure 3.21) of the treated group of workers. The detrimental impact on the treated
(TT) group’s length of days worked disappeared by 2017, compared to all of the
control groups. We observe the differential impact becomes more negative in 1% and

4™ quarters because of the seasonality in tourism sector.

The movement in monthly wages reflect the changes in daily wages and the length of
days worked. Since the impact on working length is small and short-lived, the
dynamics of daily and monthly real wages resemble. The shock has a detrimental
negative impact on real monthly earnings of the LT workers in affected tourism firms.
The adverse impact was stronger in the first year after the shock and then decreased
gradually (Figure 3.22). Compared to workers in other tourism firms, monthly wage
of the treatment group decreased by 6 percent initially and became -2.6 percent in
201792. By the first half of 2018, the negative differential effect had faded away.

The political shock in late-2015 and the subsequent economic sanctions that aimed to
restrict Russian citizens coming to Turkiye affected the tourism sector, especially in
the regions where Russian tourist intensity ratio is higher. The impact on daily and
monthly wages was higher than the effect on the days worked for the treated group of
long-tenured workers. The LT workers in tourism establishments in the affected region

monthly earned around 10 percent lower than those in the control group.
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Figure 3.21 Days Worked by LT Workers in Affected Tourism Firms
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Figure 3.22 Real Monthly Wage of LT Workers in Affected Tourism Firms
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We take the long-tenured workers in tourism firms located in affected provinces
(Antalya, Istanbul, Mugla, Edirne, Kirklareli, Artvin and Ardahan) as our treatment
group. In addition to the workers in tourism firms in other unaffected regions (TO),
workers in “food and beverage service sector/Restaurants” (R, RO) are also used as

control group given the results of the cluster analysis in Chapter 2.

We constructed the estimation sample using CEM method. Parallel trend assumptions
could not be verified with standard tests even in the matched sample. Given the
recommendations in the literature (Blinski et al, 2019), we compare the estimation
results from the equation with and without the trend term. The estimation results are
quite close in these two specifications which suggests that existence of non-parallel
pre-shock trends does not have practical importance. In this set-up, we find that long-
tenured workers in the affected tourism firms suffered persistent earning loses

compared to comparison group of workers.

3.4.2. Displaced Long-tenured Workers

In the previous section we estimated the differential impact of the shock on long-
tenured workers in the tourism firms located in affected region. Now in this part, we
make within comparisons of the long-tenured workers in the tourism sector in terms
of their earning trajectories. We are interested in how the post-2015 average earning
of a displaced LT worker who became non-employed, changed firm or sector or
location changes compared to other workers who did not. For this purpose, we estimate
the following equation as a base model:

Yirt =i +0p+ pr+BX;r + YD + € 2)

Here, yirt denotes the log-transformed outcome of individual i at region r in time t,
while a, p and € capture individual, time and region fixed effects, respectively. Dit
represents a vector of dummy variables (and their interactions) showing employment
status of the worker i in time t. Through the constructed dummy variables, we try to
understand the average impact of being non-employed, changing firm, changing sector

or changing province on the worker’s wages.
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Xitincludes age and age-squared of the individual worker. In addition, we can also
control for pre-crisis characteristics of individuals (e.g earnings) or of employers (e.g.
firm-size) in X by interacting it with time. We use separate dummy variables showing
the employment status in the post crisis period. Demp,i takes value one if a worker
became non-employed in 2016 and zero if s/he worked fully for four quarters. Dfirm,t,
Dsector,it , Dregion,it take value 1 if the employer or sector or province of a worker at time

t is different from the pre-shock employer or sector or province, respectively.

The potential endogeneity of these dummy variables may constitute a problem. This
would be the case when the reason a worker is non-employed in 2016 (or changed
firm/sector/city after 2015) is related to the impact of the shock interacted with
worker’s unobserved characteristics. This would endanger their use as explanatory
variables. To overcome this issue, in our regressions we are controlling individual and
time fixed effects. Also, we include interactions between time dummies and worker's
average earnings in 2015 as well as employer size in 2015 to take account of

unobserved individual characteristics which may affect earnings.

Controlling for pre-displacement average earnings is frequently employed in the
related literature and aims to capture differential trends in earnings of different groups
of workers (Davis and von Wachter, 2011, Lachowska et al., 2020 and Birinci, et al.,
2023). This way, we aim to eliminate the potential endogeneity of the constructed
dummy variables due to unobserved worker characteristics that may affect earnings.

Our sample is long-tenured workers in the tourism sector and the estimation sample is
2016-2019. In the base model of individual-based regressions, we regress log-
transformed real daily wages on age, age-squared and dummy variables related to the
employment status of the worker together with year-quarter time fixed effects. The
estimated coefficients of changing firm and changing sector dummy variables are
negative and significant both in the whole sample and in the restricted sample of
workers in affected and unaffected regions. The coefficient of the pre-shock earnings
variable was negative and significant. Inclusion of the average earning did not change

the estimation results.
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Table 3.10 Base Regressions for Log-transformed Real Daily Wages

All Affected Region  Unaffected Region
(1) ) ©) (4) () (6)

Age 0.04%  0.052*  0.046* 0.062% 0.027%  0.034%
Age-square -0.001* 0.000*  -0.001* -0.001*  0.000% 0.000%
Changed province  0.020%  0.0262 0.028 0.0422 0.012 0.019
Changed firm -0.017% -0.016% -0.027*% -0.027¢  -0.010°  -0.012
Changed sector -0.114% -0.122*  -0.155* -0.160* -0.044*  -0.047%
nggg;ev\‘jg;'; - -0.0362 - -0.041° - -0.028°
Fixed-effects Individual, region and year-quarter time
Sample 2016-2019
Constant 2.596%  3.091*  2.509*  3.651? 2.7932 2.3472
Observations 889,999 889,840 573,678 573,570 315,501 315,450
R-squared 0.896 0.889 0.901 0.895 0.877 0.868

Notes: Estimated coefficients from equation (2). Affected region is composed of Antalya, Mugla,
Istanbul, Edirne, Kirklareli, Ardahan and Artvin. 2,  indicates significance at 1 and 5 percent level.

On average, workers who change pre-shock employer earns 1.7 percent lower, while
this rises to 2.7 percent if the worker is in an affected province. Workers who moved
to a non-tourism firm earn 10.8 (e’%14-1) percent lower. If the worker changed sector
in an affected province, her earnings are on average 14.2 (e%*°-1) percent lower.
When we control for the pre-crisis earnings (column 6 of Table 3.10), changing firm
or province does not have a significant effect on wages, but changing sector is
associated with 4.6 percent lower wages. Workers who change province earn nearly 2
percent higher, but the coefficient is insignificant in the restricted subsamples of

affected and unaffected regions.

Table 3.11 presents the results for days worked and monthly real wage variables. For
the workers who changed firm, the days worked shorten by 3 percent on average, while
it decreases by 6-7 percent among sector changers. Both daily wages and days worked
decreases for workers who changed firm or sector. As a result, the monthly earnings
for the workers changing firm (sector) is 4.7 (16.5) percent lower which increases to
5.7 (20.5) percent in affected regions. Monthly earnings of workers who change sector

seem to decrease more than firm changers.
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Table 3.11 Regressions for Real Monthly Wages and Days Worked

(Log) Real Monthly Wage Days Worked
All Af_f. Una}ff. All Af_f. Una}ff.
Region  Region Region  Region
Age 0.094* 0.104%* 0.061* 0.054* 0.058% 0.034%
Age-square -0.001* -0.001* -0.001* -0.000* -0.000* -0.000?
Change region -0.010  0.012 -0.033  -0.029* -0.016  -0.045°
Change firm -0.048* -0.059* -0.043% -0.031* -0.032* -0.033%
Change sector -0.181* -0.230* -0.098* -0.067* -0.075* -0.054%
Fixed-effects Individual, region and year-quarter time
Sample 2016-2019
Constant 5.286% 5.038*  6.132*  1.681° 1.520 2.330°
Observations 889,999 573,678 315,501 889,999 573,678 315,501
R-squared  0.732 0.747 0.687 0.732 0.732 0.733

The duration of unemployment after being displaced is found to be important in
earning loses (Fallick et al. 2021). We add an interaction of the dummy variable to the
base model, which takes value 1 if the worker became non-employed in 2016. The

results are displayed in Table 3.12. Earning of a worker who changed firm or sector

.3, Pindicate significance at 1 and 5 percent level.

and became non-employed in 2016 is lower by 3.6 and 4.7 percent, respectively.

Table 3.12 Regressions with Interactions: Log-transformed Real Daily Wages

With Interaction Base
Age 0.0412 0.042
Age-square -0.0012 -0.0012
Changed province 0.018° 0.020°2
Changed firm -0.0122 -0.0172
Changed sector -0.0972 -0.1142
Non-employed in 2016

_& changed 0.003 i
province

& changed firm -0.0372 -

& changed sector -0.048? -
Constant 3.556% 2.596%
Sample 2016-2019 2016-2019
Number of Observations 889,999 889,999
Adj. R-squared 0.901 0.896

a bindicate significance at 1 and 5 percent level.
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We differentiate the LT workers based on their employment status in 2016-2018 and
formed a status variable, as detailed in Section 3.3.1. We want to test the observations
in the data empirically. We estimate a regression where we include these status
variable, gender and age-group of the worker as explanatory variable.

Table 3.13 Regressions with Status Indicator Variable

2015 Average Wage 0.795%

Employment status
(base: Employed in the pre-crisis firm for whole 2016-2018 period)

(i) Employed in 2016

Non-employed after 2016 (Group 10) -0.126°
Same firm after 2016 (Group 11) base
Same sector after 2016 (Group 12) 0.0242
Non-tourism sector after 2016 (Group 13) -0.072
(i) Non-employed in 2016
Non-employed after 2016 (Group 20) -0.1042
Same firm after 2016 (Group 21) 0.008
Same sector after 2016 (Group 22) -0.009
Non-tourism sector after 2016 (Group 23) -0.1062

. 2, Pindicate significance at 1 and 5 percent level.

We include sector-province (4-digit sector code times the-province) fixed-effects. The
estimation results for the period 2017-2018 are reported in Table 3.13. We take the
stayers group (status_11=1), who were fully employed in 2016 and worked in her pre-
shock employer in 2017-2018 period, as base group. Therefore, the estimated
coefficients show the impact relative to the base category of workers.

We find that workers who became non-employed and changed sector after working
fully in 2016 earn around 12 and 7 percent less than the stayer group of workers,
respectively. The workers who did not become non-employed in 2016 but changed
firm in 2017-2018 earn 2 percent higher than the stayer group. Among the group of
workers who became non-employed in 2016, we see around 10 percent worsening in

wages for sector changers and for those working less than 3 quarters in 2017-2018.
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3.5. Conclusion

This chapter aims to understand the impact of the political shock on the long-tenured
(LT) workers in the tourism sector, defined as those who have worked for more than
nine quarters in the same establishment during the period 2013-2015. In the descriptive
part we provide a comprehensive overview of the labor market in the tourism sector.

Then, we empirically test the observations from the data.

First, we compare the labor market outcomes of the employees in the affected tourism
firms with a control group of workers. We base our identification strategy on the
variation in Russian tourist intensity across provinces and identify treated and control
regions. We compare workers in the tourism sector in the affected provinces with
workers in the tourism and/or restaurant sector in the unaffected region in terms of
daily and monthly wages and days worked. Due to the invalidity of the parallel trend
assumption in the full sample, we use the CEM method and conduct the estimations in
the matched sample of individuals. The difference-in-differences analysis shows that
the daily wages and days worked of workers in the treated group decreased after the
political shock and, as a result, the differential impact on monthly wages was also
negative. The estimated effects are average effects in a region and does not account
for the heterogeneity across districts of a province. Moreover, we are only evaluating
the impact on formal LT workers while our analysis does not cover formal but seasonal

and irregular workers or informal workers.

Second, we wanted to know the determinants of individual wages in the post-shock
period. We ran individual fixed effects regressions for the period 2016-2019. After
controlling for time fixed effects, we estimated that LT workers who changed firms or
sectors earned less, on average, than LT workers who stayed with their pre-shock
employer or sector, while the impact of changing province on wages is less clear. It is
found to have a positive impact on wages, although the associated coefficient loses

significance in some specifications.
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CHAPTER 4

THE PROPAGATION OF THE SHOCK THROUGH TRADE LINKAGES

4.1. Introduction

The idea of the role of microeconomic shocks in explaining aggregate fluctuations was
not popular until the 2000s. Based on the arguments of Lucas (1977), it was believed
that microeconomic shocks would eventually average out and thus could have only
minor effects on the aggregate economy (Acemoglu, et al., 2012). However, the global
financial crisis of 2008 brought to the surface the complexity of the modern economic
structure, which consists of strong linkages between firms and sectors. After the global
financial crisis, several firms from different industries were affected. This experience
led researchers and policy makers to pay more attention on the role of microeconomic

shocks on business cycles and the role of firm linkages on the transmission of shocks.

The production of a particular good or service involves different firms from different
industries, so a shock in one part of the supply chain can affect the entire production
process through these trade links. The adjustment of production linkages takes time
and incurs costs for firms (Huneeus, 2018). Therefore, a shock to a firm's supplier or
its customer will also affect that firm (unless it can immediately establish new
production links with new suppliers or customers), even if it was not directly affected
by the shock.

If a supplying firm receives a shock, this may affect the firms that buy inputs from the
shock-hit firm. This is the downstream (from supplier to customer) transmission
mechanism. Similarly, a shock to a firm's customer will affect the demand for that
firm's output, and it will therefore have to adjust its production plans. This is called the
upstream propagation (from the customer to the supplier) of the shock. Through these

channels the shock spill overs to not-directly hit sectors.

88



Building on Long and Plosser (1983), many studies have attempted to provide a
theoretical framework to show how microeconomic shocks can be amplified and
transmitted into aggregate fluctuations due to the interconnections between different
firms and sectors. (Acemoglu et al., 2012 and Bagaee, 2019). Despite the accumulation
of various studies formulating the issue in general equilibrium model frameworks, the
empirical literature has lagged behind. As Carvalho et al. (2021) point out, this is due
to the difficulty of identifying “plausible exogenous micro shocks” and tracing their
propagation throughout the economy. However, as examples of such microeconomic
shocks have accumulated and as data sets involving firm-to-firm transactions (even at
the global level) have become available, the number of studies providing empirical
evidence on the importance of input-output linkages in the propagation of shocks has

begun to increase.

The main identification strategy for firm-level idiosyncratic shocks is to use natural
disasters (Barrot and Sauvagnat, 2016; Boehm et al., 2019 and Carvalho et al., 2021)
because natural disasters are exogenous large negative shocks that affect a small
number of firms. Barrot and Sauvagnat (2016) use major natural disasters in the United
States since 1978 to instrument for firm-level idiosyncratic shocks. Carvalho et al.
(2021) and Boehm et al. (2019) study the supply chain effects of the 2011 Japanese
earthquake and how it was transmitted through trade linkages. This chapter contributes
to this strand of the production network literature by analyzing the propagation of a
sector-specific shock (to tourism) to other sectors through input-output linkages

between firms.

The political conflict with Russia, which began with the downing of a Russian
warplane by Turkiye in 2015, led Russia to impose economic sanctions on Turkiye.
These sanctions included restrictions on Russian tourists coming to Tirkiye. Since
Russia was the second country in terms of the total number of foreign visitors coming
to Turkiye in 2015, these measures had a significant impact on the Turkish tourism
sector. In the previous two chapters, the impact on firms and employees in the sector
was presented. This chapter aims to understand how this shock was transmitted to non-

tourism sectors through firm linkages.
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We use firm-to-firm transaction data combined with firms' balance sheets and income
statements to estimate the transmission of the shock to firms in non-tourism sectors
that were customers or suppliers of tourism firms in the pre-shock period. We proxy a
non-tourism firm's exposure to the shock by the cost share of purchases from tourism
firms (downstream exposure ratio) and the share of sales to tourism firms in its total
sales (upstream exposure ratio) in 2015. We find significant evidence of both

downstream and upstream propagation of the shock.

Our results show that sales growth of firms that were suppliers to the tourism sector
before the crisis (positive upstream exposure ratio) declined by 8 percent in 2015,
compared to firms that had no sales to the tourism sector. Similarly, firms which were
customers of the tourism sector experienced a 7 percent decrease in their sales
compared to firms which did not purchase goods/services from the tourism sector.
Section 2 reviews the related literature to which this paper contributes. Section 3
presents the empirical framework and the estimation results. Section 4 concludes.

4.2. Literature Review

Modern production structure requires simultaneous involvement of various firms and
sectors. Due to this structure of the production process, a disruption in the routine flow
of goods and services at one part of the supply chain would inevitably affect other
related firms. This is the case especially when forming new production links is costly
(Huneeus, 2018) or immediate substitution of the disrupted input (due to specificity of
the input) is not possible. Therefore, both policy makers and economists pay growing
attention to the subject of transmission of microeconomic shocks through input-output

linkages into aggregate fluctuations.

Especially the global financial crisis of 2008 revealed the importance of
interdependencies among firms and sectors such that this issue became subject of many
policy institutions (World Economic Forum, 2012; European Commission 2013). The
literature first evolved on the studies that aim to theoretically show the role of firm-to-

firm linkages as a shock propagation mechanism using multi-sector models.
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Multisector model of Long and Plosser (1983) provided the basic insights and became
example for the subsequent studies including Acemoglu et al. (2012), Acemoglu et al.
(2017) or Bagaee and Farhi (2019). However, studies such as Barrot and Sauvagnat
(2016), Carvalho et al. (2021), Dhyne et al. (2021) that provide supporting empirical
evidence to these theoretical findings increased later. As mentioned by Carvalho et al
(2021) this is because of the difficulties in conducting empirical studies which identify

exogenous microeconomic shocks and track down their transmission economy.

To overcome identification challenges, natural disasters with their unexpected and
regional nature are used heavily in the empirical strand of the literature on production
networks. Barrot and Sauvagnat (2016) use the natural disasters in the U.S. and find
that a shock to suppliers lead to output loses in their customers. When supplier of a
firm is hit by a natural disaster, such firms experience an average 2-3 percent drop in
their sales and around 1 percent decrease in equity values. Moreover, they conclude
that if the disaster-hit supplier produces a specific input then the negative impact on
its customer is larger. Boehm et al. (2019) examine the 2011 earthquake in Japan on
U.S. affiliates of Japanese multinationals which used to rely heavily on imported inputs
from Japan. They find that their output did also fall significantly in the months

following the earthquake.

Carvalho et al (2021) also use the Japanese earthquake and show that the disaster’s
adverse impact propagated both upstream and downstream. Their specification is
closest to ours in the sense that they construct some upstream and downstream
indicator variables for firms and analyze the impact of both of these measures on firm’s
sale one-year after the earthquake. They show that the growth rate of firms which were
not located in the directly hit disaster area but had “disaster-hit suppliers”
(downstream propagation) and/or “disaster-hit customers” (upstream propagation)
declined by 3.8 percent and 3.1 percent, respectively, following the earthquake.
Although different from natural disasters as its direct impact was not concentrated in
a small set of directly affected regions or sectors, the COVID-19 pandemic also
contributed to the enrichment of the literature by renewing the interest in the role of

supply chain linkages on the economic impact of shocks.
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Lafrogne-Joussier et al. (2023) investigate the impact of lockdowns in China on French
firms through their imports from China. They find that relative to French firms who
did not import from China, firms that were exposed to the Chinese lockdown
experienced a 5.5 percent fall in domestic sales and a 5 percent decrease in their

exports between February-June 2020.

The shock we are considering is a sector-specific shock rather than being a case of
natural disaster. We contribute to the production network literature by analyzing how
a political shock, whose direct impact was concentrated on the tourism sector,
propagated to non-tourism firms through firm-level trade linkages. Together with the
previous two chapters (on tourism firms and workers), this analysis will complete the
channels through which the shock’s impact is observed in the economy. Our findings
will provide a comprehensive assessment of the economic consequences of the
political shock and of the following Russian sanctions that restricted tourism activities
in Tarkiye in late 2015.

4.3. Data and Empirical Framework

4.3.1 Data

Our aim is to understand the effect of the political shock on non-tourism firms through
their purchases from and/or their sales to tourism firms. We use an administrative
micro data of firm-to-firm transactions. This data is based on the invoices reported to
the Ministry of Treasury and Finance. Each firm reports the full list of its buyers,
suppliers and the value of each transaction above a threshold (5,000 TL). This
information is compiled for value added tax (VAT) purposes. We combine this data
with balance sheets and income statements of all Turkish firms through the common
firm identifiers. The final merged data includes firm identifier, all balance sheet
variables (such as sales, profits, bank loans), 4-digit industry code, number of
employees, foundation date and location of a firm. Using an exposure variable to
proxy the indirect effects of a shock is frequently employed in the literature. Carvalho
etal. (2021) construct a distance measure based on firms’ locations to capture the firm-

level exposures to the earthquake.
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Boehm et al. (2019) measure a firm’s exposure to the earthquake in Japan by the cost
share of Japanese imported inputs prior to the earthquake. Given the high cost share is
concentrated among Japanese firms, they use Japanese ownership as an alternative
identification strategy. Akgiindiiz and Fendoglu (2019) use the ratio of imported inputs
to total cost of sales to show the higher import intensity is associated with higher
vulnerability to exchange rate shocks. Lafrogne-Joussier et al. (2023) use the share of

imports from China to determine French firms’ exposure to lockdown in China.

Similar to the identification strategies in these studies, we construct a firm-level
exposure variable using firm-to-firm transactions data in 2015. The exposure variables
are calculated for each firm in non-tourism sector and are based on the pre-crisis (i.e.
year 2015) value of their transactions with tourism firms. For a selling firm in non-
tourism sector, the share of total sales to tourism sector (in its total sales in 2015) is
used as a proxy for that firm’s upstream exposure to the political shock (upi). On the
other hand, the pre-crisis share of purchases from tourism firms in total purchases of a

buying firm shows the downstream exposure (down;):

upit = Total sales of firm i to tourism firms in t / Total sales of firmiin t (@)

downit= Total purchases of firm i from tourism in t / Total purchases of firmiint (2)

The monthly firm-to-firm transactions data of 2015 includes 43,967,089 observations
for 852,214 buying firm and 2,628,295 selling firms. Number of transactions to which
a tourism firm is involved as buyer or seller is 830,672. A tourism firm is recorded as
a seller for 333,547 observations while for 514,570 observations a tourism firm is the
buyer. The downio1s IS positive for 65,044 observations (2.4% of 2,752,412 total
observations) and upi o1s is positive for 62,560 observations (1.3% of 4,978,587). At
a first glance these numbers imply that tourism sector is not a hub sector with many
firm/sector linkages. The sector having the highest ratios of upi and down; in 2015 was
96-“Other personal service activities” that included washing, dry-cleaning,
hairdressing, physical well-being activities. In terms of sales to tourism sector (upi),
36-“Water collection, treatment and supply” and 79-“Travel agency, tour operator

reservation service and related activities” were also important (Figure 4.1).
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Figure 4.1 Upstream Exposure in 2015 by Sector

On the other hand, the prominent sectors that get service from tourism sector (down;)
were, 79-“Travel agency, tour operator reservation service and related activities” and
93-“Sports activities and amusement and recreation activities” (Figure 4.2). The tour
operator service sector (79) seems to dominate the downstream propagation. The

downstream exposure ratio of other sectors is much smaller than this sector’s average

value (0.5).

0.5
0.4
0.3
0.2

0.1

Downstream Exposure Ratio

0.0 II.IIII---_________
79 96 94 9391 8299 74 9 90 70 59 68 37 88 69 85 64 39 56

2-digit Sector Codes for the Buyers
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Figure 4.2 Downstream Exposure in 2015 by Sector
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Table 4.1 presents the summary statistics for the exposure ratios calculated for the
period 2013-2015. The mean values of the calculated ratios are similar across years.
The mean of upstream exposure ratio is higher than that of downstream exposure ratio
in all years. Based on firm-to-firm transactions data in 2014, the mean of the upstream
and downstream exposure ratios is 0.013 and 0.007. There are 39543 (28517) firms

where upstream (downstream) exposure ratio is positive.

Table 4.1 Summary Statistics for Upstream and Downstream Exposure Ratios

Upstream exposure ratio Downstream exposure ratio

Mean Std. Dev. Observations Mean Std. Dev. Observations

2013 0.012 0.083 36031 0.007  0.065 24967
2014 0.013 0.084 39543 0.007  0.066 28517
2015 0.012 0.083 41994 0.008  0.068 32731

Notes: The ratios are calculated as given in Equations (1) and (2). Number of observations with
positive upstream and downstream exposure ratios are displayed in columns (3) and (6), respectively.

4.3.2 Empirical Framework

We use firm-level administrative data to empirically examine whether having trade
relations with tourism firms, who were affected by the political shock in 2015, had an
effect on firms’ performance in post-2015 period. First, we analyze the immediate
response of firms in 2016. Particularly we analyze how having trade relations with
tourism sector in the pre-shock period (i.e positive values of upi and down; ratios)
affected sales growth and employment growth of non-tourism firms in 2016, one-year
after the shock.

We keep the post-crisis period as short as one-year because firms may not be able to
shift to new suppliers or customers in the short run and the propagation, if exists, is
expected to be stronger just after the shock. As time passes, firms will find new
suppliers (instead of shock-hit firms from which they were buying inputs) and new
customers (replacing shock-hit customer firms to which they were selling goods)

which would weaken the propagation.
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Our aim is to understand the role of input-output linkages in propagating the shock
from tourism sector to the rest of the sectors. If the constructed upi (down;) exposure
ratio as defined in (1) and (2) is positive, the dummy variable up (down) takes value
one. The P coefficients measure how being exposed to the shock via having tourism
firms as customers and/or suppliers in the pre-shock period affected a non-tourism
firm’s growth of sales, growth of employment and change in profit indicators in 2016

compared to firms with no trade with tourism firms. We estimate equation (3):

Ayirs = ﬁup *Uup + ﬁdown * down + Y * Xi,2014 + Prs + Eirs (3)

Ayirs is the annual change in the outcome variable of firm i in sector s and province r
in 2016. We used growth rate of sales (domestic sales, total sales and net sales) and
employment as firms’ outcome variable in our base models. We also tried profit-to-
sales, profit-to-assets and profit-to-equity ratios for different profit measures
(operating profit and net profit) in the balance sheet. We also include an interaction
term between province and 4-digit sector to control for the possibility of sectors from
different regions having different trends in performance.

Xi,2014 is a vector of firm-level indicators to control for the pre-crisis heterogeneity
between firms. It includes firm size (different definitions as total assets, total number
of employees or total equity), firm age, total bank loans, net debt-to-assets as of 2014.
Moreover, we include the number of trading partners as it may be important for a
firm’s post-crisis performance. A firm with many sellers or buyers may be able to
substitute more easily to protect itself from the adverse impact from its shock-hit
supplier or customer. Hence, we control this potential impact by adding this variable

in some of the regression specifications.

Table 4.2 shows the estimated values of upstream and downstream propagation
coefficients under different specifications for explaining the annual change in total
sales. The dependent variable is the difference between (log-transformed) sales in 2016
and 2015. The coefficients of upstream (B“?) and downstream exposure (B%"" ratios

are negative and significant in each specification (1)-(5).
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In Column (1), we find that growth rate of sales of suppliers of tourism firms are 12.8
percentage point lower compared to those who had zero sales to tourism sector. The
growth of customers of tourism firms are 11.8 percentage point lower than other firms
who purchased no service from tourism sector. This specification did not include any
firm controls. In the columns (2)-(5) we add firm-level pre-crisis indicators one-by-
one to understand their individual explanatory power. Using total assets, total equity
or total employment as firm size measure gives similar results. Thus, we stick with
total number of employees (i.e. logarithm of 1+number of employees) in a firm as firm

size measure.

We included bank loans and net det-to-assets ratio to control for the impact of debtness
but it is found to be insignificant. Variables of buyer and seller number are significant
but close to zero. In the last column we include the control variables which were found
to be significant individually. Column (5) includes firm age, firm size and number of
trading partners (suppliers and customers) as firm-level controls and upstream and
downstream exposure variables are negative and significant. According to (5), the
sales growth of supplier (customer) of tourism firms is lower by 8.0 (7.2) percentage
points. The results are similar for domestic sales and net sales, hence we only report

estimates for total sales.

Table 4.2 Coefficient Estimates for Sales Growth

(1) (2) (3) (4) ()
Upstream exp. -0.1282 -0.0602 -0.188* -0.068* -0.080%
Downstream exp.  -0.118? -0.0562 -0.213* -0.061* -0.072%
Number of Firm Firm
Control Variables - Trading . All
Size age
Partners
Fixed Effect 4-digit industry-Province
Constant 0.1592 0.0742 -0.013  0.715* 0.435°
Observations 367,616 303,603 367,616 364,849 311,781
R-squared 0.039 0.041 0.044 0.075 0.086
Adj. R-sq 0.003 0.001 0.008 0.039 0.047

b p<0.05, 2p<0.01
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We include interaction terms of upstream and downstream exposure variables with the
firm-level pre-shock indicators. The estimated coefficients (of up and down) are still
significant and negative when we interact upstream exposure variable with number of
customer firms (number of buyers) and downstream exposure variable with number of
supplier firms (number of sellers). This is also valid for other specifications with

interactions of firm size and firm age.

Table 4.3 Coefficient Estimates for Employment Growth

1) ) 3) (4) (©)
Upstream exp. -0.0362 -0.013% -0.0262 -0.014% -0.022%
Downstream exp.  -0.0272 -0.004 -0.006 -0.006  -0.011%
Constant 0.0162 -0.015% 0.1162 0.177% -0.0672

. Firm Size .
Control Variables - # Trading (Total Firm All
Partners - age
equity)

Fixed Effect 4-digit industry-Province
Observations 440,808 312,460 440,808 436,771 436,771
R-squared 0.040 0.048 0.041 0.066 0.070
Adj. R-sq 0.007 0.009 0.008 0.034 0.038

b p<0.05044, 2 p<0.01044

Table 4.3 represents the estimation results for employment growth. When we include
all the firm control variables (firm size, firm age, number of trade partners) as
displayed in Column (5) of Table 4.3, we find that supplier of a tourism firm’s
employment growth is 2.2 percentage lower than other firms who had zero sales to
tourism sector. Employment growth of firms who buys service from tourism sector is

1.1 percent lower than those who bought no service from tourism sector.

As a third outcome variable, we used the change in profit ratios of the exposed firms.
Table 4.4 shows the estimation results for change in profit-to-sales and profit-to-equity
variables between 2015 and 2016. We find no significant effect on operating and net
profit to sales ratios while there seems to be a negative impact on the net and operating

profit-to-equity ratios.
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Firms selling goods to tourism sector (positive upstream exposure ratio) in the pre-
crisis period experienced a 4-5 percentage point decrease in profit-to-equity ratios
compared to other comparable firms who had zero sales to tourism. On the other hand,
for firms buying goods/services from tourism sector (positive downstream exposure

ratio) the negative impact on profit-to-equity ratio is 5-6 percentage point

Table 4.4 Coefficient Estimates for Profit VVariables

Operating Operating Net Net

Profit/Sales Profit/Equity Profit/Sales Profit/Equity
Upstream 0.008 -0.042° 0.003 -0.053°

Exposure

Downstream exp. 0.026 -0.065% 0.021 -0.072%
Constant -0.0332 -0.3402 -0.0712 -0.3482
Control Variables Firm size (Total employment), Firm Age
Fixed Effect 4-digit industry-Province
Observations 225,374 262,054 218,850 264,053
R-squared 0.050 0.052 0.053 0.050
Adj. R-sq 0.000 0.008 0.003 0.005

b p<0.05044, 2 p<0.01044

Our second empirical strategy is to use a difference-in-difference set up similar to
Carvalho et al. (2021) to understand the role of being exposed to the political shock on

levels of firm sales in the non-tourism sector.

Wirst = a; + age + @y + Zt(ﬁdown * dOW”i,2014 * yeart) + Zt(ﬂup *UDi 2014 * yeart) + Eirst (4)

lyirst is the log-transformed sales of firm i in sector s, province r at time t. o; is firm-
level fixed effect while ast and oyt stand for year-sector and year-province level fixed
effects to control for the possibility of different industries and regions having different
trends in performance. We use 2014 values of firm size, firm age, net debt-to-assets
ratio, total financial debt variables to control the impact of firm characteristic on the

examined outcome. We calculate the exposure ratios based on 2014 sales data.
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The main coefficients of interests are 9" and B, which respectively measure the
differential growth rates in sales of firms with positive downstream and upstream
exposure to the shock (via their trade with tourism firms) relative to firms in the control
group having zero trade with tourism. Our estimation sample is 2015-2016.

The shock occurred in end-November which is an off-season period for tourism in
Turkiye. Moreover, most of the sanctions were in effect after January 1, 2016.
Therefore, we do not expect to observe any impact on firm outcomes in 2015. That’s
why we compare firm outcomes between 2015 and 2016. This is different from
Carvalho et al. (2021) where they compare one-year before and one-year after the
earthquake based on exposures observed in 2010. They use such a strategy since the
earthquake happened in the middle of the year and the impact are also observed in
2011 preventing them to use 2011 as pre-shock period. But in our case, 2015 is the
year which we can take as pre-crisis comparison year since the shock happened in
November 30, 2015. For robustness we also do the same regression by excluding 2015
and compare 2014 and 2016 sales.

0.02 + %

-0.03
-0.08
-0.13
up down
® 2015 2016

Notes: Down and up represent the estimated values of B%*" and U in equation (4). The dependent
variable is the log-transformed sales. Estimation sample is the period 2015-2016. The bars show the
95 percent confidence interval for each coefficient. The marker with no filling color shows
insignificance of the coefficient at 5 percent.

Figure 4.3 Upstream and Downstream Impact on Sales
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Figure 4.3 reports the estimated coefficients for B9 and BU° for sales. Results for net
sales and domestic sales are similar, hence we did not report them. Having estimated
values around zero and/or insignificant in 2015 supports our identification strategy
such that trading with tourism firms were not important for partners’ sales before the
political shock. However, in 2016 we find that both upstream and downstream
exposure coefficients are negative and significant. The dependent variable is in log-
transformed form and we can interpret the coefficients as percentage changes. The
actual formulation for growth would be (eP-1) which is very close to B itself. Firms
having positive upstream exposure ratios (up=1) face with an average drop of 8.7
percent in their sales in 2016. The negative impact of being customer of a tourism firm

(positive downstream exposure ratios and down=1) on the firm’s sales is 6.2 percent.

4.4. Conclusion

The previous two chapters analyzed the impact of the political shock on the firms and
employees in the tourism sector. This chapter aims to understand the impact on non-
tourism sector. These three chapters would put forth the overall impact of the political
shock in late-2015 on Turkish economy. There is a growing literature on the
amplification and propagation of micro-level shocks. The empirical strand of the
literature relies heavily on natural disasters such as earthquakes (Carvalho et al., 2021),
floods, wildfires or hurricanes (Barrot and Sauvagnat, 2016) for identification. In
addition, the global pandemic and the associated lockdowns were also used to identify

the source of the shock (Lafrogne-Joussier et al., 2023).

The main findings provide evidence for upstream and downstream spillovers of the
micro-level shocks. The empirical results agree that firms, that were supplier and/or
customer of a disaster-hit firm (before the disaster) and who were not directly exposed
to the disaster, also face with drops in their sales after the disaster. Sales and exports
are the most common firm outcome variables in these studies. Another finding in the
literature is that the adverse impact of a shock to the supplier of intermediate inputs is
stronger especially when the provided input is not easily substitutable and the supplier
is producing a specific input (Barrot and Sauvagnat, 2016).
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In our empirical framework we treat the political shock in 2015 as a sector-specific
shock. Russia and Turkiye used to be allies and had strong bilateral trade relations
before this event. A conflict with such an important trading partner and the resulting
economic sanctions on tourism sector were not expected. Moreover, the direct impact
of the sanctions was concentrated on the tourism sector. These two factors (the shock
being unanticipated and having a destructive effect on a small number of firms)
provide an environment for analyzing the transmission of sector-specific shocks
throughout the economy. We find that growth rate of sales of suppliers (customers) of
tourism firms is 8.0 percent (7.2 percent) lower than that of other firms that have no
trade relations with tourism firms. Using the sales of the firms with positive upstream
and downstream exposure ratios in 2015, we make a rough calculation about the
numeric value of the spillover effect. We find that the shock’s spillover impact resulted
in 76.4 billion TL drop in sales which is equivalent to 0.5 points drop in GDP. This is
consistent with the calculations of CBRT (2016) which finds indirect impact of the
shock on GDP as -0.4 point. Therefore, policies to support the connected sectors is as
important as supporting directly-hit sectors.
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CHAPTER 5

CONCLUSIONS

5.1. Main Findings

The research question of this dissertation is based on a political shock that affected
Turkish economy significantly. We are interested in the economic consequences of
subsequent sanctions that Russia imposed on Trkiye over the downing of a Russian
warplane in late 2015. Russia has been an important trading partner for Turkiye due to
its high share in Turkiye's exports and tourism revenues. The potential economic
consequences of this political shock have been discussed at the macro level, focusing
only on the net effect on Tiirkiye's exports or GDP, but the effects at the firm or worker
level have not been analyzed. This paper aims to fill this gap by providing a
comprehensive analysis of the economic consequences of the shock separately for the
economic units that have the potential to be affected. We focus only on the economic

measures aimed at restricting bilateral tourism activities between the two countries.

The political shock of 2015 was a sector-specific regional shock, as its direct impact
was concentrated in a small number of directly affected regions and companies. This
was partly related to the concentration of tourism activities in the coastal region of the
country and to the strong interest of Russian visitors in some regions. In addition, the
shock was unexpected because the two countries had been good allies until the plane
crisis. These two characteristics of the shock make it possible to analyze its effects
econometrically. We focus on the accommodation sector as representative of the
tourism sector. The thesis examines the potential consequences of the shock in three
separate chapters focusing on the three economic units involved: (1) establishments in
tourism sector, (2) employees in tourism firms, and (3) trading partners (suppliers and
customers) of tourism firms. Each of the analyses uses micro-level data sets acquired

from EIS of Ministry of Science and Technology.
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There were additional developments in the sample period which has potential to affect
the tourism sector. First of all, several terror attacks, and a military coup took place in
2016. The terror attacks that began in the second half of 2015 led to death of more than
500 people. These events raised concerns about security of Turkiye and affected the
tourism sector. As a result, we observed a fall in number of visitors from all countries
and total number of visitors fell by 25 percent in 2016. However, the decline in number
of Russian visitors made the highest contribution to the total decline of 25 percent.
Second, the minimum wage hike in January 2016 was an important policy shock for
the tourism sector as the share of minimum wage earners are quite high in this sector.
To solve the impact of this shock on our results, we make comparisons with food and

beverage sector in which share of minimum wage earners is also high.

The main interest of the second chapter is the post-shock position of the treated tourism
establishments relative to a comparison group of establishments not directly exposed
to the shock. We conduct a two-digit sector-level cluster analysis to select a
comparison sector with characteristics similar to tourism. This analysis suggests that
the food and beverage services sector (restaurants, in short) is a good candidate. We
construct an establishment-level dataset that includes establishments in the tourism
and food and beverage service sectors that were continuously active during the period
2013-2015. These quarterly data include the four-digit sector code and province of
activity, the total number of employees, the average daily and monthly wage levels,
the total monthly wage payments, and the total number of days worked of an
establishment. Data are available for the period 2012-2021, but the estimation sample
is truncated in 2019 to avoid the impact of the COVID-19 pandemic.

We conduct a difference-in-differences analysis and estimate the differential impact
of the shock on average daily and monthly real wages, total monthly wage payments,
and total number of days worked of tourism establishments operating in the affected
provinces. The affected provinces are determined based on the ratio of the total number
of Russian tourists in a province to the size of the tourism sector in that province. To
ensure the validity of the parallel trend assumption, we use a matched sample of

establishments in our regressions.
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The estimation results show the deterioration in the treated tourism establishments
compared to the control groups of (i) other tourism establishments in the unaffected
region (ii) all restaurants (iii) restaurants in the unaffected provinces (iv) restaurants
and firms in the unaffected region. The tourism establishments in affected provinces
have 10 percent lower total days worked and 12 percent lower total monthly wage
payments than other tourism establishments in 2016. Compared to the establishments
in food/beverage service sector in unaffected provinces, (i) the total number of days
worked /the labor demand) is lower by 13-15 percent (ii) average daily and monthly
wages is nearly three percent lower (iii) total monthly wage payment is 16 percent
lower in 2016 for the tourism establishments in affected provinces. When Istanbul is
excluded from the treatment group, the worsening in the monthly wage bill (compared
to other restaurants in unaffected provinces) is more than 20 percent in 2016. These
results imply that most of the adjustment on the production side was through
decreasing labor demand while the differential impact on average daily and monthly

wages was limited.

The third chapter aims to document the impact on the long-tenured workers in the
tourism sector. In particular, we are interested in the impact of the shock on the sector's
human capital. Therefore, we construct a sample of long-tenured workers whose
expertise and know-how constitute the sector’s human capital. The employer-
employee matched dataset includes long-tenured workers in the tourism and food and
beverage services sectors. It includes all workers who have worked in the same
establishment for at least nine quarters in the period 2013-2015. This worker-level data
include age, gender, occupation, daily and monthly wages, and total number of days
worked. It also includes firm and establishment identifiers, through which we obtained
information on sector and province of activity. Using this rich dataset, we provide a
comprehensive description of long-term workers in the sector. Then, we again use a
difference-in-differences setup to measure how the labor market outcomes (wages and
days worked) of long-tenured workers in the affected tourism establishments compare
to those of other long-tenured workers in the control group. For robustness, we include
several time-constant covariates and time-fixed effects in the regressions and run the

analysis for different choices of treatment and control groups.

105



The results indicate a short-lived and limited negative impact on the days worked. On
the contrary, the differential negative impact on wages is found to be stronger and
more persistent. Compared to the long-tenure workers in tourism and food/beverage
service sector in unaffected provinces, long-tenured workers in affected provinces earn
on average 9 percent lower monthly, in 2016. The long-tenured workers in tourism
sector in affected provinces other than Istanbul face with 12 percent lower daily wages,
1 percent shorter days worked and 11 percent lower monthly wages compared to the

long-tenured workers in food/beverage service sector in unaffected provinces.

As a second extension, we try to identify the determinants of individual wages in the
post-crisis period. In particular, we want to understand how becoming unemployed,
changing firms, sectors, or provinces affected the post-shock earnings trajectories of
long-tenured workers in the tourism sector. The individuals who changed their pre-
shock employer or moved to non-tourism firms are found to earn less than those who
stayed with their pre-shock employer or sector. On average, changing sector affects
monthly earnings of workers more than changing firm. We find that in the tourism
sector, the long-tenure workers who changed firm (changed sector) earn on average

4.8 percent (18.1 percent) less than those who stayed with their pre-shock firm (sector).

The fourth chapter completes the analysis by documenting the transmission of the
shock to non-tourism firms through their trade linkages with tourism firms using firm-
to-firm transaction data and firm balance sheets. We construct upstream and
downstream exposure ratios for non-tourism firms to proxy their exposure to the
political shock. The upstream exposure ratio is the pre-shock share of sales to the
tourism sector in the firm's total sales. It will show the degree of upstream transmission
of the shock from tourism firms to their suppliers. On the other hand, the downstream
exposure ratio is defined as the ratio of total purchases from the tourism sector to total
purchases of a non-tourism firm in the pre-shock period. This ratio is used to measure
the magnitude of downstream spillovers from tourism firms to their customers. The
results show that in 2016, the sales growth of non-tourism firms that were suppliers to
the tourism sector (in the pre-shock period) is 8 percent lower than other firms that did

not sell any good/service to the tourism sector.
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Similarly, downstream spillovers are also found, such that customers of tourism firms
in 2015 have 7.2 percent lower sales growth in 2016. Using 2015 sales data for the
firms who have customers and/or suppliers in tourism sector, we conclude that the
spillover effect had around -0.5 points effect on growth in 2016. Together with the
impact on the accommaodation sector, the total effect of the tourism-related measures

on GDP growth would reach -1 to -1.5 points.

5.2.  Main Policy Implications

The establishments in the tourism sector suffered output losses as the number of
visitors decreased dramatically in 2016. The estimation results in Chapter 2 show that
the establishments in the tourism sector in the affected provinces responded by
reducing especially the number of employees. The establishments in Istanbul seem to
have used the firing strategy more, such that the annual change in the number of jobs
in 2017 was still -16 percent in Istanbul while it was +7.9 percent in other affected
regions (Antalya Mugla, Edirne, Kirklareli, Artvin and Ardahan). Moreover, mobility
of the workers was also higher in Istanbul.

The data also indicate that becoming non-employed was more common among long-
tenured workers in Istanbul (than in other affected provinces), which supports this
firm-level observation. On the other hand, the average daily and monthly wages in
other affected provinces deteriorated compared to Istanbul. These observations suggest
that tourism firms in Antalya or Mugla have adopted a strategy that prioritizes
retaining/hoarding their workers (by offering lower wages) while firms in Istanbul

were more likely to lay off workers.

The recovery in the total number of employees in the other affected provinces was also
faster than in Istanbul. This was probably because the output of firms in these
provinces recovered faster than those in Istanbul. Among other factors, the hoarding
behavior of the firms may have supported this faster recovery in the affected provinces
except Istanbul. Therefore, policies that encourage firms to retain their workers (eg.

short-term working allowance) during crisis periods would support a faster recovery.
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The estimation results of worker-based analyzes in Chapter 3 show that long-tenured
workers who moved to a different employer or a different sector in the post-shock
period earn on average less than other LT workers who stay with their pre-shock
employer and sector. Policies to encourage firms to hoard their labor would also be
beneficial for the workers. Policies that aim to make keeping pre-crisis employment
contracts attractive for both workers and firms would be in the interest of both parties.
If short-term work allowances had been introduced for the tourism sector in 2016 (as
they were in 2020 during the pandemic), the negative impact of the shock could have

been mitigated.

The empirical analysis in Chapter 4 provides evidence of negative spillovers to other
related sectors. This highlights the importance of timely policy action to mitigate the
adverse effects of a sector-specific shock before it is transmitted to other sectors and
cause amplified economy-wide effects. Policymakers should therefore consider the
importance of trade linkages in the transmission of shocks when designing policies.
Policies that support the sectors connected to the shock-hit sector are as important as

those that support the directly-hit sector.

The impact of the shock was heterogenous across provinces. The tourism is
concentrated in the coastal region of Tirkiye and also Russian tourists preferred certain
provinces. As a result, the impact of the shock was heterogenous across regions.
Moreover, the production and labor market dynamics differ between regions.
Therefore, region-specific policies are important to mitigate the impact of such
regional shocks.

5.3. Main Limitations and Future Research

The empirical analyses in Chapters 2 and 3 provided an average measure of the impact
on affected tourism firms and workers. Our identification strategy relies on the
variation across provinces. However, there is also heterogeneity within districts of the
same province which we do not capture. For example, according to anecdotal

evidence, Russian tourists prefer Alanya, Kemer and Belek more than other districts.
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If this is the case, the impact of the shock would be stronger in these districts. However,
we can only estimate the average impact in Antalya, which is likely to be higher in
districts such as Alanya or Kemer. Due to data limitations, we are not able to take these

differences between districts into account in our analysis.

The official data include the number of foreign visitors by nationality at the provincial
level and we do not know the number of visitors in the different districts of the
province. If detailed hotel and district level data can be obtained in the future, the
regional analysis would be more accurate. The firm-level analysis and the descriptive
statistics imply a sort of hoarding behavior among affected regions excluding istanbul.
This needs to be tested by using data on firms’ balance sheets. First, tourism firms
should be identified as hoarding or firing type based on their employment and output
trajectories after the shock. Then comparing the post-shock recovery among these two
types of firms (one group hoarded labor, while the other laid off more workers) would

be informative for policy design.

In January 2016, the minimum wage was raised by 30 percent, much higher than the
level implied by inflation realizations. Our estimation sample also includes this major
policy shock. The minimum wage is important in determining the wages of all workers
and also affects the behavior of firms, so we need to pay due attention to this policy.
Therefore, distinguishing the effects of the political shock from the minimum wage
shock was a major challenge for our study. To address this issue, we make comparisons
with “food and beverage service sector activities” whose structure is similar to that of
the tourism sector based on cluster analysis. We assume that the impact of the
minimum wage hike on these two sectors was similar and thus the differences in firm
outcomes between the treated tourism establishments and the control group of
restaurants would be free of the potential impact of the minimum wage increase.
Comparisons with other service subsectors would be useful for the robustness of our
results. The insurance services sector was another sector similar to the accommodation
sector according to the cluster analysis. Therefore, comparing tourism establishments
and insurance services sectors after the pandemic could be a good exercise as this
would be free of the minimum wage increase and insurance activities were not directly

affected by the pandemic measures.
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APPENDIX A

ESTIMATION OUTPUTS FOR CHAPTER 2

Table A.1 TTvsRO: Comparison of Tourism Establishments in Affected Regions to
Restaurants in Unaffected Provinces

Days Monthly Daily Monthly
Worked Wage Wage Wage Bill
03.16 -0.0482 -0.011 -0.0262 -0.074
06.16 -0.132% -0.003 -0.030% -0.162
09.16 -0.1472 -0.005 -0.0112 -0.158
12.16 -0.135% -0.035? -0.030? -0.165
03.17 -0.1842 -0.0442 -0.0342 -0.219
06.17 -0.1172 -0.015 -0.0212 -0.139
09.17 -0.1082 -0.014 -0.009 -0.118
12.17 -0.1042 -0.020° -0.0312 -0.134
03.18 -0.105% -0.0462 -0.0422 -0.146
06.18 -0.039 -0.018 -0.019? -0.058
09.18 -0.016 -0.014 -0.0242 -0.041
12.18 -0.020 -0.010 -0.018% -0.038
03.19 0.012 -0.0622 -0.0472 -0.035
06.19 0.060 0.003 -0.014 0.046
09.19 0.058 -0.007 -0.0242 0.034
12.19 0.031 0.000 -0.015 0.016
Observations 179706 179706 179706 179706
Establishments 7356 7356 7356 7356
Adj. R-sq. 0.878 0.633 0.869 0.899
Trend -0.071 0.152 0.140 0.069
p-value 0.076 0.000 0.000 0.066

Notes: Estimated coefficients for equation (2) with establishment-level covariates in Chapter 2.
Number of observations, unique number of establishments are also displayed. Trend is the coefficient
of the linear-trend term in the regressions and p-value is the p-value of the Wald test for parallel trend

assumption. Insignificance of the trend term indicates that parallel trend assumption is validated.

2 b indicates significance at 1 and 5 percent.
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Table A.2 TT2vsRO: Comparison of Tourism Establishments in Affected Regions
Excluding Istanbul to Restaurants in Unaffected Provinces

Days Monthly Daily Monthly
Worked Wage Wage Wage Bill

03.16 -0.1022 0.008 -0.0272 -0.1282
06.16 -0.229% -0.003 -0.033% -0.262%
09.16 -0.191° -0.011 -0.005 -0.196°
12.16 -0.145% -0.035% -0.0412 -0.186%
03.17 -0.216 -0.043% -0.040% -0.257%
06.17 -0.148° -0.0282 -0.018? -0.165°
09.17 -0.119% -0.021 -0.005 -0.1242
12.17 -0.1042 -0.025 -0.040° -0.1442
03.18 -0.1422 -0.069° -0.051° -0.1942
06.18 -0.0672 -0.017 -0.0172 -0.084%
09.18 -0.033 -0.031° -0.039° -0.071°
12.18 -0.027 -0.020 -0.0312 -0.058
03.19 0.029 -0.089% -0.070% -0.041
06.19 0.091% 0.000 -0.016 0.075

09.19 0.096° -0.021 -0.0372 0.059

12.19 0.021 -0.015 -0.021° 0.000

Observations 114504 114504 114504 114504

Establishments 4648 4648 4648 4648
Adj. R-sq. 0.886634 0.578883 0.847609 0.907248

Trend -0.178 0.182° 0.156%2 -0.022

p-value 0.055 0.000 0.000 0.299

Notes: Estimated coefficients for equation (2) with establishment-level covariates in Chapter 2.
Number of observations, unique number of establishments are also displayed. Trend is the coefficient
of the linear-trend term in the regressions and p-value is the p-value of the Wald test for parallel trend

assumption. Insignificance of the trend term indicates that parallel trend assumption is validated.

a b indicates significance at 1 and 5 percent.
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Table A.3 TTvsTO: Comparison of Tourism Establishments in Affected and
Unaffected Provinces

Days Monthly Daily Monthly
Worked Wage Wage Wage Bill
03.16 -0.017 0.0222 -0.008" -0.025
06.16 -0.1072 0.006 -0.013% -0.1202
09.16 -0.1042 0.000 -0.0112 -0.1152
12.16 -0.108% -0.001 -0.016% -0.1242
03.17 -0.1372 -0.018P -0.016% -0.153%
06.17 -0.1152 -0.018 -0.0192 -0.1342
09.17 -0.0912 0.004 -0.008 -0.098%
12.17 -0.1012 -0.007 -0.013° -0.1142
03.18 -0.0822 -0.008 -0.0172 -0.099?
06.18 -0.053 -0.012 -0.0172 -0.070P
09.18 -0.026 0.004 -0.012 -0.038
12.18 -0.036 0.004 -0.011 -0.046
03.19 0.049 0.001 -0.021° 0.028
06.19 0.073° 0.017 -0.010 0.064
09.19 0.081° 0.019 -0.010 0.071°
12.19 0.030 0.018 -0.002 0.028
Observations 151184 151184 151184 151184
Establishments 6290 6290 6290 6290
Adj. R-sq. 0.868 0.606 0.872 0.889
Trend 0.006 0.037 0.115? 0.121
p-value 0.537 0.001 0.000 0.265

Notes: Estimated coefficients for equation (2) with establishment-level covariates in Chapter
2. Number of observations, unique number of establishments are also displayed. Trend is the
coefficient of the linear-trend term in the regressions and p-value is the p-value of the Wald
test for parallel trend assumption. Insignificance of the trend term indicates that parallel trend
assumption is validated.

a bindicates significance at 1 and 5 percent.
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Table A.4 TT2vsTO: Comparison of Tourism Establishments in Affected Provinces
Excluding istanbul and Unaffected Provinces

22y MY oay g e

03.16  -0.052° 0.042° -0.008 -0.060°
06.16  -0.177° 0.012 -0.013? -0.190°
09.16  -0.124 0.012 -0.003 -0.127
1216  -0.126° -0.006  -0.019° -0.146°
03.17  -0.153° 0.005 -0.015b -0.168°
06.17  -0.082° 0.000 -0.015 -0.098°
09.17  -0.044 0.013 -0.001 -0.045
1217  -0.056 0.001 -0.020° -0.075
03.18  -0.077° -0.007 -0.020° -0.097°
06.18  -0.027 0.010 -0.014 -0.041
09.18  0.001 0.014 -0.020 -0.019
1218 -0.038 0.011 -0.014 -0.052
03.19  0.076 0.002 -0.033° 0.043
06.19  0.125° 0.038" -0.008 0.117°
09.19  0.135% 0.025 -0.021 0.114°
1219 0.046 0.026 -0.004 0.042
Observations 98421 98421 98421 98421
Establishments. 4044 4044 4044 4044
Adj.R-sq.  0.879 0.582 0.856 0.900
Trend  -0.084 0.003 0.134° 0.050
p-value  0.192 0.018 0.000 0.254

Notes: Estimated coefficients for equation (2) with establishment-level covariates in Chapter 2.
Number of observations, unique number of establishments are also displayed. Trend is the coefficient
of the linear-trend term in the regressions and p-value is the p-value of the Wald test for parallel trend

assumption. Insignificance of the trend term indicates that parallel trend assumption is validated.

a b indicates significance at 1 and 5 percent.
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Table A.5 TTvsTORO: Comparison of Tourism Establishments in Affected
Provinces and Tourism and Restaurants in Unaffected Provinces

Days Monthly Daily Monthly
Worked Wage Wage Wage Bill

-0.042% -0.011 -0.025% -0.0682

03.16
06.16 -0.136° -0.009 -0.0302 -0.1662
0916 -0.137%  -0.019%  -0.015% -0.1522
12 16 -0.139%  -0.040%  -0.034% -0.1732
03.17 -0.173%  -0.043%  -0.0372 -0.210°
06.17 -0.103%  -0.023°  -0.0272 -0.130°
09.17 -0.097%  -0.022°  -0.012° -0.1092
1217 -0.075%  -0.029°  -0.0342 -0.109°2
03.18 -0.066%  -0.052°  -0.044% -0.110°
06.18 -0.029 -0.029°  -0.026° -0.055°
09.18 0.003 -0.029°  -0.027°2 -0.024
12.18 0.009 -0.024%  -0.0252 -0.017
03.19 0.069° -0.059°  -0.0532 0.016

06.19 0.104 -0.009 -0.022° 0.082°2
09.19 0.113 -0.017 -0.028°2 0.0852
1219 0.075° -0.015 -0.0232 0.053

Observations 191163 191163 191163 191163

Establishments. 7782 7782 7782 7782
Adj. R-sq. 0.883 0.653 0.872 0.904
Trend -0.166 0.187% 0.1262 -0.041
p-value 0.053 0.000 0.000 0.086

Notes: Estimated coefficients for equation (2) with establishment-level covariates in Chapter 2.
Number of observations, unique number of establishments are also displayed. Trend is the coefficient
of the linear-trend term in the regressions and p-value is the p-value of the Wald test for parallel trend

assumption. Insignificance of the trend term indicates that parallel trend assumption is validated.

2 b indicates significance at 1 and 5 percent.
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Table A.6 TT2vsTORO: Comparison of Tourism Establishments in Affected
Provinces excluding Istanbul and Tourism and Restaurants in Unaffected Provinces

Days Monthly Daily Monthly
Worked Wage Wage Wage Bill

03.16 ~-0.082° 0.012 -0.015% -0.097¢

06.16 -0-212° 0.014 -0.023%  -0.235°
09.16 -0-188%  0.001 0.000 -0.189°
1216 -0126%  -0020° -0032%  -0.159°
0317 -0-202®  -0.026°  -0028°  -0.230°
06.17 -0.108%  -0.004 -0.016%  -0.124°
0917 -0073% 0002  -0001  -0.074°
1217 -0.057°  -0003  -0031°  -0.089°
0318 ~-0-084%  -0.032° -0036°  -0.120°
0618 003  -0.005  -0.016°  -0.051
09.18  0:009 -0.002  -0.024®  -0.015
1218  0.003 -0.006  -0.020°  -0.017
0319 0.068  -0.059%  -0.053° 0.015

06.19 0-121° 0.018 -0.007 0.1142
0919 0130 0002  -0.025°  0.105°
1219 0054 -0.005  -0.015 0.039

Observations 114956 114956 114956 114956

Establishments. 4648 4648 4648 4648
Adj. R-sq. 0.889 0.595 0.852 0.909
Trend -0.273 0.1572 0.1752 -0.097

0.114 0.000 0.000 0.618

p-value

Notes: Estimated coefficients for equation (2) with establishment-level covariates in Chapter 2.
Number of observations, unique number of establishments are also displayed. Trend is the coefficient
of the linear-trend term in the regressions and p-value is the p-value of the Wald test for parallel trend

assumption. Insignificance of the trend term indicates that parallel trend assumption is validated.

a b indicates significance at 1 and 5 percent.
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Table A.7 TTvsR: Comparison of Tourism Establishments in Affected Provinces and

Restaurants
Days  Monthly  Daily Mvc\)/r;tghely
Worked Wage Wage Bill
03.16 -0.059? -0.010 -0.030? -0.089?
06.16 -0.155% -0.009 -0.0312 -0.1872
09.16 -0.150? -0.012 -0.0142 -0.163?
12.16 -0.1242 -0.0312 -0.0342 -0.158%
03.17 -0.1712 -0.0452 -0.040? -0.211°
06.17 -0.1132 -0.010 -0.0242 -0.1372
09.17 -0.1042 -0.013 -0.0142 -0.1182
1217 -0.0782 -0.022° -0.0382 -0.1162
03.18 -0.088? -0.045? -0.050? -0.138?
06.18 -0.038 -0.015 -0.0312 -0.0682
0918 -0.019 -0.023° -0.0382 -0.057°
12.18 0.006 -0.013 -0.0312 -0.025
03.19 0.042 -0.0612 -0.0632 -0.021
0619 0072° 0000  -0.027°  0.044
09.49 0.081%  -0.008  -0.041*°  0.040
12.19 0.048 -0.001 -0.0282 0.020
Observations 191288 191288 191288 191288
Establishments 7782 7782 7782 7782
Adj. R-sq. 0.883 0.658 0.877 0.904
Trend -0.048 0.184% 0.1352 0.087
p-value 0.014 0.000 0.000 0.030

Notes: Estimated coefficients for equation (2) with establishment-level covariates in Chapter 2.
Number of observations, unique number of establishments are also displayed. Trend is the coefficient
of the linear-trend term in the regressions and p-value is the p-value of the Wald test for parallel trend

assumption. Insignificance of the trend term indicates that parallel trend assumption is validated.

2 b indicates significance at 1 and 5 percent.
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Excluding Istanbul and Restaurants

Table A.8 TT2vsR: Comparison of Tourism Establishments in Affected Provinces

Days Monthly Daily Monthly
Worked Wage Wage  Wage Bill
03.16 -0.088° -0.003 -0.0272 -0.1162
06.16 -0.228° -0.013 -0.0322 -0.2602
091 -0.181° -0.010 -0.006 -0.1862
1216 -0.125° -0.0562 -0.0442 -0.169?
03.17 -0.1842 -0.0432 -0.0422 -0.2262
06.17 -0.113° -0.012 -0.0162 -0.1302
09.17 ~-0.081%  -0.029*°  -0.008 -0.090°
1017 ~-0.061°  -0.043*  -0.043*  -0.104?
03.18 -0.082° -0.069? -0.055? -0.1372
06.1g -0.034 -0.026 -0.025% -0.059
09.18 -0.011 -0.053% -0.0432 -0.055
12.18 0.007 -0.036° -0.036? -0.028
03.19 0.070 -0.085? -0.0722 -0.002
0619 0.109°  -0.010  -0.019° 0.090°
0919 0.118° -0.023 -0.0422 0.076
1219 0.041 -0.035 -0.0272 0.015
Observations 114523 114523 114523 114523
Establishments 4648 4648 4648 4648
Adj. R-sq. 0.888 0.604 0.860 0.909
Trend  -0-228 0.2062 0.170% -0.059
p-value  0-050 0.000 0.000 0.760

Notes: Estimated coefficients for equation (2) with establishment-level covariates in Chapter 2.
Number of observations, unique number of establishments are also displayed. Trend is the coefficient
of the linear-trend term in the regressions and p-value is the p-value of the Wald test for parallel trend

assumption. Insignificance of the trend term indicates that parallel trend assumption is validated.

a b indicates significance at 1 and 5 percent.
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APPENDIX B

ESTIMATION OUTPUTS FOR CHAPTER 3

Table B1 TTvsRO: Comparison of Workers in Tourism Sector in Affected Provinces
and Workers in Restaurants in Unaffected Provinces

Mv?lgézly Daily wage  Days Worked

03.16 -0.056% -0.045% -0.0102
06.16 -0.089° -0.088? -0.002
09.16 -0.045% -0.045% -0.000
12.16 -0.0742 -0.070? -0.004
03.17 -0.0822 -0.060? -0.0212
06.17 -0.0242 -0.0412 0.015?
09.17 -0.0142 -0.019? 0.005
12.17 -0.0322 -0.046% 0.013?
03.18 -0.0472 -0.0402 -0.007
06.18 0.007 -0.008P 0.014%
09.18 -0.003 -0.0172 0.013?
12.18 0.024% -0.006 0.0282
03.19 -0.001 -0.007 0.005
06.19 0.0542 0.0412 0.0122
09.19 0.0422 0.021% 0.019%
12.19 0.049? 0.025? 0.023?
Trend -0.0012 -0.0012 -0.000
Constant 4.469% 1.540? 2.998%

Observations 1,139,415 1,139,415 1,139,415
Individuals 47,373 47,373 47,373
Adj. R-squared 0.139 0.372 0.020

Notes: Estimation results for Equation (1) in Chapter 3. All dependent variables are log-transformed
and wages are CPl-adjusted. Number of individuals shows the number of employees in the matched
sample.

2 p<0.0104, b p<0.05044
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Table B2 TT2vsRO: Comparison of Workers in Tourism Sector in Affected
Provinces Excluding istanbul and Workers in Restaurants in Unaffected Provinces

Monthly wage  Daily wage  Days Worked

03.16 -0.053¢ -0.0672 -0.013¢
06.16 -0.113¢ -0.1278 -0.0148
09.16 -0.050°2 -0.0452 0.004
12.16 -0.0842 -0.0862 -0.002
03.17 -0.069°2 -0.100°2 -0.028¢2
06.17 -0.0362 -0.019° 0.0152
09.17 -0.0148 -0.001 0.0122
12.17 -0.0542 -0.037° 0.016?
03.18 -0.0552 -0.067° -0.012°
06.18 -0.003 0.018?2 0.019?
09.18 -0.0252 0.003 0.025?2
12.18 -0.006 0.033? 0.036?
03.19 -0.019° -0.008 0.010
06.19 0.0542 0.073? 0.0172
09.19 0.0242 0.053? 0.0272
12.19 0.0282 0.0712 0.040?
Trend -0.0022 -0.0028 -0.000
Constant 1.5882 45302 3.0112
Observations 829,372 829,372 829,372
Individuals 34,267 34,267 34,267
Adj. R-squared 0.363 0.146 0.024

Notes: Estimation results for Equation (1) in Chapter 3. All dependent variables are log-transformed
and wages are CPl-adjusted. Number of individuals shows the number of employees in the matched
sample.

2 p<0.0104, b p<0.05044
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Table B3 TTvsTO: Comparison of Workers in Tourism Sector in Affected and
Unaffected Provinces

Mv(\)/gézly Daily wage Days Worked
03.16 -0.013? -0.008? 10.005
06.16 -0.057° -0.039° 0,017
09.16 -0.0272 -0.0272 0.000
1216 -0.0342 -0.0312 10.003
03.17 -0.040° -0.029° 0,011
06.17 -0.028? -0.028? 0.001
09.17 0.001 -0.003 0.004
12.17 -0.024° -0.023° -0.001
0318 -0.0342 -0.026? 10.007
06.18 0.003 -0.005 0.007
09.18 0.015° 0.004 0.011
1918 0.023% 0.005 0.017
03.19 -0.001 -0.006 0.004
06.19 0.031° 0.023° 0.008
09.19 0.036 0.021% 0.014
1919 0.048 0.033% 0.015
Trend -0.002° -0.001" -0.000
Constant 4.661° 1.419° 3.290
Observations ~ 989:205 989.205 989,205
Individuals 40,829 40,829 40,829
Adj. R-squared 0.129 0.323 0.018

Notes: Estimation results for Equation (1) in Chapter 3. All dependent variables are log-transformed
and wages are CPl-adjusted. Number of individuals shows the number of employees in the matched
sample.

2 p<0.0104, ® p<0.05044

124



Table B4 TT2vsTO: Comparison of Workers in Tourism Sector in Affected
Provinces Excluding Istanbul and Unaffected Provinces

Monthly wage Daily wage Days Worked

03.16 -0.023? -0.0142 -0.008"
06.16 -0.084% -0.063% -0.0202
09.16 -0.0272 -0.033% 0.006
12.16 -0.0412 -0.0412 0.000
03.17 -0.062% -0.042% -0.019%
06.17 -0.0262 -0.029° 0.003
09.17 0.006 -0.009P 0.013?
12.17 -0.0312 -0.033? 0.002
03.18 -0.060? -0.050? -0.009
06.18 0.004 -0.010P 0.0122
09.18 0.010 -0.0122 0.020%
12.18 0.031% -0.000 0.029?
03.19 -0.020° -0.0312 0.010
06.19 0.038% 0.0232 0.013°
09.19 0.0372 0.013° 0.0222
12.19 0.060? 0.0342 0.0242
Trend -0.000 0.000 -0.000
Constant 4.707% 1.5072 3.2507
Observations 708,429 708,429 708,429
Individuals 29,075 29,075 29,075
Adj. R-squared 0.130 0.301 0.023

Notes: Estimation results for Equation (1) in Chapter 3. All dependent variables are log-transformed
and wages are CPl-adjusted. Number of individuals shows the number of employees in the matched
sample.

2 p<0.0104, b p<0.05044
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Table B5 TTvsTORO: Comparison of Workers in Tourism Sector in Affected
Provinces to Workers in Tourism and Restaurant Sectors in Unaffected Provinces

Monthly Wage  Daily Wage  Days Worked

03.16 -0.075% -0.058% -0.016%
06.16 -0.135% -0.1222 -0.013%
09.16 -0.0472 -0.055? 0.008?
12.16 -0.095% -0.090% -0.004
03.17 -0.1062 -0.079? -0.025?
06.17 -0.0312 -0.0472 0.0142
09.17 -0.009 -0.0272 0.0172
12.17 -0.0462 -0.0642 0.0172
03.18 -0.076% -0.0672 -0.009
06.18 0.007 -0.0142 0.019?
09.18 -0.011 -0.0402 0.0262
12.18 0.023? -0.018? 0.038?
03.19 -0.0192 -0.033% 0.013°
06.19 0.0612 0.0422 0.0172
09.19 0.0422 0.010° 0.029?
12.19 0.064? 0.018? 0.0422
Trend -0.001° -0.001? -0.000
Constant 4.4542 1.479% 3.0422
Observations 938,564 938,564 938,564
Number of Individuals 39,188 39,188 39,188
Adj. R-squared 0.142 0.363 0.024

Notes: Estimation results for Equation (1) in Chapter 3. All dependent variables are log-transformed
and wages are CPl-adjusted. Number of individuals shows the number of employees in the matched
sample.

2 p<0.0104, b p<0.05044

126



Table B6 TT2vsTORO: Comparison of Workers in Tourism Sector in Affected
Provinces Excluding Istanbul to Workers in Tourism and Restaurant Sectors in
Unaffected Provinces

Monthly wage  Dailywage  Days Worked

03.16 -0.0732 -0.0542 -0.017%
06.16 -0.1312 -0.1182 -0.0132
09.16 -0.0462 -0.053% 0.006°
12.16 -0.0912 -0.0872 -0.004
03.17 -0.1062 -0.0762 -0.0272
06.17 -0.030? -0.0472 0.015°%
09.17 -0.003 -0.0252 0.019%
12.17 -0.0432 -0.0612 0.0182
03.18 -0.0712 -0.0632 -0.008
06.18 0.012 -0.0132 0.023%
09.18 -0.004 -0.033% 0.026%
12.18 0.031% -0.0132 0.041%
03.19 -0.012 -0.0272 0.013%
06.19 0.070° 0.049° 0.019°
09.19 0.050% 0.018% 0.030%
12.19 0.0742 0.028°2 0.043%
Trend -0.0012 -0.0012 -0.000
Constant 45742 1.5642 3.074%
Observations 891,521 891,521 891,521
Number of
Individuals 36,914 36,914 36,914
Adj. R-squared 0.144 0.336 0.027

Notes: Estimation results for Equation (1) in Chapter 3. All dependent variables are log-
transformed and wages are CPl-adjusted. Number of individuals shows the number of
employees in the matched sample.

2 p<0.0104, ® p<0.05044
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Table B7 TTvsR: Comparison of Workers in Tourism Sector in Affected Provinces
and Workers in Restaurants

Monthly . Days

wage Daily wage Worked
03.16 -0.034% -0.027% -0.007%
06.16 -0.085¢ -0.082¢ -0.003
09.16 -0.023¢ -0.031¢ 0.007@
12.16 -0.075% -0.062% -0.012%
03.17 -0.061¢ -0.043¢ -0.017¢
06.17 -0.010% -0.031¢ 0.019%
09.17 0.014% -0.004 0.017%
12.17 -0.024¢ -0.027¢ 0.003
03.18 -0.029¢ -0.028¢ -0.001
06.18 0.0274 0.001 0.0244
09.18 0.028¢ -0.001 0.027¢
12.18 0.030% 0.011% 0.018%
03.19 0.028¢ 0.0144 0.013¢
06.19 0.0954 0.064 4 0.029%
09.19 0.086% 0.048% 0.035%
12.19 0.087¢ 0.0614 0.025¢
Trend -0.003% -0.0028 -0.001%

5.000% 1.775¢ 3.270¢

Constant

Observations 1,674,848 1,674,848 1,674,848

Number of

o 68,527 68,527 68,527
Individuals

Adj. R-squared 0.122 0.279 0.018

Notes: Estimation results for Equation (1) in Chapter 3. All dependent variables are log-
transformed and wages are CPl-adjusted. Number of individuals shows the number of
employees in the matched sample.

2 p<0.0104, ® p<0.05044

128



Table B8 TTvsR: Comparison of Workers in Tourism Sector in Affected Provinces
Excluding Istanbul and Workers in Restaurants

Monthly . Days
wage Daily wage Worked
03.16 -0.011° -0.046°2 -0.058°
06.16 -0.0122 -0.1062 -0.1192
0916 0.013° -0.0442 -0.030°
12.16 -0.0142 -0.0732 -0.088°
03.17 -0.0262 -0.067% -0.094¢
06.17 0.0182 -0.0272 -0.007
09.17 0.0252 -0.0112 0.016%
1217 0.008° -0.034° -0.0262
03.18 -0.004 -0.061°2 -0.065?
06.18 0.0282 0.006 0.0372
09.18 0.0322 -0.0172 0.0172
12.18 0.0272 0.008° 0.0372
03.19 0.0192 -0.0172 0.004
06.19 0.030% 0.076% 0.108°
0919 0.041° 0.042° 0.086%
1219 0.034% 0.066% 0.1032
Trend -0.0012 -0.0022 -0.0022
Constant 3.3272 1.8002 5.0872
Observations 1,291,520 1,291,520 1,291,520
Number of 52,514 52,514 52,514
Individuals

Adj. R-squared 0.023 0.281 0.131

Notes: Estimation results for Equation (1) in Chapter 3. All dependent variables are log-transformed
and wages are CPl-adjusted. Number of individuals shows the number of employees in the matched
sample.

2 p<0.0104, b p<0.05044
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APPENDIX D

TURKISH SUMMARY / TURKCE OZET

Ekonomik yaptirimlar, uluslararasi arenada siklikla kullanilan bir politika aracidir.
Askeri miidahalelere kiyasla daha bariscil alternatifler olarak gérilmeleri sebebiyle de
tercih edilmektedir. En sik kullanilan ekonomik yaptirim tirleri ticaret kisitlamalart,
ambargolar, finansal islem veya seyahat kisitlamalaridir. Ozellikle ABD, ekonomik
yaptirrm uygulamalarina olduk¢a sik basvurmaktadir. Ekonomik yaptirimlarin
etkinligi ile uygulayan iilke ve hedef iilke icin yarattigi kayiplar yazinda siklikla
incelenmistir. Bu tezin temel arastirma sorusunu da Rusya’nin Tiirkiye’ye kars1 2015

yil1 sonunda uygulamaya karar verdigi ekonomik yaptirimlar belirlemistir.

Rusya ve Turkiye, 2015 6ncesi donemde siki ticari iliskileri olan iki miittefik iilke
olarak dikkat ¢ekmistir. Birgok Tiirk firmasi Rusya’da faaliyet gdstermis, karsilikli
insan hareketi her zaman yogun olmustur. Ancak 2015 yilindaki Suriye sivil savasi,
iki iilkeyi kars1 karsiya getirmistir. Rusya, Suriye hiikiimetini desteklemis ve 30 Eyliil
2015’te savasa askeri olarak dahil olmustur. Buna karsin Tiirkiye, Suriye hiikiimeti
karsit1 isyanct gruplara destegini ilan etmistir. Suriye i¢ savasinda karsit gruplari
desteklemeleri Rusya ve Tiirkiye arasinda bir politik ayrilik yaratmistir. Bu gerilimin
Uzerine yasanan ugak krizi, iki lilke arasindaki iligkileri kirilma noktasina getirmistir.
Turkiye, Suriye sinirinda bir Rus savas ugagini, hava sahasini ihlal ettigi ve yapilan
cagrilara uymadig gerekgeleriyle 24 Kasim 2015°te diisiirmiistiir. Bu olay, Rusya’da
biiyiik tepki ¢ekmis, olay giliniinden itibaren yapilan resmi agiklamalarla Rusya’nin
ucak diisiirme olayr nedeniyle Tiirkiye’ye karsi bazi yaptirnmlar uygulamaya
gidecegine dair sinyaller verilmistir. Nitekim, 30 Kasim 2015°te TUrkiye’ye kars1 bir
dizi ekonomik yaptirim karar1 agiklanmigtir. Bu kararlarin bir ¢ogu 1 Ocak 2016’dan
itibaren uygulanmaya baslanmistir. Bu yaptirimlar Tirkiye ekonomisinin farklh
sektorlerine yonelik kararlar icermektedir. Yaptirimlarla, bir ¢gogu tarimsal {iriin olan

bazi mallarin Tirkiye’den ithalatinin kisitlanmasi kararlastirilmastir.
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Ayrica Tirk firmalarin Rusya’daki insaat, mimari gibi baz1 faaliyet alanlarindaki
aktivitelerinin smirlandirilmasi, Tiirk vatandaslarinin Rusya’ya vizesiz girmesine izin
veren uygulamanin askiya alinmasi, Rus tur operatorlerinin Rus vatandaslarina
Tiirkiye tatili satisinin  yasaklanmasi, Rusya’dan Tiirkiye’ye charter uguslarin

durdurulmasi diger maddeleri olarak siralanabilir.

Rusya, Tiirkiye’nin toplam ihracatinda ve 6zellikle turizm gelirlerinde 6nemli bir paya
sahiptir. Kriz dncesi 2013-2015 doneminde, Rusya’ya yapilan ihracatin toplam ihracat
icindeki pay1 yiizde 4’e yakindir. Tiirkiye’ye gelen yabanci ziyaretciler icinde en
yiiksek ikinci paya sahip olan iilke Rusya’dir. TUIK verilerine gore 2014 ve 2015
yillarinda sirastyla 4,5 ve 3,7 milyon Rus vatandas1 Tiirkiye’yi ziyaret etmistir. Bu
donemde Rus turistlerin toplam yabanci ziyaret¢i sayilari icindeki pay: yaklagik ylizde
12 duzeyindedir. Rusya’nin 6nemli bir ticaret ortagi olmasi nedeniyle, kasim ayi
sonunda ilan edilen bu yaptirimlarin Tirkiye ekonomisi tzerinde ¢ok yonli ve derin
etkileri olmustur. Bu tezde dogrudan turizm sektoriinii hedefleyen (Rus tur
operatorlerinin Tirkiye tatili satmayi birakmasi, vizesiz seyahat uygulamasinin askiya
alinmasi ve charter uguslarin durdurulmasi) yaptirimlarin sektdrde yarattigi etki
incelenmektedir. Bu analizlerde turizm sektoriini temsilen konaklama sektori
kullanilmaktadir. Tezin tamaminda turizm sektorii ifadesi, konaklama sektOriinii

belirtmektedir

Kriz 6ncesi donemde (2013-2015) Tiirkiye’ye gelen yabanci ziyaretciler icinde en
yiiksek ikinci paya sahip olan iilke Rusya iken 2016 yilinda Rus turist sayis1 yiizde
80’e yakin azalmistir. 2016 yilinda seyahat gelirleri ylizde 30 civarinda daralmais,
konaklama sektorl istihdami gerilemistir. Makro blyikliklerdeki gelismeler sokun
olumsuz etkilerini yansitmaktadir. Bu tez ise sokun etkilerini firma ve calisan
dizeyinde detayli mikro-veriler kullanarak degerlendirmeyi amaglamaktadir.
Oncesinde oldukca giiclii iliskileri olan Rusya ve Turkiye arasinda yasanan bu
gerilimin iktisadi birimlerce 6ngorilmesi mimkin olmamistir. Bu tezde sadece turizm
sektoriini etkileyen (tatil satiglarinin yasaklanmasi ve uguslarin durdurulmasi)
yaptirimlara odaklanildig: igin bu olaya “sektore 6zgii beklenmedik bir politik sok”
olarak yaklagilmaktadir.
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Sokun bu 6zellikleri (beklenmedik olusu ve siirli bir grup iktisadi birimi etkilemesi),
ckonometrik yontemlerle ampirik olarak incelenmesini miimkiin kilmaktadir. Tezde
yer alan analizlerde Sanayi ve Teknoloji Bakanliginca sunulan Girisimei Bilgi Sistemi
(GBS) verileri kullanilmaktadir. Bu veriler, SGK, Maliye Bakanhig1 ve TUIK gibi
bir¢ok kurumdan derlenen idari kayitlara dayanmaktadir. Tezde, ii¢ ayr1 boliimde ti¢
ayr1 etkilenme kanal1 incelenmektedir. Tezin ikinci bolumu is yeri detayinda etkileri
Olgmeyi amaglarken tgilincii boliim sektor calisanlart tizerindeki etkiyl analiz
etmektedir. Dordinci bolimde ise bu politik sokun ticaret aglari kanaliyla turizm dist

sektorlere yayilma boyutu ele alinmaktadir.

Sokun Turizm Sektériine Etkisi: Isyeri Bazli Analiz

Ikinci béliimde farklarin-farki (FF) yontemi kullanilarak soktan etkilenen grupta is
yerleri diizeyinde 6denen giinliik ve aylik reel iicret, toplam calisilan giin sayis1 ve
Odenen toplam aylik reel iicret lizerinde krizin yarattig1 goreli/farklilastirici etki tahmin
edilmeye calisilmaktadir. FF yonteminin kullanilabilmesi icin etkilenen ve kontrol
gruplarinin baz1 énkosullar1 saglayacak sekilde belirlenmesi gerekmektedir. Oncelikle
sok oncesi donemde, incelenen degiskenlerin bu iki grupta paralel bir egilim izliyor
olmas1 gerekmektedir. iki grup arasinda kriz sonrasi i¢in hesaplanan etkilerin soka
atfedilebilmesi i¢in bu kosul saglanmalidir. Etkilenen grup ve kontrol grubunu
belirlerken izledigimiz temel tanimlama yontemi, soka maruz kalma derecesinin iller
bazinda farklilasmasini kullanmaktadir. Oncelikle, sok turizm sektdriinii ilgilendirdigi
i¢in, turizmin 6nemli oldugu iller daha fazla etkilenme potansiyeline sahiptir. Turizmin
onemli oldugu illerdeki etkinin de o ile gelen Rus ziyaret¢i sayisiyla orantili bir sekilde
degismesi beklenir. Bu iki etkiyi icerebilmek igin, bolgeleri etkilenme diizeyine gore
ayirirken Rus Turist Yogunlugu (RTY) olarak adlandirdigimiz, belirli bir yilda bir ile
gelen toplam Rus turist sayisinin 0 sene 0 ildeki turizm sektorii biiyiikliigiine (yani
turizm sektoriindeki toplam calisan sayisina) orani kullanilmaktadir. Bu oranin sok
oncesi 2013-2015 donemindeki ortalamalarina gore iller gruplanmistir. Buna gore
Antalya, Mugla, Istanbul, Edirne, Kirklareli, Artvin ve Ardahan’in yer aldig1 yedi il
etkilenen bolge grubu olarak belirlenmistir. Geri kalan 74 il de etkilenmeyen bolge

olarak siniflanmistir.
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Analizlerdeki temel etkilenme grubu da “ctkilenen illerde faaliyet gosteren is yerleri
(TT)” olarak secilmistir. Sonuglarin dayaniklihginin smanmasi igin Istanbul’u
diglayan ikinci bir etkilenme grubu ile de analizler tekrarlanmistir. GBS verisinde il
bilgisi hem firma hem de is yeri bazinda goriilebilmektedir. Firmaya bagli tanimlanan
il, o firmanin genel merkezinin yer aldig il olarak kaydedilmektedir. Buna karsin is
yerine tanimli il, o is yerinin faaliyet gdsterdigi konumu gdstermektedir. Ornegin genel
merkezi A sehrinde olan bir firmaya bagli olan ve A ve B sehrinde faaliyet gosteren
iki ayr1 is yeri oldugu durumda firma-bazli il verisi kullanildiginda bu iki is yerinde
calisan kisilerin tamami A iliyle eslestirilecektir. Bu da veride genel merkezlerin yer
aldig1 Istanbul, Ankara gibi biiyiiksehirlere yanlih@ arttiracaktir. Bu iki is yeri
calisanlarint A ve B sehri olarak dogru siniflandirabilmek i¢in is yeri diizeyinde il
bilgisini kullanmak gerekmektedir. Incelenen sokun bolgesel yapisi ve tanimlama
stratejimizin tanimi geregi is yerlerinin faaliyet illerinin dogrulugu analizlerde kritik
Oneme sahiptir. Bu nedenle analizlerin, firma yerine is yeri diizeyinde yapilmasi tercih

edilmisgtir.

Kontrol grubu is yerlerini belirlemeden 6nce iki-basamakli sektor karsilagtirmalar
yapilmistir. Buna gore bolgesel dagilimi, ortalama firma ve is yeri biiyiikligii gibi
degiskenler bazinda konaklama sektoriine en benzer olan sektor tespit edilmeye
calistlmistir. One ¢ikan iki sektdr “yiyecek/igecek hizmetleri, kisaca lokantalar” ile
“sigorta hizmetleri” olmustur. Ancak sektdr biiytlikliigli ve sok sonrasinda gozlenen
blyume patikalar1 dikkate alinarak kontrol sektor olarak lokanta grubu segilmistir.
Dort ayr1 kontrol grubu su sekilde tanimlanmistir: (i) Etkilenmeyen illerdeki turizm is
yerleri (TO) (ii) Etkilenmeyen illerdeki lokantalar (RO) (iii) Etkilenmeyen illerdeki

turizm is yerleri ve lokantalar (iv) Tum illerdeki lokantalar (R).

Tahmin 6rnekleminde 2013-2015 yillarinda siirekli olarak faaliyet gostermis is yerleri
tutulmustur. Paralel egilim varsayimi test edildiginde calisilan giin disindaki bagimli
degiskenlerde bu varsayim dogrulanamamistir. Bu sorunun ¢6ziimii i¢in etkilenen ve
kontrol grubundaki is yerlerini daha benzer olacak sekilde secebilmek igin
kabalastirilmis tam eslestirme (CEM) yontemi kullanilmigtir. Etkilenen gruptaki her is

yeri, kontrol grubundaki bir igyeri ile eslestirilmistir.
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Eslestirilmis 6rneklem kullanildiginda paralel egilim varsayimi pek ¢ok durumda
dogrulanmistir. Orneklemin bu analizde oldugu gibi biiyiik oldugu durumlarda paralel
egilim test katsayilari test giicli nedeniyle anlamli ¢iksa da regresyon sonuglari
acisindan anlamli bir etki yaratmayabilmektedir (Bilinski ve Hartfeld, 2019). Bu
nedenle test sonuglariyla paralel egilimin dogrulanamadigr durumlarda denkleme
dogrusal egilim terimi eklendigi ve eklenmedigi zaman elde edilen katsayilar
karsilastirilmaktadir. Bu iki denklemden elde edilen regresyon sonuglari
farklilagmiyorsa FF yonetiminin kullanimi agisindan sorun olmadigi yazinda
gosterilmektedir. Paralel egilim varsayiminin testle dogrulanamadigi durumlarda, bu

karsilastirma yapilarak grup secimlerinin anlamliligi kontrol edilmistir.

2013-2019 donemi icin ¢eyreklik veriler kullanilarak Wooldridge (2021) yaklasimina
gore tasarlanan FF denklemleri tahmin edilmistir. Bu denklemler is yeri diizeyinde
tahmin edilirken zaman ve bdlge-zaman etkileri de kontrol edilmektedir. Ayrica,
orneklem donemi boyunca sabit olan ortak degiskenler (covariates) de denklemlere
dahil edilmistir. Ortak degiskenler olarak firma yasi, firma ve is yeri biiyiikligi, is
yerinde ¢alisan kadin orani, is yerindeki ¢alisanlarin ortalama yasinin 2013 yilindaki
degerleri kullanilmistir. FF yontemiyle, etkilenen illerdeki turizm is yerlerinin (TT)
kontrol grubu (R, RO, TORO, R) is yerlerine gore nasil farklilastigi 2016-2019
doéneminde her ¢eyrek igin tahmin edilmistir. Bagimli degisken olarak logaritmik
formda is yerinde 6denen ortalama reel giinliik ve aylik ticretler, is yerindeki toplam

calisilan giin sayis1 ve is yerince aylik toplam reel ticret 6demesi kullanilmustir.

Tahmin sonuglarina gére 2015 politik sokuna bagli olarak etkilenen illerde faaliyet
gosteren turizm sektorll is yerlerinde, toplam galisilan giin sayis1 kontrol grubu is
yerlerine kiyasla azalmistir. Sonuglar, 2016C2-2017C1 déneminde etkilenen grup
turizm is yerlerinde toplam calisilan giin sayisinin her geyrekte yiizde 10-15 oraninda
daha disiik oldugunu, bu negatif fark etkisinin 2017'den sonra kademeli olarak
azaldigimi ve 2018 sonu itibariyla ortadan kalktigin1 gostermektedir. Etkilenen grup
ornekleminden Istanbul'daki turizm is yerleri dislandiginda, negatif fark etkisi kisa
vadede (Istanbul’un dahil edildigi etkilenme grubuna kiyasla) daha keskindir. Ornegin

2016 y1il1 ikinci ¢eyregindeki negatif farklilagtirici etki yuzde 25'e yakindir.
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Restoranlarin (R, RO, TORO) dahil oldugu kontrol gruplarina kiyasla iki etkilenme
grubunda (tiim ve Istanbul firmalar1 hari¢) ¢alisilan giinlerin seyri 2016 sonrasinda
benzerdir. Ancak karsilastirma etkilenmeyen turizm is yerlerine kiyasla yapildiginda,
etkilenen grup Istanbul'u disarida biraktiginda (Istanbul is yerlerinin etkilenen gruba
dahil edildigi duruma kiyasla) ¢alisilan giinler daha hizli toparlanmaktadir. Toplam
caligilan giin degiskeni, is yerlerindeki toplam galisan sayist ile ¢alisilan giiniin garpimi
olarak hesaplanmistir. Dolayisiyla bu degiskende gozlenen goreli olumsuz etki,
etkilenen grup is yerlerinde ¢alisan sayisinin veya calisanlarin galistigl giin sayisinin

azalmasindan kaynaklaniyor olabilir.

Ortalama reel giinliik iicret, etkilenen grupta, diger illerdeki turizm is yerlerine kiyasla
yiizde 2 civarinda azalmistir. Istanbul'da faaliyet gosteren is yerlerinin etkilenen
gruptan ¢ikarilmasi sonuglari ¢ok fazla degistirmemektedir. Etkilenen grup turizm is
yerleri restoranlarla karsilastirildiginda kotlilesmenin daha keskin ve daha kalici
oldugu goriilmektedir. Etkilenen bdlgedeki bir turizm isletmesi tarafindan 6denen
ortalama reel giinliik {icret, diisiik sezon donemlerinde (1. ve 4. ¢eyrekler) ylizde 3-4
oraninda daha diisiiktiir. Ayrica, restoranlarin da dahil oldugu kontrol gruplarma (R,
RO, TORO) kiyasla hesaplanan negatif ayristirict etkinin 2018'den sonra artmasi
dikkat gekicidir.

Etkilenen ve etkilenmeyen bolgelerdeki turizm isyerleri tarafindan 6denen ortalama
aylik reel iicret 2016 yilinda farklilik géstermezken, 2017-2018 yillarinda etkilenen
bolgedeki turizm is yerleri i¢in yaklasik yiizde 1 daha diisiik olarak hesaplanmaktadir.
Istanbul, etkilenen grup érnekleminden ¢ikarildiginda, farklarin farki katsayilart sinirl
pozitif hale gelmekte ve diger turizm is yerlerine kiyasla etkilenen turizm is yerlerinde

ortalama aylik ticretlerde yaklasik ytizde 1'lik bir iyilesmeye isaret etmektedir.

Etkilenen bolgedeki turizm is yerlerinin 6dedigi ortalama aylik {icretlerdeki kotiilesme
kontrol grubu lokantalar oldugunda daha belirgindir ve lokantalara kiyasla yiizde 5
civarinda bir negatif ayristirici etki izlenmektedir. Ancak isyerleri i¢in temel uyarlama
kanalinin istihdam oldugu, ticret ayarlamasimin sinirh kaldig: dikkat gekmektedir. Bu

durumun nedeni asgari ticret artis1 olabilir.
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Bir is yerinin toplam aylik ticret 6demesi, aylik iicret seviyesine ve ¢alisan sayisina
baghdir. 2016 yilinda etkilenen bolgelerdeki turizm is yerlerinin toplam iicret
Odemeleri, diger illerdeki turizm is yerlerine kiyasla yaklasik yiizde 12 daha disiiktiir
ve olumsuz fark etkisi daha sonra kademeli olarak azalmistir. Lokantalara kiyasla 2016
yilinda, etkilenen bolgedeki turizm is yerlerinin iicret faturas1 yiizde 17-20 (Istanbul

firmalar1 hari¢ tutuldugunda yiizde 25) daha diistiktiir.

Sunulan bu tahmini degerler, etkilenen illerdeki turizm is yerleri grubundaki ortalama
etki olarak yorumlanmalidir. Ancak, sokun farklilastiric1 etkisinin iller arasinda
homojen olmayabilecegi not edilmelidir. Ayn1 ildeki farkli ilgeler farkli Rus turist
yogunlugu oranlarina sahip olabilir ve bu da farklilastirici etkinin ayni ilin ilgeleri
arasinda farklilik gostermesine neden olabilir. Firmalar icin ilge bilgileri mevcuttur
ancak Rus turist sayisinin ilgeler arasindaki dagilimi yaymlanmamaktadir. Verideki bu

kisitlar nedeniyle bdyle bir heterojen etkinin olup olmadig test edilememistir.

Sokun Turizm Sektoérine Etkisi: Calisan Bazh Analiz

Turizm sektorii istihdam yaratma kapasitesi yliksek bir sektor olup Tiirkiye’deki
toplam hizmet istihdaminin yaklasik yiizde 9’unu turizm sektorii olusturmaktadir. Bu
nedenle Rusya ile yasanan sok sonrasinda etkilenen genis bir calisan grubu
bulunmaktadir. Ozellikle sektdrde uzun siireli calisan isciler {izerindeki etkinin
anlasilmasi, sonrasinda benzer soklarla karsilasildiginda istihdami korumak ve
toparlanmay1 hizlandirmak i¢in tasarlanacak politikalara da yol gosterici olacaktir.
Tezin dgtncl bolumi, politik sokun ¢alisan diizeyindeki etkilerine odaklanmaktadir.
Ugak diisiirme krizinin yasandigi donemden Onceki li¢ senede (yani 2013 ve 2015
yillar1 arasinda) en az dokuz donem boyunca ayni turizm is yerinde ¢alismis olan uzun
donemli is¢ilerin, krizden nasil etkilendiklerinin ortaya konmasi amaglanmaktadir. Bu
boliimde yer alan gozlem ve analizler, GBS verilerine dayanmaktadir. GBS’de, Sosyal
Giivenlik Kurumu (SGK) kayitlarindan olusturulmus 2012-2020 dénemindeki her yil
icin detayli ¢alisan verisi bulunmaktadir. Bu veri 2019’a kadar g¢eyreklik bazdayken
2020 yilindan itibaren aylik frekanstadir. Trkiye ekonomisinin finansal olmayan ve

Ozel sektorlerindeki tim kayitli ¢alisanlar1 kapsamaktadir.
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Her yil i¢in sigortal1 ve kayith olarak kamu kuruluslar1 ve finansal sektor disindaki is
yerlerinde ¢alisan tiim iscilerin bilgileri yer almaktadir. Idari bir veri seti oldugu i¢in
kayit dis1 ¢alisanlara iligskin bilgi igermemektedir. Veri seti, is¢ilerin ayirt edici kimlik
kodlari, gunluk ve aylik tcretleri, calistiklart giin sayisi, cinsiyetleri ve yaslar ile
calistiklar1 isyeri ve firmanin kimlikleri hakkinda bilgi saglamaktadir. Veriler, iscilerin
ii¢ aylik kazanc¢larinin ve istihdam durumlarmin yaklagik 10 yillik bir zaman dilimi
boyunca izlenmesine olanak saglamaktadir. Ucret verileri, vergi yikimliliklerini
hesaplamak i¢in kullanilan firma raporlarina dayanmaktadir ve bu nedenle 6l¢iim
hatasindan arindirilmis olmasi beklenmektedir. Ayrica firma tanimlayici numaralari
aracilifryla SGK veri setini firmalarin bilango verileri ile iligskilendirmek miimkiindiir.
Bu da analizlerde kisilerin ¢alistiklart firmalarin yasi, buyuklikleri, 4 haneli sektor
kodu ve faaliyet gosterilen il gibi firma Ozelliklerinin kontrol edilebilmesine olanak

saglamaktadir.

Analizlerde kullanmak tizere 2012-2020 dénemini kapsayan birebir eslesmis firma ve
calisan verisi hazirlanmistir. Bunun igin 6ncelikle "Konaklama™ sektoriinde faaliyet
gosteren turizm firmalar1 tespit edilmistir. Daha sonra her yil i¢in, ilgili yilin SGK
istthdam verilerini kullanarak bu turizm firmalarinda kayith calisanlar belirlenmistir.
Bu sekilde, 6rneklem donemindeki her y1l i¢in bir turizm firmasinda (bir giin bile olsa)
calismis olan tiim is¢iler verisetine dahil edilmistir. SGK verileri bire bir eslesmis
degildir, yani ayni c¢eyrek icin birden fazla firmada kayith olan caligsanlar
olabilmektedir. Her yilin ¢alisan verilerinde, bu tiir gézlemler toplam goézlemlerin
yaklagik yiizde 10'unu olusturmaktadir. Her ¢eyrekte bir isciye tek bir firma atamak
icin su prosediir izlenmistir: Ilk olarak, is¢i bu birden fazla firma arasinda en uzun siire
calistig1 firmayla eslestirilmistir. Ancak bir esitlik durumu s6z konusuysa (yani bir is¢i
ayni ¢eyrekte birden fazla firmada esit sayida giin ¢alismis olarak kayitliysa), ilk olarak
15 giinden kisa olan esitlik durumlar1 érneklemden atilmistir. Ornegin, bir is¢i ayn
ceyrekte 2 farkli firmada 11 giin caligmis olarak kayitliysa bu goOzlemler
diisiiriilmiustiir. Bu sekilde esitlik olan gozlemlerin yiizde 60" temizlenmistir. 14'ten
uzun c¢aligma giinii olan esitlik durumlarinda (6rnegin calisan ayni ceyrekte iki ayri
firmada 15 giin ¢alismis goriiniiyor ise), is¢i bir dnceki ¢eyrekte veya bir sonraki

ceyrekte calistigi firmayla eslestirilmistir.
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Bu ikisi de saglanamiyorsa esit giin ¢alistigi firmalardan herhangi biriyle rastgele
eslestirilmistir. Bu veri temizleme prosediriinden sonra, 2012-2020 ddnemini
kapsayan turizm sektoru icin birebir eslesmis isveren ¢alisan veri seti elde edilmistir.
Turizm sektoriine iligkin bu veri seti 1.780.090 is¢i ve 862.859 firma igin 26.669.665
gozlem icermektedir. Calisanlarin c¢ogunlugu "oteller ve benzeri konaklama
hizmetlerinde” (alt sektér kodu: 5510) istihdam edilmektedir. Sektérde mevsimlik
caligma yaygindir. Isci sayisi turizmin yogun oldugu yaz donemlerinde, yani ikinci ve
ticlincii ¢eyreklerde artmaktadir. Ortalama olarak, ilk ve son ¢eyrekte calisan sayisi
680.000 civarindayken, ikinci ve flglincii c¢eyrekte 800.000'e yiikselmektedir.
Calisanlarin yas otalamasi 35'i gegmemektedir. Ancak kriz oncesi dénemde, yas
ortalamasinin 2. ve 3. geyreklerde 1. ¢eyrege kiyasla azaldigi bir oriintii dikkat
cekmektedir. Bu durum, turizm yiliksek sezon donemlerinde isgiicii piyasasina giren
mevsimlik iscilerin daha gen¢ olmasindan kaynaklaniyor olabilir. Tiirkiye'de
kadmlarin isgiiciine katilim ve istihdam oranlar1 oldukca diisiiktiir. 2013-2015
doneminde kadinlarin toplam istihdam oran1 Turkiye genelinde yiizde 30 civarindadir.
Benzer bir goriintl turizm sektord 6rnekleminde de gozlenmektedir, dyle ki 6rneklem
donemi boyunca kadinlarin ortalama payr 0,22 ile 0,27 arasinda degismektedir.
Calisanlarin il bilgileri, ikinci boliimde belirtilen kaygilar nedeniyle calistiklar is
yerinin ili olarak se¢ilmistir. Turizm sektdriinde en fazla ¢alisan olan ilk yedi il

Istanbul Antalya, Ankara, Mugla, izmir, Bursa ve Aydin’dur.

Bu tezde esas ilgi odagimiz, kriz sirasinda istikrarli bir ige sahip olan uzun siireli
calisanlardir. Uzun siireli calisanlar, 2013-2015 doneminde (yani sok yil1 da dahil
olmak tizere onceki 3 yilda) ayni is yerinde en az 9 c¢eyrektir calisan kisiler olarak
belirlenmistir. Veri setinde, 2013-2015 doneminde turizm sektdriinde faaliyet gosteren
1.173.158 ¢alisan bulunmaktadir. Bunlarin sadece 70.103°i (ylizde 8,6's1) uzun sireli
calismaktadir. Bu da turizm sektérinde c¢alisanlarin gogunlugunun mevsimlik

oldugunu ya da sik sik is degistirdiklerini géstermektedir.
Uzun siireli ¢alisanlarda, yas ortalamasi, ¢alisilan giin sayilari ve kadin ¢aligsan orant

tim Orneklem ortalamasinin Ustlindedir. Ayrica uzun siireli calisanlarin glinliik

Ucretleri de hem sok 6ncesi hem sok sonras1 donemde diger ¢alisanlarin tizerindedir.
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Ucretler ve ¢alisma uzunlugu arasindaki bu pozitif iliskinin, ¢alisanlarin is basinda
egitim yoluyla kazandigi  becerilerin  {icretlerine  yansimasi  olabilecegi
diistintilmektedir. Ancak uzun siireli ¢alisanlar ile 6rneklem genelindeki nominal
licretler arasindaki bu farkin 2016 yilinda azaldig1 goriilmektedir. Ucret farkindaki bu
azalma biyuk olcide uzun siireli olmayan galisan ciiretlerindeki yiiksek artistan
kaynaklanmistir. Bu durumun Ocak 2016'da asgari ticrete yapilan yiizde 30'luk artisla
ilgili oldugu diisiiniilmektedir. Orneklemimizdeki iscilerin daha biiyiik bir kisminin
asgari Ucretli olmasi ve asgari ticretteki yiizde 30'luk resmi artisin tim orneklemin
medyan licretini yukari ¢ekmesi bu gelismeyi siiriiklemis olabilir. Asgari Ucretin
tizerinde kazanan uzun siireli ¢alisanlardaki ticret artisinin yizde 30’dan daha diisiik
gerceklesmesiyle birlikte, bu gelisme uzun siireli ¢alisanlar ile digerleri arasindaki

ticret farkinin kriz sonrasi donemde azalmasina yol agmis olabilir.

Turizm sektoriindeki uzun siireli calisanlar1 2016-2018 doéneminde kriz sonrasi
istihdam durumlarina gore siniflayarak bu gruplarin kriz sonrasi dénemdeki ticretleri
kiyaslanmaktadir. Boylece sok oOncesindeki is yerinde kalanlara kiyasla isini
kaybedenlerin veya calistiklar1 is yerini, sektori degistirenlerin Ucretlerinin nasil
farklilastiklar1 degerlendirilebilecektir. Uzun sireli ¢alisanlari gruplandirmak igin
"statii" adinda bir gosterge kukla degiskeni kullanilmaktadir. Statii degiskeni 8 farkli
deger almaktadir: 10, 11, 12, 13, 20, 21, 22, 23. Ilk rakam 2016'da issiz kalinan siireye
gore degigsmektedir. Eger 2016'da calisilmayan siire sifir ise ilk hane 1 (statii=1x), aksi
takdirde 2'dir. Diger bir deyisle, bir is¢iye [10, 13] araliginda bir statii degeri atanmasi,
bu is¢inin 2016 yilinda 4 ¢eyrek boyunca calistigini gosterir; [20, 23] degerleri ise
2016 yilinda en az bir ¢eyrek boyunca issiz kalan iscilere verilir. Statli degerinin ikinci
hanesi 2017-2018 donemindeki istihdam durumuna gore belirlenmektedir. Eger ikinci
hane 0 ise (statii=10 veya 20) bu g¢alisanin 2017-2018 doneminde 3 geyrekten az
calistig1 anlamina gelir ve bu donemde issiz kalmis olarak degerlendirilir. Daha sonra,
2017-2018 doneminde en az 3 ¢eyrek ¢alismis olan isgiler, hangi is yeri ve sektérde
calistiklarina gore ayrilmaktadir. 12 ve 22 degeri alan statii gruplart 2017-2018'de
farkli bir is yerinde ¢aligildigin1 gosterirken 13 ve 23 degerleri sektor degistirildigini
gOstermektedir. 11 ve 21 stati gruplar ise 2017-2018°de sok oncesindekiyle ayni is

yerinde c¢aligilanlar1 kapsamaktadir.
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Bu smiflandirmadan sonra, uzun sireli ¢alisanlarin ¢ogunlugunun (yiizde 77,4) 2016
yilinda da tamamen ¢alistigi gorilmektedir. Bu durum firmalarin uzun siireli ¢alisan
iscilerini koruma (hoarding) giidiilerini yansitiyor olabilir. 2016 yilinda istihdamda
kalan iscilerin biiyiik kisminin (yizde 76,8) sok oncesi is yerinde galismaya devam
ettigi de bir diger onemli gézlemdir. 2016 yilinda isini kaybetmeyen uzun siireli
calisanlarda firma ve sektor degisimlerinin yaygin olmadigi gortlmektedir. Buna
karsin, 2016 yilinda en az bir ¢eyrek issiz kalan uzun siireli ¢alisanlarin 2017-2018
doneminde hem issiz kalanlarin (yiizde 34,8) hem de firma (ylzde 26,6) veya sektor
degistirenlerin (yuzde 25,5) oranlar1 daha yiiksektir. Krizin ilk yili olan 2016'da isini
kaybeden ¢alisanlarda, 2017 ve sonrasinda issiz kalma orani da yiksektir. Tam tersine,
2016'da isini koruyanlar (dort ¢eyrek boyu c¢alisanlar) arasinda sonraki yillarda da
istihdam edilme oran1 yikselmektedir.

Statl-12 grubundaki (2016’da dort donem ¢alisan, 2017-218’de baska bir turizm
firmasina gecen) ¢alisanlarin hem sok 6ncesi hem sok sonrasi iicretleri daha yiiksektir.
Buna kars1 2016°da issiz kaldiktan sonra 2017-2018’de firma degistirmis olanlarin
ortalama goreli Ucretleri ise sok sonrasinda bozulmustur. Benzer sekilde 2017-2018
doneminde sektor degistirenler arasinda 2016’da issiz kalanlarin (statii-23),
kalmayanlara (statii-13) kiyasla goreli {icretleri kotiilesmistir. Bu gézlemler, 2017-
2018 donemindeki ticretlerde 2016 yilinda issiz kalinip kalinmadiginin olduk¢a 6nemli
olduguna isaret etmektedir. Ayrica is degistirme yazininda iradesi disinda isini
kaybeden calisanlarin tekrar ise basladiklarinda aldiklar {icret {izerinde issiz kalma

stirelerinin oldukga belirleyici oldugu yoniindeki bulgularla da uyumludur.

Verideki bu gozlemleri test edebilmek i¢in calisan bazinda sabit etki tahminleri
yapilmistir. Igsiz kalan, firma veya sektor degistiren ya da il degistiren uzun sureli
calisanlarin 2015 sonrasi ortalama Ucretlerinin firma veya sektor degistirmeyen diger
uzun siireli ¢alisanlara kiyasla nasil degistigi incelenmistir. Bagimli degisken olarak
logaritmik formda gunlik nominal cretin kullanildigi bu denklemlerde galisilan il,
zaman ve kisi bazli sabit etkiler kontrol edilmektedir. Sok 6ncesi ¢aligtig is yerini
degistiren uzun siireli ¢alisanlarin {icretlerinin degistirmeyenlere kiyasla ortalamada

yiizde 1,7 daha diisiik oldugu bulunmaktadir.
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Bu etki, calisan etkilenen bir ildeyse yuzde 2,7'ye yukselmektedir. Sektor degistiren
uzun stireli ¢alisanlarin iicretlerinin ise turizmde calismaya devam edenlere kiyasla
ortalamada yilizde 10,8 daha diisiik oldugu tahmin edilmektedir. Ayni analizler
caligilan giin ve aylik nominal {icret i¢in de yapilmistir. Sonuglara gore firma degistiren
uzun stireli ¢alisanlarda, ¢alisilan giin sayis1 ortalama yiizde 3 daha disiiktiir. Sektor
degistirenlerde ise bu deger yuzde -7 civarindadir. Firma veya sektor degistiren uzun
sureli iscilerin 2016-2019 donemindeki glnluk Gcretleri de galisilan giin sayilar da
daha diisiiktiir. Sonug olarak, firma (sektor) degistiren is¢ilerin aylik kazanglar1 yiizde
4,7 (yuzde 16,5) daha diisiiktiir ve bu oran etkilenen bolgelerde yiizde 5,7'ye (ylzde
20,5) vyikselmektedir. Sektor degistiren iscilerin aylik kazanglarinin firma
degistirenlere kiyasla daha fazla olmasi yazinla uyumlu bir bulgudur. Ayrica 2016
yilinda igsiz kalip da firma/sektor degistirenlerin iicretleri 2016 yilinda igsiz kalmayip
firma/sektor degistirenlere kiyasla da daha disiiktiir. Bu da issiz kalma stresinin

iicretler lizerinde ilave bir olumsuz etkisi olduguna isaret etmektedir.

Bu boliimdeki ampirik analizlerin bir diger amaci da 2015 sonras1 donemde, politik
sokun uzun stireli bir calisanin giinliik veya aylik reel {icret ile ¢alisilan giin uzunlugu
Uzerindeki farklilastiric1 etkisini 6lgmektir. Bu amagla ikinci boliimde oldugu gibi
farklarin farki yontemi kullanilmaktadir. Tanimlama stratejisi de ayni sekilde RTY
oranina dayanmaktadir. Buna gore etkilenen (RTY degeri>10 olan) illerdeki uzun
sureli turizm calisanlari etkilenen grup (TT) olarak secilmistir. Ayrica Istanbul ilinde
calisanlarin diger etkilenen illerdeki c¢alisanlardan farkli davranmislar izlediklerine
yonelik gdzlemlerimiz nedeniyle Istanbul’u diglayan etkilenen illerdeki turizm
caliganlar1 (TT2) da ikinci bir etkilenen grup olarak analizlerde yer almistir. Kontrol
grubu da yine ikinci bolimdekiyle ayni sekilde belirlenmistir. Lokantalarda (R),
etkilenmeyen bolgedeki lokantalarda (RO), etkilenmeyen illerdeki turizm sektdriinde
(TO), etkilenmeyen bolgedeki turizm veya lokanta sektoriinde (TORO) c¢alisanlara
kiyasla etkilenen grubun emek piyasa gostergeleri incelenmistir. TUm 6rneklemde
paralel egilim varsayiminin dogrulanamamasi nedeniyle, tahminlerde kabalastirilmig
tam eslestirme (CEM) yontemiyle eslestirilmis c¢alisan 6rneklemi kullanilmustir.
Eslestirme kriterleri, 2015 yili ikinci geyreginde g¢alisanlarin yaslari, cinsiyetleri ile

caligtiklar1 firmanin biiylikliigli ve yasi iizerinden belirlenmistir.
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Eslestirilen orneklemde calisilan giiniin bagimli degisken oldugu durumda tiim
lokantalarin kiyaslama grubu oldugu analizler disindakilerde paralel egilim varsayimi
bu sekilde dogrulanabilmistir. Ancak gilinliik veya aylik reel iicretlerde eslestirme
sonrasinda da testler ile paralel egilim varsayimi1 dogrulanamamistir. Fakat bu analizde
oldugu gibi gozlem sayisinin fazla oldugu durumlarda testlerin katsayilar1 anlamh
cikarma gii¢lerinin yliksek oldugu yazinda vurgulanmaktadir. Nitekim iicret degiskeni
icin paralel egilim varsayiminin dogrulanabildigi tek senaryo grubu Istanbul digindaki
etkilenen iller ve etkilenmeyen illerin karsilastirildigi durumdur. Bu senaryo ayni
zamanda gozlem sayisinin en diisiik oldugu karsilastirma durumudur. Bu nedenle
paralel egilimi reddeden test sonuglarinda gozlem sayisinin etkili oldugu
diistintilmektedir. Boyle durumlar i¢in dnerilen sinama yontemi, denklemlere dogrusal
trend terimi eklendiginde ve eklenmediginde tahmin edilen farklarin-fark:
katsayilarinin  karsilagtirilmasidir.  Analiz sonuglart bu iki durum igin Ucret
degiskenlerinde Kkarsilagtirildiginda katsayr tahminlerinin oldukga yakin oldugu
gorilmektedir. Bu da etkilenen ve kontrol grup calisanlarindaki Ucretlerde paralel
egilimin dogrulanmayisinin ampirik sonuglar i¢in sorun teskil etmedigi sonucuna

isaret etmektedir.

Sok, etkilenen grubun reel giinliik Gicretlerinde tiim kontrol gruplarindakilere kiyasla
bir kotillesmeye yol agmustir. Farklilagtirict negatif etki, en giligli 2016 yilinda
g6zlenmis, sonrasinda kademeli olarak azalmakla birlikte 2018'in ilk yarisina kadar
devam etmistir. TUm lokantalardaki veya etkilenmemis bolgedeki lokantalardaki
calisanlarla karsilastirildiginda da sonucglar benzerdir. Yiyecek/icecek hizmet
sektoriindeki uzun sureli ¢alisanlarla (R ve RO) karsilastirildiginda, etkilenen is¢i
grubunun gunlik reel iicreti baslangicta yiizde 8 oraninda azalmistir. 2017'nin ikinci
ceyreginde, farklilastirici olumsuz etki yizde -3 seviyelerine gerilemistir. Etkilenen
bolge calisanlarinin licretlerindeki olumsuz ayrigsma, etkilenmeyen (TO) bolgede yer
alan diger turizm firmalarindaki uzun sureli ¢alisanlara kiyasla (en fazla yaklagik
ylzde -4) daha smirli olmustur. Turizm sektdriinde Istanbul disindaki etkilenen
illerdeki (TT2) ve etkilenmeyen illerdeki (TO) calisanlar karsilagtirildiginda reel
gunlik tcretler tGzerindeki negatif etkinin (en fazla yaklasik yiizde -6) bir miktar daha

giiclii oldugu dikkat ¢ekmektedir.
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Etkilenen gruptaki isgilerin reel giinliik tcretlerindeki kotiilesme, etkilenmeyen
bolgedeki lokantalarda (RO) veya turizm ve lokanta sektdrlerinde (TORO) ¢alisan
iscilerle kiyaslandiginda daha belirgindir. Baslangigta etkilenen grupta gunlik Ucret
yiizde 12 oraninda daha diisikk olmus ve etki daha uzun sure kalici olmustur. Bu
kalicilik, isten ¢ikma yazinindaki iradeleri disinda issiz kalan ¢alisanlarin yasadigi

belirgin ve kalic1 kazang kayiplar1 bulgusuyla uyumludur.

Etkilenen gruptaki uzun siireli ¢alisanlarin galisilan giin sayilarinda en fazla yiizde
2’ye ulasan smirli ve kisa siireli bir kotilesme goézlemlenmistir. Tiim kontrol
gruplarina kiyasla, etkilenen (TT) grupta ¢alisilan giin sayisi tizerinde gorilen negatif
etki 2017 yili itibartyla ortadan kalkmistir. Turizm sektoriindeki mevsimsellik
nedeniyle farklilastirict etki 1. ve 4. ceyreklerde daha belirgin hale gelmektedir.
Etkilenen calisan grubundan Istanbul’da calisanlar dislandiginda (TT2), Aylik
ticretlerdeki hareket, giinliik iicretlerdeki ve c¢aligilan gilinlerin uzunlugundaki
degisiklikleri yansitmaktadir. Caligma siiresi iizerindeki etki kiiciik ve kisa siireli
oldugundan, giinliik ve aylik reel iicretler iizerinde Olciilen farklilastirict etkiler
benzerdir. Sok, etkilenen turizm firmalarindaki uzun sireli ¢alisanlarin aylik reel
kazanglarinin kontrol grubundaki c¢alisanlara kiyasla olumsuz ayrismasina yol
agcmustir. Olumsuz etki, soktan sonraki ilk y1l daha giiglii olmus ve daha sonra kademeli

olarak azalmistir.

Etkilenmeyen illerdeki turizm sektdrindeki ¢alisanlarla karsilastirildiginda, etkilenen
gruptaki (Antalya, Istanbul, Mugla, Edirne, Kirklareli, Artvin ve Ardahan) calisanlarin
aylik ticretlerinin baslangicta ylizde 6 oraninda azaldigi ve 2017'nin ikinci ¢eyreginde
etkinin ylzde 2,6’ya geriledigi tahmin edilmektedir. 2018'in ilk yaris1 itibariyla da
negatif farklilastiric1 etkinin ortadan kalktig1 gériilmektedir. Ancak Istanbul
haricindeki etkilenen illerdeki turizm galisanlarini (TT2) etkilenmeyen illerdeki turizm
caligsanlariyla (TO) karsilagtirdigimizda, olumsuz etkinin ilk yi1lda daha gii¢lii oldugu
goriilmektedir. TT2 etkilenen grubunda reel aylik ticretler 2016 yili ikinci ¢eyreginde
diger illerdeki turizm c¢alisanlarina kiyasla yiizde 8 daha asagidadir. Bu durum
Istanbul’da giinliik ve aylik iicretlerin diger etkilenen illerdekine kiyasla yiiksek

olmasiyla da ilintili olabilir.
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Son olarak il gruplar1 bazinda hesaplanan bu ortalama farklilastiric1 etkinin il
genelinde homojen olmayabilecegi uyarisi tekrar not edilmelidir. Ayni ildeki farkli
ilcelerde turizm sektoriiniin ve Rus turist sayisinin degismesinin, soka karsi
kirilganligin ve sokun etkisinin bu iki ilge arasinda farklilasmasina neden olabilecegi

belirtilmelidir.

Sokun Turizm dis1 Sektorlere Ticaret Aglar1 Kanahyla Yayilmasi

Belirli bir mal veya hizmetin tiretimi, farkli sektorlerden farkli firmalarin dahil oldugu
karmagik bir iiretim yapisi icerisinde gergeklesir. Bu nedenle tedarik zincirinin bir
noktasini etkileyen bir sok, bu ticaret baglantilar1 araciligiyla tiim iiretim siirecini
etkileyebilir. Uretim baglantilarinin Kurulmasi firmalar agisindan zaman alan maliyetli
bir surectir. Bu nedenle, bir firmanin (girdi satin aldigi) tedarikgisine veya (lrln
satt1g1) miisterisine gelen bir sok, soktan dogrudan etkilenmemis olsa bile o firmay1 da
etkileyecektir. Bu etkinin kisa donemde alternatif tedarikgilerle veya miisterilerle yeni
tiretim baglantilart hemen kurulamadigi i¢in daha gii¢lii olmasi beklenir. Tedarikgi bir
firmanin iiretimini etkileyen bir sok oldugunda, bu durum kendisinden girdi satin alan
firmalar1 da etkileyebilir. Bu, asag1 yonli (tedarik¢iden miisteriye dogru) yayilma
mekanizmasi olarak adlandirilir. Benzer sekilde, bir firmanin miisterisine gelen bir
sok, o firmanin ¢iktisina yonelik talebi etkileyecek ve dolayisiyla tiretim planlarinin
gbzden gecirilmesini gerektirebilecektir. Bu da yukari yonlii (yani misteriden
tedarikciye dogru) yayilimdir.

Mikro soklarin makro diizeyde dalgalanmalar ve is gevrimleri tizerindeki rolii ve firma
baglantilarinin soklarin aktarimi {izerindeki rolii kiiresel finansal krizden sonra daha
fazla ilgi gérmeye baslamistir. Buna ilgiye paralel olarak iiretim aglar1 yazini da
biliylimiistiir. Yazindaki ilk ilerleme, soklarin firmalar arasi yayilimini genel denge
modelleri araciligiyla teorik olarak gostermeye c¢alisan ¢alismalar tizerinden olmustur.
Firma baglantilar1 izerinden soklarin yayilmasini1 ampirik olarak inceleyen ¢alismalar
ise daha geriden gelmistir. Ampirik ¢aligmalarin daha az olmasimnin nedeni, “digsal
mikro soklarin” tanimlanmasindaki ve bunlarin ekonomi geneline yayilmasinin

izlenmesindeki gucliklerdir.
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Ancak bu tur mikro-dizey soklarin 6rnekleri biriktikge ve firmalar arasi islemleri
iceren veri setlerinin (kiiresel 6lg¢ekte bile) kullanilabilir hale gelmesiyle, soklarin
yayilmasinda girdi-¢ikt1 baglantilarinin 6nemine dair ampirik kanitlar sunan ¢alisma
sayisi da artmaya baslamistir. Bu c¢alismalarda temel tanimlama stratejisi olarak
siklikla dogal afetler kullanilmaktadir. Dogal afetler, az sayida firmay1 etkileyen,
digsal, beklenmedik biiyiik soklardir. Bu yonleriyle de ampirik olarak analiz edilmeye
uygundur. Bu boélimdeki analizler literatlriin bu alanina katkida bulunmakta ve
sektore O0zgu beklenmedik bir sokun firmalar arasindaki girdi-¢ikt1 baglantilart

araciligiyla diger sektorlere yayilmasini analiz etmektedir.

Bu bolum, turizm sektoriint etkileyen Turkiye-Rusya arasindaki politik sokun, firma
baglantilar1 yoluyla turizm dis1 sektorlere nasil aktarildigint anlamay1 amaglamaktadir.
Sok o6ncesi donemde turizm firmalarinin miisterisi veya tedarikg¢isi olan turizm disi
sektorlerdeki firmalara, sokun yayilima boyutu degerlendirilmektedir. Bu amagla yine
idari kayitlardan derlenen firmalar arasi islem verisi kullanilmaktadir. Bu veriler
Maliye Bakanligina bildirilen faturalara dayanmaktadir. Her firma, alicilarinin ve
tedarikcilerinin tam listesini ve bir esik degerin (5.000 TL) tizerindeki her bir islemin
tutarin1  bildirmektedir. Bu bilgiler katma deger vergisi (KDV) amaglari igin
derlenmektedir. Bu veriler, ortak firma tanimlayicilar araciligiyla Tiirkiye’deki tim
firmalar1 kapsayan bilango ve gelir tablolar1 ile birlestirilmektedir. Nihai birlestirilmis
veriler firma tanimlayic1 kimlik numarasini, tim bilango degiskenlerini (satislar,
karlar, banka kredileri, d6zkaynak vb.), 4 haneli sektor kodunu (NACE4), calisan

sayisini, kurulus tarihini ve firmanin ilini icermektedir.

Bir sokun dolayli etkilerini 6l¢gmek i¢in bir maruziyet degiskeni olusturulmasi
literatiirde siklikla kullanilmaktadir. Ornegin bir dogal afetin etkilerinin afet bolgesi
disindaki firmalara yayilimimi 6lgmek i¢in, tanimlama su degisken aracilifiyla
yapilabilir: Afetten dogrudan etkilenmemis ancak Oncesinde afetin gerceklestigi
bolgede faaliyet gosteren etkilenen bir firmanin tedarik¢isi veya miisterisi olan
firmalar igin bir degeri alan kukla degisken analizlerde kullanilabilir. Ornegin bir
firmanin Japonya'daki depreme maruz kalma dizeyini temsilen, depremden 6énceki

sene Japon ithal girdilerinin maliyet i¢cindeki pay1 kullanilabilmektedir.
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Bu caligmadaki tanimlama stratejisi de benzer bir fikre dayanmaktadir. 2015 yilindaki
firmadan firmaya islem verileri kullanilarak firma diizeyinde soka maruz kalma
degiskeni olusturulmaktadir. Sokun yukari yonlii yayilimimi temsilen 2015 yilinda
turizm sektorii disindaki bir firmanin turizm sektoriine yaptigi satiglarin toplam yillik
satiglarina oran1 (yukar: yayilim, kisaca yy) kullanilmaktadir. Bu degisken turizm
firmalarmin tedarikgisi olan sektor disi firmalarin soktan etkilenme derecesini 6l¢gmek
amaciyla olusturulmustur. Diger yandan sektorel sokun asagi yonli yayilimin
temsilen 2015 yilinda turizm sektorii disindaki bir firmanin turizm sektoriinden yaptigi
alimlarin toplam yillik alimlarina orani (asag: yayilim, kisaca ay) kullanilmaktadir. Bu
degisken soktan dogrudan etkilenmis turizm firmalarinin miisterisi olan sektor dist
firmalarin soktan ne derece etkilendigini 6lgmek ic¢in olusturulmustur. Maruziyet
degiskenleri (“yy” ve “ay”) turizm dis1 sektordeki her bir firma i¢in hesaplanmakta ve
turizm firmalartyla yaptiklari islemlerin kriz oncesi (yani 2015 yili) degerine

dayanmaktadir.

2015 yil1 aylik firmadan firmaya islem veriseti, 852.214 alic1 firma ve 2.628.295 satict
firmaya ait 43.967.089 gozlem icermektedir. 2015 yilinda bir turizm firmasinin alict
veya satict olarak dahil oldugu islem sayist 830.672'dir. “ay” oran1 65.044 g6zlem igin,
“yy” orani ise 62.560 gozlem icin pozitiftir. Bu gozlem turizm sektoriyle ticari
iligkileri olan firma sayisinin gérece az oldugunu ima etmektedir. Turizm ile ticari
iliskileri en giiglii olan sektorler yikama, kuru temizleme, kuaforliik faaliyetlerini de
iceren 96 kodlu “diger kisisel hizmet faaliyetleri” ile 79 kodlu “Seyahat acentesi, tur

operatoru rezervasyon hizmeti ve ilgili faaliyetler” sektorleridir.

2015'teki politik soktan dogrudan etkilenen turizm firmalar1 ile ticari iligkilere sahip
olmanin turizm sektorii disindaki firmalarin 2015 sonras1 donemdeki performanslar
tizerinde bir etkisi olup olmadig1 incelenmektedir. Bir baska deyisle pozitif “ay” ve
“yy” oranlarma sahip olan firmalarin 2016 yili satis ve toplam g¢alisan sayilarindaki
yillik degisimin, kriz 0ncesinde turizmle ticari iliskisi olmayan firmalara kiyasla nasil
farklilastigi tahmin edilmektedir. Firma-diizeyinde yapilan tahminlerde sektor, il,
sektor-bolge sabit etkileri ile firmalarin 2014 yilina ait 6zellikleri (firma yas1 ve ¢alisan

say1si, bor¢lanma orani, kredi kullanimi gibi) de kontrol edilmektedir.
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2016 yil1 icin yapilan tahminler negatif ve anlamli yayilim etkilerinin olduguna isaret
etmektedir. Kriz 6ncesi donemde turizm firmalarmin tedarik¢isi olan -sektor disi-
firmalarin 2016 yilindaki satis biiylimeleri, turizm sektdriine hi¢ satis yapmayan
firmalara kiyasla ortalama 8,0 yiizde puan daha diisliktiir. Buna karsin turizm
sektoriinden hizmet satin alan miisteri bir firmanin (turizm sektoriinden hi¢ alim
yapmayan firmalara kiyasla) satis degisimi 7,2 yiizde puan daha diisiiktiir. 2015
yilindaki satig verilerini ve sektorlerin katma degerlerini dikkate alan bir
hesaplamayla, turizm firmalariyla ticari baglantilari olan diger sektorlerin
satislarindaki diisiisiin 2016 biiyiimesine 0,5 puan negatif etki yaptigi bulunmaktadir.
Bagimli degiskenin istihdam degisimi oldugu regresyon sonuglari ise turizm
firmasinin tedarikgisi firmalarda ylzde 2,2 puan, turizm sektéri miisterilerinde ise
yiizde 1,1 puan daha diislik istihdam degisimi oldugunu gostermektedir. Turizm
sektorili imalat sektorii gibi bir merkez sektor degildir ve turizm firmalariyla yapilan
ticaretin payt smirlidir. Buna ragmen, kii¢iikk de olsa anlamli yayilim etkilerinin

bulunmasi sektorel soklarin yayilimina dair 6nemli bir bulgu olarak diistiniilmelidir.

Tezde yer alan analizlerle 2015 yilinda yaganan politik sokun turizm sektoriine etkileri
isyerleri ve calisanlar diizeyinde ele alinmis ve turizm dis1 sektorlere ticari iligkileri
araciliglyla yansiyan boyutuna dair incelemeler yapilmistir. Boylece sokun Tiirkiye
ekonomisi iizerindeki etkilerine dair biitlinleyici bir analiz sunulmaktadir. Bu analizler,
politik sokun ve turizm sektoriine yonelik kisitlamalarin etkilerine dair mikro diizeyde

yuriitiilen ilk ¢calisma olmasi nedeniyle 6nem tasimaktadir.
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