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ABSTRACT

ESSAYS ON UNEMPLOYMENT IN TURKEY

Tasc1, H. Mehmet
Ph.D., Department of Economics
Supervisor: Prof. Dr. Aysit Tansel

March 2005, 223 pages

In this study we examine the Turkish labor market by using the Household Labor
Force Survey data for the years 2000 and 2001. There are three main essays in this study. In
the first essay, the determinants of transitions between the labor market states of
employment, unemployment, and out-of-labor force are examined by using multinomial-
logit models. We observe from the transitions out of employment that workers with low
education and those working in the non-public sector have a higher risk of losing their job
than those with higher education and those working in the public sector. In the second
essay, grouped duration approach is used to find the determinants of unemployment
duration and test whether there is an evidence of duration dependence in unemployment. In
the third essay, we distinguish the first-time job-seekers from the other job-seekers, and
analyze the determinants of unemployment duration for these groups, separately. The last
two parts of this study shows the main characteristics of the short-term and long-term
unemployed people in Turkey. We find that individual and demographic characteristics as
well as local labor market conditions are important factors in explaining the duration of
unemployment for working-age groups. We observe that individuals with higher education
(i.e. graduated from a university) have shorter unemployment duration than those with
lower education (i.e. primary, middle and high school graduates). Our overall findings
(both from transition and duration applications) suggest that women are in the
disadvantaged position in the Turkish labor market. Further, regardless of gender
difference, we observe that labor market conditions are significant determinant of
transitions in the labor market. The same is also observed in the unemployment duration

part for all data as well as for both first-time and other job-seekers.

Keywords: Unemployment, Unemployment Duration, Transitions in the Labor Market.
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TURKIYE’DE ISSiZLiK UZERINE MAKALELER

Tasc1, H. Mehmet
Doktora, Ekonomi Bolimi
Tez Yoneticisi: Prof. Dr. Aysit Tansel

Mart 2005, 223 sayfa

Temel olarak ii¢ makalenin bulundugu bu c¢aliymada, Devlet Istatistik Enstitiisii niin
hazirladigi Hanehalk: Isgiicii Anketi’nin 2000 ve 2001 yillarina ait ham (mikro) veriler
kullanilarak Tiirk iggiicii piyasast analiz edilmeye ¢alisilmistir. Bu makalelerin birincisinde,
isglicli piyasasindaki gegisleri -0rnegin igsizlikten ise veya calisir durumdan issiz kalmaya-
belirleyen faktorler multinomial-logit teknigi kullanilarak tespit edilmeye calisilmustir.
Istihdamdan gegislere bakildiginda, genel olarak egitim diizeyi diisiik ve kamu disi
sektorlerde caliganlarm islerini kaybetme olasiligimin egitimli ve kamuda calisanlara gore
daha fazla oldugu gozlemlenmektedir. Calismanin ikinci makalesinde gruplandirilmis siire
(grouped duration) modelleri kullanilarak, Tirkiye’de igsizlik suresini belirleyen faktorler
iizerine bir uygulama yapilmistir. Ugiincii makalede ise, yine gruplandirilmis siire modelleri
kullanilmig, fakat bu uygulamada ilk-kez is arayanlar, diger is arayanlardan ayri sekilde ele
almmustir. Calismanin son iki boliimii kisisel, demografik ve bolgesel 6zelliklerin ¢aligma
yasindaki insanlarim igsizlik siirelerine olan etkilerini inceler, ve Tiirkiye’de kisa ve uzun
donemli igsizlerin genel ozelliklerini ortaya koyar. Uygulama sonuglarina gore, yiiksek
egitim (liniversite) diizeyine sahip kisilerin, daha diisiik egitim diizeylerine (lise ve alt1)
gore daha kisa igsizlik siiresine sahip olduklart goézlemlenmektedir. Hem isgiicli
piyasasindaki gecis hem de siire modellerinde gozlemlenen bir diger temel bulgu ise,
kadinlarin isgilicii piyasasinda bir dezavantaja sahip oldugu savini desteklemektedir. Bir
diger gozlem ise, isglicii piyasasindaki durumun, ki modellerde issizlik orani kullanilarak

temsil edilmistir, hem siire hem de ge¢is modellerinde 6nemli bir faktor oldugudur.

Anahtar Kelimeler: Issizlik, Issizlik Siiresi, Isgiicii Piyasasindaki Gegisler.
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CHAPTER 1

INTRODUCTION

1.1 Motivation and Aims of the Study

Most of the studies on labor market issues in developed as well as developing
countries mainly focus on the most serious and persistent problem of unemployment. Large
and growing literature on this subject reflects the importance of research in this area.
Bulutay (1996, p.231) states that “unemployment was everybody’s concern in the period of
the New Deal and in the era after the Second World War. It was seen as a major threat to
the health of the society and could not be tolerated”. Further, unemployment is seen as a
main indicator for a country’s economic performance. It is a problem not only for the
developing countries, but also for the developed countries. Moreover, unemployment varies
between countries, genders, age, occupation groups, industries, ethnic groups and races as
well as among the geographical regions of a country (Sinclair (1987) and Jackman and
Savouri (1990)). In most of the developing as well as developed countries the rate of
unemployment for women is larger than that for men. For instance, the average
unemployment level for the period of 1998-2001" is 8.5 percent in France, 7.6 percent in
Germany, 8.7 in Italy, with the average value of 7.9 percent in the European Monetary
Union (EMU), and 3.7 percent in the USA. The corresponding rates for women are 11.9
percent in France, 8.6 percent in Germany, 15.7 in Italy, with the average value of 11.6
percent in EMU countries, and 4.6 percent in the USA. For the transition economies the
same result holds for Poland with 15.2 and 18.5 percent, for Slovak Republic with 15.9 and
16.4 percent, for men and women, respectively. Similar observations are made in some of
the Latin American countries. For instance, unemployment rate is 11.9 and 14.3 percent in
Argentina, 7.2 and 11.6 percent in Brazil, 1.8 and 2.6 percent in Mexico, for men and

women, respectively (see World Bank, 2003).

!'Source: World development Indicators, 2003.



Most of the countries all over the world have a significant problem in absorbing the
new-comers into the labor market. This is an important policy concern for developed as
well as developing countries (see World Bank, 2003, p.53). The indicator for this result is
that unemployment level for youth (ages 15-24) in almost all countries in OECD is larger
than that for the country averages, or for the adults®. For example, unemployment rate for
the youth is 20.2 percent in France, 9.7 percent in Germany, 25.7 in Greece, with the
average value of 14.9 in the European Union (EU-15) countries in 2002. The same rates for
some of the transition countries are, for example 16.0 percent for Czech Republic, 37.4
percent for Slovak Republic and 43.9 for Poland in 2002 (see OECD, 2003). Additionally,
some of the occupation groups are most prone to unemployment. In general it is possible to
say that the unskilled individuals have higher unemployment levels than the skilled
individuals. Jackman and Savori (1990, p.142) and Layard et al. (1991) state that the rate of
unemployment for the semi-skilled and unskilled individuals is over four times larger than
for the professional and managerial workers in the UK and USA. A further observation is
that in some of the countries, some racial groups have larger unemployment rates than for
the native groups. For example, blacks in the USA have larger unemployment rates than
that for the white ones. It was 10.7 percent and 9.8 percent for the black men and women,
respectively in 2002. The same numbers for whites were 5.3 and 4.9 percentages for men
and women, in the same order in the same year (see BLS, 2004). Layard et al. (1991, p.5)
point out that some part of the above differences among the labor market groups may
originate from the dissimilarities in “social institutions”, as well as “wage bargaining

arrangements and/or shorter entitlements to benefits.”

Furthermore, unemployment and risk of unemployment, in addition to the
macroeconomic effects, have also considerable effects on the individuals, and their
relatives, as well as on the society. These effects may be either physical or psychological.
They, particularly, exist, if unemployment lasts long, and if an employed individual is
working in an unsatisfactory or an insecure job. In this respect, unsatisfactory or insecure
jobs, like unemployment, may have negative effects on those individuals. Only having a job
may not guard for the physical and/or psychological effects. These outcomes include the

loss of earnings and the deterioration of individuals’ skills and abilities (i.e. human capital

2 Source OECD (2003).



loss), and consequently the declining probability of receiving a new job offer since
employers may possibly use unemployment experience as a signal for productivity (Lynch,
1989, and Foley, 1997, Vishwanath, 1989). These effects also include the loss of
individuals’ motivation “necessary to engage in job-search” (Price et al., 2002, p.304) and
work, depression, poor health, divorce, alienation from society, drug addiction, crime, and

even suicide (Sinclair, 1987; Lynch, 1989; Bulutay, 1996; and Price et al., 2002).

In the light of the above explanations, to reduce these negative effects of
unemployment, it becomes an important policy issue to identify and examine the groups
that are at a greater risk of becoming unemployed, and determine the main characteristics of
the individuals who are in hazardous (risky) groups. This is the first aim (or first research
question) of this study. It may also be essential to find out the most important features of
individuals who have a higher probability of finding a job. Further, it is also useful to check
whether the state dependence effect of unemployment exists or not. Then, the other
research question is that does the length of unemployment period itself negatively affect the
probability of obtaining a job. If this is the case, i.e. we observe the negative duration
dependence, then preventing individuals from becoming long-term unemployed becomes

another important policy concern for the authorities.

Over the last three decades, a great number of theoretical as well as empirical studies
have been carried out to analyze dynamics of the labor markets. Two of the main
approaches used by most of the studies are the transitions in the labor market and duration
of unemployment. Such studies mainly come from the developed countries such as the
USA (Moffit (1985)) and the UK (Boheim and Taylor, 2000), and more recently on some
transition countries such as those on Russia by Foley (1997a,b) and by Grogan and van den
Berg (2001); on Slovakia by Lubyova and van Ours (1999). There are only a few studies on
developing countries, for example Galiani and Hopenhagen (2003) on Argentina, Serneels

(2001) on Ethiopia.

Turkey, as a developing country, experienced two major economic shocks over the
last fifteen years. One was in 1994 and the other was in 2001. During both of the crises,

considerable oscillations in the living standards were observed. Particularly in the 2001



crisis a large number of plant closures were observed and a large number of individuals lost
their jobs. The total employment level, in contrast to the increasing trend of total population
level, declined from 21.58 million in 2000 to 21.52 million in 2001 and further to 20.35
million in 2002. When agricultural activities are excluded there are larger declines in
employment such as from 13.56 million in 2000 to 13.12 million in 2001. Thus, the total
rate of unemployment increased from 6.6 percent in 2000 to 8.5 percent in 2001. The
effects of the 2001 crisis continued in 2002 and the unemployment rate increased to 10.6
percent in that year (SIS, 2004). This study, by using the individual level data of 2000
(quarters of Q1, Q2 and Q4) and 2001 (Q1 and Q2) Household Labor Force Survey
(HLFS), which are conducted by the State Institute of Statistics (SIS), analyzes
determinants of the transitions in the labor market and unemployment duration in Turkey

during those years.

1.2 The Significance of the Study

While a few studies, such as Senses (1996) and Bulutay (1995), attempts to asses the
labor market issues in Turkey, none of them has concentrated on determinants of transitions
in the Turkish Labor Market and/or duration of unemployment. The present study proposes
to examine these issues, and therefore aims to make a contribution in this area. This thesis,
firstly, focuses on labor mobility across the labor market states -namely, employment,
unemployment and not-in-labor-force. Secondly, it concentrates on investigating the
individual unemployment duration in Turkey and its determinants. In the duration part of
this study, it initially estimates the models for all of the data, and then by separating the
first-time job-seekers from the other-job seekers. All transition and duration analyses are

carried out for men and women separately, to see whether they have different dynamics.

This study provides the effect of individual characteristics, such as age, gender,
marital status and education on the transitions, such as probability of losing job, probability
of becoming unemployed, and probability of exiting from unemployment either to a job or
to the out of labor force etc., in the Turkish labor market. This study also gives the effects
of those characteristics on the duration of unemployment. Pedersen and Nielsen (1998,

p.68) states that the individual characteristics can be considered “both as instruments to



control for individual heterogeneity and as indicators for targeting of policy instruments”.
Among the personal characteristics studying the impact of education level on the above
estimates is a highly policy relevant factor (see, Bratberg and Nielsen (2000). The general
expectations about the effects of education level in the estimated models are the followings.
The first is a positive effect on the probability of finding a job regardless of the modeling
approach (whether we consider the duration or transition model). Reverse (negative) effect,
the second, is expected on the probability of losing a job and on the probability of exiting
from the labor force. In this regard this study also provides evidence whether one observes
the human capital effect in the Turkish labor market. Thus, if one finds the expected results,
then one can use them as a policy argument for solving the unemployment problem in
Turkey. This policy argument may offer allocation of “more resources” for the educational
system. A further policy offer may include to increase or to establish “various training
programs” for the unemployed as well as “re-training (or on-the-job training) programs” for
employed individuals who are in the risky groups. The aims of these training programs may
be equipping those individuals with the right set of skills, abilities and qualifications which

make them employable as well as more productive.

Moreover, among the personal characteristics, age is also an important policy
relevant factor which effects the transitions in the labor market states as well as the duration
of unemployment. This study also provides an important experiment about which age
groups are in the hazardous position in the Turkish labor market for the policy authorities.
Furthermore, this research also gives formal evidence on whether living in a particular
geographical region, such as the Marmara and the Aegean, makes a significant difference,
in finding a job for those individuals residing there. Therefore, its findings may be

important for constituting regional labor market policies in Turkey.

The duration analysis of this research gives the main characteristics of those
individuals who are most likely to become long-term unemployed. This research also
shows whether women face more problems than men in the Turkish labor market. This
study provides formal and important evidence on the above issues by using the individual
level data from a nationally representative data set. With this scope, its findings may be

meaningful for those people “who are eager to be informed” about the main characteristics



of those individuals in the hazardous groups, such as most likely to become unemployed, to

lose their jobs, to become discouraged, etc.

1.3 Organization of the Study

This thesis is comprised of five chapters. Following the introductory chapter, Chapter
2 is titled “The Main Characteristics of The Labor Market in Turkey”. In this chapter we
utilize the database of State Institute of Statistics (SIS) of Turkey as the main source of the
data. This chapter is composed of three main parts. In the first part we analyze the trends in
labor force participation rates (LFPR) over the last 15 years (1988 to 2003). Trends in
LFPRs are examined under by gender, residence (rural-urban), age-group, marital status,
and education levels. In this part we also present the data for some OECD countries for
comparison over the years between 1998 and 2002. In the second part of this chapter, we
examine the trends in unemployment rates over the period of 1988-2003. Gender,
residence, age and other characteristics are considered. In this part we also look at the
trends in long-term unemployment over the same period. In the final part of this chapter,
we examine the trends in underemployment rates over the same period by types, age,

education and economic activity.

In Chapter 3, we utilize the panel feature of the HLFS data and analyze the
transitions in the Turkish labor market. The transitions between the three labor market
states, namely employment, unemployment, and out-of-labor force are examined. There are
six parts in this chapter. Following the introduction part, in the second part we provide an
overview of the literature on the transition analysis. In the third part we provide the
information on the data set used in this chapter. In the fourth and fifth part of this chapter,
the methodology, and the econometric model are provided respectively. In the final section
of this chapter we present and discuss the results of the econometric analysis by gender. In
this part we also investigate the sources of the female-male unemployment rate differentials
in urban areas of Turkey by using the Marston (1978)’s decomposition technique. Further,
we examine the determinants of the transitions between the three labor market states

(mentioned above) separately by using the multinomial-logit model.



Chapter 4 is devoted to the determinants of unemployment duration in Turkey. We
concentrate on the duration aspect of the unemployment by using the HLFS data. In this
chapter we use two alternative definitions of unemployment and estimate our models for
each gender separately. The first is the unemployment definition used by the SIS which
comes from the definition of the International Labor Organization (ILO). The second one,
namely the broad definition, is created by dropping criterion of “actively searching”. In this
chapter there are six main parts. After the introduction, in the second part we provide the
review of literature. The third part of this chapter presents the data and the unemployment
definitions used in this part. We present the empirical model in the fourth part of this
chapter. Then, we provide the non-parametric as well as the parametric estimation results in
the fifth part for each of the alternative definitions. In the parametric approach we take into
consideration the grouped nature of the duration data and apply the methods developed by
Kiefer (1988) and Sueyoshi (1996) to estimate the determinants of the unemployment
duration in Turkey by using the two alternative definitions of unemployment. The final part

of this chapter provides the main conclusions from the estimation results.

In Chapter 5 we focus on the determinants of unemployment duration by labor
market experience, i.e. concentrate on the first-time job seekers and other job-seekers,
separately. As in the previous chapters, again we use the HLFS data and consider two
alternative definitions of unemployment. There are five parts in this chapter. After an
introduction, we provide the review of literature in the second part. Then we present the
data and briefly look at unemployment by labor market experience (i.e. by reason) in
Turkey, in the third part. In the fourth part of this chapter we consider the estimation
results. In this part we initially consider the non-parametric estimation results. The
determinants of the unemployment duration for these individuals are analyzed using the
two definitions of unemployment by considering the grouped nature of the duration data.

Finally, we provide the summary of the findings and conclusions for this chapter.

In Chapter 6 we provide the overall summary, conclusions and suggestions for

further research.



CHAPTER 2

THE MAIN CHARACTERISTICS OF THE LABOR MARKET IN TURKEY

2.1 Introduction

In this Chapter we provide the main features of the Turkish labor market. The first
characteristic is that the population is quite large, about 70 million, and still growing
(Bulutay, 1995). The average annual population growth rate of Turkey was about 1.9
percent in the period between 1980 and 2001 (World Bank, 2003). This increase rate is
bigger than the values observed in the developed countries in the same period. For example,
average annual population growth rate was about 0.7 percent in the high income countries

and 0.3 percent in the European Monetary Union countries (World Bank, 2003).

Further, over the last century, Turkey has experienced an important internal
migration flow from rural to urban areas. For example, 38.8 percent of the population was
living in the urban areas in 1970. This amount increased to 59 percent in 1990, and then to
64.7 percent in 2000 (See SIS, 2003a). Despite this migratory movement, considerable
amount of the population still lives in the rural areas. Traditionally, most of the rural
inhabitants are employed in the agricultural and related activities. However, this sector is
inadequate with regard to employment creation and productivity growth. Therefore, “there
is a serious employment problem, with the unpaid family workers having a special weight
in the economy” (Bulutay, 1995 p.61). Nevertheless, the proportion of unpaid family
workers employed in agricultural sector shows a declining trend. This share decreased from
62.6 percent to 54.1 percent for the years between 1991 and 2001, and then further to 52.3
percent in 2003 in rural areas. The proportion of unpaid family workers employed in
agricultural sector is low in the urban areas but we do not observe a declining trend for this
group over the same period. This amount was 29.6 percent in 1991 and 30.4 (30.5) percent

in 2001 (2003) (see SIS, 2004).



Table 2.1: Distribution of Employment by Sector

Year 1963/70 | 1971/76 | 1977/79 | 1980/82 | 1983/87 | 1988/93 | 1994 | 1995/98 | 1999 | 2000/01 | 2002 | 2003

Agriculture | 6o 41 | 60.88 | 5578 | 5378 | 5029 | 47.15 |4572| 4470 |4145| 349 |349| 339

Industry 10.02 | 13.05 | 14.59 14.5 1532 | 1586 |16.26| 1623 | 16.7 | 1825 | 18.5] 182
Construction | 4 6 4.98 5.49 5.5 5.66 565 [569| 59 |605| 58 | 45| 46
Services 16.97 21.1 24.13 26.2 28.73 313 [3233] 33.18 | 35.8 | 4095 |42.1 ] 434

Source: Bulutay (1995), SIS (2003), SIS (2004).

A further characteristic of the Turkish labor market is the structural shifts in the
distribution of employment among the sectors as a result of industrialization (Bulutay, 1995
p.189). Table 2.1 shows that agricultural sector was the dominant sector in employment
until 1999 with a declining trend from 68.4 percent in the 1960s to 41.4 percent in 1999.
The decreasing trend for this sector continued in 2003 with the share of 33.9 percent of the
total labor force, but still considerably large. Though the employment share of agricultural
sector has been quite large over the last decade, the contribution of this sector to the total
Gross National Product (GNP) is very low in comparison to other sectors. For instance, the
share of this sector in GNP was 13.6 percent in 2002, in contrast to employment share of

34.9 percent (see SIS, 2003a).

In contrast to the declining trend of agriculture, the shares of industry and the
service sectors increased over the period examined. Particularly, the share of the services
sector more than doubles and it becomes the dominant sector in employment in the last
three decades. Regarding the employment in the construction sector there is no increasing

or decreasing trend over the examination period.
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Figure 2.1: Sectoral Distribution of Employment by Gender and Residence 1991-2003
Source: SIS Database, 2004.

In Figure 2.1 we have provided the distribution of employment by economic
activity considering the gender difference over the period between 1991 and 2003. One
observation is that for both males and females the share of the agricultural sector declines
over the examination period, with men having smaller share than women. This share
decreases from 34.9 to 24.4 percent for men and 77.4 to 58.5 percent for women between
1991 and 2003. Another observation is that, contrary to declining trend of agriculture, the
share of services increases for each gender over the same period. The relative increment
rate in the share for women is larger than that for men. The share of services sector in total

employment for men increases from 39.71 percent to 49.3 percent over the examination
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period of 1991 and 2003, whereas the same amount for women rises from 16.3 percent to

28.1 percent over the same period (SIS, 2004).

When we consider the results for urban and rural areas separately, it is observed
that the most dominant and growing sector is the services in employment for both men and
women. The share of this sector (even though it has some fluctuations) increases from 58.8
percent to 62.1 percent for men and 60.1 percent to 62.2 percent for women over the period
between 1991 and 2003. The industry sector has the second highest share?®, with about 30
percent share in employment of both genders with having no increasing or decreasing trend
over the same period. We also observe the smallest share of employment for urban resident
women is, as expected, in the construction sector with having about one percent share over
the examination period. The corresponding sector for the urban residing men is agricultural
sector which declines from 3.6 percent in 1991 to 2.9 percent in 2003. A further
observation is that most of the employed women in rural areas are working in agricultural
sector, with a declining trend from 94.8 percent in 1991 to 89.1 percent in 2003. The share
of agricultural sector for men in rural areas is lower than that for women, but larger than the
other sectors. This share has a decreasing trend from 67.4 percent in 1991 to 55.5 percent in

2003.

An additional feature of the Turkish labor market is the high share of public sector
in total employment. The share of this sector in total employment also shows a declining
trend over the last four decades. This share declined from 44 percent in 1963 to 26 percent

in 1990, and then to 15.02 in 2001. (see Kepenek and Yentiirk, 2001 and SIS, 2002).

In the following parts, we mainly focus on the labor force participation rates,
unemployment and underemployment rates by gender and residence in Turkey by utilizing

the data set provided in the database of SIS.

3 The most of the individuals in industry sector are employed in the manufacturing sector. For instance, 26.9 of
27.8 percentage employment of industry sector, which corresponds to 97 %, are employed in manufacturing in
urban areas in 2001 (see SIS, 2004).
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2.2 Trends in Labor Force Participation Rates (LFPRs)

An important property of the labor market is the continuous decline in the labor
force participation rates* in Turkey. The overall participation rates decreased from 57.7
percent to 48.7 percent, for the population 15 and over, in the years between 1988 and 2002
(see Table 2.2). For comparison, in Table 2.3 we have presented the participation rates, for
the period between 1998 and 2002, for some selected OECD countries for men and women
separately. We observe that the LFPR for men is largest for Switzerland with the value
approximately 90 percent, for Japan with about 85 percent for the study period between
1998 and 2002. It is also clear from the Table 2.3 that the LFPR for men in Turkey is lower
than for the OECD average value over the period of 1998-2002.

Table 2.2: LFPRs by Gender and Residence (1988-2003)

Turkey Urban Rural

Average| Male [Female| Av. Male |Female| Av. Male | Female

1988 57775 | 81.24 | 3426 | 47.92 | 78.12 | 17.71 | 67.68 | 84.66 | 50.69
1989 58.34 | 80.58 | 36.11 | 47.32 | 76.86 | 17.78 | 69.92 | 84.76 | 55.08
1990 56.92 | 79.69 | 34.15 | 46.94 | 76.82 | 17.06 | 67.49 | 82.97 | 52.02
1991 57.14 | 80.24 | 34.04 | 46.28 | 77.03 | 15.53 | 69.65 | 84.01 | 55.29
1992 56.08 | 79.65 | 32.51 | 46.87 | 76.93 | 16.82 | 67.40 | 83.04 | 51.76
1993 5227 | 78.01 | 26.53 | 45.40 | 75.28 | 15.52 | 60.92 [ 81.50 | 40.35
1994 54.60 | 78.46 | 30.94 | 4633 | 7543 | 17.23 | 65.63 | 82.50 | 48.77
1995 54.15 | 77.78 | 30.53 | 45.44 | 74.21 | 16.66 | 65.87 | 82.59 | 49.16
1996 53.56 | 77.09 | 30.03 | 44.45 | 73.09 | 15.80 | 66.22 | 82.74 | 49.69
1997 5231 | 76.38 | 28.25 | 44.71 | 72.75 | 16.67 | 63.24 | 81.65 | 44.84
1998 52.40 | 76.19 | 28.61 | 44.44 | 72.37 | 16.51 | 64.38 | 82.07 | 46.69
1999 5290 | 75.73 | 30.26 | 44.72 | 71.76 | 17.68 | 65.7 | 81.98 | 49.43
2000 49.29 | 72.85 | 25.72 | 43.54 | 70.20 | 16.88 | 58.47 | 77.22 | 39.73
2001 4879 | 71.72 | 25.86 | 43.23 | 69.61 | 16.84 | 58.03 [ 75.30 [ 40.76
2002 48.72 | 70.53 | 2691 | 43.70 | 68.74 | 18.67 | 57.29 | 73.67 | 40.91
2003 48.78 17047 | 27.1 | 43.73 | 68.87 18.6 | 56.73 | 73.17 | 403

Source: SIS Database.

4 Labor force participation rate is defined as the ratio of the labor force (employed plus unemployed) to the
working age population.
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Table 2.3: LFPRs in Selected OECD Countries by Gender 1998-2002

Male Female

COUNTRY 1998|1999 (2000|2001 (2002|1998 (1999|2000 | 2001|2002
USA 84.2 84 839 | 834 83 70.7 | 70.7 | 70.7 | 70.4 | 70.1
UK 83.9 | 84.1 843 | 83.8 | 83.7 | 679 | 684 | 68.9 69 69.3
Austria 79.8 80 79.5 79 * 614 | 61.7 | 61.8 | 62.2 *

Germany 799 | 793 | 789 | 78.8 | 78.5 | 62.5 63 63.3 64 64.4
France 741 | 744 | 744 | 743 | 745 | 60.8 | 614 | 61.7 | 61.8 | 62.1
Italy 739 | 74.1 743 | 742 | 745 | 44.6 | 455 | 463 | 473 | 479
Norway 85.6 85 84.8 84 83.8 | 76.1 | 76.1 | 76.5 | 76.4 | 76.7
Sweden 80.7 | 809 | 81.2 | 81.4 | 80.9 | 75.5 76 764 | 77.1 77.1
Switzerland 90.1 89.6 | 894 | 89.2 | 88.7 | 71.8 | 722 | 71.6 | 73.2 | 73.9
Canada 81.4 82 82.1 82.1 82.9 | 69.1 69.8 | 70.5 | 70.8 | 71.9
Japan 853 | 853 | 85.2 85 84.8 | 59.8 | 59.5 | 59.6 | 60.1 | 59.7
Finland 75.1 759 | 764 | 76.7 | 762 | 69.7 | 71.2 | 72.1 72.5 | 72.7
Portugal 78.9 | 78.8 79 792 | 79.3 | 62.4 | 629 | 63.8 | 64.5 65

Spain 79.1 79.6 | 804 | 79.8 | 804 | 499 | 50.9 | 529 | 51.6 | 53.7
Turkey 79.6 | 79.1 | 76.2 | 752 | 743 | 30.1 | 31.6 | 27.2 | 27.2 | 28.5
Australia 82.1 82.1 82 81.7 | 81.6 | 639 | 63.6 | 655 | 65.8 | 66.1
New Zealand 83.5 | 832 | 832 | 834 | 839 | 67.1 | 67.4 | 67.5 | 68.5 | 69.1
OECD Average | 81.3 | 81.2 | 81 | 80.6 | 804 | 59 | 593 | 594 | 59.4 | 59.6

Source: OECD Database.

The LFPRs for men in Turkey are only larger than the rate for France and Italy over
the period of examination, except 2002. The LFPR for Turkish women is approximately
half of the OECD average value, such as in 2002 the rate is 28.5 percent with the
corresponding OECD average of 59.6 percent. It is also clear that the LFPRs of women in
Turkey is one of the lowest among the OECD countries over the study period. Further, the
largest participation rate for women is observed in Nordic countries, such as Norway and
Sweden. The lowest participation rate, after Turkey, is observed in Italy and Spain with an
increasing trend from 44.6 percent to 47.9 percent for Italy and 49.9 percent to 53.7 percent
for Spain over the examination period of 1998 and 2002. Finally, the LFPRs for women in
all countries under examination are always lower than the rates for men, with the largest

difference being in Turkey.

Let us return to our analysis on Turkey. As mentioned previously, LFPRs for men
are higher for males than it is for females. The participation rates decreased from §1.24

percent to 70.48 percent for men and from 34.26 percent to 27.1 percent for women
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between 1988 and 2003 (see Table 2.2), and the largest decrease is observed in the year of
2000. The LFPRs for rural male, urban male and rural female declined by about ten
percentage points during the study period of 1988-2003 but for urban female they remained
about the same. Urban female’s participation rate at about 17 percent during the last decade
is extremely low by international standards. Two more patterns also emerge from the Table
2.2. The first is that the LFPRs in Rural areas are higher than in urban LFPRs, and the
second is that the male-female differential is higher in urban areas than in rural areas. The
decreasing trend in participation rate, over the study period 1988-2003, can be explained by
the following factors. The first is that rapid urbanization i.e. the “structural change in labor
force away from agriculture towards non-agricultural activities” (Senses, p.417) (i.e. “rural-
urban migration induced urbanization”, see Tunali, p.31). The second is that “increased
educational opportunities allow children to stay in school longer” (i.e. increasing school
enrollment rates), “and result in reduced participation rates of the young” (see Tunali, 2003,

p.31). The third factor is the early retirement Law (see Tansel, 2002, and Senses, 1996).

2.2.1 LFPRs by Age

Regarding the LFPR trends by age, it is observed that the rate initially increases, and
reaches to its maximum value for the middle age group that is between 25 and 34, then
returns to decrease after that age group for both urban and rural residing individuals (see
Figure 2.2). The other age groups with higher participation rates (i.e. larger than the country
average) are 35-54 and 20-24, respectively. Hence, we observe a traditional inverse-U
shaped age profile for the LFPRs, especially for men. Moreover, it is also seen from the
Figure 2.2, the LFPRs seem to decrease for all ages over the study period between 1988 and
2003. The largest decrease in the LFPRs is seen in the youngest age group -for instance the
rate for urban resident men decreases from 56.1 percent in 1988 to 30.3 percent in 2003-
because of the increase in school enrollment ratios, i.e. they stay longer time in the
educational system which reduces their LFPRs, over the study period (see Tansel (2002),
Senses (1996) and Bulutay (1995)). In this regard high unemployment rate may also

possibly decrease the LFPRs of the young since it encourages these people to wait for a
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Figure 2.2: LFPRs by Age, Gender and Residence 1988-2003

Source: SIS database.
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longer time at the school and obtain further education (see Blanchflower, 1999).

The main difference between men and women is that the largest rate is observed for
the age group of 20-24 for women, when we look at the LFPRs by age under gender
difference. Furthermore, in contrast to general decreasing trend, the urban resident
women’s the LFPRs seems to increase for the ages between 20-24 and 25-34 This may be
explained by the changes in the supply of labor and growing employment opportunities in
the service sector for women. The share of the services sector in the total women
employment increases from 14.35 percent in 1991 to 26.3 percent in 2002, and then to 28.1
percent in 2003 (see SIS Database, 2004) [With the largest share being observed in the
Central Anatolia]. Finally, the lowest LFPRs is observed for the older individuals (55 and
over), and the rate reaches to its minimum value (i.e. lower than 5 percent) for the urban

resident female in this age group.

2.2.2 LFPRs by Education

Let us now look at the LFPRs under educational attainment. As can be seen from
the Figure 2.3, the lowest LFPRs is observed for the individuals with middle school degree
and then for under primary school level, regardless of being male or female. For men
highest participation rates are at the university level and then primary school level. Another
important observation is the dramatic decrease in the LFPRs of the male with no-degree,
from about 73.1 percent to 46.6 percent, during the examination period from 1988 to 2003.
The lowest gender difference is observed for the university level. A further observation is
that the difference between men and women is most obvious in the urban areas. Further, as
can be seen from the Figure 2.3, the LFPRs increase with the increase in education level for
the urban resident women. This result confirms significance of education in increasing
LFPR in particular of women. The same result is also seen in individual level data studies
of Tansel (1994) and (1996) for Turkey. In contrast to the females, for males the LFPRs
initially decrease until middle school, then returns to increase by education. The minimum
values of the LFPRs are seen for the middle school level. Tunali (2003 p. 37) states that “if

this is a reflection of the demand for the marginal skills acquired in middle school, the

16



Male-Total 100 Female-Total
100
% 80
80
¥ 60
70
40
6 %
\0\\_6\ )
50
40
1988 1980 1990 1991 1992 1993 1994 1995 1996 1997 1998 1999 2000 2001 2002 2003 0
1988 1980 1990 1991 1992 1993 1994 1995 1996 1997 1998 1999 2000 2001 2002 2003
O— Under Primary Sc. —#— Primary Sch. 4 Middle Sc. High Sc. 05— Under Primary Sc. —#— Primary Sch. —A—Middle Sc ——THigh Sc.
—%— Voc High Sc. —@— University —8— Average —%— Voc High Sc. —8— University —O— Average
Male-Urban
Female Urban
100
%
%
80
w“ . Y
60
7
0 1=3 o—a
\ 50
) M/*\x/x\'\
e 40 X =
50 30
by
20
o i S o S S
o 10
30 0
1988 1989 1990 1991 1992 1993 1994 1995 1996 1997 1998 1999 2000 2001 2002 2003 1988 1989 1990 1991 1992 1993 1994 1995 1996 1997 1998 1999 2000 2001 2002 2003
—O— Under Pr Sc. — P Sch. —&— Middle St —=—High St
V": :rgary ° U”ma'y o A‘ le Se. lgh Se. ‘ —o— Under Primary Sc. —B— Primary Sch, —A— Miadle Sc. —— High Sc.
foc.Righ Sc. niversity \verage —%— Voc.High Sc. —e— University —0— Average
Male-Rural Female-Rural
100
%0 ./.’4\
%0
80
o v
60
50
© 10
1988 1989 1990 1991 1992 1993 1994 1995 1996 1997 1998 1999 2000 2001 2002 2003 1988 1989 1990 1991 1992 1993 1994 1995 1996 1997 1998 1999 2000 2001 2002 2003
Under Primary S5, —8—Prmary Sah g Se. High 8. —o—Under Primary Sc. —®— Primary Sch.  —&— Middie Sc. —— HighSc.
—%— Voc High Sc. —e— University —O— Average ¥ Voc.High Sc. ®— University O Average

Figure 2.3: LFPRs by Education, Gender and Residence, 1988-2003

Source: SIS database.
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recent extension of basic education from 5 to § years might not be sufficient investment for

the needs of the labor market.”

2.2.3 LFPRs by Marital Status

Moreover, the LFPR trends by marital status are provided in Figure 2.4 over the
examination period of 1988 to 2003. As can be seen from the Figure, married men have the
highest participation rates of larger than 80 percent, regardless of living in urban or rural
areas. It is evident from the Figure 3.3 that widowed individuals, for both male and female,
have lowest LFPRs over study period. Tansel (2002 p:128) suggests that the main factor
behind the observation of lowest participation rate for the widows is that a majority of these

individuals are aged and have declined the participation rates.

When we consider the results under gender difference, the much clear difference is
observed for the married ones. The married males have highest LFPRs with respect to other
males because of the family responsibility. However, the conclusion changes for females.
For female, we observe that divorced individuals, especially urban resident ones, have
highest LFPRs with respect to other females since this group might “need to support family
and children” (see Tansel, 2002, p.128). After the widowed females, urban resident married
women have also very low LFPRs, lying between 11.5 and 14.9 over the examination
period of 1988 and 2003. On the contrary, rural resident married women have larger LFPR,
with the value lying between 40 and 50 percent over the examination period. This shows
the significant rural-urban differences in the LFPRs of married women. Moreover, an
important difference between men and women is also observed for the urban resident single
individuals. As seen from the Figure 2.4, urban resident single men have lower LFPRs than

the average value, whereas reverse is observed for women.

In addition to the above results, we have also a little bit support for the added
worker effect. This effect is observed in the labor market due to the unemployment of the
family’s head, and refers to the “forced entry” of the wife —see Humphrey, 1940- to the
labor force in reaction to the loss of job by their husband. (When the usual breadwinner of

the household lose his job at which point his wife start looking for a job -“forced entry” of
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the wife-, see Humphrey, 1940). Thus, one can expect to see the added worker effect in
general in the depression or crises years of the country. This justification also expects that
subsequent to economic situations get better, if usual breadwinner of the household find a
“stable job”, and then this additional family member, i.e. the wife, goes to the out of the
labor force (see Cerrutti, 2000, p.880, and Humphrey, 1940). The forced entrance of the
wife is observed for the urban resident ones in 1994 with 13.62 percent that is the largest
rate over the years between 1988 and 2001. The same effect is also clearly observed after
the economic crisis of 2000. The LFPRs of urban residing married women increase from
12.95 in 2000 to 13.3 in 2001, and then to 14.9 percentage in 2002 (SIS 2004). The same

result is also hold for the rural resident women, i.e. for the overall country average as well.

2.2.4 LFPRs by Age & Marital Status

It is also useful to look at the LFPRs by considering the relation between age and
marital status under gender and residence difference. For comparison we have provided the
average LFPRs for the first three years of 1990s and 2000s (see Figure 2.5). As can be seen
from the Figure 2.5, for married male, the LFPR initially increases with the increase in age,
reaching to it maximum level between the ages 25-39, then decreases, whether we look at
the 1990s or the 2000s,. The obvious difference between these years is that the average
LFPR values of the 2000s are lower than that of for the 1990s. One more observation is that
the LFPR of the married men moves together with the country’s average for men after the

age of 25, for both urban and rural resident individuals.

For single men we observe the lowest LFPRs after age of 40, particularly in 2000s,
regardless of living in urban or rural areas. The same result is also hold for the widowed
men. For married women we find somewhat different results with those for men. The more
clear observation is the LFPRs of married women is always lower than the single women
for each alternative age group. The negative effect of the marriage on the LFPRs of women
can be explained by the two factors. As mentioned above, the first, if the family’s primary
earner i.e. the husband, is working in a stable job with no economical problems then this

can decrease the wives LFPRs, (particularly in the traditional Anatolian family). The
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second, if the family has one or more children then child care may become a main concern
and further decrease the LFPRs of the wives for two reasons. The first is that, in Turkey,
the number of child care centers is very few and used by only a few number of families.
The second is related to family structure of the Turkish society. That is, a large number of
married females live in an extended family in which their old mom and/or mother-in-law
provide help for the child bearing. However, this chance may not be possible for all the
married females (Tunali, 2003). This effect for the married women is particularly observed
for the ages between 15 and 35. After age 35 the LFPRs for women catches up and passes

the average value.

If we look at the LFPRs of the divorced women it is seen that the rate is always
larger than the average value in the urban areas, whether we look the 1990s or 2000s, for
each of the age groups. The rate is particularly the largest one for the ages between 35 and
55 in urban areas in 2000s. However, in rural areas the LFPRs for these individuals do not

have a stable figure because of the limited observations (it has peaks for different age

groups).
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2.3 Trends in Unemployment Rates

In Table 2.4, the series on the unemployment rate is shown for the period between

1988 and 2003. It seems from the table that the total unemployment rate has a decreasing

trend, with some fluctuations (or peaks) until 2000. After that year the declining trend has

been reversed. The total number of unemployed individuals in the urban areas was nearly

1.06 million in 2000. This number increased to 1.43 in 2001 and reached to 1.84 million in

2002 and then declined to 1.80 million in 2003, around 74 percent of whom were males

(see SIS database, 2004). Hence, the overall unemployment rate in the urban areas

increased from 10.38 percent in 2000, to 13.51 percent in 2001, and then to 15.94 percent
in 2002, and declined to 15.25 percent in 2003.

Table 2.4: Unemployment Rate (1988-2003)

Turkey Urban Rural
Total Male | Female | Total | Male | Female | Total | Male Female
1988 9.05 | 7.51 10.59 19.01 [ 9.7 28.32 4.87 5.3 4.44
1989 8.82 | 8.16 9.48 18.14 | 10.08 26.2 5.05 | 6.21 3.9
1990 8.14 | 7.78 8.49 16.45 | 9.51 23.39 4.67 | 5.96 3.38
1991 7.73 | 8.49 6.98 164 | 1048 [ 22.31 4.18 | 6.34 2.03
1992 8.09 | 8.61 7.57 15.54 | 10.51 20.57 4.4 6.42 2.38
1993 8.87 | 8.58 9.15 16.32 | 10.23 22.4 4.69 | 6.63 2.75
1994 8.25 | 8.56 7.95 15.19 | 10.29 | 20.08 4.4 6.44 2.37
1995 7.41 7.56 7.26 13.4 | 8.79 18 421 | 6.06 2.36
1996 6.31 | 6.73 5.88 11.73 | 8.45 15.02 322 | 4.57 1.87
1997 7.01 | 6.33 7.69 12.58 | 7.99 17.18 341 | 4.19 2.64
1998 6.83 | 6.81 6.85 12.58 | 8.93 16.23 2.9 3.92 1.89
1999 7.61 7.71 7.5 13.58 | 9.83 17.33 347 | 4.79 2.14
2000 6.56 | 6.63 6.49 10.38 | 7.77 13.0 352 | 492 2.11
2001 832 | 8.78 7.86 13.51 | 10.27 16.76 4.12 | 6.46 1.79
2002 1041 | 10.9 9.93 15.94 | 13.07 18.81 5.19 | 7.34 3.04
2003 10.38 | 10.67 10.1 1525 | 12.4 18.15 6.16 8.0 4.32

Source: SIS Database.

For comparison in Table 2.5, we provide the rate of unemployment for some OECD

countries for the period between 1998 and 2002. It seems from the Table 2.5 that, for both

male and female the lowest unemployment is observed for the Nordic countries. The largest
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rate for men in 2002 is observed in Turkey with 10.9 percent, and then for Finland with 9.1
percent, and then in Canada with 8.2 percent. The leader country changes when we look at
the unemployment rates for women. For women, the largest unemployment rate in 2002 is
observed in Spain with 16.4 percent, and the second is Italy with 12.3 percent, and the third
is France with 10.1 percent, and then Turkey is the fourth with 10.3 percent.

Table 2.5 Unemployment Rates in Selected OECD Countries by Gender, 1998-2002

Male Female
Country 1998 | 1999 | 2000 | 2001 |2002| 1998 | 1999 2000 2001 | 2002
Australia 8.4 7.3 6.6 6.9 6.3 7.3 6.7 59 6.3 5.9
Austria 4 3.7 34 3.5 _ 4.6 39 3.9 3.8 _
Canada 8.7 7.9 7 7.6 8.2 8 7.3 6.7 6.8 7.2
Czech
Republic 5 7.3 7.4 6.8 5.9 8.2 10.5 10.6 9.9 9.1
Finland 11.1 9.8 9.2 8.7 9.1 12.1 10.8 10.6 9.7 9.1
France 10.2 10.2 8.5 7.1 7.9 13.8 13.6 11.9 10.8 10.1
Germany 8.8 8.1 7.6 7.9 8.8 9.9 8.9 8.1 8 8.4
Italy 9.1 8.8 8.2 7.4 7 16.4 15.8 14.6 13.1 12.3
Japan 4.3 5 5.1 5.4 5.8 4.2 4.7 4.7 5.1 5.4
New
Zealand 7.7 7.1 6.2 5.5 5.1 7.5 6.6 59 5.3 5.4
Norway 3.2 3.4 3.6 3.6 4.2 3.3 3 3.2 34 3.7
Portugal 4.2 4.1 33 34 4.5 6.5 5.3 5.2 5.4 6.5
Spain 13.6 11 9.6 7.5 8.1 26.7 23.2 20.6 15.3 16.4
Sweden 8.8 7.5 6.3 5.4 5.7 8 6.7 5.4 4.7 4.7
Switzerland | 3.2 2.7 2.3 1.7 2.9 4.2 3.6 3.2 3.5 3.1
Turkey 6.8 7.7 6.6 8.8 109 | 6.8 7.5 6.5 7.8 9.9
UK 6.9 6.8 6.1 5.3 5.7 5.3 5.1 4.8 4.2 4.4
USA 4.5 4.1 3.9 49 6 4.7 4.4 4.1 4.7 5.7
OECD Av. 6.4 6.2 5.8 6 6.7 7.6 7.3 6.9 6.7 7.2

Source: OECD Database.

We also observe that the rate of unemployment for Turkish male is always larger
than the average value for the OECD countries over the examination period. The same
result seems to hold also for women, with the exception of two years. In contrast to
Turkey’s average, the rate of unemployment in most of the OECD countries (and also the
OECDs average) is larger for women than that for men. For instance, in 2002 the rate of
unemployment for men is 5.9 percent in Czech Republic, 8.1 percent in Spain, 7.0 percent
in Italy, 4.5 percent in Portugal. The rates for women in the same countries are larger than

the rate for men in the same year, with a larger difference being observed in Spain with
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16.4 percent. The result for Turkey changes if we only consider the urban resident
individuals (see Table 2.4). In the following parts we will look at the unemployment
problem by considering the differences in the following characteristics: gender, residence,

age, education, marital status, and the reason for unemployment.

2.3.1 Unemployment by Gender and Residence

If we look at the total unemployment rate under gender difference it is seen that
there is not much difference between men and women between the years from 1988 to
2003. An important difference in unemployment rates by gender arises in the case of urban
unemployment rates. The unemployment rate for women, in cities, is approximately two
times the rate for men, in the same period (see Table 2.4). If we look at the general trends, it
is seen that the rate of unemployment seems to be “fairly stable for males and has been on a
declining trend for females” in urban areas between 1988 and 2000 (Tunali, 2003). As
mentioned above, these trends have been reversed also in the urban areas with the economic

crisis of 2001.

Regarding the unemployment rates in rural areas it is clear from the Table 2.4 that
the rate is always lower than the rate for that of urban resident ones, in the years between
1988 and 2003. Tunali (2003) states that due to migration from rural areas to urban areas,
the workforce in the rural areas decreased from 11.07 million in 1988 to 9.96 million
in 2000, and continued to get smaller in 2001 and reached to 9.88 million. This amount
increased to 10.86 million in 2002 and then declined to 10.55 million in 2003. Even
though the general trend was declining between the years from 1988 to 2001,
approximately (in most of the years more than) 70 percent of the rural labor force was
employed in agriculture for this period (SIS, 2004). The finding of lower unemployment
rates for the rural resident individuals is typical for two reasons. The first is that the
individuals in the rural areas are less probable to be unemployed since they need no extra
qualification or skills for employment, even illiterate, such as in agricultural and related
activities. However, the income earned from these activities may not enough to fulfill
the requirement of the family. Therefore, that is the second reason, whereas women have

been working in their own farms, men, especially young and adult men, seasonally
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migrate and search for a work outside agriculture such as in construction sector to support
the family income (see Tunali, 2003). Hence, it is expected to have lower unemployment
rates in the rural areas, for both male and female. In contrast to rural areas, women,
particularly migrated women, in the urban areas have lower chance of finding a job.
Therefore they exit from the labor force and concern themselves with their responsibilities
at home for the following reasons. As mentioned by Tansel (2002 p.120), the first, as in
most of the developing countries, is the “cultural values” (social constraints) against
women which lowers the chance of obtaining a job offer for them. The second reason,
which decreases the labor force participation as well as likelihood of employment for
women in the urban areas, is their lower level of educational attainments and specific skills
required for employment in the urban areas. Finally, we can not separate the difficulties of
female’s employment chance from the general situations in the Turkish economy as well as
labor market. The harsher is the conditions in the labor market, the lower is the probability

of obtaining a job offer and therefore the lower is the likelihood of employment.

2.3.2 Unemployment by Age, Gender and Residence

In the Figure 2.6, we have provided the average unemployment rates as well as the
composition of the unemployed broken down by broad age-groups’ under gender and residence
difference over the period 1988-2003. It is clear from the Figure that the younger age-
groups (i.e 15-19 and 20-24) always have larger unemployment rates, approximately
two times larger than that of the country average and that of the other remaining age
groups. In contrast to the country average, the general trend of unemployment rate to
for these age groups is a declining one, until 2000. This decrease can be caused by
“increases in high school and university enrolment” (see Tunali, 2003, p.48). It is also clear from
the Figure that individuals in their late career (i.e. in age group 55 and over) have the lowest
unemployment rates over the study period between 1988 and 2003. The general conclusion
about the younger age group does not change if we look at the unemployment rates by

age under gender and residence difference. Hence, youngest age groups (i.e. 15-19

5 The categorization of the broad age group data on unemployment rate as follows: 15-19 and 20-24, 25-34,
35-54, and 55+ (see SIS, 2004).
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and 20-24) have larger unemployment rates over the study period. A further
observation is that the unemployment rate differential between the age groups of 15-
19 and 20-24 seems to increase after 1995 in the favor of 20-24, especially for the

rural resident males.

2.3.3 Unemployment by Marital Status, Gender and Residence

When we look at the unemployment rates by marital status it is observed that single
and divorced individuals, regardless of being male or female have larger unemployment
rates than that of the country average over the study period from 1988 to 2003 (see Figure
2.7). The unemployment rate for the single individuals is approximately two times bigger
than the country average over this period. In contrast to LFPR difference between men and
women, married individuals, for both male and female, have lower unemployment rates
than the country average. Furthermore, for the widowed males who live in rural areas we
observe the lowest unemployment rates over the study period. The rates for the divorced
ones who live in rural areas have some fluctuations, starting with the lower (3.57) than the
rural areas average (4.95) in 1988; and ending with higher (9.75) than the rate for the rural
average (4.33) in 2003 (see SIS, 2004).
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Figure 2.6: Unemployment Rates by Age-Group 1988-2003

Source: SIS database.
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2.3.4 Unemployment by Education, Gender and Residence

Let us now look at the unemployment rates by educational attainment in the period
between 1988 and 2003 (see Figure 2.8). It is clear from Figure 2.8 that the rates of
unemployment change significantly across different levels of education. The most striking
result about the Turkish labor market is that individuals with no-degree (i.e. less than the
primary education level) have the lowest unemployment rates than the other education
groups. Individuals with high-school degree have highest levels of unemployment. If we
consider the urban and rural resident individuals separately, our striking conclusion about
the education level effect change. Then, individuals who live in urban areas regardless of
being male or female with a university degree have a lowest unemployment rates compared
to other education levels’. On the other hand, individuals in rural areas regardless of gender

difference with no-degree have smallest unemployment rates compared to other individuals.

Moreover, individuals, for both males and females, in rural areas with high school
and/or vocational high school degree have highest unemployment rates compared to other
education levels. Another observation in the urban areas is that the unemployment rates for
males do not vary too much (most of them very near to unemployment rate for urban
resident male’s average) with the education level except the two extreme ones, for the
university group and for the no-degree group, particularly in the last three years.
Furthermore, in contradiction of men, for urban resident women we observe an inverse-U
shape pattern of the unemployment rate with respect to education level. In contrast to our
expectation, the rate of unemployment initially increases with the increase in education
level, then decreases. Hence, these two-extreme groups have lowest risk of unemployment.
We further observe that rate of unemployment for the middle, high and vocational high
school graduates women are always larger than the country average over the examination
period of 1988 and 2003. Tunali (2003, p.52) states that this finding “may have been

responsible for historically low female continuation rates after the primary school level”.

% Another interesting result is that urban resident female with no-degree have also lower unemployment rates
than the average for the urban-resident female.
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Figure 2.8: Unemployment Rates by Education Level 1988-2003

Source: SIS database.
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2.3.5 Unemployment by Reason, Gender and Residence

To examine the unemployment problem in Turkey, which “can be voluntary or
involuntary” (Tunali, 2003), it is also useful to consider the reason for unemployment (see
Ansal et al., 2000). Using the information provided in the Household Labor Force Survey
we can look at this problem. The survey allows unemployed individuals to fill 9 alternative
reasons’ for the unemployment. We can construct three main groups of reasoning by using
these alternatives; these are lost job, quit job, and first-time job seekers. In Figure 2.9, we
have illustrated the changes in the shares of these three alternative groups over the period
between 1991 and 2003. In the figure, following Tunali (2003, p.45), we also illustrate the
share of individuals who state that just “completed their compulsory military service” and

individuals who state that “just graduated from school” among the first-time job seekers.

The main observation from the Figure 2.9 is that first-time-job-seekers have highest
share among the unemployed women over the examination period and the result does not change
for both the urban and rural resident ones, except in 2003. Further, it is also observed that the
share of first-time job seekers seems to decrease, between 1997 and 2003, in all groups of
unemployed individuals with the largest decline being observed for the rural resident ones for
both males and females. The share of first-time job-seekers among rural resident unemployed
men decreases from 44.8 percent in 1997 to 11.6 percent in 2003. This share for the rural resident
unemployed women declines from 74.5 percent in 1997 to 20.64 percent in 2003. The
corresponding share for the urban residing men (women) is also decreases from 33.47 (65.8)

percent in 1997 to 13.13 (30.21) percent in 2003 (see SIS database, 2004).

Among first-time-job-seekers urban residing female the share of those who just graduated
from the school, in general, shows an increasing trend for the years between 1991, with the share of
15.8 percent —with the exception of 1994 crisis-, and 1998, with the share of 28.4 percent in the
urban areas (see SIS, 2004). The share of these individuals decrease after 1998, and the largest

decline is observed in 2001, with 15.6 percent share. The decreasing trend in this share continues in

7 The survey allows us to make the following groups of reasoning for unemployment, first with 1991: a)
“Lost job: (i) worked temporarily, (ii) was dismissed, (iii) business got liquidated or went bankrupt; b)
Quit job: (i) due to insufficient income, (ii) due to unsatisfying working conditions, (iii)
retired; c) First time job seeker: (i) just graduated, (ii) just completed his military service, and (iii) other
(See Tunali, 2003; p 45; and SIS (2002).
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the last years of our observation and reaches to 13.9 percent in 2002 and then to 12.8 per cent in
2003. The decrease of the share of just graduated women in the total first-time job seekers women
means that the share of other- first-time job seekers in the total first-time increased after 1998.
Hence we find another support for the added worker effect, as in the previous part (see Tunali,
2003). In contrast to women, for men the lost-job individuals have the highest share in the same
period. Tunali (2003, p46) suggests that since primary earners “men are much more involved in
the labor market, and consequently have a smaller share of first-time-job-seekers among the

unemployed”.

Furthermore, we also observe that the share of lost job individuals among the
unemployed women clearly increases after the year of 1998 because of the economic recession.
This share increases from 14.9 percent in 1998 to 22.4 percent in 2000, and then to 33.8 percent
in 2003. It is also observed from the Figure 2.9 that the share of lost-job individuals among the
unemployed men seems to decline in the first-three years until 1993, then increase in 1994 because
of the economic crisis. After 1994, this share decreases until 1998, and then increases because of
the economic downturn from 34.8 percent in 1998 to 60.3 percent in 2002 for males. The

conclusion does not change too much for both the urban and the rural resident men.

The share of lost job individuals among unemployed men increase from 34.8 percent in
1998 to 60.3 percent in 2002, and declines to 56.8 percent in 2003 but still quite large. If we look
at the results for the urban and rural resident individuals separately, the effect of the economic
crises becomes clearer particularly for urban resident female. We observe that the share of lost-
job individuals among the unemployed female increase more than double in four years. This
share increases from 14.5 percent in 1998 to 27.29 percent in 2001, and then to 29.2 percent in
2002. The increasing trend in this share is also observed for the urban resident men, but less than

women.
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Figure 2.9: Unemployment by Reason, Gender and Residence, 1991-2003

Source: SIS database.
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It is also useful to look at the unemployment by reason and education level. For doing this
we have provided the composition of unemployed individuals by three main category of reason for
unemployment and education level for the last four years of our observation period (i.e. from 2000
to 2003) by gender. The obvious observation from Figure 2.10 is that the share of primary school
graduates is the largest one in the lost-job and quit job individuals regardless of being male or
female. The individuals with middle school or less (than the middle school) education takes
approximately 80 percent of the lost-job individuals. Hence these individuals have a higher risk
losing their job. The lowest share is observed for the university graduates in the lost-job-men. The
share of university graduate women in the lost-job and first-time job seekers group seems to
increase between 2001 and 2003, and university graduates have the largest share in the first-time
job seekers group in 2003. We also observe that the share of high-school graduates, regardless of
being male or female, is the largest one in the first-time job-seekers in 2000 and 2001. However,

the leader becomes the university graduates in the last two years of our observation.
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Figure 2.10: Unemployment by Reason and Education, 2000-2003

Source:

SIS database.
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2.3.6 Unemployment Rates by Geographical Region

Since the data on unemployment by geographical region is available after 2000, we
provide the unemployment rates in Figure 2.10 for each region in the years between 2000 and
2003. We observe from the Figure 2.10 that the rate of unemployment for women is very close to
or larger than the rate for men in the more developed regions, such as Marmara and Aegean.
However, the rate is very low, thus lower than men, for the less-developed regions, such as East
Anatolia. The difference between men and women become evident when we look at the results for
the urban resident individuals. Furthermore, one more observation is that the rate for men has an
increasing trend in Aegean, Central Anatolia and Southeast Anatolia because of the economic
recession. The same trend is also observed for women in Marmara, Central Anatolia and in
Southeast Anatolia regions. The largest increase in unemployment rate is observed in the poorest
regions Southeast Anatolia, and then in East Anatolia when we look at the rates for the urban
individuals. The increases in unemployment rates are rather small in the other remaining regions,
with the smallest one being observed in the Black Sea Region. For urban residing men the
unemployment rate increases from 9.1 percent and 6.0 percent in 2000 to 21.5 percent and 10.8
percent in 2003, in Southeast and East Anatolia, respectively. The rate for urban residing women
increases more than men, from 13.0 and 9.4 percentages in 2000 in Southeast and East Anatolia,
respectively to 37.6 and 23.0 percentages in 2003, in the same manner. Hence one can say that
even if the country experienced an economic upturn in 2003, the effect the economic recession
still continues in the urban areas of all the regions and the smaller effect is observed in

the Black Sea Region.

If we look at unemployment rates in rural areas, the largest increases of the rates are
observed in the Southeast and East Anatolia, and then in the Central Anatolia. The rate of
unemployment for rural resident women increases from 1.2 percent to 20.5 percent; 0.1 percent to
0.8 percent and 0.7 percent to 3.5 percent, from the year 2000 to 2003, in Southeast, East and
Central Anatolia, respectively. The increase in this rate for women were smaller than men starting
with 4.7, 3.1 and 2.9 percentages in 2000, in the same regions in the same order, ending with 8.2,
5.5 and 19.9 percentages in 2003. Hence, it is possible to say that the effect of the economic
recession in the rural areas, even though the country experienced an economic recovery in 2003,
are mostly perceived by the individuals who live in the Southeast, East and Central Anatolia

regions.
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Figure 2.11: Unemployment Rates by Region, Gender and Residence, 2000-2003

Source: SIS database.
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In addition, the rate of unemployment for the urban residing men or women is in almost
all years lower than the Turkey’s average value for the Black Sea, Central Anatolia and East-
Anatolia region over the period under examination. The rate of unemployment in urban areas for
the most developed regions, such as Marmara, Aegean and Mediterranean, and in the one of
poorest region that is Southeast Anatolia is very close to or above than the country average.
Further, we observe that the rate of unemployment for the rural residing men is lower than the
country average for Black Sea and East Anatolia regions, whereas the rate is larger than the
average for men who live in the rural areas of Marmara, Southeast Anatolian and Mediterranean

regions.

2.3.7 Long-Term Unemployment

A further characteristic of the unemployment is the long-term unemployment. An
individual is defined as a long-term unemployed if he or she as had been searching for a job
for twelve months or more. On average 29.6 percent of unemployed individuals in OECD
countries were long term unemployed. The share of the long-term unemployed is higher in
the transition economies such as 50.7 percent in Czech Republic, 48.4 percent in Poland
and 59.8 percent in Slovak Republic, in 2002. Higher proportions are also observed for
some European Community countries such as 49.6 percent in Belgium, 47.9 percent in
Germany, 52.4 percent in Greece in 2002. The lowest proportion of the long-term
unemployment is observed for the United States with 8.5 percent and Canada with 9.7
percent in 2002%, The proportion of the long-term unemployed individuals in total
unemployment in Turkey is about the same with the OECD average that is 29.6 percent in

2002°.

8 The percentages were taken from OECD (2003).

° The data on the duration of unemployment comes from the Household Labor Force Survey. In the survey
unemployed individuals are only asked their unemployment spells (ongoing spells) until the time when the
survey conducted. Hence we do not know the exact duration of unemployment, i.e. our observations on the
duration of unemployment are all right censored. For the individuals who just find a job, we do not have any
information when they are employed. Thus, it is possible to say that unemployed individuals have longer
unemployment duration than the spell which they reported. Tunali (2003, pp.47-48) supports this by saying
“Since individuals who have longer unemployment spells are more likely to be unemployed at a given point in
time, we obtain a more pessimistic picture of time spent in the unemployed state. Put differently, because we do
not know how long it took recently employed people to find job, the numbers reported above are likely to be
biased upward.”
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In Figure 2.12, we have provided the average values of the proportion of the long-
term unemployed (LTU) youth and prime aged individuals in selected OECD countries for
the period of 1990 to 2002. As can be seen from the Figure 2.12, incidence of LTU were
larger than Turkey’s average value of 31.17 percent, in Greece with 48.57 percent, in Italy
with 60.5 percent, in Spain with 41.1 percent, and finally for Ireland with 37.6 percent.. The
same values 18.8 percent in France, 24.07 percent in Germanylo. The lowest numbers
between the European countries are observed for the Nordic countries. These are 9.3
percent for Denmark, 7.75 percent for Finland, in the same period. The lowest rates are
observed for Canada and the USA“, with the values of 5.48 and 4.2 percentages,
respectively. As in majority of OECD countries, in Turkey the occurrence of long-term
unemployment among the youths has been declined over the examination period under

consideration (see OECD, 2002).
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Figure 2.12: Incidence of Long-Term Unemployment among Youth and Prime Aged
Individuals in OECD Countries; 1990-2002 Average

Source: OECD Database.

Notes: 1) Data for Austria refer to the average annual rate in 1992-2002
2) Data for Hungary refer to the average annual rate in 1994-2002

3) Data for Czech Republic refer to the average annual rate in 1993-2002
4) Data for Finland refer to the average annual rate in 1992-2002

19 The numbers calculated from OECD’s database from the website: www.oecd.org.
" For the USA average value calculated for 16 to 24 years of old.
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In Figure 2.12 we also present the incidence of LTU for the prime-aged (i.e. age 25-54)
individuals in OECD countries. It is clear from the figure that for Turkey the occurrence of
LTU for this age group is lower than the average value for the OECD countries. The largest
values are observed for Belgium with 64.3 percent, Italy with 63.4, Greece with 54.9, and
Spain with 53.18 percent. The lowest values are observed in the following countries. These
are USA with 9.9 percent, Canada with 13.5, Norway with 19.7 and Japan with 20.4
percent. Moreover, we observe that the prime aged individuals in all countries above,
including Turkey, under the examination period have larger “incidence of long-term
unemployment” than the young. In some countries the difference is more than double such

as in Denmark, Finland and in the USA.
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Figure 2.13: Proportion of Long-Term Unemployed by Age Group, 1988-2003

Source: SIS database.

In Figure 2.13, we have provided the proportion of the long-term unemployed men
and women by considering the age group difference over the period between 1988 and
2003 in Turkey. It is clear from the Figure 2.13 that the incidence of long-term
unemployment has a declining trend, even though it has some fluctuations, over the study
period. Further, the proportion of the long-term unemployed in all age groups is always
larger for females than for males over the examination period. Moreover, the proportion of
the long-term unemployed for the youth (i.e. age 15-24) is in general, with a few exceptions
such as in 1989, lower then the country average regardless of being male or female. The
similar result is found for some OECD countries by Machin and Manning (1999) and in
OECD Employment Outlook (2002). Further, it is worth to mentioning that in the years
between 1999 and 2000, the proportion of the long-term unemployed individuals declined
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by a considerable amount. This decrease can be attributable to the change in the definition

of unemploymentlz, rather than the changes in the economic conditions.

Table 2.6: Proportion of the Long-Term Unemployed by Education Level: Turkey
1988-2003
1988 1989 1990 1991 1992 1993 1994 1995 1996 1997 1998 2000 2000 2002 2003
NonGrad | 5121 3116 4783 4075 HEY 8 N6 HM2A W02 M40 208 1406 1308 2188 18%0
primSc | 4904 32 4536 N6 LN LM 4R B0 B0 HH 0 FHT 0 4D B0 UL 178
Mdse | 4891 4057 3923 388 06 4259 4294 M6t 384 BB M6 1742 1BR NH 6B
HighSe | 4806 4141 4516 4658 7 448 4769 04 007 BT NN BH 2 N U
VochighSe| 4340 3860 3333 346 b7 A4 4583 468 4588 M09 419 B 94 nT B
University | 2683 3500 2381 X2 R Q¥ N9 NH 000 868 AL 165 048 U8B 28
Tl | 4808 3695 4347 BN 408 428 4240 Ny N9 BHU ¥R 7S M BB AU
1988 1989 1990 1991 1992 1993 1994 1995 1996 1997 1998 2000 2000 2002 2003
NonGrad | 5808 4194 5298 ¥4 01 5000 4248 4643 4688 6000 %79 1283 M¥ 0 UM 19
PimSc | 5451 330 4950 4602 4681 4462 %027 3005 ST 000 4206 2857 2839 03 264
Midse | 5397 5965 4479 275 6240 G652 TA0T 4949 8056 87 76 4899 I U B4
HighSe | 5797 6423 %231 o704 %691 9839 4T3 G603 9580 G183 G461 HIp N6 NHB MM
VochighSc | 4242 6207 4412 5144 5TM4 6207 6152 4884 6136 5000 3062 4000 3000 %6 %25
University | 3261 3704 4194 31 2955 4186 4167 BT 446 BN NY 22 BT O AN
Totd | 5266 4637 5020 4845 4079 H112 8029 4696 M2 413 MU BB 08 UL B

Male

Female

Source: SIS Database.

It is also useful to look at the education aspect of the long-term unemployment. In table 2.7,
we have provided the proportion of the long-term unemployed by education level over the
period between 1988 and 2003". It is clear from the Table 2.7 that there is a decreasing
trend of the proportion of the long-term unemployed for each education level and for each
gender. The trend is more dramatic for the non-graduates starting with a largest amount
then ending with a lowest one. The proportion of the long-term unemployed declines for
men from 51.21 percent, in 1988, to 18.8 percent, in 2003, for female 58.08 in 1988 to 7.99,
in 2003. However, even though the decreasing trend continues for each gender, our
conclusion seems to change for men when we consider the urban-resident individuals

separately. The lowest proportion for urban resident men is observed for the primary

'2 Until 2000 an individual were accepted as an unemployed if he or she used one of the job search method
within the last six months. This criterion was changed in 2000. After 2000 an individual were accepted as an
unemployed if he or she used one of the job search method within the last three months.

13 Since the duration data by education for the young individuals are not available we could not consider the
young separately.

42



school, with 22.71 percent, and then for the university graduate, with 22.82 percent, in 2003
(see SIS Database, 2004). Further, with a few exceptions (except the last few years),
university graduate urban residing individuals, regardless of being male or female, have the

lowest proportion of the long-term unemployment.

2.4 Trends in Underemployment

In the definition of underemployment used by SIS two main groups of employed
persons are included. The first group is the involuntary part-time workers. An individual is
considered as an involuntary part-time worker if he or she “works less than 40 hours
because of economic reasons'* during the reference period and are able to work more at
their present job” (SIS, 2001la, p. XXIV). The second group covered in the
underemployment definition of SIS inclusive of the individuals who want to change his/her
current job due to an inadequate income or because the job does not match their skills
properly (see SIS, 2001a, Kasnakoglu, 2002 and Tunali, 2003, p.54). The latest part of the

underemployment can be considered as an approximation to invisible underemployment

The definition of underemployment used by SIS is different from the definition
used by OECD. In addition to involuntary part-time workers, OECD’s definition of
underemployment includes unemployed individuals plus discouraged workers (see Tunali,
2003). Discouraged workers are the individuals who are available to start a work but gave
up searching for a work due to the following reasons. The first is that, they do no not know
where to search. The second, they think that there is no job available for them in the area
they live (see SIS, 2001a). Table 2.7 presents the underemployment rates calculated under
the definition used by SIS.

Under the examination period of 1988 to 2003 the underemployment rates in
Turkey have varied between 4.8 and 8.45 percent, with having its maximum in 1999 and its

minimum in 2003. We also observe that there is no increasing or decreasing trend in the

'* Economic reasons can be classified as follows: i) work slowdown owing to technical or economic reasons, ii)
non-availability of work, iii) could not find full-time job, iv) the job has just started or has come to an end
during the last week (see SIS, 2001a).
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underemployment rate until 1999, for each gender and residence. The considerable decrease
in the underemployment rate after 2000 can be explained by “the methodological changes
in the Household Labor Force Surveys in the form of shorter and moving reference periods,
larger sample size and higher response rates” (see Kasnakoglu, 2002, p. 146). Further, it is
seen from the Table 2.7 that for most of the years the underemployment rate in urban areas
is larger than rural. But the difference of rural and urban in the underemployment rates is
smaller than the difference in the unemployment rate (see Table 2.4 and 2.7). A further
observation from the Table 2.7 is that the rate of underemployment for male is always
larger than the rate for women (more than twice), for both urban and rural residents. One
more observation is that the rate for men in rural areas is always larger than the rate for
urban areas. In contrast to men, the underemployment rate for women in urban areas is

always larger than rural areas.

Table 2.7: Underemployment Rate by Gender and Residence, 1988-2003

Turkey Urban Rural
Total Male Female | Total Male Female | Total Male Female

1988 6.61 8.5 2.2 6.52 7.1 39 6.74 9.9 1.7
1989 6.98 8.9 2.7 7.14 7.7 4.6 6.82 10.2 2

1990 6.13 8.5 1.9 7.24 7.9 4.5 5.91 9.3 1

1991 6.5 9.3 2.4 7.55 7.8 5.9 6.9 10.8 1.3
1992 7.43 10.1 3.6 7.6 8.3 4.8 855 123 3.1
1993 7.18 9.3 3.2 7.8 8.4 53 7.6 10.4 2.2
1994 7.72  10.2 4.2 8.7 9 7.4 8.2 11.6 2.8
1995 8.17 8.4 3.7 7.3 7.9 5.6 6.6 9 2.8
1996 7.44 8.2 33 6.3 6.9 4.1 7 9.7 34
1997 7.67 7.6 2.4 6.55 7 4.7 5.6 8.2 1.2
1998 8 7.7 2.2 6.6 7.2 4.2 5.65 8.4 1.2
1999 8.45 10.85 2.95 8.9 9.45 5.2 8.9 13.2 1.8
2000 6.98 8.4 2.8 7.4 7.9 49 6.5 9 1.5
2001 5 7.4 2.3 6.5 7.1 4.1 54 7.8 1.2
2002 54 6.8 2.1 5.9 6.5 34 4.8 7.2 1.1
2003 480 5.80 2.30 520 5.50 3.80 440 6.30 1.20

Source: SIS Database.

Figure 2.14 shows the underemployment by major economical activity over the
examination period of 1988 and 2003 for the urban and rural residing men and women
separately. We observe from the Figure 2.14 that services sector has the highest share in

underemployment in the urban areas regardless of being male or female. The share of
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services sector in some years for female is larger than share for men. The industry sector
with about 30 percent share has been the second sector in the underemployment of female
under the period of observation of 1988 and 2003. As expected, the smallest share
observed in agriculture for male, in construction for female in urban areas over the period
of 1988 and 2003. However, the industry and construction sectors, with no clear
difference, have the second share in the underemployment of urban residing male in the
same period. In contrast to urban areas the share of agriculture in the rural areas is the

largest one for both males and females.
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Figure 2.14: Underemployment by Economic Activity 1988-2003

Source: SIS Database.
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Figure 2.15: Underemployment by Age: 1988-2003

Source: SIS Database.

In Figure 2.15 we present the underemployment by broad age group over the
examination period of 1988 to 2003 for the urban and rural residing men and women
separately. We observe from the Figure 2.15 that the underemployment rate initially
increases with the increases in age then decreases for the urban residing male, with a few
exceptions during the period of observation. The men regardless of residence difference in
their mid-career (age of 35-54) and late-career (age 55 and over) period have lower than
the country average almost all years of our observation period. The same result also
seems to hold for the rural resident female. However, there is no clear leader age group
with more fluctuations and most of them near to average value for the urban resident
female. One more observation is that the young individuals (i.e. 15-24) and the middle
aged (i.e. 25-34) in total have more than 60 percent share in total underemployment. This

amount is larger than their share in total labor force (see SIS, 2004).
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Figure 2.16: Underemployment by Education: 1988-2003

Source: SIS Database.

Figure 2.16 depicts the underemployment by educational attainment over the
examination period of 1988 to 2003 for the urban and rural residing men and women
separately. It is observed from the Figure 2.16 that the share of university graduates in
underemployment is always lower than the country average for men regardless of living
in urban or rural areas. The same result seems to hold also for the urban resident
university graduate females. One more observation is that the largest share for urban

residing men is observed for the non-graduates and then for the primary school graduates.
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The similar result appears to hold also for the urban resident in the same education level
(i.e. less than middle school degree) with having no-clear distinction between the other
remaining education levels. An additional observation is that the share of urban resident
men with high school or more degree in almost all years is lower than the urban average
for men. If we look at the rural areas, we observe again that the university graduate men
in almost all years have the lowest share in underemployment, and then the non-graduate

is being the second lowest.

Figure 2.17 shows the underemployment by three reasoning of underemployment
collected by SIS over the examination period of 1988 to 2003 for the urban and rural
residing men and women separately. We observe that the share of individuals who are
searching because they are dissatisfied with their income from the current job have the
biggest share for male regardless of living in urban or rural areas. The same conclusion also
can be applied to female, with the exception of 1988, 1989 and 1990 in the rural areas in
which the share of involuntary part-time work (i.e. work less than 40 hours because of
economic reasons) has a largest share. The share of individuals who are looking for a job
because they are dissatisfied with their earnings on the current job seems to increase after the
two economic crises which the country experienced (in 1994 and in 2000-2001) in the last
fifteen years in the urban areas particularly for women. The share of this group, for urban
resident female, increased from 52.9 percent in 2000, to 60 percent in 2002, and then to 71.15
percent in 2003. For men we do observe the same trend, the share of this group initially
declined from 79.04 percent in 2000 to 78.51 percent in 2002, and then increased to 80.38
percent in 2003.

A further observation is that those who are looking for another job because they are
not-working in their usual occupation have the smallest share for both male and female as
well as for both urban or rural resident individuals. One more observation is that the share
of individuals who are looking for a job because they are dissatisfied with their earnings for
men is in almost all years larger than the share for women, regardless of residence
difference. The same result holds for the involuntary part-time worker female, i.e. for

female who work less than 40 hours because of economic reasons.
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Figure 2.17: Underemployment by Types, 1988-2003

Source: SIS Database.

Finally, in Figure 2.18 we present the underemployment by using the definition
employed by OECD, rather than using the SISs’ definition. As mentioned previously, the
underemployment definition of OECD covers the individuals who are involuntary part-time
workers (this group also included in the SISs definition) plus unemployed plus the
discouraged workers. Note that because the data on discouraged workers are available after
1990, the effects of this group are zero until 1991. We observe from the Figure 2.18 that the
contribution of involuntary part-time workers to underemployment is larger than that of the
discouraged workers for male regardless of living in urban rural areas. The same conclusion
seems to hold also for the urban residing female, with a few exceptions, but not for the rural

residents in which, in most of the years, the discouraged workers have larger contribution
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than the involuntary part-time workers. The contribution of involuntary part-time workers
to underemployment shows variations by years and gender; ranging between 0.92 and 2.13
percent for urban resident male, 0.87 and 3.34 percent for urban resident female, with the
largest contribution being observed in 1994 for each gender. The total contribution of
involuntary part-time workers and discouraged workers to the underemployment in urban
areas ranges between 1.06 and 2.05, 0.8 and 2.2 percentages for males and females
respectively in the period between 1991 and 2003. The same contribution in the rural areas
ranges between 1.3 and 2.4, 1.12 and 5.11 percentages for each gender in the same order in

the same period.
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Figure 2.18: Underemployment OECDs Definition (unemployment + involuntary +
discouraged workers) 1988-2003

Source: SIS Database.
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Further, discouraged worker effect in urban areas for women, in almost all years, is
two times larger than that for men (see Figure 2.18). One more observation is that
discouraged worker effect for rural residing female in majority of our observation period is
two times larger than that for the urban residing ones. A further observation is that for the
last four years of our observation in contrast to increasing trend of unemployment for both
urban resident male and female the contribution of both involuntary part-time workers and
discouraged workers decline. The same trend is not observed in the rural areas. Hence, the
effects of the 2000-2001 crises are mostly seen in the unemployment rates of both men
and women. In contrast to our expectation the share of discouraged workers in the labor
force does not seem to increase during the most recent (2000-2001) and past economic

crisis (1994).

2.5 Concluding Remarks

Main findings of this chapter on the labor market in Turkey can be summarized as
follows. The first observation is that industrialization of the country still continues.
However, the share of agriculture in total employment is still quite large in comparison to
OECD countries (see OECD, 2004, database). The second observation is that the share of

service sector increases for both males and females over the last twelve years.

Regarding the labor force participation rates we observe a declining trend for each
gender over the last 15 years. The rate for men is always larger than that for women,
particularly in urban areas, and shows an inverse-U relation with respect to age over the
period of 1988 to 2003. The largest LFPR is observed for the university graduates when we
examine the rate by education level. If we look at the results for each gender separately the
result was not different and the gender difference is lowest for the university graduates.
Further, we observe that in contrast to men, married women’s labor force participation rate
is always lower than the country’s average for women. However, married women’s
participation rate has increases during the last two economic crises. Thus we find some
support for the added worker effect. One more observation for the married women’s LFPRs

is that the lowest rate is observed for the ages between 15 and 35. The main factor that
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limits the participation of this age group may be having one or more children in the
household since the use of child care centers are limited in Turkey. Increasing the number

of these types of facilities may increase the labor force participation rate of this age group.

Concerning the trends in unemployment rates we observe that since weaker
qualifications are needed for employment, the rate in rural areas is always lower than the
rate for the urban areas. In this respect there is a significant difference between men and
women living in urban or rural areas. The rates of unemployment in urban areas for
females, because of cultural barriers against their market work and their lack of education
and skills, are always larger than those for men. In the rural areas most of the women are

easily employed in their own farm in agriculture working as an unpaid family worker.

A further observation is that the rate of unemployment for Turkey is always larger
than the rate for the OECD countries average during the years between 1998 and 2002. As
in almost all OECD countries, we observe that the young people have the highest
unemployment rates over the period between 1988 and 2002. The lowest rate is observed
for the oldest individuals regardless of being male or female. When we look at the rate of
unemployment by marital status we observe that the unemployment rate for married
individuals for both male and female is always lower than the country average. Next, the
widowed individuals have the lowest unemployment rates. Regarding the unemployment
rate by education we observe the lowest rates for the university graduates and for the non-
graduates. Further, it is observed that during the recent economic crises the share of
individuals who lost their jobs among the unemployed individuals seems to have increased,
particularly for the urban residing women. The share of just-graduated ones in the first-time
job seeker women declined (i.e. the share of other groups in the first-time job seekers
increased) during the economic crises. This provides another support for the added worker
effect. A further observation is about the human capital effect. The higher is the education
level the lower is the probability of losing the job. The share of the university graduates,
especially men, among the lost-job individuals is the lowest. Therefore university graduates
are less likely to loose their job. However, the share of primary school graduates and non-
graduates among the lost-job persons are higher than the other education levels, therefore

they are less likely to keep their job.
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During the most recent economic crisis the rate of unemployment increased in all
regions of the country. The largest increase in the unemployment was in the Southeast
Anatolia region where the rate of unemployment more than doubled in the pariod between
2000 and 2003. The lowest increase in the unemployment rates was in the Black Sea

Region in the same period.

Long-term unemployment is also an important problem in Turkey, as is in almost
all OECD countries. The incidence of long term unemployment among the youth (age of
15-24) in Turkey is larger than the average value for the OECD countries. However, long-
term unemployment among the young is not higher than the country average of Turkey
almost all years of our observation period. Incidence of long-term unemployment is the
highest for the individuals in their late-career (age 55 and over) and mid-career (age 35-54)
years. Contrary to our expectations from the human capital theory the lowest incidence of
long-term unemployment is observed for the individuals with no-diploma (i.e. illiterates
and literates without a diploma). The highest long-term unemployment is mostly observed

for the high school and vocational high-school graduates.

Regarding underemployment we do not observe any increasing or decreasing trend
until 1999 over the last 15 years. The rates of underemployment in urban areas are in most
of the observation period larger than the rate for rural areas. After 1999 we observe a
considerable decline in the underemployment rates for both male and female due to the
methodological adjustments in the HLFS survey in 2000 (see Kasnakoglu, 2002).
Underemployment rates in each sector of economic activity are proportional to their shares
in employment. Thus, we observe the highest share for the individuals employed, in the
service sector in urban areas, agricultural sector in rural areas, for both males and females.
As in the unemployment rate, the lowest underemployment rate is observed for the
university graduates, particularly for men. Finally, even though we find some support for
the added worker effect, we do not observe the discouraged worker effect during the last

two crises that the country experienced.
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CHAPTER 3

TRANSITIONS IN THE TURKISH LABOR MARKET

3.1 Introduction

“The labor market is in continuous internal motion, with workers moving rapidly
between jobs, unemployment and non-participation even during periods of stable economic
activity” (see Marston, 1989, p.169). In the literature there are a lot of studies, which
analyze the transitions between the labor market states. Most of these studies have been
carried out for the developed countries, for example, by Marston (1989) for the USA, by
Bellman et al. (1995) for Germany, by Nielsen et al. (2000) for Norway. There are also
several studies for the transition countries, for instance Huitfeldt (1996), Foley (1997a) and
Lauerova and Terrel (2002). However, there is no previous study on this issue for Turkey.

Therefore, this will be the main contribution of the present chapter.

In the analysis, most of the empirical studies utilize the panel feature of the labor
force surveys (LFS). This feature of the LFSs allows the researchers to follow individuals
in the working age populations making these flows across the various labor market states.
In this chapter we focus on the transitions in the Turkish Labor Market. In the analysis we
use the Household Labor Force Survey Data of 2000 (quarter I and IT) and 2001 (quarter I
and II). This survey data is nationally representative and allows us to identify and analyze
the general characteristics of the individuals making transitions between the labor market
states. We consider the usual three-labor market states —employment, unemployment, and
out of the labor force- and analyze annual transitions between first (and second) quarters of

2000 and 2001.
Turkish economy experienced one of the severest economic and financial crises in
2001 within the last fifty years. Therefore, year of 2001 was a very hard year for Turkey.

As a result of the economic crisis in 2001, GNP declined by 9.4 percent; industrial
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production of the country declined by 8.9 percent (see SIS, 2003b). Thus, the total number
of employed individuals fell by about 212 thousand compared with that of previous year of
2000. The effects of this crisis were not equally perceived by economic sectors. The worst-
affected sector was the construction sector where the number of employed individuals fell
by 240 thousand, and then the services sector with a contraction of 84 thousand people. In
contrast to the above sectors the employment level in the agricultural sector rose by about
114 thousand people (see SIS, 2003b). Thus, in the year 2001, the employment rate
decreased from 46% to 44.6% in total compared with that of the previous year. The
corresponding percentages declined, from 68% to 65.4% and from 24.1% to 23.8%, for
males and females, respectively between the same years (see SIS, 2003b). Because of the
economic crisis or recession we expect an increase in the unemployment rate for the
following two reasons. The first one is that firms may decrease their capacity, i.e. their
work force. Second, they may not able to make new investments, “even potentially
profitable firms”, to create employment opportunities for the job-seekers in the current
situation (Belmann et all, 1995, p.140). Therefore, there may be more individuals who lost
their jobs and new job seekers who are less likely to be employed. When we look at the
effects of this economic climate (i.e. the crisis) on the unemployment side, it is seen that, in
the year 2001, the nationwide unemployment rate increased from 6.56% in 2000 to 8.32%
2001. The increase in the unemployment rate in 2001 was larger than Turkey’s average in
urban areas compared with that of the previous year (see Table 2.4). Moreover, the increase
in female unemployment rate was higher than male unemployment rate in the urban areas
(see Table 2.4). Lauerova and Terrel (2002, p.1) state that differentials in the
unemployment rate’s of two labor market groups, such as men and women, may be a
consequence of differentials in the incidence of job loss. This difference may also stem
from problems, such as discrimination for against women, in obtaining a job offer that one
of the groups may face more often (Lauerova and Terrel). Thus, our aim is also to provide
formal evidence on this important topic and examine the sources of unemployment rate

differentials, such as urban residing women and men, by using the HLFS survey data.

This chapter proceeds as follows. Section 3.2 reviews the empirical studies on the
transition data. Then the HLFS and sample data used in this chapter are briefly described in
Section 3.3. Section 3.4 presents the gross flow methodology. Section 3.5 gives the
econometric model. Section 3.6 presents transition probabilities between the labor market

states under Markovian assumptions. Section 3.7 analyzes the sources of differentials in
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unemployment rates among some demographic groups by using Marston (1976)’s
decomposition. Section 3.8 provides the estimation results of multinomial-logit models for
determinants of transitions out of employment, unemployment and not-in-labor force. The

final section provides the concluding remarks.

3.2 Literature Review

In this part we will consider the modeling approaches to analyzing the transitions in
the labor market. There are several studies on this topic such as the ones by Burdett et al.
(1984), Lundberg (1985), Moser (1986), Bellmann et al (1995), Foley (1997), Grogan
(2000), Theeuwes et al.(1990) Huitfeldt (1996), Royalty (1998), Stromback at all (1998),
Blau and Riphahn (1999), Woltermann (2002), Lauerova and Terrell (2002). Two of the
early studies of this type were done by Burdett et al. (1984) and Lundberg (1985) who
estimated the three-state, which are employment, unemployment and non-participation (out
of labor force), Markov model. Lundberg (1985) mainly concentrates on the labor supply
response of married women to their husband’s unemployment. He finds that a wife’s labor
market transitions are influenced by her husband’s labor market status. Overall results of
this study, suggest a support for the added worker effect which refers to a temporary
increase in the labor supply of married women whose husband’s become unemployed (see

Lundberg (1985).

Some of the above studies, such as DeBoer and Seeborg (1989), Huitfeldt (1996),
and Lauerova and Terrel (2002), use the transition probabilities between the labor market
states to explain the unemployment rate differentials in selected labor market groups based
on the approach developed by Marston (1976). The detail of this approach can be seen in
the gross flow methodology part of this chapter (see Section 3.4).

Let us now consider a more recent study carried out by Huitfeldt (1996) for the
Czech Republic in detail. In this study he uses the Czech Labor Force Survey Data. It has a
panel feature. In the survey an individual is visited maximum of five subsequent quarters.
In the first part, Huitfeldt calculates the flow probabilities between the main labor market
states of unemployment, employment and out-of-labor force. Then, he analyzes the

differentials in the rates of unemployment among labor market groups by using Marston
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(1976)’s decomposition. In the second part of the study he estimates multinomial logit
models to find the determinants of labor market transitions. In the multinomial-logit
estimation part, Huitfeldt investigates the function of the local unemployment rate,
unemployment insurance, elapsed unemployment duration on the flow probabilities. In
contrast to general use of unemployment rate or employment population ratio as a proxy for
the regional or local economy, Moser (1986), develops and uses an index to capture the
changes in economic conditions in place of unemployment rate or employment population
ratio. However, he finds that the probability of exiting into unemployment and the
probability of leaving employment and nonparticipation are both not affected by the
changes in cyclical factors. Like, Lundberg (1985), he also finds support for the added
worker effect, i.e. observes an increasing successful entry of other family members into
labor market. In the analysis, he focuses on only the prime-age men and does not consider
the effects of education level on these transition rates. Further, Theeuwes et al. (1990) using
Dutch data find a significant negative relation between the level of educational attainment
and the transition from employment to unemployment for men. With respect to transition
from unemployment to employment, their finding for women is different than those of for
men. The effects of education on this transition is found to be significant for women but not
for men. They also observe that single parents have significantly lower transition rate from
unemployment to employment and a significantly larger transition from employment to

unemployment.

Let us now consider the estimation results of Huitfeldt (1996). In the case of “from
unemployment” we have two transitions; unemployment to employment and
unemployment to non-participation. The estimation results of this part suggest that there is
“strong negative duration dependence”. Therefore, Huitfeldt (1996:21) states that the
probability of exiting from unemployment for employment declines fast over the
unemployment duration. This finding is explained by the negative duration dependence as
well as unobserved heterogeneity among the unemployed people. An additional finding of
the study is that, even though the probability of finding a job declines with the
unemployment duration, unemployed individuals do not give up searching for a job (i.e. do
not become discouraged). In the second case of “employment”, regardless of being male or
female, it is found that the flows among the labor market states of employment and
unemployment are determined by the tenure in the job. The findings related to education

level effect suggest that less educated individuals are most likely to exit from their job
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compared to higher educated ones (such as secondary education and university). Another
remarkable result is that the increases in the rate of unemployment increase the transitions
from employment to unemployment, but not to out-of-labor-force. The author has small
number of transitions in the case of “non-participation”. This part of the study shows that
individuals with high education have a higher probability of finding a job from out-of-the-
labor-force. Huitfeldt also finds that the increases in the rate of unemployment decrease the
likelihood of finding a job from out-of-the-labor-force. Combining the overall results about
the rate of unemployment entails that “bad labor market conditions do not force people out

of the labor force, but it prevents them to re-enter” (See Huitfeldt 1996:26).

Further, Belmann et al. (1995) investigates the Eastern German labor market flows by
using longitudinal survey of Labor Market Monitor which includes approximately 10,000
individuals. They initially calculate the transition probabilities from November 1990 to
November 1991 under Markovian assumptions between the labor market states. Next, they
analyze the determinants of these transitions by using multinomial logit model. Initial
findings of the study suggest that there is high degree of state dependency for the labor
market states of employment (EE, that is 83.6 %) and not-in-labor force (NN, that is 79.9
%), but not for unemployment (UU, that is 37.3 %). They also observe that women have
higher risk of exiting from their jobs than men. At the same time, their chance of obtaining
a job, from unemployment and from out-of-the-labor force is lower than that of men. They
also find that, regardless of being male or female, age and marital status are significant
covariates of exiting from unemployment. They also observe that the females with higher
educational attainment are more likely to find a job, from both of the labor market states
(i.e. from unemployment and from out-of-the-labor force) compared to other educational
attainments. Moreover, Belmann et al. (1995) also find that region dummies (differentials)
that are used as a “proxy for the level of local labor market activity,” are found to be
significant “in determining male labor force exits” (outflows). One further observation from
this study is that transitions from employment to unemployment, regardless of being male
or female, are positively related with private ownership of the firm, but significant effect is

observed only in the male’s equation.

Foley (1997a) uses the Russian Longitudinal Monitoring Survey Data to examine
the dynamics in the Russian labor market. He finds that the probability of remaining in the

initial state of employment is 91.0 percent. The same probability for the state of out-of-the-
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labor force is 89.9 percent. These probabilities are to some extent larger than that found by
Bellman at al. (1992) for the East Germany. The finding for the re-employment probability
for the unemployed individuals, that is 52 percent, is larger than that of selected OECD
countries, such as the UK (29 %), the USA (49 %) and Belgium (22 %) (see Foley, 1997).
Another important finding of the study is that the workers in the private sector have highest
risk of losing their job. The probability of keeping their job for more than one year is less
than 39 percent for in this sector. Regarding the age variables there are two findings. The
first is that youth individuals are more likely to lose their job. The second is that aged
individuals (and women also) are more probable to go out-of-labor force i.e. become
discouraged. Foley uses the education level dummies in order to capture the human capital
effect. He observes for the Russian workers that the likelihood of exiting from the job
decreases with the increase in the educational attainment. However, the significant marginal
effect is only seen for the higher education levels in keeping the job. Moreover, the less
educated individuals are more likely to exit out-of-labor force, both from employment or
unemployment. With respect to skill level that is classified in relation to occupation groups,
individuals in elementary occupations, such as agricultural and animal workers, have the
highest risk of losing their jobs. Furthermore, for the transition from unemployment to the
other states, he finds that the unemployment duration parameters have large and significant

effects on the transitions from unemployment.

Wolterman (2002) gives more special attention to the impacts of the different
search methods on the transition probability from unemployment to other labor market
states of Brazilian workers by using multinomial logit models. In this study, the other labor
market states are classified as “formally employed”, “informally employed” “self
employed” and “inactive”. The main findings of the study are the followings. The job
search method of “asked employer” is found to be significant and positive effect on both for
the transition from unemployment to “formal and informal work”. The use of “employment
agency or union” has a positive, but it is significant at 10 percent level, effect on the
transition to informal work. This variable has a negative and significant (at 5% level)
impact on moving to “self-employment or inactivity”. With respect to education, he finds
expected results that individuals with higher education are more likely to move to formal
jobs and less likely to exit labor force (i.e. inactive). However, the variables of “age” and
“average household income” show no significant effect on these transitions for Brazilian

workers.
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Lauerova and Terrell (2002) analyze the gender differences in unemployment rates
by using differences in transition probabilities for men and women for some transition
countries. These are Czech Republic, Russia, Poland and East Germany. In the study they
also analyze the determinants of flows across labor market states in the Czech Republic by
using multinomial-logit model for each gender during the period of 1993(Q2)-1996(Q4)
(i.e. uses fourteen consecutive quarters of Labor Force survey data). The Czech Republic
data suggest that there is a high degree of state dependency for employment and not-in-
labor force. The probability of remaining in the current job is 98.28 percent for men and
97.79 percent for women. Similarly, the probability of remaining in the out-of-the-labor
force is 97.02 percent for men and 97.76 percent for women. The corresponding
probabilities in the case of unemployment are not too high. They are 66.54 and 69.36
percent for men and women respectively. As in Huitfeldt (1996), this study also tries to find
that the sources female-male unemployment differentials in terms of transition
probabilities. The probability of finding a job from the state of unemployment for women is
lower than that for men. This difference is stated by Lauerova and Terrell (2002) as the
main source of the unemployment rate differentials between female and male in the Czech
Republic, Russia, Poland and East Germany. The multinomial-logit model estimation
results of the study show that the less educated individuals are more likely to lose their job
and less likely to obtain a job from both unemployment and out-of-labor force. Further,
younger individuals are more likely to find a job from both unemployment and out-of-labor
force. Nevertheless, they are more likely to exit their job compared to older individuals, as

in developed countries.

3.3 The Data

The data used in this analysis is taken from the Turkish Household Labor Force
Survey (HLFS), which is nationally representative and covers rich information about the
Turkish labor market. Between the period of 1988 and 1999, the survey was conducted
biannually, in April and October. After 1999, application frequency, sample size,
questionnaire design and estimation dimension are changed. Since 2000 the survey has
been conducted on a quarterly basis by the State Institute of Statistics of Turkey. The

survey includes about 23,000 households in every quarter. The survey conveys information
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about all individuals in the household. The data covers the following concepts:
Employment, unemployment, discouraged workers, seasonal workers, working hours,
informal sector, economic activity, occupation, status in employment, duration of
unemployment, search method, educational status and marital status etc. (See SIS, 2001a).
The data does not give information about wages or unearned income; this is the main

shortcoming of the HLFS survey data.

To analyze the transitions in the labor market we need panel data. This feature was
not available in the HLFS data before 2000. In that year the panel feature was introduced to
measure the changes between the successive quarters and years (see SIS, 2001b; pp:17).
Approximately, half of the individuals surveyed in the first quarter of 2000 are re-
interviewed in the first quarter of 2001 in which the sample is still representative of the
country. With this property, one can follow the same individual in the labor market during a
given period. Thus, one can observe whether, for example an unemployed individual finds

a job, or an employed individual loses his job, during the period of observation.

HLFS distinguishes between the following labor market states: employed,
unemployed, and not in labor force (out of labor force). In order to identify these three
labor market states, the following internationally accepted definitions are used in the HLFS.
The employed cover all individuals aged 15 or over who during the reference period were
economically active as regular employee, casual employee, employer, self-employed or
family worker for at least one hour. In this definition, individuals with a job, who did not
work during the reference period for various reasons but have a job attachment, are also
included. In the unemployment definition we include all individuals aged 15 or older who
were not employed (neither worked for profit, payment in kind or family gain at any job
even one hour, who have no job attachment) during the reference period. They should have
used also at least one of the job search channels for seeking work during the last three
months and should be available to start work within 15 days. The individuals who are in
the out of labor force group are the remaining ones aged 15 and over (see HLFS 2001a,

p.XXII-XXIV).

Our data set for the transition analysis consist of the first two rounds (quarters) of 2000(Q1-
Q2) and 2001(Q1-Q2). We restricted the sample to individuals between the ages 15 and 65.
The number of matching individuals over the first quarter of 2000 and 2001 is 19,653; the
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corresponding number for the second quarter is 18,813. In the gross-flow part of the study
we have used these observations. We can compute the main characteristics of the
individuals in the three labor market states by using the survey data (see Table 3.1 a,b and
3.2 a,b). As can be seen from the Table 3.1 (3.2) the unemployment rate increases from
9.09 (6.9) to 10.38 (8.57) percent between the first (second) quarters of 2000 and 2001.
From the raw data, we can also calculate the unemployment rate differentials for the
selected labor market sub-groups such as women and men. The Table 3.1 indicates that the
unemployment rate difference between these groups also increase from 2.46 to 5.01 percent
between the first quarters (see Table 3.1a and 3.1b). This difference mainly comes from the
urban resident women since the unemployment rate of women in rural areas is lower than
that of men. The corresponding gender differential in unemployment rates in urban areas
increase from 6.66 to 9.85 percent between the first quarters of 2000 and 2001 (see Table
3.1a,b).
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Table 3.1: Demographic Differences between Individuals in Different Labor Market
States in the First Quarters

a) 2000 Employment (in % of | Unemployment (in % | Out of Labor Force (in
the population) of the labor force) % of the population)
All 38.93 9.09 57.18
By Sex Male 62.72 8.19 31.42
Age 15-24 36.67 17.11 55.76
Age 25-54 79.62 6.89 14.49
Age 55pl 40.30 3.71 58.15
Female 16.37 9,61 81.61
Age 15-24 16.04 20.69 79.77
Age 25-54 17.69 6.88 81.00
Age 55pl 10.31 0.74 89.62
Rural 45.40 5.79 51.81
Urban 36.90 10.30 58.87
Urban-Male 62.15 9.02 31.69
Rural-Male 64.54 7.07 30.56
Urban-Female 13.01 15.68 84.57
Rural-Female 27.12 2.74 72.12
Education
Non-Graduate 20.16 6.68 78.40
Primary School 40.32 9.1 55.64
Middle School 32.47 9.76 64.02
High School 41.29 11.18 53.52
Voc.High School 56.75 12.24 35.33
Two-Years University 65.29 10.48 27.07
Four Years University 76.30 3.72 20.75
Non-Married 29.38 17.37 64.44
Married 43.50 6.04 53.70
Married Male 74.17 6.15 20.97
Non-Married Male 39.24 16.77 52.85
Married Female 14.76 5.54 84.38
Non-Married Female 19.79 18.51 75.71
b) 2001 Employment (in % of | Unemployment (in % | Out of Labor Force (in
the population) of the labor force) % of the population)
All 39.32 10.38 56.12
Sex
Male 64.14 9.28 29.30
Age 15-24 37.83 20.31 52.52
Age 25-54 80.24 711 13.62
Age 55pl 41.30 3.64 57.14
Female 16.01 14.29 81.32
Age 15-24 15.52 24.85 79.34
Age 25-54 17.39 10.19 80.63
Age 55pl 9.81 0.81 90.10
Rural 46.04 6.86 50.57
Urban 37.26 11.62 57.83
Urban-Male 63.31 9.73 29.85
Rural-Male 66.87 7.78 27.49
Urban-Female 12.63 19.58 84.29
Rural-Female 26.89 4.69 71.79
Education
Non-Graduate 21.67 6.07 76.93
Primary School 40.06 9.88 55.55
Middle School 31.38 12.26 64.23
High School 43.16 15.20 49.11
Voc.High School 54.46 13.47 37.06
Two-Years University 61.02 6.90 34.46
Four Years University 77.37 4.81 18.72
Non-Married 29.54 21.02 62.60
Married 43.86 6.44 53.12
Married Male 75.05 6.31 19.90
Non-Married Male 40.78 19.36 49.43
Married Female 14.68 7.07 84.20
Non-Married Female 18.89 24.20 75.08
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Table 3.2: Demographic Differences between Individuals in Different Labor Market
States in the Second Quarters

Employment (in % of the

Unemployment (in %

Out of Labor Force (in

a) 2000 population) of the labor force) % of the population)
All 43.73 6.90 53.03
Sex Male 69.04 6.19 26.40
Age 15-24 43.44 13.90 49.55
Age 25-54 85.21 4.48 10.79
Age 55pl 44.82 3.63 53.49
Female 20.04 9.13 77.94
Age 15-24 19.30 14.93 77.31
Age 25-54 21.68 7.30 76.61
Age 55pl 13.57 1.10 86.27
Rural 56.18 2.70 42.26
Urban 39.76 8.68 56.47
Urban-Male 66.44 7.19 28.42
Rural-Male 77.24 3.36 20.07
Urban-Female 14.77 14.46 82.73
Rural-Female 36.54 1.37 62.95
Education
Non-Graduate 26.16 4.63 72.57
Primary School 45.42 6.01 51.67
Middle School 35.91 8.97 60.55
High School 46.05 9.57 49.08
Voc.High School 57.46 9.83 36.28
Two-Years University 70.74 7.78 23.30
Four Years University 77.52 4.83 18.55
Non-Married 34.21 13.97 60.24
Married 48.19 4.28 49.65
Married Male 80.15 3.83 16.66
Non-Married Male 45.61 14.01 46.96
Married Female 18.49 6.09 80.31
Non-Married Female 23.39 13.89 72.84
b) 2001 Employment (in % of the| Unemployment (in % | Out of Labor Force (in
) population) of the labor force) % of the population)
All 42.57 8.27 53.59
Sex
Male 66.80 7.57 27.73
Age 15-24 40.94 15.33 51.65
Age 25-54 82.70 6.06 11.97
Age 55pl 42.56 3.94 55.69
Female 20.13 10.36 77.54
Age 15-24 18.40 19.37 77.18
Age 25-54 22.13 7.33 76.12
Age 55pl 14.02 0.56 85.91
Rural 57.03 3.12 41.14
Urban 38.05 10.50 57.48
Urban-Male 64.05 8.76 29.79
Rural-Male 75.61 4.18 21.09
Urban-Female 13.96 17.21 83.14
Rural-Female 39.87 1.21 59.64
Education
Non-Graduate 26.82 6.02 71.46
Primary School 44.23 7.25 52.32
Middle School 32.62 9.71 63.87
High School 44.05 12.19 49.84
Voc.High School 58.54 11.74 33.67
Two-Years University 62.47 8.06 32.05
Four Years University 75.87 5.39 19.81
Non-Married 32.09 16.62 61.51
Married 47.44 5.29 49.91
Married Male 77.53 5.26 18.17
Non-Married Male 43.74 15.43 48.28
Married Female 19.59 5.39 79.30
Non-Married Female 21.31 18.80 73.76
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3.4 Gross Flow Methodology

Lauerova and Terrel (2002, p.5) point out that the movements of the individuals
from one of the labor market states to another one can be considered “as a dynamic
process”. This process can be illustrated as a Markov Process with three labor market
states. These are employment (E), unemployment (U) and out-of-the labor force (OLF). In
this process individuals at each period are observed in one of these three labor market
states. It should be noted that under a Markov Process, “flow probabilities between labor
market states depends only on the state currently occupied” (Bellmann at al., 1995, p.145).
Corresponding to these three labor market states nine flows or transitions between states i

and j can be observed. These are provided in the following matrix notation as:

1)ee eu IDeolf
T= Pue Puu Puolf (3.1
P olfe P olfu P olfolf

In the cells of the matrix, T, we show the transition probabilities between the labor market
states. For example, P,, denotes the probability that an individuals stays in unemployment
between time ¢ and ¢+/; P, refers to the probability of leaving unemployment for
employment, and etc. To calculate the probability of making a transition between the
different labor market states we divide the number of individuals in the flow by the number
of individuals in the original state (Marston, 1976). Hence, the gross probability of

transition from state i to state j is given by:

FLOW

= 770 = feuolf 3.2
)= Stock, P fenolD (3.2)

In the equation (3.2) FLOW); denotes the number of persons in state i at time ¢ who are in
state j at time ¢ + 1, STOCK;; represents the stock of persons in the original state i at time ¢

(see Lauerova and Terrel, 2002, p.6).
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Marston (1976, p.171) states that we do not need to know all of the transition
probabilities between the labor market states to depict the system. Since the probability of
keeping the initial position in any one of the labor market states is equal to one minus the
probability that the individual exits from the initial position for the other states, we need
only two of the each row. Thus, we have six independent transition probabilities. All of
these probabilities can be transformed in various alternative techniques. In this respect, for

example, one can calculate the “probability of successful labor-force entry” as:
Polfe

Py =t
olfe + olfu

(3.3)

Following the equation developed by Marston (1976) we can express the rate of
unemployment (UR) in terms of the flow probabilities. Thus, if the transitions into and out

of employment are equal, i.e. the labor market is in a “steady state”.

(Pue )U + (Polfe )OLF = (Peu + Peolf )E (3 4)

and the transitions into and out of unemployment are equal,

(Peu )E + (Polfu) OLF = (Pue + Puolf )U (35)
Unemployment
hence, the rate of unemployment, defined as ( ), can be

Unemployment + Employment

written in terms of the flow probabilities as:

P, +(1-P)P,
P, +(1-P)P

olf
+P,+P P

ns™ uolf

(3.6)
olf

It should be noted that the rate of unemployment shown in the equation (3.6) would
not be equal to the actual unemployment rate owing to two reasons. The first reason is the
biases in the gross flow data. The second is the fact that the labor market may not be in
steady state (see DeBoer and Seeborg, 1989, p.407). Nevertheless, this formula may be
very functional in examining the impacts of changes in the flow probabilities on the rate of

unemployment for the selected labor market groups, such as female and male.
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The relation between the unemployment rate and the transition probabilities is
obvious from the equation (3.6). We observe that rises in the P,,, P,,, and P,, rise the rate
of unemployment. However, increases in P, P,, and P, reduce the rate of
unemployment. By using the above equation we can look at the sources differentials in the
unemployment rates of two labor market groups, such as female and male, in terms of flow

probabilities. This is calculated as given below:

emale maite aU emalte malte
y female _ gy mat =Z¥(Plf l _Pi 1), i=eolf,eu,uolf,ue,olfe. (3.7

oU
By using Marston (1976)’s approach, the partial derivatives (a—P in equation (3.7) can

i
be found as the sum of the partial derivatives for the two alternative labor market groups.

The partial derivative for female and male is given by:

ou 1 oU 1 oU
= — + —
aR 2 al)ifemale 2 a})imale

(3.8")

Lauerova and Terrel (2002) suggests that if we distinguish which of the flows are
crucial for decreasing the rate of unemployment for a particular labor market group, then

we can design the true policies to decrease it.

3.5 Econometric Model

To establish the determining factors of different forms of labor market transitions
we have estimated multinomial logit models. In this case, the transition probabilities (i.e.
Markov probability) between the labor market states of employment, unemployment and
out-of-the-labor-force becomes a function of the personal characteristics and local labor

market conditions. The multinomial logit model is given by:

15 For the formula see Huitfeldt (1996, p.18) and Marston (1976, p.203).
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exp(f'; Z)

Pr(Y, = jl1 Y, =hk) = "7y
Zk exp(f'y Z,)

jk=12,. (3.9)

where subscript i represents the individual and Z; are the characteristics of the i-th
individual moving from state & to state j. The equation (3.9) shows the probability of
individual i leaving one labor market state for another, conditional on being in one state,
say k. The covariates contained in the Z matrix are provided in Table (3.3). To estimate the
parameters of the multinomial logit model one can use the maximum likelihood method

based on the following log-likelihood function:

n 2
InL=> "% D, InPr[Y, = j] (3.10)

i=l j=1

where D;; equals one if the worker is observed in state j and zero otherwise. Greene (1994,
p-666) states that the coefficients of the multinomial-logit model are difficult to interpret.
Therefore, we obtain the marginal effects. The marginal effect of a covariate, z;, on the flow

probability to state j, P, is given by:

dP,
= P_{b/ ) Pkbk} : G.11)

where b is the relevant element of the parameter vector f. Consequently, the size and
course of a variable’s effect depends on the choice of Pj (Foley (1997a, p.24) and Lauerova
and Terrel (2002, p.8). In the tables from 3.10 to 3.21, we provide the estimates of marginal

effects and their stand errors evaluated at the sample means of the variables.
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Table 3.3: List of the Variables

1. “Urban” is a dummy variable taking value 1 if a man or woman lives in a town of more than 20,000
inhabitants and 0 otherwise

2. “Female” is a dummy variable taking value 1 if the sex is female and 0 otherwise

3. “Married” is a dummy variable taking value 1 if the survey respondent is married and 0 otherwise

4. “FemMar” is an interaction dummy taking value 1 if the sex is female and marital status is married and zero
otherwise.

5. Region of residence is a set of seven dummies: Central Anatolia (base category), Marmara, Aegean,
Mediterranean Black Sea, East Anatolia, South East Anatolia.

6. Education consists of a set of six dummies: The reference category includes those who are illiterate plus
those who are literate but did not graduate from a school.

“Primary””: Primary School

“Middle”: Middle School

“High”: High School

“VocHigh”: Vocational High School

“TwoYear”: Two Years University

“FourYearOver”: Four Years University and over (or “Univ4pl”)

7. Age is a set of six dummies:
“agel519”: Age 15-19 (base category)
“age2024”: Age 20-24
“age2534”: Age 25-34
“age3544”: Age 35-44
“aged554”: Age 45-54
“ageS5pl”: Age 55 and over.

8. “unemprate” is the local unemployment rate.

9. Occupations of the unemployed persons consist of eight dummies:
“occupl”: Professional and related workers (base category),
“occup2”: Administrative and managerial workers
“occup3”: Clerical and Related Workers,

“occup4”: Sales Workers,

“occup5”: Service Workers,

“occup6”: Agricultural Workers,

“occup7”: Non-Agricultural Workers

“occup8”: Workers not classified by Occupation

10. Status in the current job (latter job for the unemployed persons) consists of six dummies:
“statul”: Regular Employee (base category)
“statu2”’: Casual Employee
“statu3”: Paid family Workers
“statu4”’: Employer
“statu5”: Self Employed
“statu6”: Unpaid Family Workers

Variable(s) used only in transitions from employment:
11. Public Sector dummy takes value 1 if an individual works in the public sector, 0 (zero) otherwise.

Variables used only in transitions from unemployment:

12. Search Method dummies takes value 1 if used by an unemployed individual.

13. Duration of unemployment is set of five group dummies. Takes value of one if the duration of
unemployment lies into that group; duration 1-3 (month) (base category), duration 4-6, duration 7-12, duration
13-24,duration 24 plus.
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3.6 Empirical Results for Gross Flows

In this part we will look at the annual transitions from the first (second) quarter of
2000 to the first (second) quarter of 2001. Table 3.4 and Table 3.5 present gross annual
transition probabilities of various age, residence, marriage, education and sex etc. groups

into all three labor market states. Let us now look at the transitions group by group.

3.6.1 Transitions from Employment:

We observe from Table 3.4 (3.5) that the probability that an individual keeps his or
her job (i.e. P..) from the first (second) quarter of 2000 to the first (second) quarter of 2001
is 79.4 (80.59) percent. This probability is not very high over this period, because of the
crisis that the economy was experiencing in the first two quarters of 2001. If we look at
males and females separately, it is seen that P, is lower with 61.4 percent for females than
for males with 86.1 percent (see Table 3.4). Hence, women have higher risk of losing their
jobs compared to men. From the table it is also clear that the most of the women who loose

their jobs go out of the labor force not to unemployment i.e. they become discouraged.

Moreover, the similar result holds if we consider the residence difference of men
and women. The transition probability from employment to out of labor force for women in
the urban areas is approximately 30 percent, but this amount in the rural areas is 43.5 and

27.7 percent between first and second quarters, respectively.

Furthermore, the probability of keeping his or her job for a married individual is
83.4 (84.9) percent between the first (second) quarters, whereas the same probability is
lower for an unmarried individual and it is 66.5 percent and 66.2 percent between the first
and second quarters, respectively (see Tables 3.4 and 3.5). Examining the transition
probability of P, under gender and marital status difference shows that the gender
differential is lower for unmarried than for married individuals. This difference between
married male and married female is about 27.9 (18) percent in the first (second) quarter
transitions. The differential between the non-married male and female is about 8.2 (9.9) in

the same period. Thus, the married men have the lower probability of losing their jobs
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Table 3.4: Transition Probabilities between the First Quarter of 2000 and 2001

Puu Pue Pun Peu Pee Pen Pnu Pne Pnn
Al 46.23 45.66 8.11 3.48 79.47 17.04 2.28 11.56 86.16
By Sex
Male 39.68 55.87 4.45 3.81 86.15 10.04 5.15 22.89 71.96
Female 73.84 19.77 6.40 213 61.40 36.47 1.16 6.69 92.15
By Place
Urban 47.33 45.44 7.23 3.87 82.10 14.04 2.46 8.72 88.82
Rural 40.98 46.72 12.30 2.56 73.23 24.21 1.60 22.00 76.40
By Urban-Male
Urban-Male 40.45 55.53 4.02 3.98 86.99 9.03 5.36 19.49 75.14
Rural-Male 36.46 57.29 6.25 3.31 83.70 12.99 4.40 34.42 61.17
Urban-Female 72.73 21.43 5.84 2.93 66.14 30.93 1.38 4.23 94.39
Rural-Female 83.33 5.56 11.11 1.09 55.33 43.58 0.30 16.21 83.48
Marital Status
Non-Married 49.83 35.64 14.52 6.91 66.56 26.53 4.52 13.47 82.01
Married 45.45 52.34 2.20 2.42 83.43 14.14 1.10 10.04 88.86
By Married-Male
Married-Male 39.93 58.75 1.32 2.89 88.72 8.39 3.77 25.50 70.73
Non-Married-Male 42.07 47.56 10.37 7.86 73.69 18.45 6.49 18.61 74.90
Married-Female 75.44 21.05 3.51 0.44 60.74 38.82 0.47 6.37 93.16
Non-Married-Female 73.64 19.09 7.27 5.63 65.44 28.93 3.07 7.26 89.67
Age Group
|Age15-19 53.61 30.93 15.46 6.78 58.19 35.03 3.25 11.80 84.96
Age20-24 44.53 47.66 7.81 5.58 72.32 22.10 4.76 12.50 82.74
|Age25-34 46.81 50.35 2.84 4.50 85.86 9.64 2.49 10.22 87.29
Age35-44 46.23 52.83 0.94 2.25 88.10 9.65 1.87 9.64 88.49
(Age45-54 55.71 42.86 1.43 1.86 80.46 17.68 1.03 11.00 87.97
| Age55p! 47.06 52.94 0.00 0.34 70.18 29.48 0.18 8.19 91.63
By Age Group- MALE-
Age15-19 43.33 41.67 15.00 6.69 69.60 23.71 4.25 16.55 79.20
Age20-24 39.24 59.49 1.27 7.44 78.51 14.05 12.02 24.04 63.94
Age25-34 38.14 60.82 1.03 5.17 90.09 4.74 14.50 46.56 38.93
Age35-44 37.78 61.11 1.11 2.66 93.12 4.22 13.24 45.59 41.18
Age45-54 50.79 47.62 1.59 2.25 84.71 13.05 4.16 22.60 73.25
Ageb55pl 50.00 50.00 0.00 0.43 75.59 23.97 0.47 13.06 86.47
By Age Group- FEMALE-
Age15-19 80.65 12.90 6.45 9.03 49.31 41.67 2.38 6.63 90.99
Age20-24 65.00 25.00 10.00 3.08 68.21 28.72 2.44 7.16 90.40
Age25-34 69.05 28.57 2.38 1.37 70.96 27.67 1.47 6.35 92.18
Age35-44 93.75 6.25 0.00 0.52 66.58 32.90 0.86 6.39 92.75
Aged5-54 100.00 0.00 0.00 0.00 59.79 40.21 0.00 7.1 92.89
Age55pl 100.00 0.00 0.00 51.49 48.51 0.00 5.03 94.97 0.00
Education Group
Non-Graduate 43.75 47.92 8.33 1.16 64.92 33.91 0.45 9.09 90.47
Primary 43.70 49.58 6.72 4.20 79.11 16.69 1.73 10.87 87.40
Middle School 44.19 51.16 4.65 3.72 81.73 14.55 2.37 6.86 90.76
High School 63.30 25.69 11.01 2.89 88.45 8.66 5.36 12.18 82.46
Voc. High School 53.57 32.14 14.29 3.55 91.13 5.32 7.51 12.72 79.77
Two-Years University 17.24 72.41 10.34 1.92 91.35 6.73 2.22 11.11 86.67
Four-Years Un.and over 38.89 50.00 11.11 1.10 94.12 4.78 3.33 15.00 81.67
By Education Group- MALE-
Non-Graduate 34.48 65.52 0.00 2.51 77.82 19.67 3.35 23.46 73.18
Primary| 39.30 56.84 3.86 4.57 86.17 9.26 5.60 25.63 68.77
Middle School 36.51 61.90 1.59 3.91 86.72 9.38 3.06 9.91 87.03
High School|  55.93 37.29 6.78 2.19 92.43 5.38 9.09 22.55 68.36
Voc. High School 46.15 38.46 15.38 3.03 92.93 4.04 9.72 22.22 68.06
Two-Years University 9.52 85.71 4.76 1.45 92.75 5.80 5.56 16.67 77.78
Four-Years Un. and over 36.36 54.55 9.09 1.08 95.12 3.79 1.67 21.67 76.67
By Education Group -FEMALE-|
Non-Graduate 64.71 23.53 11.76 0.00 54.41 45.59 0.12 7.12 92.75
Primary 72.41 20.69 6.90 2.78 48.78 48.44 0.71 6.59 92.69
Middle School 93.75 6.25 0.00 3.13 57.81 39.06 1.79 3.05 95.16
High School 85.71 9.52 4.76 3.47 79.17 17.36 3.29 5.23 91.47
Voc. High School|  72.00 24.00 4.00 3.90 89.61 6.49 5.94 5.94 88.12
Two-Years University 37.50 37.50 25.00 2.86 88.57 8.57 0.00 3.85 96.15
Four-Years Un. and over. 50.00 50.00 0.00 0.59 92.35 7.06 5.00 8.33 86.67
By Household Head
Non-Head 50.25 36.82 12.94 4.45 65.55 30.00 2.14 9.93 87.93
Head 41.47 57.19 1.34 2.95 88.11 8.94 291 19.68 77.41
|By Youth (15-24 Age gr i
Primary and Non-Grad. -Male- 43.48 47.83 8.70 8.86 78.16 12.97 10.96 36.99 52.05
Middle School -Male- 33.33 63.33 3.33 5.61 69.16 25.23 2.44 7.10 90.47
High School -Male- 41.67 43.75 14.58 7.07 73.74 19.19 10.12 19.84 70.04
University -Male- 28.57 71.43 0.00 0.00 75.00 25.00 0.00 100.00 0.00
By Youth (15-24 Age group)and Education
Primary and Non-Grad. -Female- 54.17 25.00 20.83 6.11 52.78 41.11 0.79 8.83 90.37
Middle School -Female- 100.00 0.00 0.00 6.67 53.33 40.00 1.91 273 95.36
High School -Female- 81.25 14.58 4.17 6.06 74.75 19.19 6.12 7.55 86.33
University -Female- 75.00 25.00 0.00 4.00 88.00 8.00 16.67 16.67 66.67
By Middle (25-54) Age group and Education
Primary and Non-Grad. -Male- 37.16 61.01 1.83 4.1 87.34 8.56 8.83 32.94 58.23
Middle School -Male- 40.63 59.38 0.00 3.76 92.74 3.49 4.62 32.31 63.08
High School -Male- 75.00 25.00 0.00 1.88 94.75 3.36 7.14 33.67 59.18
University -Male- 15.79 78.95 5.26 1.12 96.19 2.69 7.32 26.83 65.85
By Middle (25-54) Age group and Education
Primary and Non-Grad. -Female- 78.72 19.15 2.13 0.83 52.09 47.08 0.53 7.00 92.47
Middle School -Female- 87.50 12.50 0.00 0.00 70.00 30.00 1.78 3.55 94.67
High School -Female- 81.25 12.50 6.25 2.37 85.21 12.43 2.07 4.66 93.26
University -Female- 33.33 50.00 16.67 1.01 90.95 8.04 2.25 5.62 92.13
Number of Transitions 326 320 57 272 6206 1330 254 1288 9600
Number of Observations 703 703 703 7808 7808 7808 11142 11142 11142
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Table 3.

Transition Probabilities between the Second Quarter of 2000 and 2001

Puu Pue Pun Peu Pee Pen Pnu Pne Pnn
All 19.69 42.66 37.65 3.53 80.46 16.00 2.51 11.52 85.97
By Sex
Male 19.57 53.62 26.81 4.05 86.77 9.18 5.13 20.06 74.8
Female 24.12 20.59 55.29 2.01 68.98 29.01 1.66 7.68 90.66
By Place
Urban 20.19 41.36 38.45 4.55 79.62 15.83 2.74 8.78 88.48
Rural 15.63 53.13 31.25 1.42 82.22 16.36 1.52 23.34 75.15
By Urban-Male
Urban-Male 19.69 52.00 28.31 4.75 85.64 9.61 5.35 17.79 76.86
Rural-Male 18.75 64.58 16.67 2.20 89.76 8.04 4.13 30.23 65.63
Urban-Female 25.16 20.75 54.09 3.76 65.38 30.86 1.88 4.82 93.30
Rural-Female 9.09 18.18 72.73 0.11 72.88 27.01 0.73 19.87 79.40
Marital Status
Non-Married 21.27 41.42 37.31 5.25 66.21 28.55 4.81 12.71 82.48
Married 18.25 43.07 38.69 2.96 84.98 12.06 1.20 10.23 88.57
By Married-Male
Married-Male 19.59 55.67 24.74 3.53 89.24 7.22 3.74 23.05 73.21
Non-Married-Male 18.99 50.00 31.01 6.49 75.03 18.49 5.94 16.06 77.99
Married-Female 16.00 13.33 70.67 0.91 71.35 27.74 0.71 7.47 91.81
Non-Married-Female 31.40 25.58 43.02 4.03 64.26 31.71 4.34 8.20 87.46
[Age Group
(Age15-19 18.42 38.16 43.42 4.89 58.32 36.79 3.40 9.58 87.02
(Age20-24 17.35 46.94 35.71 4.84 73.45 21.71 6.69 13.90 79.41
(Age25-34 17.89 47.15 34.96 3.95 86.83 9.23 3.01 10.84 86.14
[Age35-44 27.08 38.54 34.38 3.10 88.75 8.15 0.94 10.03 89.04
(Age45-54 16.98 41.51 41.51 3.03 82.21 14.76 1.29 9.48 89.22
[ Age55p] 5.26 36.84 57.89 1.42 73.30 25.28 0.36 9.47 90.17
By Age Group- MALE-
Age15-19 16.67 52.38 30.95 5.22 69.97 24.80 3.76 11.96 84.27
Age20-24 12.70 58.73 28.57 5.54 83.03 11.44 17.29 22.56 60.15
Age25-34 21.62 63.51 14.86 4.70 91.88 3.42 13.64 46.59 39.77
Age35-44 27.94 51.47 20.59 3.55 93.07 3.38 7.32 52.44 40.24
Age45-54 18.18 47.73 34.09 3.69 84.66 11.65 4.81 17.95 77.24
Age55pl 5.88 35.29 58.82 1.92 76.76 21.32 0.97 14.20 84.82
By Age Group- FEMALE-|
Age15-19 25.00 21.43 53.57 4.89 51.09 44.02 3.70 6.78 89.53
Age20-24 33.33 22.22 44.44 4.85 66.50 28.64 3.70 8.74 87.56
Age25-34 13.33 22.22 64.44 1.40 73.60 25.00 2.41 7.97 89.62
Age35-44 25.93 7.41 66.67 1.50 74.09 24.41 0.57 7.39 92.05
Age45-54 11.11 11.11 77.78 0.00 75.29 24.71 0.19 7.03 92.78
Age55pl [ 50.00 50.00 o 63.29 36.71 o] 6.60 93.40
Education Group
Non-Graduate 7.69 38.46 53.85 3.04 68.69 28.27 0.45 12.00 87.55
Primary 19.57 45.65 34.78 4.05 81.70 14.25 1.74 11.09 87.16
Middle School 16.87 43.37 39.76 3.56 80.80 15.63 2.07 4.23 93.70
High School 15.48 40.48 44.05 3.03 87.16 9.81 7.06 8.82 84.12
Voc. High School 36.84 28.07 35.09 3.59 90.88 5.52 2.79 18.99 78.21
Two-Years University 15.38 46.15 38.46 1.55 94.57 3.88 4.76 7.14 88.10
Four-Years Un.and over. 25.93 51.85 22.22 1.49 91.79 6.72 7.62 21.90 70.48
By Education Group- MALE-
Non-Graduate 14.29 61.90 23.81 7.44 80.17 12.40 3.68 18.38 77.94
Primary| 21.00 54.50 24.50 4.48 87.59 7.93 5.20 26.99 67.80
Middle School 13.21 54.72 32.08 3.23 84.38 12.39 2.39 5.87 91.74
High School 13.33 62.22 24.44 3.11 90.84 6.04 9.39 17.84 72,77
Voc. High School 28.13 34.38 37.50 4.24 91.87 3.89 5.08 25.42 69.49
Two-Years University 28.57 42.86 28.57 1.08 96.77 2.15 5.56 16.67 77.78
Four-Years Un. and over. 26.67 46.67 26.67 0.83 92.22 6.94 6.67 26.67 66.67
By Education Group -FEMALE-,
Non-Graduate 0.00 15.38 84.62 0.27 63.01 36.71 0.07 11.27 88.66
Primary| 19.35 20.97 59.68 2.42 65.50 32.08 0.98 7.09 91.93
Middle School 26.92 15.38 57.69 6.58 63.16 30.26 1.89 2.58 95.53
High School 21.88 15.63 62.50 2.26 77.44 20.30 5.80 4.00 90.20
Voc. High School 57.14 14.29 28.57 0.00 90.00 10.00 1.75 14.04 84.21
Two-Years University 0.00 50.00 50.00 2.94 91.18 5.88 4.17 0.00 95.83
Four-Years Un. and over 30.00 50.00 20.00 2.47 91.98 5.56 7.14 14.29 78.57
By Household Head
Non-Head 19.52 37.43 43.05 3.48 70.14 26.38 2.49 10.34 87.17
Head 20.00 52.20 27.80 3.57 87.30 9.14 2.62 17.92 79.46
[By Youth (15-24 Age gi i
Primary and Non-Graduate -Male- 14.81 55.56 29.63 4.87 84.74 10.39 14.46 27.71 57.83
Middle School -Male- 18.75 50.00 31.25 3.97 61.11 34.92 1.29 4.65 94.06
High School -Male- 14.63 56.10 29.27 6.08 79.05 14.86 10.26 16.92 72.82
University -Male- 16.67 50.00 33.33 7.14 85.71 7.14 0.00 33.33 66.67
By Youth (15-24 Age group)and Education
Primary and Non-Graduate -Female- 15.00 15.00 70.00 3.91 56.09 40.00 1.55 10.84 87.61
Middle School -Female- 31.25 25.00 43.75 12.50 55.00 32.50 1.63 1.09 97.28
High School -Female- 44.44 22.22 33.33 3.13 76.04 20.83 9.22 9.22 81.57
University -Female- 0.00 75.00 25.00 10.00 80.00 10.00 42.86 14.29 42.86
By Middle (25-54) Age group and Education
Primary and Non-Graduate -Male- 24.46 56.12 19.42 5.04 88.65 6.31 6.51 33.88 59.61
Middle School -Male- 6.67 63.33 30.00 2.99 92.29 4.73 15.00 15.00 70.00
High School -Male- 27.27 45.45 27.27 2.89 94.48 2.63 3.57 29.76 66.67
University -Male- 40.00 50.00 10.00 0.46 94.05 5.49 10.26 28.21 61.54
By Middle (25-54) Age group and Education
Primary and Non-Graduate -Female- 14.89 19.15 65.96 1.1 67.90 31.00 0.61 7.93 91.46
Middle School -Female- 20.00 0.00 80.00 0.00 73.53 26.47 212 5.29 92.59
High School -Female- 22,73 9.09 68.18 2.07 84.14 13.79 3.23 2.96 93.82
University -Female- 22.22 33.33 44.44 1.49 92.08 6.44 3.70 11.11 85.19
Number of Transitions 114 247 218 298 6788 1350 246 1129 8423
Number of Observations 579 579 579 8436 8436 8436 9798 9798 9798
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compared to married women. (Since married-men are the breadwinner of the traditional

Turkish family, so they show greater attachment to their jobs more than married women).

Further, if we look at the same transition for each of the education group, it is seen
that the probability of losing job decreases with the increase in education level. For men
this probability is lower than ten percent for the high school graduates and over, in the first
quarter transitions (see Table 3.4). For women the same probability is lower than ten
percent for four-year university and over graduates in the same period (see Table 3.4).
Furthermore, the probability of losing job for the head of a household is 11.89 (12.87)
percent in the first (second) quarter transition, whereas the same probability for the other
individuals (non-head of household) is 34.45 percent and 29.77 percent in the first and
second quarter transitions, respectively. The largest part of the non-head of households who
lose their jobs go out of the labor force, rather than to the unemployment, because of the

recession.

In addition, if we look at the broad age group (15-24 and 25-54 age groups) and
education, the probability of keeping job increases with the increase in education level.
Also, the number of people who go out-of-the-labor-force from employment decreases with
the increase in the education level. This result supports our previous finding in the previous
paragraph. In Table 3.6 and 3.7 we also provided the differences in flow probabilities. As
can be seen from both tables — first two columns of the Table 3.6 and 3.7-, whether we
consider age category, residence, marriage or education, the transition probability
difference between women and men, from employment to not in labor force, is always
positive. This positive difference compensates the negative difference in the transition
probability from employment to unemployment. Thus, it is possible to say that women have
higher risk of losing their jobs and more likely to become out of the labor force (or

discouraged worker) between 2000 and 2001.

3.6.2 Transitions from Unemployment

The probability that an individual finds a job from unemployment from the first

quarter of 2000 to 2001 is about 45.6 (see Table 3.4). This probability is very high, even if
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it decreases to 42.66 percent in the second quarter, under the economic crisis that the
Turkish economy experienced in the first two quarters of 2001. Moreover, as can be seen
from the Tables 3.3 and 3.4, the likelihood of remaining in the labor market state of
unemployment from 2000 to 2001 was higher for women than for men in both quarters.
The main difference between the first and second quarter transitions between these years is
the increase in the probability of going out-of-the-labor-force (i.e. become discouraged)
from unemployment and this increase is larger for women than men. In the urban areas, the
probability of moving to not-in-the-labor-force from unemployment increases from 4.02 to
28.31 percent for males, and from 5,84 to 54.09 percent for females. As can be seen from
the Table 3.4 and 3.5 this increase, especially, is larger for married female and rural female,
than for men. During an economic depression individuals may become discouraged as a
result of lower likelihood of obtaining a job. The discouraged worker effect leads us to
expect an increase in the probability of going out-of-the-labor-force from unemployment in
recessions (see Seeborg and DeBoer, 1989). In the light of above explanation it is possible
to say that there is a drop in the general labor demand in Turkey because of the economic
downturn and the effect of this crisis is mostly observed in unemployed women rather than

men.

Furthermore, the probability of finding a job does not seem to increase with the
increase in education level between the first quarters. We observe from the Table 3.4 that
the probability of obtaining a job from unemployment for the individuals with high and
vocational high school diploma is lower than that for the non-graduates. It is also seen from
the same table that the individuals with university degree have larger probabilities of
finding a job from unemployment compared to non-graduates. Our findings on education
levels are somewhat different in the second quarter transitions. We observe from Table 3.5
that non-graduated individuals have the lowest probability of finding a job from
unemployment with respect to educated ones. We also find that probability of going to out-
of-labor force increases for all education levels, in the second quarters compared to the first
quarters. For example, for the non-graduated ones this probability increases from 8.33
percent to 56.76 percent that is the largest increase, between the first and second quarters,

respectively (see Table 3.4 and 3.5).

Furthermore, the probability of finding a job for a household head is 57.19 percent

in the first quarter transitions, while this probability decreases to 52.2 percent in the second
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quarter. The same probability for the other members of the household is 36.8 percent in the

first quarter and this number increases to 37.43 percent in the second quarter.

3.6.3 Transitions from Out of Labor Force

We observe from the Tables 3.4 and 3.5 the probability that a person remains out of
labor force group (Poitir) from the first (second) quarter of 2000 to the first (second) quarter
of 2001 is 86.16 (85.51) percent. The transition probability from out of labor force to
unemployment increases from 2.28 percent to 2.51 percent in the second quarter. The
increase in this probability provided by women, since this probability decreases for men,
hence they —women- enter the labor market as added workers. The analysis of transitions by
marital status supports the findings above and the greater part of the increase provided by
married women with about 65 percent increase (from 0.47 to 0.72). Because of the
economic conditions, especially the drop in household income as the male workers become
unemployed reduce the reservation wage of women pushing them to the labor market and

participate.

Moreover, men are more likely to find a job from this state (out of labor force) even
if the probability of finding a job decreases from 22.89 to 20.52 percent between the first
and second quarter transitions. In contrast to men, the corresponding probability for women
increases from 6.69 to 8.17 percent in the same period of time in spite of the economic
recession. Furthermore, in Tables 3.4 and 3.5 we also presented the same probabilities by
broad age group and education under gender differences. As seen, the probability of finding
a job from out of labor force for women is always lower than men in the same period.
However, for women, the probability of going to unemployment from this state (i.e. out-of-
labor force) increases for all age and education group, except youth one with middle school
diploma between the first and second quarter transitions. For example, the probability of
exiting to unemployment from out-of-labor force for the youth (middle aged) female
increases from about 16.6 (2.2) percent to about 42.8 (3.6) percent for the university

graduated ones.

General findings above demonstrate that there are considerable differentials

between the transition probabilities of males and females. These differentials are generally
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in the favor of men with a small number of exclusions. We should also mention that an
individual’s position in the household and marital status also have an important role in
shaping the magnitude of these transitions. In the following section, we examine these
transition probabilities by using Marston’s decomposition equation that is provided in the

previous section.

3.7 Sources of Unemployment Rate Differentials by Gender and Residence

The trends in annual unemployment rates, between 1988 and 2003, in the urban and
rural areas are provided in Figure 3.1. As can be seen from Figure 3.1, for men the rate of
unemployment had been quite steady while for women it had been on a decreasing
tendency, in the urban areas. Nevertheless, the latest crisis negatively affected these
tendencies (Tunali p.45, 2003). Especially, in the years between 2000 and 2002, the rate of
unemployment in urban areas increased from 7.77 percent to 13.07 percent for men and
from 13.00 percent to 18.81 percent for women, and from 10.38 percent to 15.94 percent
overall. In contrast to urban areas, the unemployment rates have been noticeably lower in
rural areas, during the period under study. The most recent data shows that 68.1 percent of
the total labor force in 2002 employed in the agricultural sector in the rural areas. As
mentioned in Chapter 2, employment in the agricultural sector does not need any extra
qualification, for that reason finding a job in this sector is the easiest one in comparison to
other sectors. The results under gender separation show that about 90 percent of women
labor force employed in the agricultural sector. The same number for male is about 55
percent (see SIS, 2004). This finding supports the suggestion of Tunali (2003 p.46) that
“while women have traditionally been economically active in family-owned farms, young
men have sought work outside agriculture to supplement farming income”. Therefore, the
rate of unemployment for females in the rural areas is generally lower than for males. In
this part of the study, due to the reasons explained above we will mainly focus on sources
of unemployment rate differentials of urban resident women and men by using the

individuals matched in the HLFS survey data of 2000 and 2001.
Terrel and Lauerova (2002, p.11) suggest that to make clear the differentials in the
rates of unemployment for the selected labor market groups we should look at the

differences among all six flow probabilities rather than looking only transitions in and out
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of unemployment. It is clear from the equation (8) that the unemployment rate is negatively
correlated with the probabilities of Py, Pyyr, and Pyg. Thus, the increases in these three
transition probabilities will decrease the rate of unemployment for a given labor market
group. On the other hand, the probabilities of P, P.oir and Pq5, are positively related with

the rate of unemployment.
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Figure 3.1: Trends in Unemployment Rates by Gender and Residence, Turkey 1988-2003
Source: SIS Database, 2004

Before looking at the sources of unemployment rate differentials for women and
men let us look at the difference between urban and rural areas. As can be seen from the
Table 3.1 and 3.2, the urban resident group has a higher unemployment rate than rural
workers, and this gap increases in the second quarter transition because of the economic
crisis. There are two main sources of the difference and the increase in this difference. The
first is the differences in the probability of successful labor market entry (P.z) and the
second difference in the exit from employment to unemployment (P,), and the last one
increase from 1.31 to 3.13 in the second quarter (see Tables 3.6 and 3.7). Another fact that

increases the unemployment rate gap between urban and rural areas is the difference in the



probability of finding a job from unemployment in favor of urban areas. The main reason
for this difference is the increase in the seasonal jobs in the rural areas. However, overall
effect of the positive difference in P, does not explain the increase in unemployment rate
differentials between urban and rural areas. Since the main factors explaining this

difference comes from (P) and (P,) (see Tables 3.6 and 3.7).

Let us now look at the sources of unemployment rate differentials between females
and males in the urban areas. We know that larger values of the probabilities of Py, Py,
and P, for males compared to females increase the unemployment rate differential
between females and males. Since these transition probabilities are decreasing the rates of
unemployment for males more than that of for females. Therefore, as shown in Tables 3.5
and 3.6, women’s larger unemployment rate is being forced by differences in the two
probabilities. These are the probability of move from unemployment and out-of-the-labor-
force to employment (P, and P.y). Since, these probabilities are 34.10 (15.26) and 31.25
(13.19) percentage points larger for men than for women in the first (second) quarters. Even
though, the differences in the Py, is in favor of women (i.e. decreasing the rate of
unemployment for women more than that for men) and 1.82 (25.78) percentage in the same
period, but this cannot compensate the other differences mentioned above. The findings
above may imply the same conclusion as Terrel and Lauerova (2002, p.12) states for Czech
Republic. That is, the rate of unemployment for women can be cut down, through non-
participation rather than through enlarged employment opportunities, compared with that of

men.

Let us now look at the other remaining three probabilities: Pey, Peoir and Py, We
know that if one of these flow probabilities is lower for males than for females, it decreases
rate of unemployment for males compared with that of for females. Thus, it increases the
differences among them. However, as can be observed from the Tables 3.3 and 3.4, Pe
and P 5, are higher for females than males. Thus these two probabilities give a contribution
to increase the gender differential in unemployment rates, and the largest contribution
comes from P.,r. Thus, females are more likely to leave the labor force from employment
to a much greater extent than men, i.e. become discouraged. Also, the difference in P, is in
favor of women, but this cannot compensate the other differences, which are against the

women, to decrease the unemployment rate differential in the urban areas.
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Furthermore, let us look at the unemployment rate differentials between non-
married and married individuals. This gap is positive in the two transition periods that we
have examined. All the flows that determine the rate of unemployment are against the
unmarried individuals, except P,qr in the first quarter transitions. And, the probability of
losing a job and going to unemployment (P.,) is more than three times higher for unmarried
individuals than that for the married ones in the first quarter transitions. Moreover, the
difference between unmarried female and unmarried male is also positive. It is seen from
the table that two main sources that explains unmarried female’s higher unemployment rate
with respect to unmarried male are the transition probability from unemployment to
employment and employment to not-in-labor force. The difference in the first probability is
—24.42, that is, negatively related to the unemployment rate, and 13.2 in the second one,
which is positively related to the rate of unemployment in the first quarter transitions.
Therefore these probabilities increase the unemployment rate differential between
unmarried female and unmarried male. Although, the difference in the flow probability
from employment to unemployment in favor of unmarried women, this cannot outweigh the
above difference (see Tables 3.6 and 3.7). As shown in the Table 3.8, the most pronounced
difference in unemployment rates is seen between unmarried female and married female.

There are three sources of this difference; these are P.y, Py, and Pgs.

When we control for education level, we observe that the unemployment rate differential
between non-graduates and other education levels are negative for the individuals with less
than university degree in both transition periods. It is observed from the Tables of 3.8 and
3.9 that two main sources of this negative difference are the differential between P, and
Puoir. In addition, in the Tables 3.8 and 3.9 we also provided the partial differences in
unemployment rates by broad age and education groups between females and males. As can
be seen from the Tables 3.8 and 3.9, the difference between females and males is generally,
i.e. the general conclusion does not change, and this gap reaches its maximum level in
middle school graduates youth (age 15-24) case in both quarters. Finally, as expected the
unemployment rate differential between non-head of household and head is positive and all
transition probabilities contribute to increase the unemployment rate differential, except

Puolf-
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Table 3.6: Differences in Flow Probabilities (APi), between Q1-2000 and Q1-2001

Pen Peu Pue Pun Pns
Female-Male 26.43 -1.68 -36.10 1.95 0.04
Rural-Urban 10.17 -1.31 1.28 5.07 0.15
Rural Male-Urban Male 3.96 -0.67 1.76 2.23 0.10
Rural Female-Urban Female 12.65 -1.84 -15.87 5.27 0.23
UrbanFemale-UrbanMale 21.90 -1.05 -34.10 1.82 -0.03
Rural Female-Rural Male 30.59 -2.22 -51.73 4.86 0.10
Non-Married-Married 12.39 4.49 -16.70 12.32 -0.15
Non-Married Male-Married Male 10.06 4.97 -11.19 9.05 -0.13
Non-Married Female - Married Female -9.89 5.19 -1.96 3.76 -0.23
Married Female-Married Male 30.43 -2.45 -37.70 2.19 0.06
Non Married Female-Non Married Male 10.48 -2.23 -28.47 -3.10 -0.04
Female1519-Male1519 17.96 2.34 -28.77 -8.55 -0.06
Female2024-Male2024 14.67 -4.36 -34.49 8.73 0.08
Female2534-Male2534 22.93 -3.80 -32.25 1.35 0.05
Female3544-Male3544 28.68 -2.14 -54.86 -1.11 0.1
Female4554-Male4554 27.16 -2.25 -47.62 -1.59 0.16
Female55pl-Male55pl 76.03 51.06 -50.00 100.00 -0.02
Non-Graduate-Primary Edu. 17.22 -3.04 -1.66 1.61 0.09
Non-Graduate-Middle School 19.36 -2.56 -3.24 3.68 0.21
Non-Graduate-High School 25.25 -1.73 22.23 -2.68 0.26
Non-Graduate-Voc.High School 28.59 -2.39 15.78 -5.96 0.32
Non-Graduate-Two Years Univ. 27.18 -0.76 -24.49 -2.01 0.12
Non-Graduate-Four Years Univ. 29.13 0.06 -2.08 -2.78 0.13
High School-Non-Graduate -25.25 1.73 -22.23 2.68 -0.26
High School-Primary School -8.03 -1.31 -23.89 4.29 -0.17
High School-Middle School -5.89 -0.83 -25.47 6.36 -0.05
High School-Voc.High Sch. 3.34 -0.66 -6.45 -3.28 0.07
High School-Two Years Univ. 1.93 0.97 -46.72 0.67 -0.14
High School-Four Years Univ. 3.88 1.79 -24.31 -0.10 -0.12
Non-Grad. Female-Non-Grad. Male 25.92 -2.51 -41.99 11.76 0.1
Prim Female-Prim Male 39.18 -1.79 -36.15 3.04 0.08
Middle Sc.Female-Middle Sc.Male 29.68 -0.78 -55.65 -1.59 -0.13
HSc.Female-HSc.Male 11.98 1.28 -27.77 -2.02 -0.10
VHSc.Female-VHSc.Male 2.45 0.87 -14.46 -11.38 -0.20
Two Years Female-Two Years Male 2.77 1.41 -48.21 20.24 0.25
Four Years Female-Four Years Male 3.27 -0.49 -4.55 -9.09 -0.30
Non Head of Household-Household Head 21.06 1.50 -20.37 11.60 -0.05
Age 15-24 and Education
Prim.&Non-Grad. (Female-Male) 28.14 -2.75 -22.83 12.13 0.15
Mid.Sc.(Female-Male) 14.77 1.06 -63.33 -3.33 -0.16
H.Sch.(Female-Male) 0.00 -1.01 -29.17 -10.41 -0.11
University (Female-Male) -17.00 4.00 -46.43 0.00 -0.50
Age 25-54 and Education
Prim.&Non-Grad. (Female-Male) 38.52 -3.28 -41.86 0.3 0.14
Mid.Sc.(Female-Male) 26.51 -3.76 -46.88 0 -0.21
H.Sch.(Female-Male) 9.07 0.49 -12.5 6.25 -0.13
University (Female-Male) 5.35 -0.11 -28.95 11.41 -0.07
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Table 3.7: Differences in Flow Probabilities (APi), between Q2-2000 and Q2-2001

Pen Peu Pue Pun Pns
Female-Male 19.83 -2.04 -33.03 28.48 0.03
Rural-Urban 0.53 -3.13 11.77 -7.20 0.18
Rural Male-Urban Male -1.57 -2.55 12.58 -11.64 0.1
Rural Female-Urban Female -3.85 -3.65 -2.57 18.64 0.25
UrbanFemale-UrbanMale 21.25 -0.99 -31.25 25.78 -0.05
Rural Female-Rural Male 18.97 -2.09 -46.40 56.06 0.08
Non-Married-Married 16.49 2.29 -1.65 -1.38 -0.17
Non-Married Male-Married Male 11.27 2.96 -5.67 6.27 -0.13
Non-Married Female - Married Female 3.97 3.12 12.25 -27.65 -0.26
Married Female-Married Male 20.52 -2.62 -42.34 45.93 0.05
Non Married Female-Non Married Male 13.22 -2.46 -24.42 12.01 -0.08
Female1519-Male1519 19.22 -0.33 -30.95 22.62 -0.11
Female2024-Male2024 17.20 -0.69 -36.51 15.87 0.14
Female2534-Male2534 21.58 -3.30 -41.29 49.58 -0.01
Female3544-Male3544 21.03 -2.05 -44.06 46.08 0.05
Female4554-Male4554 13.06 -3.69 -36.62 43.69 0.19
Female55pl-Male55pl 15.39 -1.92 14.71 -8.82 0.06
Non-Graduate-Primary Edu. 14.02 -1.01 -7.19 19.07 0.10
Non-Graduate-Middle School 12.64 -0.52 -4.91 14.09 0.29
Non-Graduate-High School 18.46 0.01 -2.02 9.80 0.41
Non-Graduate-Voc.High School 22.75 -0.55 10.39 18.76 0.09
Non-Graduate-Two Years Univ. 24.39 1.49 -7.69 15.39 0.36
Non-Graduate-Four Years Univ. 21.55 1.55 -13.39 31.63 0.22
High School-Non-Graduate -18.46 -0.01 2.02 -9.80 -0.41
High School-Primary School -4.44 -1.02 -5.17 9.27 -0.31
High School-Middle School -5.82 -0.53 -2.89 4.29 -0.12
High School-Voc.High Sch. 4.29 -0.56 12.41 8.96 -0.32
High School-Two Years Univ. 5.93 1.48 -5.67 5.59 -0.04
High School-Four Years Univ. 3.09 1.54 -11.37 21.83 -0.19
Non-Grad. Female-Non-Grad. Male 24.31 -7.17 -46.52 60.81 0.16
Prim Female-Prim Male 24.15 -2.06 -33.53 35.18 0.04
Middle Sc.Female-Middle Sc.Male 17.87 3.35 -39.34 25.61 -0.13
HSc.Female-HSc.Male 14.26 -0.85 -46.59 38.06 -0.25
VHSc.Female-VHSc.Male 6.11 -4.24 -20.09 -8.93 0.06
Two Years Female-Two Years Male 3.73 1.86 7.14 21.43 -0.75
Four Years Female-Four Years Male -1.38 1.64 3.33 -6.67 -0.13
Non Head of Household-Household Head 17.24 -0.09 -14.77 15.25 -0.07
Age 15-24 and Education
Prim.&Non-Grad. (Female-Male) 29.61 -0.96 -40.56 40.37 0.22
Mid.Sc.(Female-Male) -2.42 8.53 -25.00 12.50 -0.38
H.Sch.(Female-Male) 5.97 -2.95 -33.88 4.06 -0.12
University (Female-Male) 2.86 2.86 25.00 -8.33 -0.75
Age 25-54 and Education
Prim.&Non-Grad. (Female-Male) 24.69 -3.93 -36.97 46.54 0.09
Mid.Sc.(Female-Male) 21.74 -2.99 -63.33 50 0.21
H.Sch.(Female-Male) 11.16 -0.82 -36.36 40.91 -0.41
University (Female-Male) 0.95 1.03 -16.67 34.44 0.02
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Table 3.8: Partial Differences in Unemployment Rates Attributable to Transition
Probabilities between Q1-2000 and Q1-2001

Peu Pen Pue Pun Pns Total Difference

Female8&Male 8.00 -3.15 15.06 -0.69 -1.88 17.33
Rural&Urban 2.21 1.97 0.20 0.66 4.59 5.22
Rural Male&Urban Male 0.91 0.93 -0.22 -0.23 -1.63 -2.09
Rural Female&Urban Female 3.60 6.30 10.76 -3.03 -32.40 -21.36
Urban Female&Urban Male 8.58 -1.76 16.00 -0.65 1.19 23.36
Rural Female&Rural Male 3.74 6.95 17.16 -1.56 -11.32 1.07
Non-Married&Married 2.99 6.50 408 -2.36 4.7 15.98
Non-Married Male&Married Male 2.51 6.63 2.08 -1.30 243 12.34
Non-Married Female&Married Female -3.51 12.64 1.35 -2.00 20.72 29.21
Married Female&Married Male 6.26 -5.76 9.62 -0.51 -4.19 542
Non-Married Female&Non-Married Male 418 -3.16 17.62 1.36 1.53 2153
Non-Graduate &Primary Edu. 2.37 -4.67 0.21 -0.18 -3.69 5,93
Non-Graduate &Middle School 4.27 -3.90 0.44 -0.41 -8.10 -7.69
Non-Graduate &High School 9.48 -3.31 -4.97 0.44 -10.20 -8.56
Non-Graduate &Voc.High School 1112 -4.20 -2.64 0.70 -11.26 -6.27
Non-Graduate&Two Years Univ. 3.64 -1.05 1.51 0.11 -3.82 0.39
Non-Graduate &Four Years Univ. 5.31 0.10 0.14 0.17 -4.30 1.41
Non Head&Head 4.73 2.2 411 -1.95 147 10.57
Youth Age (age15-24) and Education

Prim. And Non-Graduate (Female&Male) 5.76 -3.81 6.83 -3.09 -6.47 -0.79
Mid.Sc.(Female&Male) 2.05 0.58 143.17 4.48 2.19 152.46
H.Sch.(Female&Male) 0.00 -1.46 25.90 5.28 3.63 33.34
University (Female&Male) -9.76 7.39 17.05 0.00 13.34 28.03
Middle Age (age25-54) and Education

Prim.and Non-Graduate (Female&Male) 9.92 -1.62 16.23 -0.11 -11.90 6.53
Mid.Sc.(Female&Male) 13.35 740 48.74 0.00 8.26 62.95
H.Sch.(Female&Male) 7.06 1.59 9.35 -3.37 3.84 18.46
University (Female&Male) 1.78 0.14 147 -0.42 0.58 3.26
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Table 3.9: Partial Differences in Unemployment Rates Attributable to Transition
Probabilities between Q2-2000 and Q2-2001

Peu Pen Pue Pun Pns Total Difference

Female-Male 448 -2.43 3.70 -2.59 -0.73 244
Rural-Urban 0.09 -3.56 -0.98 048 -3.78 -1.76
Rural Male-Urban Male -0.32 -2.93 -0.97 0.72 -1.34 -4.83
Rural Female-Urban Female -0.70 -4.11 0.32 -1.72 9.7 -15.91
Urban Female-Urban Male 6.20 -1.13 541 -3.28 1.54 8.74
Rural Female-Rural Male 1.70 .37 1.39 -1.51 -1.74 -2.53
NonMarried-Married 3.33 2.50 0.21 0.14 4.50 10.69
NonMarried Male-Married Male 247 3.23 0.65 -0.56 2.22 8.03
NonMarried Female-Married Female 0.99 3.62 -2.25 3.51 11.16 17.02
Married Female-Married Male 2.71 -3.07 2.51 -2.41 -1.22 147
Non Married Female-Non Married Male 443 -2.66 5.86 -1.96 2.81 8.48
Non-Graduate &Primary Edu. 1.34 -1.08 049 -1.16 -2.51 -2.93
Non-Graduate &Middle School 2.58 -0.56 0.46 -0.97 -1.94 -6.44
Non-Graduate &High School 543 0.01 0.19 -0.60 -10.11 -5.08
Non-Graduate &Voc.High School 2.57 -0.69 -0.80 -1.30 -1.98 -2.19
Non-Graduate&Two Years Univ. 6.90 1.74 040 -0.61 -1.01 143
Non-Graduate &Four Years Univ. 411 1.82 0.73 -1.43 -4.60 0.62
Non Head&Head 3.13 -0.10 1.51 -1.29 1.20 444
Youth Age (age15-24) and Education

Prim. And Non-Graduate (Female&Male) 742 -1.02 4.95 -3.78 -1.13 0.44
Mid.Sc.(Female&Male) -0.82 7.56 9.15 -2.21 17.22 30.90
H.Sch.(Female&Male) 3.24 -3.57 11.02 -0.70 4,01 14.01
University (Female&Male) 0.89 2.65 -3.33 0.55 8.62 9.38
Middle Age (age25-54) and Education

Prim.and Non-Graduate (Female&Male) 3.35 -4.56 2.70 -2.94 -2.15 -3.62
Mid.Sc.(Female&Male) 10.32 -3.71 8.15 -4.19 -6.22 4,35
H.Sch.(Female&Male) 5.46 -1.20 7.57 -4.58 10.69 17.94
University (Female&Male) 0.37 1.55 0.99 -1.51 -0.18 1.21

3.8 Multinomial-Logit Estimation Results

Before looking at the estimation results of multinomial logit model it should be
noted in this part, as in Lauerova and Terrell (2002), we pool the two quarters (quarter
transition data) of the HLFS data and estimate each model at the means of the explanatory
variables. Consequently we have 31,614 individuals in the multinomial-logit estimation

part altogether. In the Appendix Table 1 and 2 we provide the means and the standard
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deviations of the variables used in the analysis by labor market state of origin: employment,
unemployment and out of labor force. In the following sections we provide and discuss the

estimation results'® of the models for each type of the transition.

3.8.1 The Determinants of Transitions from Employment

In this part we will analyze, the determinants of transitions from employment to
unemployment and to out of labor force. In the models we have the following explanatory
variables: residence where the individual lives (urban), marital status, gender, age group,
education level, geographical region, local unemployment rate, occupation, status in
employment, sector of work (Public Sector). As mentioned by Huitfeldt (1996, p.24) and
Bellmann et al. (1995), the probability of exiting from employment is larger for the
unskilled individuals, casual workers and for those individuals in their early employment
profession. Moreover, it is expected that the risk of becoming unemployed rises in an
economy where there is an economic crisis in which there is a low demand for labor. The
results for the determinants of transition from employment to unemployment and out-of-
labor force are displayed in Table 3.10 for the whole sample and in Table 3.11 separately
for women and men. As we expected, the marginal effect of marriage on the transition from
employment to unemployment is negative and significant, because of family responsibility
they are less likely to become unemployed and this result is true for each gender. On the
other hand, the transition from employment to out of labor force equations show that
regardless of the marriage women are most likely to go out of the labor force if they loose
their jobs (see Tables 3.11). Regarding the results about the residence variable it is seen that
the marginal effect of living in urban areas on the transition from employment to
unemployment is positive, but it is not significant. The effect of this variable becomes
significant when we exclude the occupation dummies from the model (see column 2 Table
3.10). The same observation seems to hold with respect to results under gender separation
(see Table 3.11). In Table 3.10 and 3.11 we also present the multinomial logit estimation
results for the transition from employment to out-of-labor-force. It is observed that the
effect of living in urban areas on this transition model also positive for whole sample data

case (see Table 3.10). The positive effect of this variable on this transition (peolf) seems to

'S In the tables from 3.10 to 3.15, we provide the marginal effects and their standard errors calculated at means
of the variables. These marginal effects are calculated by using “mfx” command of Stata.
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continue when we look at the results under gender separation. Overall results about the
effect of living in urban areas on the transitions from employment imply that the
individuals who live in the urban areas are most probably to loose their jobs in comparison

to those who live in the rural areas.

Furthermore, the estimation results about the region dummies show that there is no
significant regional variation in employment outflows to unemployment, even if the
marginal effects of the all region dummies are positive, except Mediterranean region, with
respect to Central Anatolia (see Table 3.10). However, there are significant differences
between geographical regions in the transition from employment to out of the labor force
equations. It is seen from the Table 3.10 that individuals who live in Marmara, East and
South-East Anatolia are most likely to go out of labor force from employment, with respect
to Central Anatolian Region. Our conclusion seems to change when we look at the results
under gender separation. It is observed for men that there is no significant difference,
except Black Sea Region with a positive sign, between the geographical regions to become
out of labor force if they loose their job. Women who live in the Marmara and South-East
Anatolia region are most probably to go out of the labor force if they loose their job. (see

Table, 3.11).

Moreover, concerning the education level, as shown in Table 3.10, for the whole
sample the marginal effects of increases in the education level on the transition from
employment to unemployment are in general negative, but significant effect only observed
for the university (two-year or four year) graduate individuals if we exclude the occupation
dummies from the model (see Table 3.10). The effects of these variables (education level)
become clearer when we consider the transitions to out-of-the labor force from employment
(see Table 3.10). This result confirms our previous finding that university graduated
individuals have lowest risk of becoming unemployed from employment in the Turkish
labor market. Regarding the results for the transition to unemployment from employment
under gender separation, it is observed that, for females, there is no significant difference
between the base category of less than primary education (non-graduates) and other levels
of education (see Table 3.11). It is seen that the educated women who lose their job are less
likely to go to the out-of-the labor force. Regardless of the gender difference, the estimation
results in Table 3.11 show that the marginal effects of increases in the education level on

the transition from employment to out of labor force is in expected sign and negative for
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each alternative models. The difference between the genders is that for men the significant
effect is observed for the primary, high, vocational high and university graduates at 5
percent significance level. Whereas, for women, the significant effects are being observed
for the high school and more than high school graduates. Overall results about the
education level may imply that the probability of leaving a job for out of labor force
decreases with the increase in education level, and reaches its minimum value for the four-

years and over university graduates. This finding is true for each gender.

Regarding the age categories, the marginal effects of increases in age groups on the
transition from employment to unemployment are observed to be inverted U-shaped but not
significant for the ages between 20 and 54. It becomes negative and significant for the
individuals in their late career period -i.e. age 55 and over- (see Table 3.10). Whereas, the
reverse signs of marginal effects of increases in age are observed in the transition from
employment to out-of-labor force equation, but with a difference that all age categories now
are significant (see Table 3.10). Let us now consider the estimation results under gender
separation. It is observed from the Table 11 that for male the effects of age increases on the
transition from employment to unemployment is in the same direction as for the whole
sample estimation (i.e. initially positive and then becomes negative). However, there is no
significant difference between the base age category of 15-19 and other age categories,
except 20-24 age-group. The estimation results for females show that the increases in age
decrease the probability of becoming unemployed from employment. In contrast to men,
for women age categories of 45-54 and 55 and over show statistically significant difference
compared to the base age category of 15-19 (see Table 3.11). Further, as shown in Table
3.11 the effects of these variables (i.e. age categories) on the transition from employment to
out-of-labor force are in the same direction for males. Thus, individuals are more likely to
go out of the labor force from employment at a higher rate late in their labor market career.
However, for females we observe that the probability of going to out-of-labor force

declines with the increase in age compared to the base age category of 15-19.

Furthermore, the marginal effects of the unemployment rate on the transition from
employment to unemployment and to go out of the labor force is in expected sign, i.e.
positive, and highly significant in the whole sample estimations. This finding implies that
individuals who live in the high unemployment rate cities are more likely to become

unemployed or out of labor force. Regardless of the transition difference from employment,
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all the estimation results under gender separation show the same direction effect of

increases in unemployment rate.

With respect to occupation group dummies it is seen from P, equation results (see
Table 3.10) that there is no significant difference between professional and related workers
(occupl) that is the base category, and other occupation groups, with the exception of
agricultural workers (occup6). The same observation also holds for agricultural worker
men, but not for women, if we look at the estimation results under gender separation (see
Table 3.11). Furthermore, we find that the individuals in the other occupation groups,
except workers in the not-classified by occupation group (i.e. occupS8), are less likely to
move out-of-the-labor-force from employment (see Table 3.10). Particularly, the
individuals in the following occupations groups show highly significant difference with
respect to professionals and related workers at 5 percent significance level. These are
clerical and related workers (occup3), sales workers (occup4) service workers (occup?),
non-agricultural workers (occup7) (see Table 3.10). However, the occupation dummies
become non-significant for male, but not for female, if we look at the estimation results

under gender separation (see Table 3.11).

Once we control for the status in employment, as shown in Table 3.10, it is obvious
that causal employees are more likely to become unemployed from employment with
respect to regular employee. The other status groups are less likely to become unemployed.
The same conclusion seems to hold for men, but not for women, when we look at the
results under gender separation (see Table 3.11). The effects of the status in employment
dummies in the transition from employment to out-of-the-labor-force are not in the same
direction as in the transition from employment to unemployment. It is observed from the
Table 3.10 that the marginal effects of being in the other status, compared to regular
employee, are positive on the transitions from employment to out of labor force. Thus, the
individuals working in these statutes are most likely to become out of labor force if they
loose their job. Combining the overall results about the effects of status in employment on
the transitions from employment imply that the individuals working as a casual workers are

most likely to loose their job.

Finally, in these models we also included an employment sector dummy that is

public sector, to capture the effect of establishment ownership. As can be seen from the
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whole sample estimations, the marginal effects of the public sector dummy in the both
transition model, transition from employment to unemployment and to out-of the labor
force are in the expected sign, i.e. negative and significant at 1 percent level. That's why it
is possible to say that working in public sector is an advantage for workers and these
workers are most likely to keep their jobs with respect to the private sector workers, even

under economic crisis.
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Table 3.10: Transition from Employment to Unemployment and Out-of-Labor Force

Variables peu peu peolf peolf
urban 0.001 0.008*** 0.047** 0.042***
[0.003] [0.003] [0.007] [0.006]
female -0.001 -0.004 0.166*** 0.167**
[0.003] [0.003] [0.015] [0.015]
FemMar -0.012*** -0.014*** 0.103** 0.107**
[0.004] [0.004] [0.017] [0.017]
married -0.012*** -0.013*** -0.102*** -0.103***
[0.004] [0.005] [0.014] [0.014]
[REGION
Marmara 0.000 0.000 0.031*** 0.031***
[0.003] [0.004] [0.010] [0.011]
Aegean 0.005 0.006 0.007 0.007
[0.004] [0.005] [0.011] [0.011]
Mediterranean -0.003 -0.004 0.020* 0.020*
[0.004] [0.004] [0.011] [0.011]
BlackSea 0.001 0.002 0.013 0.013
[0.004] [0.005] [0.011] [0.011]
EastAnatolia 0.002 0.003 0.032** 0.033***
[0.005] [0.005] [0.013] [0.013]
SouthEastAnatolia 0.008 0.008 0.033** 0.035**
[0.006] [0.006] [0.014] [0.014]
EDUCATION
PrimarySchool -0.001 0.001 -0.006 -0.007
[0.004] [0.004] [0.009] [0.008]
MiddleSchool -0.002 -0.001 0.022* 0.020
[0.004] [0.005] [0.013] [0.012]
HighSchool -0.002 -0.002 -0.028*** -0.032***
[0.005] [0.005] [0.011] [0.010]
VocHighSchool -0.001 -0.001 -0.063*** -0.062***
[0.005] [0.006] [0.009] [0.009]
TwoyearsUniv -0.010* -0.011* -0.079*** -0.073***
[0.006] [0.006] [0.010] [0.011]
Univ4pl -0.008 -0.011** -0.092*** -0.082***
[0.005] [0.004] [0.008] [0.008]
AGE
age2024 0.008 0.009 -0.044** -0.044***
[0.005] [0.006] [0.007] [0.007]
age2534 0.004 0.004 -0.092*** -0.092***
[0.004] [0.005] [0.008] [0.008]
age3544 -0.001 -0.001 -0.093*** -0.093***
[0.004] [0.005] [0.009] [0.009]
age4554 -0.002 -0.004 -0.028*** -0.028***
[0.005] [0.005] [0.010] [0.010]
age55pl -0.013*** -0.016*** 0.049*** 0.050**
[0.004] [0.004] [0.017] [0.017]
Unemprate 0.126*** 0.143*** 0.396*** 0.390***
[0.020] [0.022] [0.055] [0.055]
OCCUPATION
occup2| 0.000 -0.020
[0.010] [0.020]
occup3| 0.003 -0.051***
[0.007] [0.010]
occup4| 0.008 -0.043***
[0.008] [0.011]
occup5 0.011 -0.037***
[0.009] [0.012]
occup6| -0.015*** -0.027*
[0.005] [0.014]
occup7| 0.011 -0.038***
[0.007] [0.012]
occup8| 0.027 0.011
[0.025] [0.032]
STATU
statu2| 0.012*** 0.013*** 0.079*** 0.082***
[0.004] [0.004] [0.013] [0.013]
statu3| -0.008 -0.007 0.100* 0.096*
[0.014] [0.016] [0.056] [0.054]
statu4 -0.014*** -0.015** 0.000 0.003
[0.003] [0.003] [0.014] [0.013]
statu5| -0.008*** -0.011** 0.043*** 0.044***
[0.003] [0.003] [0.011] [0.010]
statu6 -0.011*** -0.018*** 0.028** 0.031**
[0.003] [0.003] [0.012] [0.011]
PublicSector -0.022*** -0.024*** -0.034*** -0.030***
[0.002] [0.002] [0.009] [0.009]
q2q2 0.000 0.000 -0.019*** -0.019***
[0.002] [0.002] [0.005] [0.005]
Log-Likelihood -7922.087 -7956.79 -7922.087 -7956.79
Wald-Test of Chi2 2482.6 2499.5 2482.6 2499.5
Prob>chi2 0.000 0.000 0.000 0.000
Pseudo R2 0.176 0.172 0.176 0.172
Number of Transitions 570 570 2683 2683
Observations 16117 16117 16117 16117

Notes 1) Standard errors in brackets
2) * significant at 10%; ** significant at 5%; *** significant at 1%
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Table 3.11: Transition from Employment to Unemployment and Out-of-Labor Force

by Gender
MALE FEMALE
Variables peu peu peolf peolf peu peu peolf peolf
urban -0.001 0.007** 0.020*** 0.013** 0.000* 0.001** 0.181*** 0.205***
[0.004] [0.003] [0.006] [0.005] [0.000] [0.000] [0.027] [0.023]
married -0.019** -0.020*** -0.067** -0.066*** -0.001** -0.001** -0.015 -0.017
[0.006] [0.006] [0.013] [0.013] [0.000] [0.000] [0.025] [0.025]
REGION
Marmara 0.000 0.000 0.014 0.014 0.000 0.000 0.069** 0.073**
[0.004] [0.005] [0.009] [0.009] [0.000] [0.000] [0.033] [0.033]
Aegean 0.006 0.008 0.010 0.009 0.000 0.000 -0.012 -0.005
[0.006] [0.006] [0.010] [0.010] [0.000] [0.000] [0.033] [0.033]
Mediterranean -0.004 -0.006 0.013 0.015 0.000 0.000 0.039 0.036
[0.004] [0.005] [0.010] [0.010] [0.000] [0.000] [0.037] [0.037]
BlackSea 0.003 0.005 0.021** 0.021** 0.000 0.000 -0.035 -0.038
[0.006] [0.006] [0.011] [0.010] [0.000] [0.000] [0.032] [0.032]
EastAnatolia 0.005 0.006 0.011 0.011 0.000 0.000 0.072* 0.078**
[0.006] [0.007] [0.011] [0.011] [0.000] [0.000] [0.039] [0.039]
SouthEastAnatolia 0.007 0.008 0.003 0.003 0.001 0.001 0.181*** 0.186***
[0.007] [0.007] [0.011] [0.011] [0.001] [0.001] [0.049] [0.049]
EDUCATION
PrimarySchool -0.008 -0.006 -0.020** -0.022*** 0.001 0.001 -0.015 -0.008
[0.005] [0.005] [0.008] [0.008] [0.000] [0.001] [0.024] [0.024]
MiddleSchool -0.008* -0.008 0.013 0.012 0.001 0.001 -0.049 -0.046
[0.005] [0.005] [0.011] [0.011] [0.001] [0.001] [0.040] [0.039]
Higl | -0.008* -0.008 -0.012 -0.012 0.001 0.001 -0.169*** -0.180***
[0.005] [0.005] [0.010] [0.009] [0.001] [0.001] [0.033] [0.030]
Voct | -0.005 -0.006 -0.023** -0.023** 0.000 0.000 -0.283*** -0.272**
[0.005] [0.006] [0.009] [0.009] [0.001] [0.001] [0.022] [0.023]
TwoyearsUniv| -0.019*** -0.021*** -0.030** -0.028** 0.001 0.001 -0.308*** -0.288***
[0.005] [0.005] [0.013] [0.013] [0.002] [0.002] [0.019] [0.025]
Univdpl|  -0.017*** -0.020*** -0.032*** -0.028*** 0.001 0.001 -0.375*** -0.346***
[0.005] [0.004] [0.009] [0.009] [0.001] [0.001] [0.016] [0.018]
AGE GROUP
age2024| 0.021** 0.023** -0.021*** -0.021*** 0.000 0.000 -0.125*** -0.125***
[0.010] [0.010] [0.007] [0.007] [0.000] [0.000] [0.029] [0.029]
age2534| 0.013* 0.014* -0.063*** -0.063*** 0.000* 0.000* -0.182*** -0.185***
[0.007] [0.007] [0.007] [0.007] [0.000] [0.000] [0.030] [0.029]
age3544| 0.008 0.008 -0.058*** -0.058*** 0.000 0.000* -0.193*** -0.197***
[0.007] [0.007] [0.009] [0.009] [0.000] [0.000] [0.031] [0.031]
age4554| 0.009 0.007 0.020 0.020 0.000** -0.001*** -0.175%** -0.178***
[0.008] [0.008] [0.013] [0.013] [0.000] [0.000] [0.030] [0.030]
age55pl -0.009 -0.012* 0.107*** 0.111** -0.007*** -0.008*** -0.087** -0.090**
[0.007] [0.006] [0.025] [0.025] [0.002] [0.002] [0.037] [0.037]
Unemprate 0.159*** 0.178*** 0.284*** 0.277*** 0.002 0.002 0.756*** 0.768***
[0.025] [0.026] [0.044] [0.044] [0.001] [0.001] [0.216] [0.215]
OCCUPATION
occup2 -0.003 -0.009 0.001 -0.139
[0.013] [0.015] [0.001] [0.093]
occup3 -0.004 -0.006 0.001 -0.210***
[0.008] [0.013] [0.001] [0.033]
occup4 0.007 -0.011 0.001 -0.156***
[0.010] [0.011] [0.001] [0.043]
occup5 0.009 -0.011 0.001 -0.181***
[0.010] [0.011] [0.001] [0.040]
occupé| -0.018*** 0.004 0.000 -0.220***
[0.006] [0.014] [0.000] [0.057]
occup?| 0.008 -0.015 0.001 -0.140***
[0.008] [0.011] [0.001] [0.046]
occup8 0.027 -0.001 0.002 -0.005
[0.032] [0.028] [0.002] [0.099]
STATU
statu2 0.016*** 0.017*** 0.036*** 0.035*** 0.000 0.000 0.232*** 0.219***
[0.005] [0.005] [0.010] [0.009] [0.000] [0.000] [0.047] [0.046]
statu3| -0.026*** -0.028*** -0.070** -0.070** 0.000 0.000 0.225** 0.182**
[0.002] [0.002] [0.003] [0.003] [0.001] [0.001] [0.092] [0.088]
statu4| -0.017*** -0.019** -0.024** -0.024** 0.000 0.000 0.275*** 0.283***
[0.003] [0.003] [0.007] [0.007] [0.000] [0.000] [0.094] [0.091]
status| -0.013*** -0.016*** -0.012* -0.009 0.000 0.000 0.275*** 0.262***
[0.003] [0.003] [0.007] [0.007] [0.000] [0.000] [0.039] [0.036]
statu6 -0.008* -0.015*** 0.036*** 0.043*** -0.001* -0.001** 0.153*** 0.125***
[0.005] [0.004] [0.013] [0.013] [0.000] [0.000] [0.039] [0.034]
PublicSector -0.027*** -0.029*** -0.035*** -0.034*** 0.000*** -0.001*** -0.044 -0.017
[0.003] [0.003] [0.007] [0.006] [0.000] [0.000] [0.039] [0.036]
q2q2 0.001 0.001 -0.008** -0.008** 0.000 0.000 -0.072*** -0.073***
[0.002] [0.002] [0.004] [0.004] [0.000] [0.000] [0.016] [0.017]
Log-Likelihood -5152.80 -5174.17 -5152.80 -5174.17 -2524.011 -2547.47 -2524.011 -2547.47
Wald-Test of Chi2 3756.2 5426.1 3756.2 5426.1 27321.2 33076.0 27321.2 33076.0
Prob>Chi2 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000
Pseudo R2 0.127 0.124 0.127 0.124 0.162 0.155 0.162 0.155
Number of Transitions 483 483 1208 1208 87 87 1475 1475
Observations 12110 12110 12110 12110 4007 4007 4007 4007

Note: See Table 10.
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3.8.2 The Determinants of Transitions from Unemployment

This part discusses the determinants of transitions from unemployment to
employment and to out of labor force. The results for the models of unemployment exits are
reported in Tables 3.12 and 3.13. In the estimated models in addition to standard
explanatory variables that we mentioned above we included the duration of unemployment
at first interview in order to capture the heterogeneity among the unemployed (See Foley
(1997) and Huitfeldt (1996)). Moreover, as stated by Huitfeldt (1996) the probability of
finding a job from unemployment can be considered as the functions of the following. The
first group of the covariates includes the characteristics of the individuals that have an
effect on individual’s likelihood of finding a job. The second group covers the covariates
that influence the individual’s likelihood of being offered the job and the likelihood of non-
rejecting this job opportunity. It is highly likely that the probability of receiving an offer
rely on an individual’s job search strategy (Devine and Kiefer (1991)). To capture this
effect, in our estimations we also incorporated a group of dummy variables for the job-
search methods used by the unemployed individuals. Let us now look at the estimation

results in detail.

It is observed from Table 3.12 that, as expected, females are less likely to find a job
from unemployment compared to men. Further, we observe from the Table 3.12 that the
marginal effect of residence on the transition from unemployment to employment equation
is, in general, with the expected sign, i.e. positive but insignificant in the whole sample
estimation. Whereas, as shown in Table 3.13, the effect of this variable becomes significant
for the female sample, when we exclude the occupation dummies from the model, if we
look at the estimation results under gender separation. Thus, particularly for female, living
in urban areas increases the probability of employment from unemployment (see Table
3.13). Regarding the results for the whole sample data in Table 3.12 it is observed that
living in urban areas decreases the probability of going out-of-the-labor force from
unemployment, even though it is statistically insignificant. Whereas our conclusion
becomes reverse for male, again not significant, if we consider same transition model
estimates under gender separation. That is, we observe from the Table 3.13 that probability
of moving to out-of-the-labor force from unemployment, for male, increases with living in
urban areas. In contrast to male, urban variable is statistically significant in the female’s

equation. This implies that, for female, the probability of exiting to out-of-the-labor force

91



from unemployment decreases with living in urban areas.

Furthermore, as expected, since the marginal effect of being married is positive,
but significant only at 10 percent when we exclude the occupation dummies, in the male’s
estimation, we can say that the marriage increases the probability of finding a job from
unemployment for men. The reverse observation is seen in the transition from
unemployment to out of labor force equation for men. These findings imply that because of
family responsibility of men —since he is the breadwinner in the traditional Turkish family-,
they are more likely to find a job and less likely to go out-of-the-labor-force. In contrast to
men, for women, being married seems to increase both the probability of finding a job from
unemployment and probability of moving to out-of-the-labor-force -but with non-

significant coefficients in both equations- (see Table 3.13).

Regarding the education levels, it is found that the marginal effects of these
variables on the transition from unemployment to employment equation are in expected
sign and positive, with a few exceptions. This effect reaches its maximum value for the
two-year and over university graduates and becomes significant at 1 percent level in the
whole sample. The conclusion does not seem to change, if we look at the same estimation
results under gender separation (see Table 3.13). Regarding the transition from
unemployment to out of labor force equation, we find that more educated individuals are
less likely to go out-of-the-labor-force with respect to non-graduates. We observe that
education level dummies are statistically significant and their marginal effect on transition
to out-of-labor force from unemployment decreases with the increase in the education level
(see Table 3.12). Regarding the results under gender separation we observe that the effects
of education level dummies on the transition from unemployment to out of labor force is
again mostly significant in women’s equation rather than men’s (see Table 3.13).
Combining the estimation results for the transitions from unemployment imply that the
increases in education level may increase the probability of obtaining a job. However, the
statistically significant difference is observed only for the university graduates, but not for
the other education groups. Further, having a vocational high school diploma does not have

a significant effect in obtaining a job.

In addition, we observe that living in the Aegean, Mediterranean and South-East

Anatolia regions increases the probability of exiting from unemployment for a job
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compared to the base category of Central Anatolia (see Table 3.12). Individuals in these
geographical regions are more likely to find employment in comparison to Central
Anatolia. However, living in the other remaining regions does not make a statistically
significant variation. Regarding the transition to out-of-the-labor-force from unemployment
it is observed that the marginal effects of living in Marmara, Aegean and Mediterranean
regions are negative, and the remaining are positive (see Table 3.12). However, all region
dummies make no significant difference compared to Central Anatolia. Regarding the
results under gender separation we have somewhat different results for men compared to
women. While men who live in the South-East Anatolia most likely to find a job, women
who live in the East-Anatolia, as expected, less likely to find a job from unemployment,
compared to the base category of Central Anatolia. Moreover, women who live in the East-

Anatolia more likely to go out-of-labor force compared to the base group.

With respect to age categories, we observe from the Table 3.12 that the marginal
affect of increases in age on finding a job from unemployment is initially positive, and then
turn to negative after the age group of 25-34. We observe an inverted-U-shaped relation
between age and probability of finding a job from unemployment. The highest negative
effect is observed for the individuals in their late career period. The reverse observation
seems to hold in the transitions from unemployment to out-of-the-labor force equation
estimates (see Table 3.12). Regarding the results under gender difference we observe the
expected results only for men that the marginal effect of the age increase on the transition
from unemployment to out-of-the-labor force equation is initially negative then turn to
positive (U-shaped). This finding may imply that men are more likely to leave the labor
force from unemployment at a higher rate late in their labor market career. However, the

same conclusion is not seemed to hold for women if they are still in the labor force.

Additionally, the effects of the local unemployment rate on the transition from
unemployment to employment (P,) equation is in expected sign for each gender, but
significant only in the men’s equation (see Table 3.13). Thus, the negative marginal effect
of this variable, in both equations implies that individuals who live in high unemployment
rate areas are less likely to find employment from unemployment. Regarding the results for
the transition from unemployment to out of labor force it is observed that the increases in
unemployment rate increases the probability of exiting from unemployment to out-of-the-

labor force for men, whereas for women we observe the reverse effect, even insignificant
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for each gender. Regardless of the gender difference overall results about marginal effects
of the province level unemployment rate on the transitions from unemployment imply that
the probability of obtaining a job is lower in provinces with high unemployment rates.
However, men, but not women, in these provinces are most probably to go out of the labor

force, i.e. become discouraged, at a higher rate than other unemployed.

Moreover, in the estimated models we also included the occupation dummies for
each of the unemployed individuals. As can be seen from the Table 3.13, all the occupation
groups, with respect to professional workers, have positive marginal effects on the
transition from unemployment to employment equation for each gender. This finding
implies that the individuals in the other occupation groups are most likely to find a job and

less likely to go out-of-labor force from unemployment compared to professional workers.

When we control the status in previous employment, it is seen that the following
status group have positive and significant marginal effect on transition from unemployment
to employment. These are employer (statu4), self-employed (statu5) and unpaid family
workers (statu6). The individuals in these groups most likely to a find from unemployment
compared to regular employee. The other remaining variables also show a negative but not
significant marginal effect in finding a job. For men, significant effect of these variables is
seen, again, in the group of “employer, self-employed and unpaid family workers”. Thus
these groups of male workers are more likely to find a job compared to regular employees.
Whereas for women we observe that there is no significant difference between the status in
employment in finding a job from unemployment, except paid family workers with a

negative sign, compared to the base category of regular employees.

Furthermore, to capture the duration dependence effect we have also included the
unemployment duration group dummies in the transitions from unemployment equation.
Regardless of the gender difference it is observed from the Table 3.13 that the probability
of transition from unemployment to employment declines with the increases in
unemployment duration. Hence, there is negative duration dependence. This result is
supported in the transition from unemployment to out of the labor force, particularly for
men (see Table 3.13), since the probability of exiting from labor force increases with the

increases in unemployment duration. This finding supports the “discouraged worker effect”
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hypothesis.

Finally, the effects of job search methods on the transition from unemployment to
employment (P,.) are also presented in Table 3.12 for the whole sample in Table 3.13 for
men and women separately. As shown in Table 3.12 the marginal effects of using “friends

2 13 2 (13

and relatives”, “newspapers”, “employment office” and “workers agent” as a job search
method on the exiting from unemployment for employment is positive, but statistically
significant effect is observed only for the “workers agent”. As expected, the negative and
significant effect is only observed for the search channel of “try to provide equipment,
credit, place to establish own business”. Thus, using this job-search method decreases the
probability of obtaining a job. Even though the marginal effect of using employment office
on the transition from unemployment to employment is positive but not significant, the
effect of this search channel on the transition to out-of-the-labor force from unemployment
is negative and statistically significant at 1 percent level for male. This is why the
registration rate to the employment office is very low, in comparison to the developed
countries. Overall results for the each transition from unemployment imply that use of

“workers agent and mediators” is the most useful job-search channel in obtaining a job, but

not the employment office.
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Table 3.12: Transition from Unemployment to Employment and Out-of-Labor Force

Variables pue pue puolf puolf
urban 0.042 0.048 -0.029 -0.048
[0.059] [0.051] [0.048] [0.042]
female -0.191*** -0.280™*** 0.005 0.051
[0.058] [0.050] [0.038] [0.039]
FemMar -0.184** -0.244*** 0.301*** 0.349***
[0.081] [0.074] [0.093] [0.087]
married 0.095 0.163*** -0.092* -0.122***
[0.068] [0.062] [0.049] [0.046]
REGION
Marmara 0.094 0.079 -0.005 -0.021
[0.067] [0.065] [0.046] [0.043]
Aegean 0.159** 0.161** -0.055 -0.068*
[0.076] [0.069] [0.048] [0.040]
Mediterrian 0.196*** 0.138** -0.027 -0.011
[0.070] [0.065] [0.046] [0.045]
BlackSea 0.126 0.055 0.031 0.049
[0.082] [0.075] [0.060] [0.060]
EastAnatolia -0.089 -0.073 0.120 0.096
[0.082] [0.087] [0.096] [0.090]
SouthEastAnatolia 0.193** 0.131* -0.010 0.015
[0.087] [0.079] [0.056] [0.058]
EDUCATION
PrimarySchool 0.000 0.041 -0.109*** -0.128***
[0.079] [0.073] [0.042] [0.041]
MiddleSchool 0.088 0.117 -0.100*** -0.113***
[0.096] [0.084] [0.033] [0.029]
HighSchool 0.018 -0.027 -0.090*** -0.093***
[0.097] [0.088] [0.035] [0.032]
VocHighSchool 0.108 0.131 -0.157*** -0.157***
[0.109] [0.097] [0.026] [0.022]
TwoyearsUniv| 0.374*** 0.313*** -0.155*** -0.140***
[0.107] [0.097] [0.024] [0.029]
Univ4pl 0.554*** 0.380™** -0.184*** -0.164***
[0.043] [0.069] [0.018] [0.018]
AGE
age2024 0.065 0.138** -0.054 -0.087***
[0.070] [0.060] [0.035] [0.030]
age2534 -0.031 0.098 -0.072* -0.119***
[0.076] [0.069] [0.038] [0.032]
age3544 -0.221*** -0.097 -0.032 -0.072*
[0.070] [0.076] [0.047] [0.040]
age4554 -0.277*** -0.161* 0.035 -0.020
[0.067] [0.084] [0.065] [0.052]
age55pl -0.281*** -0.213** 0.118 0.070
[0.067] [0.094] [0.107] [0.095]
Unemprate -2.287*** -2.130*** 0.321 0.357
[0.685] [0.666] [0.522] [0.487]
OCCUPATION
occup2 0.428*** -0.146***
[0.150] [0.030]
occup3 0.513*** -0.177***
[0.050] [0.019]
occup4 0.511*** -0.203***
[0.054] [0.021]
occup5 0.582*** -0.193***
[0.040] [0.020]
occup6 0.576*** -0.188***
[0.043] [0.022]
occup7 0.687*** -0.288***
[0.048] [0.035]
occup8 0.485*** -0.148***
[0.079] [0.027]
STATU
statu2 -0.071 0.056 0.032 -0.045
[0.050] [0.046] [0.044] [0.030]
statu3 -0.070 0.197 0.212 -0.013
[0.193] [0.172] [0.187] [0.095]
statug 0.401*** 0.378*** -0.051 -0.075
[0.111] [0.094] [0.099] [0.079]
statu5s 0.366*** 0.390*** -0.110*** -0.156***
[0.060] [0.045] [0.037] [0.023]
statu6é 0.307*** 0.417*** -0.108*** -0.158***
[0.086] [0.045] [0.041] [0.018]
DURATION
duration46 -0.113** -0.134*** 0.042 0.069*
[0.046] [0.044] [0.036] [0.036]
duration612 -0.114** -0.130*** 0.023 0.042
[0.049] [0.047] [0.038] [0.038]
duration1224 -0.137* -0.155** 0.146** 0.175***
[0.071] [0.065] [0.066] [0.065]
duration24pl -0.173* -0.250*** 0.245** 0.306***
[0.090] [0.077] [0.098] [0.097]
SEARCH METHOD
Friendsetc 0.055 0.038 -0.029 -0.021
[0.043] [0.041] [0.031] [0.030]
Newspapers 0.102 0.079 0.039 0.045
[0.071] [0.062] [0.061] [0.054]
EmploymentOffice 0.041 0.003 -0.089*** -0.081***
[0.064] [0.061] [0.032] [0.031]
Workersagent| 0.343** 0.269** -0.119** -0.096**
[0.150] [0.105] [0.055] [0.048]
Trytoprovideequipment -0.300*** -0.318*** 0.069 0.058
[0.082] [0.096] [0.099] [0.091]
Othermethods -0.199 -0.278** -0.058 -0.021
[0.131] [0.110] [0.075] [0.089]
q2q2 -0.081** -0.047 0.332*** 0.283***
[0.037] [0.036] [0.029] [0.027]
Log Likelihood -945.74 -1050.09 -945.74 -1050.09
Wald-Test of Chi2 454.55 406.54 454.55 406.54
Prob>Chi2 0.0000 0.0000 0.0000 0.0000
Pseudo R2 0.3084 0.2321 0.3084 0.2321
Number of Transitions 570 570 303 303
Observations 1283 1283 1283 1283

Note: See Table 3.10.
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Table 3.13: Transition from Unemployment to Employment and Out-of-Labor Force

by Gender

MALE FEMALE
pue pue Puolf Puolf pue pue Puolf Puolf
urban 0.041 -0.002 0.000 0.002 0.016* 0.059"** -0.359*** -0.373*
[0.069] [0.057] [0.011] [0.010] [0.008] [0.015] [0.119] [0.105]
married 0.062 0.112* -0.010 -0.019 0.000 0.015 0.165* 0.136
[0.075] [0.066] [0.011] [0.012] [0.010] [0.027] [0.097] [0.091]
|REGION
Marmara 0.070 0.057 -0.006 -0.008 0.038 0.093 0.130 0.027
[0.066] [0.065] [0.010] [0.010] [0.046] [0.097] [0.156] [0.151]
Aegean 0.079 0.099 -0.001 -0.011 0.197 0.243 -0.138 -0.118
[0.071] [0.066] [0.013] [0.011] [0.178] [0.198] [0.166] [0.164]
Mediterrian 0.122% 0.095 -0.003 0.001 0.157 0.179 0.129 0.064
[0.065] [0.063] [0.011] [0.013] [0.145] [0.147] [0.196] [0.170]
BlackSea| 0.100 0.057 -0.003 0.003 0.101 0.087 0.260 0.188
[0.077] [0.073] [0.013] [0.016] [0.122] [0.131] [0.173] [0.179]
EastAnatolia| -0.083 -0.043 0.022 0.013 -0.037* -0.102*** 0.451*** 0.446™*
[0.091] [0.088] [0.027] [0.025] [0.013] [0.024] [0.147] [0.164]
SouthEastAnatolia| 0.150** 0.139** -0.008 -0.007 0.087 0.029 0.254 0.303*
[0.069] [0.066] [0.010] [0.012] [0.143] [0.097] [0.208] [0.168]
[EDUCATION
PrimarySchool -0.019 0.015 -0.017 -0.025* 0.005 -0.001 -0.202* -0.220**
[0.089] [0.079] [0.012] [0.014] [0.017] [0.031] [0.111] [0.098]
MiddleSchool 0.109 0.131* -0.014* -0.018* -0.007 -0.022 -0.279*** -0.283***
[0.093] [0.078] [0.008] [0.009] [0.014] [0.027] [0.097] [0.088]
HighSchool 0.006 -0.044 -0.013 -0.013 0.016 -0.004 -0.227* -0.286"*
[0.110] [0.101] [0.009] [0.010] [0.026] [0.031] [0.123] [0.093]
VocHighSchool 0.110 0.155* -0.016** -0.021** 0.018 0.012 -0.477 -0.479*
[0.102] [0.083] [0.008] [0.007] [0.039] [0.041] [0.051] [0.049]
TwoyearsUniv| 0.234** 0.202** -0.023*** -0.022** 0.650* 0.482* -0.375"* -0.364***
[0.083] [0.083] [0.008] [0.009] [0.377] [0.269] [0.084] [0.107]
Univ4pl 0.344** 0.253*** -0.026*** -0.022*** 0.765*** 0.333* -0.444* -0.432**
[0.035] [0.058] [0.004] [0.007] [0.197] [0.198] [0.048] [0.049]
AGE GROUP
age2024 0.087 0.112* -0.014* -0.022*** 0.001 0.006 -0.062 -0.023
[0.077] [0.064] [0.007] [0.007] [0.011] [0.023] [0.119] [0.107]
age2534 -0.031 0.041 -0.021** -0.032*** -0.016 -0.017 -0.059 0.008
[0.095] [0.079] [0.009] [0.008] [0.010] [0.024] [0.127] [0.116]
age3544 -0.182* -0.089 -0.014 -0.025*** -0.031*** -0.072 -0.215* -0.149
[0.107] [0.095] [0.010] [0.009] [0.010] [0.017] [0.111] [0.115]
age4554 -0.265* -0.155 -0.005 -0.017* -0.023*** -0.063*** -0.055 0.012
[0.120] [0.109] [0.013] [0.010] [0.007] [0.013] [0.169] [0.173]
age55pl -0.299** -0.213 0.017 0.005 NA NA NA NA
[0.131] [0.131] [0.025] [0.019]
unemprate -1.876** -1.950** 0.062 0.107 -0.385* -0.519 -0.756 -1.020
[0.686] [0.662] [0.118] [0.126] [0.224] [0.483] [1.777] [1.503]
(OCCUPATION
occup2 0.215 -0.023** NA NA
[0.155] [0.005]
occup3 0.326*** -0.026** 0.300** -0.306***
[0.040] [0.004] [0.135] [0.094]
occup4 0.350"** -0.032*** 0.061 -0.428*
[0.046] [0.006] [0.058] [0.051]
occup5 0.370** -0.031** 0.782*** -0.396"**
[0.042] [0.005] [0.168] [0.056]
occup6 0.398*** -0.032** 0.258 -0.227*
[0.038] [0.006] [0.163] [0.118]
occup? 0.577** -0.076*** 0.650"** -0.297***
[0.072] [0.017] [0.147] [0.073]
occup8 0.299*** -0.022*** 0.385 -0.331*
[0.059] [0.006] [0.524] [0.105]
[STATU
statu2| -0.060 0.027 0.011 -0.006 -0.009 0.063 -0.153 -0.252**
[0.054] [0.045] [0.009] [0.007] [0.010] [0.068] [0.158] [0.097]
statu3| NA NA NA NA -0.018*** 0.049 0.331 0.037
[0.006] [0.071] [0.213] [0.219]
statu4| 0.309*** 0.292*** -0.014 -0.018 NA NA NA NA
[0.045] [0.046] [0.012] [0.014]
statu5| 0.247** 0.262*** -0.019** -0.028"* 0.057 0.669** -0.267 -0.374***
[0.050] [0.040] [0.006] [0.006] [0.073] [0.276] [0.208] [0.132]
statu6| 0.218*** 0.305*** -0.103*** -0.113*** NA NA NA NA
[0.079] [0.048] [0.015] [0.014]
DURATION
duration46| -0.084 -0.082 0.002 0.003 -0.022** -0.068*** 0.063 0.150
[0.056] [0.052] [0.009] [0.010] [0.010] [0.018] [0.110] [0.103]
duration612| -0.096 -0.102* 0.017 0.024* -0.010 -0.031* -0.145 -0.093
[0.062] [0.057] [0.012] [0.013] [0.008] [0.018] [0.101] [0.101]
duration1224 -0.054 -0.056 0.061* 0.077** -0.020*** -0.047* -0.013 0.093
[0.102] [0.093] [0.031] [0.037] [0.008] [0.016] [0.144] [0.134]
duration24pl -0.109 -0.115 0.139** 0.150** -0.004 -0.050"** -0.044 0.062
[0.136] [0.127] [0.060] [0.069] [0.021] [0.017] [0.186] [0.187]
[SEARCH METHOD
Friendsetc 0.064 0.055 -0.010 -0.009 0.005 -0.024 -0.020 0.002
[0.048] [0.043] [0.008] [0.008] [0.010] [0.025] [0.100] [0.091]
Newspapers 0.125** 0.114** 0.002 0.006 0.012 -0.004 0.161 0.159
[0.057] [0.054] [0.013] [0.014] [0.026] [0.036] [0.195] [0.141]
EmploymentOffice| 0.036 -0.002 -0.022** -0.024** -0.005 -0.039** -0.001 -0.028
[0.074] [0.071] [0.008] [0.006] [0.012] [0.016] [0.148] [0.125]
Wor 0.263*** 0.221*** -0.020*** -0.020* 0.001 -0.015 -0.037 -0.074
[0.089] [0.085] [0.007] [0.010] [0.029] [0.037] [0.234] [0.209]
Trytop -0.333* -0.324** 0.022 0.013 -0.023*** -0.065*** 0.067 0.013
[0.140] [0.147] [0.032] [0.027] [0.007] [0.015] [0.248] [0.246]
Othermethods -0.259 -0.320** -0.020** -0.022** -0.027*** -0.077* 0.201 0.294
[0.168] [0.153] [0.006] [0.010] [0.009] [0.017] [0.273] [0.219]
q2q2 0.035 0.051 0.066"** 0.067*** -0.009 -0.011 0.657*** 0.588"*
[0.042] [0.039] [0.011] [0.010] [0.007] [0.015] [0.050] [0.052]
Log-Likelihood -666.234 -718.65 -666.234 -718.65 -220.91 -277.19 -220.91 -277.19
Wald-Test of Chi2 12103.99 10062.75 12103.99 10062.75 10716.70 12666.56 10716.70 12666.56
Prob>Chi2 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000
Pseudo R2 0.2457 0.1864 0.2457 0.1864 0.4573 0.3190 0.4573 0.3190
of transitions 493 493 149 149 7 7 154 154
Observations 897 897 897 897 386 386 386 386

Notes:1) See Table 3.10.
2) NA:Not Applicable
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3.8.3 The Determinants of Transitions from Out of Labor Force

Before moving to the estimation results it should be noted that the total number of
transitions from out of labor force to employment is 2414 which is very high in comparison
to transition from unemployment to employment. As shown in Table 3.14, the marginal
effect of “urban” (living in urban areas) on the transition from out-of-the-labor force to
employment (P.) is negative and significant in the whole sample estimation. As in the
transition probability from unemployment to employment equation (P,.), the marginal
effect of marriage on transition to employment from out-of-the-labor force (P,) is also

seen to be positive for men, and negative for women (see Table 3.15).

Regarding to regional variations, it is found there is a significant difference
between the geographical regions for each gender. It is observed from the Table 3.15 that
the men who live in the Marmara, Mediterranean and South-East Anatolia are most likely
to obtain a job from out-of-the-labor force compared to Central Anatolia. In this case the
significant difference is observed for men who live in the South-East Anatolia (and
Marmara when we exclude the occupation dummies) at 1 percent significance level. While,
women who live in Marmara, Aegean and Black Sea regions are less likely to find a job,
women in South-East Anatolia are more likely to obtain a job, from out-of-labor-force
compared to Central Anatolia. These region dummies are highly significant in the female’s

equation (see Table 3.15).

In addition, the marginal effects of age groups are similar in both models of
transition from out-of-the-labor force, that is initially positive and turns to negative for the
older individuals (inverted U-shaped). With respect to the local unemployment rate we find
expected results that the increase in the rate of unemployment decreases the exit to
employment from out of the labor for each gender. Regarding to the transition from out of
labor force to unemployment equation we find reverse effect of the unemployment rate.
Therefore, it is possible to say that, as expected, the individuals who live in the high

unemployment areas are less likely to obtain a job from out-of-the labor force.

Additionally, if we look at the effects of the education level on the transition from

out-of-the-labor force to employment, it is seen that the marginal effects is initially negative
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and then become positive, and mostly significant (some of them at 10 percent significance
level) for the whole sample estimation (see Table 3.14). The most obvious observation
from the estimation results under gender separation is that, whether male or female, the
individuals, with a four year university or over degree are most probably to find a job from
out-of-the labor force. Furthermore, the marginal effect of these variables in the transition
to unemployment from out-of-the-labor force is always positive, and they are highly
significant for the individuals with more than middle school diploma (see Table 3.14).
Regarding the results under gender separation we observe that while non of the education
dummies significant for male, all of them have positive sign and mostly significant at 10

percent level for female (see Table 3.15).

Finally, there is a significant difference between the occupation groups for each
gender. We observe that the individuals in the other occupation groups are most likely to
find employment from out-of-the labor force compared to the base category of
“professionals and etc.” (see Table 3.15). Regarding the status in employment it seen that
there is a significant difference between these groups of individuals. Regardless of being
male or female, we observe that finding a job from the out-of-the-labor-force as a “regular
employee” is the most difficult one among the other alternative statutes such as “causal

employee” and “self employment” (see Table 3.15).

99



Table 3.14: Transition from Out-of-Labor Force to Employment and Unemployment

polfe polfe polfu polfu
urban -0.017*** -0.027*** 0.001 0.003**
[0.002] [0.004] [0.001] [0.001]
female -0.013*** -0.052*** -0.004** -0.005***
[0.003] [0.007] [0.002] [0.002]
FemMar -0.005* -0.053*** -0.017*** -0.030***
[0.003] [0.008] [0.003] [0.004]
married -0.008*** 0.013** -0.001 0.004**
[0.003] [0.006] [0.002] [0.002]
|REGION
Marmara -0.005*** 0.003 0.000 0.001
[0.002] [0.004] [0.001] [0.002]
Aegean -0.012*** -0.022*** 0.001 0.003
[0.002] [0.005] [0.002] [0.003]
Mediterrenean -0.002 0.002 0.001 0.001
[0.002] [0.005] [0.002] [0.002]
BlackSea -0.009*** -0.015*** 0.000 0.001
[0.001] [0.004] [0.002] [0.002]
EastAnatolia 0.000 -0.008* -0.001 -0.001
[0.002] [0.005] [0.002] [0.002]
SouthEastAnatolia 0.038*** 0.054*** -0.001 -0.003
[0.008] [0.014] [0.002] [0.002]
|EDUCATION
PrimarySchool -0.009*** -0.009** 0.004* 0.008***
[0.002] [0.004] [0.002] [0.002]
MiddleSchool -0.009*** -0.021*** 0.002 0.005
[0.002] [0.004] [0.003] [0.003]
HighSchool -0.001 0.010 0.017*** 0.024***
[0.001] [0.007] [0.0086] [0.007]
VocHighSchool 0.008* 0.072*** 0.019** 0.031***
[0.005] [0.015] [0.007] [0.010]
TwoyearsUniv 0.036* 0.044* 0.033* 0.028*
[0.019] [0.024] [0.019] [0.016]
Univ4pl 0.163*** 0.190*** 0.044*** 0.038**
[0.039] [0.031] [0.017] [0.015]
AGE GROUP
age2024 0.003 0.026*** 0.006*** 0.008***
[0.003] [0.008] [0.002] [0.003]
age2534 0.002 0.036*** 0.007*** 0.012***
[0.003] [0.009] [0.003] [0.003]
age3544 -0.006*** 0.015** -0.001 0.002
[0.002] [0.007] [0.002] [0.003]
age4554 -0.016*** -0.014*** -0.008*** -0.006***
[0.002] [0.005] [0.001] [0.002]
age55pl -0.023*** -0.044*** -0.014*** -0.013***
[0.002] [0.003] [0.001] [0.001]
Unemprate -0.083*** -0.150*** 0.003 0.009
[0.022] [0.048] [0.017] [0.017]
OCCUPATION
occup2 0.276*** -0.004
[0.063] [0.005]
occup3 0.421*** 0.016***
[0.035] [0.005]
occup4 0.593*** 0.019***
[0.033] [0.006]
occup5 0.555*** 0.016***
[0.031] [0.005]
occup6 0.371*** 0.007*
[0.029] [0.004]
occup?7 0.463*** 0.017***
[0.024] [0.004]
occup8 0.497*** 0.012
[0.073] [0.010]
STATU
statu2 0.029*** 0.377*** 0.019*** 0.033***
[0.006] [0.024] [0.005] [0.006]
statu3 0.155** 0.757** 0.061 0.045
[0.068] [0.063] [0.049] [0.038]
statu4 0.162*** 0.582*** 0.012 0.004
[0.037] [0.052] [0.011] [0.008]
statu5s 0.078*** 0.532*** 0.000 0.000
[0.011] [0.022] [0.003] [0.003]
statué 0.042*** 0.532*** -0.004*** -0.003*
[0.008] [0.017] [0.002] [0.002]
q2q2 -0.005*** -0.016*** 0.000 0.000
[0.002] [0.003] [0.001] [0.001]
Log-Likelihood -5506.26 -6456.45 -5506.26 -6456.45
Wald-Test of Chi2 4068.05 4318.53 4068.05 4318.53
Prob>Chi2 0.0000 0.0000 0.0000 0.0000
Pseudo R2 0.4341 0.3364 0.4341 0.3364
Number of Transitions 2414 2414 500 500
Observations 20584 20584 20584 20584

Note: See Table 3.13.
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Table 3.15: Transition from Out-of-Labor Force to Employment and Unemployment

by Gender
MALE FEMALE
polfe polfe polfu polfu polfe polfe polfu polfu
urban -0.008 0.000 0.001 0.005 -0.010*** -0.022*** 0.000** 0.000***
[0.015] [0.016] [0.008] [0.007] [0.002] [0.003] [0.000] [0.000]
married 0.029 0.117*** 0.001 0.010 -0.004***  -0.014*** 0.000*** 0.000***
[0.022] [0.028] [0.011] [0.010] [0.001] [0.004] [0.000] [0.000]
REGION
Marmara 0.023 0.066*** 0.004 0.005 -0.005*** -0.008*** 0.000 0.000
[0.017] [0.022] [0.009] [0.008] [0.001] [0.002] [0.000] [0.000]
Aegean| -0.053*** -0.054* -0.004 -0.001 -0.005*** -0.015*** 0.000 0.000*
[0.019] [0.026] [0.013] [0.012] [0.001] [0.002] [0.000] [0.000]
Mediterrenean 0.005 0.025 0.002 0.003 -0.002 -0.003 0.000 0.000
[0.018] [0.023] [0.010] [0.009] [0.001] [0.003] [0.000] [0.000]
BlackSea| -0.022 -0.007 -0.013 -0.010 -0.005***  -0.014*** 0.000* 0.000*
[0.017] [0.022] [0.008] [0.008] [0.001] [0.002] [0.000] [0.000]
EastAnatolia] -0.007 -0.006 0.009 0.009 0.001 -0.004* 0.000* 0.000**
[0.021] [0.024] [0.011] [0.011] [0.001] [0.003] [0.000] [0.000]
SouthEastAnatolia] 0.130*** 0.150*** 0.010 0.006 0.022*** 0.039*** 0.000*** 0.000***
[0.047] [0.052] [0.019] [0.016] [0.006] [0.011] [0.000] [0.000]
EDUCATION
PrimarySchool] -0.021 0.039* 0.006 0.017 -0.002** -0.003 0.000** 0.000***
[0.018] [0.023] [0.014] [0.013] [0.001] [0.002] [0.000] [0.000]
MiddleSchool| -0.061*** -0.078** -0.016 -0.011 -0.002 -0.002 0.000 0.000*
[0.020] [0.022] [0.011] [0.011] [0.001] [0.004] [0.000] [0.000]
HighSchool| -0.006 -0.001 0.009 0.011 0.002 0.023*** 0.001** 0.001**
[0.024] [0.027] [0.014] [0.014] [0.002] [0.007] [0.000] [0.000]
VocHighSchool 0.035 0.129*** 0.007 0.012 0.007* 0.071*** 0.001* 0.001**
[0.036] [0.044] [0.017] [0.016] [0.004] [0.021] [0.000] [0.000]
TwoyearsUniv 0.070 -0.012 0.035 0.016 0.037 0.112** 0.001 0.001
[0.073] [0.048] [0.044] [0.031] [0.024] [0.052] [0.001] [0.001]
Univ4pl| 0.348*** 0.185*** 0.000 0.001 0.177*** 0.293*** 0.002* 0.002*
[0.080] [0.054] [0.021] [0.020] [0.060] [0.049] [0.001] [0.001]
AGE GROUP
age2024 0.019 0.083*** 0.057*** 0.059*** 0.000 0.006 0.000 0.000
[0.021] [0.028] [0.018] [0.018] [0.001] [0.005] [0.000] [0.000]
age2534| 0.083** 0.249*** 0.056** 0.059*** -0.002** 0.000 0.000* 0.000**
[0.035] [0.044] [0.022] [0.022] [0.001] [0.004] [0.000] [0.000]
age3544| -0.048** 0.084* -0.001 0.019 -0.004*** -0.005 0.000 0.000
[0.021] [0.044] [0.015] [0.019] [0.001] [0.004] [0.000] [0.000]
age4554| -0.152***  -0.127*** | -0.034*** -0.018* -0.005***  -0.009*** 0.000*** 0.000***
[0.012] [0.021] [0.008] [0.010] [0.001] [0.003] [0.000] [0.000]
age55pl| -0.212***  -0.202*** | -0.072*** -0.058*** | -0.007*** -0.018***  -0.005*** -0.005***
[0.014] [0.019] [0.008] [0.007] [0.001] [0.002] [0.001] [0.001]
Unemprate -0.495*** -0.518* -0.015 0.013 -0.027* -0.050 0.000 0.000
[0.190] [0.221] [0.101] [0.093] [0.011] [0.031] [0.000] [0.000]
OCCUPATION
occup2| 0.647*** -0.029* 0.040 0.000***
[0.062] [0.015] [0.042] [0.000]
occup3| 0.673*** -0.013 0.318*** 0.000***
[0.041] [0.012] [0.050] [0.000]
occup4| 0.741** -0.005 0.508*** 0.000**
[0.029] [0.010] [0.059] [0.000]
occup5| 0.690*** 0.000 0.615*** 0.000*
[0.034] [0.010] [0.048] [0.000]
occup6| 0.709*** -0.018* 0.250*** 0.000
[0.039] [0.010] [0.035] [0.000]
occup7| 0.642*** 0.012 0.402*** 0.000**
[0.033] [0.010] [0.036] [0.000]
occup8| 0.633*** -0.003 0.540*** 0.000
[0.094] [0.029] [0.103] [0.000]
STATU
statu2| 0.122*** 0.391*** 0.075*** 0.069*** 0.010*** 0.432*** 0.000 0.000*
[0.028] [0.031] [0.019] [0.015] [0.004] [0.036] [0.000] [0.000]
statu3 NA NA NA NA 0.058* 0.831*** 0.001 0.000
[0.033] [0.053] [0.001] [0.000]
statu4| 0.430*** 0.592*** 0.028 0.000 0.130 0.812*** 0.000*** 0.000***
[0.062] [0.042] [0.034] [0.020] [0.094] [0.101] [0.000] [0.000]
statu5| 0.337*** 0.546*** 0.000 -0.012 0.035*** 0.656*** 0.000*** 0.000***
[0.038] [0.029] [0.014] [0.009] [0.008] [0.026] [0.000] [0.000]
statu6| 0.118*** 0.611*** -0.035*** -0.033*** 0.016*** 0.478*** 0.000 0.000
[0.042] [0.030] [0.007] [0.005] [0.005] [0.019] [0.000] [0.000]
q2q2 -0.036***  -0.056*** -0.005 -0.004 -0.001* -0.005* 0.000 0.000
[0.012] [0.015] [0.006] [0.006] [0.001] [0.002] [0.000] [0.000]
Log-Likelihood -2523.89 -2857.18 -2523.89 -2857.18 -2777.22 -3315.01 -2777.22 -3315.01
Wald-Test of Chi2 1423.60 1178.82 1423.60 1178.82 87405.60 128434.53 87405.60 128434.53
Prob>Chi2 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000
Pseudo R2 0.3530 0.2676 0.3530 0.2676 0.4686 0.3657 0.4686 0.3657
Number of Transitions 1262 1262 280 280 1152 1152 220 220
Observations 5227 5227 5227 5227 15357 15357 15357 15357

Note: See Table 3.13.
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3.9 Concluding Remarks

In this chapter, we have examined the labor market transitions in Turkey by using
the HLFS data. In the first part, we analyzed the transition probabilities between the labor
market states of “employment, unemployment, and out-of-the-labor force” under
Markovian assumptions. We analyzed the sources of unemployment rate differentials, such
as residence and gender, by using the Marston’s (1976) decomposition. In the final part of
the study, we further analyzed the transitions in the Turkish labor market by estimating
multinomial logit models. In this part we concentrated on the role of individual
characteristics, such as marriage and education, as well as the other determinants, for
instance, region, occupation, status in employment. The main findings of the study are

summarized in this section.

For designing the relevant policy tool which concentrates on reducing the
unemployment rate differentials among some of the labor market groups it may be useful to
have an idea about the differentials in the following six transition probabilities (see
Lauerova and Terrell (2002). These are Pey, Peoit, Pue, Puott, Potfus Poite. For example, for the
urban-resident individuals our implementation of the Marston’s decomposition shows that
the main factors explaining the higher unemployment rates are the following. Urban
resident individuals are less likely to enter labor market successfully and more likely to exit
from employment for unemployment, even if they are less likely to go from employment to
out-of-the-labor force, compared to the rural residents. Furthermore, for unmarried
individuals, the most important factor explaining their higher unemployment rates are that
they are less likely to enter the labor market successfully than the married individuals, and

they are more likely to leave (quit or lose) their jobs for unemployment (Pe,).

Moreover, we observe that the main factors behind the unemployment rate
differential between females and males in the urban areas are as follows. The first is the
probability of exiting from employment for out-of-the-labor force for women is larger than
the probability for those of men. Hence, because of the economic crisis most of the job-
loser women become discouraged. The second is the probability that women leave
unemployment for a job (P,.) is lower than men’s. Thus, due to the above factors the rate of

unemployment is considerably higher for the urban residing women than men. This
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observed unemployment rate differential can be considered one of the factors behind the
female’s lower labor force participation in the urban areas (see Tunali, 2003). In this regard,
Turkish policy makers might consider creating a policy tool to increase their participation
rate. A further policy tool might be developed to increase their chances of obtaining a job
from unemployment. Another policy tool, for women, might focus on reducing the higher

risk of losing job relative to men.

Let us now consider the estimation results of the multinomial logit model. It is
found that for both men and women, there is a significant difference between the education
groups in the probability of becoming unemployed from employment. For men, we observe
that the educated individuals are less likely to go both to unemployment and to out-of-labor
force compared to non-graduated individuals. However, for female, we find that while
educated individuals are less likely to go out-of-labor force, they are most likely to go to

unemployment if they lose their job.

A further finding is that the individuals, regardless of being male or female, with
university degree are more likely to find a job from unemployment compared to non-
graduates. However, having a vocational high school diploma does not make any
significant difference in obtaining a job from unemployment. Hence, human capital effect
is only seen for the university graduates. This finding is also supported by the estimation

results of transitions from out-of-labor-force to employment

When we look at the geographical variation we found no significant difference
between the regions, for both males and females, in the case of transition from employment
to unemployment. However, women who live in the East-Anatolia are less likely to find a
job and more likely to go out-of-labor force from unemployment compared to Central
Anatolia. Men who live in the South-East Anatolia most likely to find a job compared to
the same base group. With respect to labor market conditions by using a proxy, that is the
province level unemployment rate, we found significant and expected marginal effects for
each gender in the cases of Pys, Pey, and Py (and also Pegrat 10 percent level). In the other
transition cases of Py, Py, this variable has a negative sign but not significant marginal

effect for women. It has a significant and negative effect for men in P, equation.
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One of the important findings is that when we check the status in employment we
found that casual employees are most likely to loose their work compared to regular
employees. However, the other groups are less likely to exit their jobs for unemployment.
Regarding the employment sector the most striking result is that the public sector variable
has highly significant negative marginal effects on both transitions from employment,
suggesting that working in the public sector is safer for the workers in terms of a secure job.
Combining both findings, on casual and non-public sector, imply that these groups are most
probably to exit from their job compared to other groups. Findings about these groups bring
to mind the problems related to “employment security”. Therefore, these groups may be
considered as special target group by the policy makers. Developing a relevant law for
solving the “employment security” issue should be in the policy agenda of the Turkish

governors.

Regarding the unemployment duration parameters in the transitions from
unemployment case, in general, we found expected and significant effects. This is
explained by the negative duration dependence. Hence, the probability of leaving

unemployment decreases with the increase in unemployment duration.

Finally, for the job search methods in P,. equation, we found negative significant
effect for “try to provide equipment, credit, place to establish own business” and positive
effect comes from “workers agent and mediators” variable compared to “personally job
seekers” for men. If we look at the P, ¢ equation, negative and significant effect only comes
from “employment office” variables. Therefore, it is possible to say that even if the
“employment office” variable does not have enough contribution to finding a job for
unemployed men, this (employment office) ties them to the labor force. Since use of
“employment office” as a job search method, for the unemployed men, decreases the
probability of moving to out-of-the-labor-force from unemployment. However, all of the
job search method dummies are insignificant in the both transitions from unemployment in

the female’s equations.
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CHAPTER 4

DETERMINANTS OF UNEMPLOYMENT DURATION

IN TURKEY

4.1 Introduction

In chapter 2 we reviewed some of the main characteristics of the labor market in
Turkey over the last fifteen years, with the available data, including unemployment as well
as the long-term unemployment problem. It is of great significance to know the rate of
unemployment for policy purposes. However, it may also be useful to distinguish the main
features of individuals who have a higher probability of finding a job. This chapter focuses
on this issue and analyzes the determinants of unemployment duration for men and women,

separately.

A popular tool used for analyzing the unemployment duration data is the hazard
function. This function determines how the individual’s chance of getting out of
unemployment for employment changes with his/her characteristics provided that he or she
has been unemployed until a specified point in time. Empirical applications of this type of
analysis mainly come from the developed countries. For instance, by van den Berg and van
Ours (1999) for France, by Boheim and Taylor (2000) for the UK, and by Jenkins and
Serrano, (2004) for Spain. There are also similar studies which focus on transition
economies, such as by Grogan and van den Berg (2001) on Russia, and Lubyova and van
Ours (1997) on Slovakia. On the other hand, because of the data problem, the empirical
applications of this type of modeling in developing countries are not very frequent. There
are a small number of studies in developing countries such as, by Tunali and Assaad (1992)
on Egypt and by Serneels (2001) on Ethiopia. In this respect, even though earlier studies,
such as Senses (1994) and Bulutay (1995) consider the incidence of unemployment in
Turkey, there is no previous study which analyses the duration aspect of unemployment.

This is the main contribution of this chapter.
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In this chapter we employ individual level data from the quarterly Household Labor
Force Surveys (HLFS) of 2000 and 2001 carried out by SIS. We analyze the role of
personal, household and local labor market characteristics on the duration of unemployment
in a hazard function framework. In the analysis we make use of two alternative definitions
of unemployment, namely the ILO and the broad definition of unemployment. In the
estimation we employ the grouped duration approach developed by Kiefer (1988a) and
Sueyoshi (1996). In the analysis we initially estimate our models neglecting the gender
difference, and then estimate the models under gender separation in order to see whether

men and women have different dynamics in finding a job.

The organization of this chapter as follows. Section 4.2 reviews the literature on
unemployment duration. We provide the specification of the reduced-form, group duration
models in Section 4.3. In Section 4.4 we present the main characteristics of the HLFS data
used and discus the construction of unemployment durations with two alternative
definitions of unemployment. In Section 4.5 we provide the estimation results. And finally,

we present the policy implications and conclusions in Section 4.6.

4.2 Literature Review

In the literature there have been a large number of empirical studies using
developed country data to examine the effects of personal and regional characteristics as
well as the length of the unemployment duration on the probability of leaving
unemployment. In this section we initially review some of the main approaches, such as
non-parametric methods and grouped duration approach, in estimating the duration data
models. Next, we review the approaches to capture unobserved heterogeneity. Finally, we

present the summary of the main findings of the some studies.

4.2.1 Non-Parametric Methods

Devine and Kiefer (1991, p.39) suggested that “non-parametric methods are useful
for displaying data on durations and for preliminary analyses of homogenous observations,

perhaps to suggest functional forms, with homogeneity perhaps being achieved according
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to observed variables”. Conventionally, non-parametric analysis of the unemployment
duration data is carried out by Kaplan Meier (or product limit) estimator (Alvarez et al.
(2003). The main advantage of this approach is being able to use the right-censored data.
Kaplan Meier method used in most of the empirical studies on unemployment duration
such as Moffitt (1985), Ahn and Olazabal (1995), Foley (1997b), Grogan and van den Berg
(2001) and Seernels (2001). However, this method may not be applied for the interval
censored or readout data. For the readout data, the non-parametric approach developed by
Turnbull can be used (see Lindsey and Ryan, 1998). Even though the use of this method in

Bio-statistics is very popular, it is rarely used in the unemployment duration data case.

4.2.2 Grouped Duration Approach

Grouped duration data arise when each duration is only known to fall into a certain
time interval, such as a week, a month, or even a year (Wooldridge, 2002; p.706). For
example, the data on unemployment duration mostly come from a labor force survey in
which the data is provided and observed in grouped form (measured to the nearest week or
month), rather than being continuous. However, without considering the grouped nature of
the data some of the studies use continuous time modeling approaches, such as Chuang
(1999), Grogan and van den Berg (2001), Seernels (2001). The theoretical developments of
the hazard function and the associated likelihood function with the grouped duration data
are provided by Prentice and Gloeckler (1978), Kiefer (1988a), Sueyoshi (1995). This
approach allows us to estimate the duration models with unrestricted baseline hazards. Han
and Hausman (1990), Meyer (1990), Sueyoshi (1995), Arulampalam and Stewart (1995),
Carling at al. (1996), Portugal and Addison (2000), Stewart (2001), Bover at al. (2002) and
Jensen at al. (2003) use the grouped duration approach. Han and Hausman (1990) suggest
a flexible parametric specification for the proportional hazard, where the explanatory
variables are assumed to be independent of time, by estimating the baseline hazard non-
parametrically. In this respect, there are close similarities between the Sueyohi’s approach
and that of the Han and Hausman approach apart from the handling of explanatory

variables as time varying.

The grouped duration approach has the following main advantages. In this

approach we do not impose duration dependence to be either negative or positive, but we
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allow a flexible specification for the baseline hazard, and thus we allow for different signs
at different levels of duration. Hence, the first advantage of this model is that it keeps away
from inconsistency and bias which originates from misspecification of the baseline hazard
(Meyer, 1995). The second advantage of this approach is that neglected heterogeneity term
can simply be included in the model. Introduction of the unobserved heterogeneity term to
the grouped duration model was firstly proposed by Meyer (1990) in which closed form
solution exists for the likelihood. In addition to Meyer, there are other studies which
consider the neglected heterogeneity in a grouped duration framework, such as Carling at
al. (1996), Han and Hausman (1990), Portugal and Addison (2000), Stewart (2001), Jensen
at al. (2003), Jenkins and Serrano (2004). Even though most of the studies which employ
the grouped duration approach find that the inclusion of the neglected heterogeneity have a
significant contribution to the model, such as Stewart (2001), Portugal and Addison (2000),
there are some studies which find the reverse that the inclusion of neglected heterogeneity
term does not have significant contribution to the model, such as Carling at al. (1996) for
the Swedish data, Jenkins and Serrano (2004) for the Spanish data. Most of the studies that
employ the grouped duration approach use the proportional hazard model, in which the
effects of explanatory variables on the hazard are assumed to be constant over time, but the
baseline hazard has different values for each group interval of the data. The various
approaches to testing the assumption of the proportionality are discussed in Kiefer (1988a),
Ercan (1993) and Neumann (1995). The detail of the test is provided in the Section 4.3.1.1
Most of the studies that employ the grouped duration approach by using the proportional
hazard model do not test the proportionality assumption such as Carling at al. (1996) and
Jensen (2003). However, there are some studies which employ alternative non-proportional
hazard specifications such as logistic and log-normal hazard specification in addition to the
proportional hazard model (see Sueyoshi, 1996). Furthermore, Bover et al. (2002) and
Jenkins and Serrano (2004) also use the grouped duration approach, but they employ only

logistic hazard specification.

4.2.3 Other Approaches

The most commonly used parametric approach is the Weibull specification in the
applied econometric literature (Lancaster, 1991; Arulampalam and Stewart, 1995; and

Devine and Kiefer, 1991; Serneels, 2002). The main advantage of the Weibull distribution
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is being able to model whether the duration dependence is positive or negative'’. The
following studies employ the Weibull distribution: Lancaster (1979), Podgursky and Swaim
(1987), Meyer (1990), Narendrenathan, Nickell, and Stern (1985), Aaberge (1996), Chuang
(1999), Francesconi (1999) and Gonzalo and Saarela (2000), Seernels (2002). There are
also some studies which use some other alternative distributions'® as well as the Weibull
distribution. For example Seernels (2001), Steinberg and Montforte(1987)" Grogan and
van den Berg (2001)%.

Cox’s (1972) proportional hazard model, because of its easy estimation, has also
received a great deal of attention in the survival analysis literature. The following studies
that employ the unemployment duration data, use this model as an alternative to fully
parametric methods: Dynarski and Sheffrin (1990), Francesconi (1999), Steinberg and
Montforte(1987)*, Kettunen (1997) and Serneels (2001).

Piece-wise constant hazard specification is also a popular approach to analyzing the
determinants of unemployment duration. It is used by researchers such as Portugal and
Addison (2000), Grogan and van den Berg (2001), Serneels (2001) and Addison and
Portugal (2003). As in grouped duration approach, an interesting finding is that the
inclusion of the unobserved heterogeneity does not have a significant contribution when
one uses this type of modeling (see Portugal and Addison (2000) and Grogan and van den
Berg (2001)).

Furthermore, there are some studies which use the discrete choice models. For
example, Gottvald et al. (1999) estimate a probit model (in addition to continuous time
Weibull) and, Folmer and Dijk (1988) estimate a logit. Additionally, Lazaro at al. (2000)
apply an ordered-logit model to analyzing the determinants of unemployment duration for

Spanish women, since their data come in an ordered form.

'7 This distribution has a shape parameter (p). If this parameter is less than one, then there is negative duration
dependence. This implies that the longer an unemployed person remains in unemployment, the more likely he
or she is to wait as an unemployed. If the shape parameter (p) is larger than one then there is positive duration
dependence (Kiefer, 1985).

'8 For example Gompertz, Log-normal, Log-logistic, Exponential and Generalized Gamma distributions.

' Quoted in Devine and Kiefer (1991).

2 As an alternative to Weibull distribution Grogan and van den Berg (2001) use log-logistic specification in the
working paper version of their study.

2! Quoted in Devine and Kiefer (1991).
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4.2.4 Approaches for Unobserved Heterogeneity

In the unemployment duration analysis considering the unobserved heterogeneity is
also an important issue. To capture the neglected heterogeneity both the parametric and
non-parametric approaches are used. Use of the non-parametric methods to capture the
unmeasured heterogeneity is rare. Two such studies are Kettunen (1997) and Bover at al.
(2002). However, Trussell and Richards, (1985, p.247) points out that for the causes of
expediency, investigators commonly prefer the use of parametric representation of the
distribution of neglected heterogeneity that is mathematically tractable. The parametric
distributions that are used most often are the followings: gamma, gaussian, inverse-
gaussian and Burr distributions. Lancaster (1979), Meyer (1990), Han and Hausman
(1990), Aaberge (1996), Chuang (1999), Stewart (2001) use a gamma, Flinn and Heckman
(1982) employ a normal distribution, Addison and Portugal (1998) use both gamma and
Burr, Jenkins and Serrano (2004) use both gamma and normal, Seernels (2002) use both
gamma and inverse-gaussian distribution of heterogeneity. On the other hand, there are also
some studies which do not consider the unobserved heterogeneity such as Folmer and Dijk
(1988), Ahn and Olazabal (1995), Lubyova and van Ours (1997), Gottvald et al. (1999) and
Lazaro at al (2000)).

4.2.5 Summary of the Main Findings in Some Studies

In this section we provide the summary of the main findings of some empirical
studies on the determinants of unemployment duration on developed as well as the
developing and the transition countries. Let us start with the findings on duration
dependence. Most of the studies find negative duration dependence such as Lancaster
(1979), Koorman and Ridder (1983), Posgursky and Swaim (1987), Arulampalm and
Stwerat (1995), Aaberge (1996), van den Berg and van Ours (1996). Hence the probability
of finding a job, even after accounting for unobserved heterogeneity, declines with the
increase in unemployment duration. With the negative duration dependence, one can
observe some health effects on unemployed individuals such as deterioration of skills and

abilities, and stigma effects. Vishwanath (1989, p.488) states that “the stigma effect
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generally means that a firm is less inclined to hire a worker with longer unemployment
duration”. These effects also decrease the likelihoods of receiving a job offer and “long-
term unemployment develops” (Steiner, 2001, p.91). Steiner (2001, p.92) suggested that the
“true” negative duration dependence necessitates labor market policies such as special
“publicly financed training programs, public works or wage subsidies” (p.111) on the
individuals who are most likely to become long-term unemployed, or are already in this
position, to get back these individuals into employment. However, there are some studies
that find the reverse (i.e. positive duration dependence) such as Edin (1989), Carling et al.
(1996), Hernaes and Strom (1996), Grogan and van den Berg (2001) Seernels (2002).
Further, U-shaped duration dependence is found by Ham and Rea (1987) and Moffit
(1985). Moreover, some of the studies found inverted U-shaped duration dependence, such
as Foley (1997b), Addison and Portugal (1998) and Lubyova and van Ours (1998). There
are also some studies which find no-duration dependence, such as Meghir et al. (1988) and

van den Berg and van Ours (1994).

The following studies show that the probability of finding a job increases with the
education level and work experience and decreases with age and being female. These are
Lancaster (1979), Nickell (1979) and Koorman and Ridder (1983). Moffit (1985) and
Meyer (1990), by contrast, find that the level of education decreases the probability of
finding job. Further, it is expected to find that the hazard rate declines with the increases
with the local unemployment rate in the studies such as these by Aaberge (1996), Carling et
al. (1996), Foley (1997b), Portugal and Addison (2000), whereas Dynarski and Sheffrin
(1990) find the reverse effect.

For the Finnish data, Kettunen (1997) mainly focuses on the effects of education
level on the unemployment duration. He observes that the probability of finding a job
initially increases with the increases in education level. The highest probability observed
for those individuals with about 13-14 years of education, but later decreases with
education. Individuals with a master or PhD degree (having more than 16 years of
education) have less chance of getting a job, since selectivity is highest for them. He also
finds that regional demand, captured by regional vacancy/unemployment ratio (V/U), and
the training for further employment increases the probability of exiting from unemployment
for employment, i.e. increases the hazard rate. However, marriage, gender, number of

children does not have statistically significant effect on the re-employment probability. In
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another study with the Finnish data, Gonzalo and Saarale (2000) find a significant inverted
U-shaped (or bell-shaped) relation between the age and probability of finding a job.
Kettunen (1997) considers only a dummy for the individuals in their late career (i.e. age 56-
65) and finds a strong negative effect of this dummy on the hazard. This is the result that

we expect from the search theory.

Bover et al. (2002) and Jenkins and Serrano (2004) mainly concentrate on the
effects of unemployment benefit duration on the unemployment duration for the Spanish
men. In this respect, there are close similarities between Bover et al.’s and Jenkins and
Serrano’s approach apart from the treatment of unobserved heterogeneity. Both studies use
the grouped duration approach and employ the logistic hazard distribution. For handling of
the unobserved heterogeneity Bover et al. use non-parametric approach, but Jenkins and
Serrano use a parametric approach. Even though the treatment of neglected heterogeneity in
these studies is different, the inclusion of this term to the model makes little change in the
first study (Bover et al.), and does not make any contribution in the second study (Jenkins
and Serrano). Bover et al. find out that the hazard (i.e. probability of finding a job) initially
increases until about the third month, and then decreases. That is, they observe negative
duration dependence for the individuals who do not receive unemployment benefits.
However, the same result does not seem to hold for the unemployed receiving benefits. For
these individuals even though the hazard initially increases until the third month, after this
month “hazard levels off, or declines mildly” (see Bover et al., p.243). Jenkins and Serrano
find the similar results for the workers receiving benefits. Regarding age, Jenkins and
Serrano find out significant differences in re-employment probabilities, with older
individuals having the lowest hazard rate. Both studies report that having a family
responsibility increases the hazard rate. Regarding the unemployment rate the earlier study
(i.e. Bover et al.) find the expected results, that is, increases in the local unemployment
rates decrease the probability of finding a job, but not the latest one (i.e. Jenkins and
Serrano). Another study on Spain for unemployed women was done by Lazaro et al.
(2000). Their findings on unemployment duration for women are different from those
found for men in above studies. They report that even if both age and education level do not
have any significant effect on the duration of unemployment, labor market conditions such

as unemployment rate have a significant effect.

We now consider the studies, such as Lubyova and van Ours (1997), Ham et al.

112



(1998), Gottvald et al. (1999), on the transition countries. Lubyova and van Ours (1997),
employ the proportional hazard model to analyze the determinants of unemployment
duration for men and women separately in Slovakia. They find different results for each
gender for the effects of education level on the hazard rate. Gotwalld et al. (1999) and
Lubyova and van Ours (1997) also find that education level has positive and significant
effect on the probability of finding a job for men, but not significant effect for women.
They also find that age and having a child does not have a significant effect on the
probability of getting a job. Furthermore, Grogan and van den Berg (2001)’s study is one of
the latest works on this subject. In this paper they use Russian data to examine the
determinants of the unemployment duration. They estimate the models by using the tools of
reduced-form duration analysis that specify the hazard as a function of explanatory
variables and the elapsed duration itself. In the application they compare the estimation
results for four types of unemployment definitions which are derived from the ILO’s
definition and the survey responses. They found that workers with high education have
significantly higher hazards, i.e. lower unemployment durations, compared to lower or less
educated individuals. As in Czech Republic (see Gottvald et al., 1999), in Russia also
women tend to have lower probability of obtaining a job, i.e. they have relatively higher
expected unemployment durations than men. Ham et al. for Czech and Slovak republics,
and Grogan and van den Berg for Russia find that being married have a positive and
significant effect on the hazard rate for men. A similar study for Russia also was carried out
by Foley (1997b) in which he used only ILO definition of unemployment. Foley (1997b)’s
results are the same with those found by Grogan and van den Berg (2001) with a few
differences. The main difference is the finding related to the education level. He finds that
even though the rate of unemployment is lower for the higher educated, they are less likely

to get a job, i.e. have higher unemployment spells, compared to the lower educated ones.

4.3 The Model

The major variable of concern is the time duration that from the commencement of
unemployment spell till the measurement is conducted (Lazaro at al., p.61). In this case the
most useful empirical model is a parametric model of duration. In the model, duration of
the spell is assumed to be stochastic and represented by the variable T. This variable

follows a certain distribution. Suppose that the random variable T has a continuous
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probability distribution f(t) , with t a realization of T (Greene, 1994; p.716). The
cumulative distribution function of T is denoted by F, then F(t)=Pr(T<=t), with F(0)=0,
which specifies the probability that the random variable T is less than some value of t.
Kiefer (1988b; p651) states that “in studying duration data it is useful to define the survivor
function of T”. It is equal to one minus the cumulative distribution function and is denoted
by S(t)=1-F(t). This gives the probability that random variable T will equal or exceed the

value t.

We focus on the following important question. Given that an individual were
survived, i.e. unemployed, until time t, what is the likelihood of individual’s finding a job
in the next very small interval of time, say d¢? We define this to be the hazard rate, where
dr>0. Ham and Rea (1987) maintain that the use of hazard type modeling is very popular in
the literature for the following three reasons. First, these models can easily include the time
varying economic variables. The second is that these models enable incorporation of
incomplete (censored) unemployment spells. The final is that these models allow us to

examine how the probability of exiting unemployment changes with the duration of spell.

Given the assumption that 7 is a “positive, continuous random variable for the time to exit
from a given state, the hazard function at time t is defined as the conditional probability of

exiting the state, given survival up to time t” (see Sueyoshi, 1995, p.412):

A0 = limProb(tST<t+dt|T2t)
dt—0 dt

(4.1)

In the model, the hazard A is allowed to differ across individuals through a parameterization
which depends upon observable variables X and parameters f; this more general hazard

function is represented by A(¢, X, ). Then we can write the corresponding survivor
t

function for this hazard as: S(t,X,[)=Prob(T >t) = exp(—J./l(s,X,ﬂ)ds , then the
0

corresponding probability density function for T is: f(¢, X, ) =A, X, B)S(t, X, S)
(see Sueyoshi ,1995, p.413)
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As stated in the previous part, some of the studies in the literature use continuous
time modeling approaches, such as Grogan and van den Berg (2001) and Seernels (2001),
under the assumption that T (time) is a continuous random variable Even though T is
continuous, it is, in practice, observed and reported in grouped form. In the HLFS data it is
available in monthly form. Hence, the best modeling approach for this kind of duration data
is the grouped duration approach. Further, Bergstrom and Edin (1992) suggest that the
estimation results may be biased by assuming the grouped duration data as continuous. The
theoretical explanation of the hazard function and the related likelihood function for this
approach is provided by Prentice and Gloeckler (1978), Kiefer (1988a), Sueyoshi (1995).
Let us now briefly look at the alternative specifications for this kind of data following

Sueyoshi (1995, p.413-419).

Consider a set of arbitrarily chosen durations t; for j=1,2,3,...... J. For instance, f;
may be taken as the months of unemployment observed in the sample. It is customary to
divide the time until period tj into half-open intervals such as [t.;,t] for k=1,2.....J. the
survival to time t; is the same as surviving each of these intervals. The survivor function for

the k™ interval is defined by.
@ (X ) =S, X PIT 21, ) =g = [ 206, X. prds | 42)

This is the probability of surviving the k™ duration interval conditional on that the

individual survived the previous interval (see Kiefer, 1988a). Then, the survivor function at

an arbitrary ¢ is given by S(s, X, f) = Hizl a, (X,p).

The probability of surviving the first (j-1) intervals but not surviving the j"™ is given by (see

Sueyoshi, 1996, p.413):

Pr(t,, <T<t,=S(t,,, X, )-8, X. )= ((1-a,(X, [ [ ew (X, B), (4.3)

Let (Y;,6:,X;) denote the individual i’s unemployment duration. Here Yi is the interval
associated with the elapsed grouped duration, 9; is the indicator of right censoring and X; is
the vector of explanatory variables. Then, the log-likelihood function for the N* individuals

in the sample, is given by:
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LogL(0) = Zlog(«l ~a, (X,0) " [T (X, ,m] (44

where 0 is the vector of unknown parameters including (3.

We now consider the alternative hazard specifications. Let j index the interval of

interest and Fj and {j are the cumulative distribution and density functions for an arbitrarily

chosen random variable. We define time-varying index function, Z;(z) = X +h;(t), and

the grouped hazard function at t as:

f(Z (1)) } (4.5)

A X, B)=h, (t
(X, B) ,(){1_Fj(zj(t))
The derivative of the log-hazard at t in interval j with respect to the X,, is given by

(Sueyoshi, 1995, p.415):

dlog A(t.X. ) _ {f’(zj(r>)+ A } wo)

oxX f(Z,(®) 1-F(Z;@®)

m

Then, proportionality exists if and only if the log-derivative is independent of the period of
observation. This will be the case if the expression in parentheses on the right hand side is a
constant. We now illustrate the alternative specifications about the hazards provided by

Sueyoshi (1995) in the following sections.

4.3.1 Proportional Hazard Model (PHM)

For each group of interval we assume a Type-I extreme value random variable. h; is

the time-function for the j-th interval assumed to satisfy:

hy (1) = log [ t_l A, (s)ds 4.7)

116



where A,(s) is an-arbitrary non-negative function.

We then have,
h' () :& (4.8)
jt Ay (s)ds

In general 4;, may take different forms and the within-interval dynamics of the
hazard depend on these forms as well as the specification for the duration dependence. The

hazard function for the j-th interval is given by (see Sueyoshi, 1995, p.416):

2,0, X, B) = Aexp[z L(O]= 2,0 exp(XB) (4.9)

» Ay (s)ds

This is the traditional proportional hazard specification which is separable in t and
X. Then the derivatives of the log-hazards with respect to the explanatory variables are

independent of time where the following holds for intervals and durations:

dlog,(1.X.B) _
8X — FMm

m

(4.10)

For ease in interpreting the parameters it is suggested to measure the vector X in

mean deviations form (Sueyoshi, 1995 and Kiefer, 1988a).

4.3.1.1 Testing for Proportionality

One of the assumptions of the proportional hazard model is that the coefficients of
the explanatory variables are independent of time while the baseline hazard takes on
different values for each group interval of the data. If the proportionality assumption is not
accepted, the coefficients of the covariates will have dissimilar values for each of the
interval groups (Ryu, 1994). Then testing for proportionality assumption becomes an

important issue.
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Neumann (1995) states that testing for the proportionality assumption in the
grouped proportional hazard model entail the testing for variability of the covariate effects
over time. There are two alternative ways of testing for that the proportionality assumption
is violated by the data. Both of these procedures involve estimating the restricted and the
unrestricted model and comparing their likelihood values by means of likelihood ratio Chi-
square test statistic. In the first way, the restricted model is obtained by assuming baseline
hazards have the same values between the intervals. When we omit the baseline hazard
dummies the model reduces to the exponential model with constant hazard and no-duration
dependence. Then we test whether the baseline hazard dummies should be included or not
with a standard likelihood ratio test of the hypothesis that all the h; (i.e. baseline hazards)
are the same over the intervals. Rejecting the null hypothesis of equivalent baseline hazards
imply that we accept the proportional hazard model (Kiefer, 1988a). In the second route,
the unrestricted model is obtained by assuming that the coefficients of the explanatory
variables and the baseline hazards vary across the intervals. The unrestricted model can be
estimated by estimating the model separately for each of the interval. There is no efficiency
loss in this procedure since the Hessian is block-diagonal (Ercan, 1993). The log-likelihood
value for the unrestricted model is derived by summing the values obtained in each
interval-estimation. The restricted model is given by proportional hazard model where the
coefficients are equal across intervals. The likelihood ratio test statistic is distributed as a
Chi-square with [(r-1)*M] degrees of freedom where r is the number of intervals M is the
number of covariates. The null hypothesis of equality of the coefficients of the covariates
across intervals is rejected if the computed test statistic is larger than the corresponding

critical value (Kiefer, 1988a).

If the proportionality assumption is rejected by the data, group duration models can
be estimated by non-proportional hazard specifications which are due to Sueyoshi (1995)

and Jenkins (1995). We now turn to a discussion of them.

4.3.2 Log-Logistic Interval Hazards

In this non-proportional hazard specification, F is chosen to be the logistic
cumulative distribution. Then, the likelihood function is the same as that for a standard

binary-logit regression model (see Jenkins, 1995). The time function of 4; is specified as:
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h(t) = Slog(t, —,,)+C @.11)

for >0 and C is a constant. This is called as “a local memory specification for hj in the
sense that time function depends upon the elapsed duration rather than on the elapsed total

duration” (Sueyoshi, 1995, p.417). The hazard function can be written as:

/Ii(t’X’ﬂ’é‘): (412)

S exp(XpB+dlog(t, —1,,)+C
t—t, |1+ exp(XpS + 5log(tj - t_H)+ C

The derivative of the log-hazard with respect to a covariate X,, is given by:

dlog (. X.f.5)
oX

m

{ (tj—tj_l}
:ﬂm l_ﬂ(thvﬂvé‘)T (4.13)

The final equation entails B, but weighted by a time-dependent term. This term rely
on “elapsed interval duration” and the hazard level. Since this term is less than one the
marginal effect of a covariate within an interval will be less than in the case of the PHM

(Sueyoshi, 1995, p.418).
4.3.3 Log-Normal Interval Hazards
Here we choose F to be the standard normal distribution function and the time

function of h; is specified as in the case of the Log-Logistic Interval Hazards. Then, the

hazard function is given by (see Sueyoshi, p.419):

1 exp(Xf + log(tj —-t,,)+C
t—t, | 1+exp(XB+log(t, -1, ,)+C

A, X,B,0)= (4.14)

The derivative of the log-hazard with respect to a covariate Xy, is given by,
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dlog 2, (1, X..5)
oX

m

#(Z, (1))
1-®(Z,(0))

=BA-Z,(0)+ (4.15)

Where ¢ and @ are the standard normal density and distribution function. Again,

the marginal effect of a covariate X, involves 3, weighted by a time-dependent term. This
term depends on X, B and t through Z;(t) and through the Mills-ratio evaluated at Z(t)
(Sueyoshi, 1995, p.419).

4.3.4 Unobserved Heterogeneity

In the duration models incorporation of the neglected heterogeneity is important for
two reasons. The first is that the survey that we use may not include all the relevant factors
in the analysis. The second is that there may remain some characteristics such as ability,
skills and motivation which affect the hazards after controlling for all relevant observed
factors (Foley, 1997b, p.9). It is important to consider these differences, i.e. neglected or
unobserved heterogeneity?, after modeling the hazard, since exclusion of these factors may
lead to biased or distorted estimates in duration models. If one does not take into account
the neglected heterogeneity, the estimated hazard becomes biased toward negative duration
dependence. Hence, ignoring the unmeasured heterogeneity “decreases the level of the
hazards for some unemployed individuals and thus lengthens their spells of unemployment”

(see Devine and Kiefer, 1991 p.98).

To capture the neglected heterogeneity we use an error term in our models.
Wooldridge (2002: p.703) points out that the following assumptions should hold for this
error term. This term is assumed to be independent of observed characteristics, as well as
starting times and censoring times. Also, it enters the hazard multiplicatively and has a
distribution known up to a finite number of parameters. To incorporate the unobserved

heterogeneity it is usual to assume a gaussian (or gamma) distribution with unit mean and

variance o . Note that to compare the models with and without unobserved heterogeneity

we will use Likelihood Ratio test, since these two alternative models are nested.

22 Some of the studies use “neglected, unmeasured, unobserved heterogeneity, or frailty models” All of the
terms mean the same.
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Assume that an unobserved variable v, holds the above conditions. Then, with a scalar of v,

representing omitted heterogeneity, the instantaneous hazard rate can be specified as:
A, = Ao (Ov,e™” = 2 () exp(X B +log(v,)) (4.16)

where v, is a Gaussian (or gamma) heterogeneity with unit mean and variance o’ , and the

discrete-time hazard function corresponding to equation (4.16) is given by:
(l-a,(X,B)=1- exp(—exp(X'ﬂ + hj +log(v,)) 4.17)

Meyer (1990) assumes that the distribution of unobserved heterogeneity term (V) is

gamma, with unit mean, and finds the log-likelihood function in closed form. Given that we
have chosen the model with or without unobserved heterogeneity, to select the best fitting
model for different distributions —or specifications- (i.e. proportional hazard, logistic and
log-normal distributions) one can use the Akaikie Information Criterion (AIC) (Klein and

Moeschberger (1997). AIC is given by,

- 2 *loglikelih ood + 2M

n
where, M is the number of covariates and n is the number of observations
(see Hardin and Hilbe, 2001, pp : 45).

AIC =

4.4 The Data and Unemployment Definitions

4.4.1 The Household Labor Force Survey

The primary data used in this study is extracted from The Household Labor Force
Survey (HLFS). This survey represents the whole nation and includes the relevant

questions on individual’s status in the labor market as well as personal and household

characteristics. The series of the data we used for the duration analysis consist of three
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quarters (Q1, Q2 and Q4) from the 2000 survey and two quarters (Q1 and Q2) from the
2001 survey. Since we have given the relevant information about the HLFS survey in

Chapter 3, we skip this part for brevity.

4.4.2 Definitions of Unemployment and Their Incidence

The standard definition of unemployment used by The State Institute of Statistics of
Turkey comes from the International Labor Organization (ILO) definition. This definition
classifies an individual as an unemployed if he or she holds the following conditions: The
first is that he or she is 15 years of age and over who was not employed during the
reference period. The second he or she should have used at least one of the search channels
for searching a job during the last three months. Finally, he or she should be available to
start work within 15 days (See SIS, 2001b). This is the first-definition of unemployment we

used in the duration analysis and labeled as “ILO-unemployment”.

Bulutay (1996) suggests that the official reports regarding unemployment rates in
Turkey does not give a true picture of real unemployment problem. Besides, some of the
recent studies, such as Hussmanns at al. (1990) and Byrne and Strobl (2004), also discuss
need for the relaxation in the International Labor Office (ILO)’s definition of
unemployment for the developing countries. As in most of the developing countries
including Turkey, the traditional job-search methods such as use of employment office,
may not be relevant in the urban labor markets where labor absorption (probability of
finding a job) is low, and in the rural markets where self-employment and unpaid family
work (especially for women) are common (see Hussmanns et al., 1990, p.105). In view of
that, we relax our definition of unemployment by dropping criterion of actively” searching
for a job. This yields the new definition of unemployment that we use in the analysis and
called as “Broad-unemployment”. The purpose of the broad unemployment rate is to
include those unemployed who are willing to work but do not actively look for a job. Those
who are out of labor force are excluded from our ILO and broad definition both. Naturally,

if they are included, both unemployment rates would increase. We have calculated the

2 The actively searching criterion is the “use of at least one of the job-search channel within the last three
months”. We drop this criterion.
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unemployment rates using the HLFS database for the years between 2000 and 2003

corresponding to these two alternative definitions. The results are provided in Table 4.1.

TABLE 4.1: Unemployment Rates under Alternative Definitions, Turkey, 2000-2003

ILO BROAD
Total Male Female Total Male Female
2000 6.60 6.63 6.49 9.46 9.29 9.85
Turkey 2001 8.50 8.78 7.86 11.43 11.61 11.15
2002 10.30 10.90 9.93 13.00 13.36 12.20
2003 10.50 10.68 10.10 1296 13.03 12.87
2000 8.80 7.77 13.00 12.39 10.70 19.40
Urban 2001 11.50 10.27 16.76 15.36 13.54 23.15
2002 1420 13.07 18.81 17.69  16.03 23.81
2003 13.80 12.40 18.15 17.04 15.32 23.44
2000 4.00 492 2.11 5.96 7.27 3.27
Rural 2001 4.80 6.46 1.79 6.54 8.64 2.81
2002 5.70 7.34 3.04 7.45 9.40 4.10
2003 6.50 8.00 4.33 7.96 9.63 5.17

Source: Computed by the author using SIS (HLFS) database.
Notes: Broad Unemployment is obtained by dropping the actively searching criterion for work.

It is observed from the Table 4.1 that with the relaxation in the unemployment
definition, the rate of unemployment increases from 6.6 percent under ILO definition to 9.6
percent under broad definition in 2000. The same trends are perceived for the other years of
observation such as it increases from 10.5 to 12.6 with the relaxation in unemployment in
the final year of our observation period. In respect to the unemployment rates under
residence difference we observe the largest increase in the urban areas with the relaxation
of unemployment definition. For instance, unemployment rate increases from 8.8 percent to
12.39 percent in 2000. The same number rises from 11.50 percent to 15.36 percent in 2001

with the relaxation in the unemployment definition.

One further finding from the Table 4.1 is that the increase is largest for the women
who live in the urban areas. For example, the rate of unemployment for the urban resident
women is 13.0 percent and 16.76 percent in 2000 and 2001, respectively under ILO
definition of unemployment. With the relaxation, the unemployment rate increases by about

seven percentage points in the same years of our observation. The increase in the
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unemployment rate for the rural residing women is lower than that for the urban residing
ones. Regarding the results for the urban resident men, it is observed that with the broad
definition the rate of unemployment increases by about 3 percent in comparison to ILO
definition. This increase in the unemployment rate for men is lower than that for women.
Thus, it is possible to say that urban residing women can be considered as unemployed but
not actively seeking for a job. A further observation from the Table 4.1 is that the rate of
unemployment for the rural residing men increases (about 2 percent) more than that for
women with the relaxation in the unemployment definition. It is also clear from the Table
4.1 that for both the ILO and the broad definition of unemployment, the unemployment rate
for women is larger than men in urban locations. For example, the rate of unemployment
for women in urban areas is 13.0 (19.4) percent under the ILO (broad) definition of
unemployment, whereas the corresponding rate for men is 7.7(10.7) in 2000. The similar
observations also hold for the other years of our observation period. Another observation is
that in contrast to urban areas, the rate for women is lower than men in the rural areas.
Since the trends in the unemployment rates are discussed in Chapter 2, we do not give the

detail for brevity.

The survey respondents reply a question how on long he or she has searched for a
job and his/her current job search strategies. The question no. 40 asks “How long have you
been seeking a job (in months)?” (See SIS, 2001b: appendix-6: pp:3). Duration of
unemployment is calculated from the answer given to this question. Overall data sets that
we have include total of 4,834 unemployed individuals for the years of 2000 and 2001
under ILO definition of unemployment. The observation number for the relaxed definition
of unemployment, i.e. broad definition of unemployment, is 6,983. By utilizing the panel
feature of the HLFS data, we observe that 1089 (1555) individuals found a job during the
period of observation, under ILO (broad) definition of unemployment. However, since the
survey does not ask respondents to state their tenure in the job or when they started their
job, we have no information when unemployed individuals found their job. We only know
that they got a job between the two time values (for instance, between the first and second
quarter of 2000). The average truncated (or right censored) duration of unemployment for

all individuals is 6.79 and 8.77 months under the ILO and broad definitions, in that order.

In Table 4.2 we provide the percentage distribution of unemployment duration by

gender. It is clear from the table that women are more likely to become long-term (had been
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so for a year or more) unemployed than men. These percentages are about 16.28 and 28.88
for men according to ILO and broad definitions of unemployment respectively. On the
other hand, the same numbers for females are larger than that for males, and about 24.7 and

40.01 percent under ILO and broad definition of unemployment, respectively.

Table 4.2 Unemployment Duration by Gender

N <=3 4-6 7-9 month | 10-11 12 Months
month(%) | month (%) months (%) | and over (%)
ILO  |Male 3532 [56.94 2055 [4.39 1.84 16.28
definition "Eerilc 1302 |44.09  |2028  |422 2.53 28.88
Broad Male 4956 [41.53  |2464 |6.72 2.42 24.7
definition Ecrdlc (2027 2926|2181 |627 2.66 40.01

Source: Computed by the authors using the raw data.
Notes: See Table 4.1.

Table 4.3: Distribution of Unemployment Duration by Age

ILO definition N <=3 months 4-6 months 7-9 months 10-11 months 12 mz:t:rs and
Total 4834 53.48 20.48 4.34 2.03 19.67
Age1519 843 54.33 21.95 5.1 2.02 16.61
Age2024 1208 52.9 18.63 5.13 2.9 20.45
Age2534 1345 53.23 20.07 4.31 2.01 20.34
Age3544 855 57.43 20.23 3.16 1.64 17.54
Age4554 444 50.0 23.2 2.7 0.68 23.42
Age55pl 139 42.45 24.46 5.76 1.44 25.9
e 12 months and
Broad definition N <=3 months 4-6 months 7-9 months 10-11 months over
Total 6983 37.96 23.81 6.59 2.5 324
Age1519 1254 37.48 25.68 8.37 3.27 25.2
Age2024 1794 36.62 22.24 7.19 3.51 30.43
Age2534 1925 38.29 23.38 6.18 1.87 30.29
Age3544 1162 43.2 24.35 4.99 1.98 25.47
Age4554 650 34.77 24.77 5.69 1.23 33.54
Age55pl 198 29.8 24.24 6.06 1.52 38.4

Source: Computed by the authors using the raw data.
Notes: See Table 4.1.

Further, we provide the percentage distribution of unemployment duration by broad
age group in the Table 4.3. It is observed from the table that youngest age group (age 15-
19) is less likely to become long-term unemployed under both definitions of
unemployment. Moreover, regardless of the unemployment definition the individuals in
their late careers (age 55 and over) are most likely to become long-term unemployed. The
incidence of long-term unemployment for this age group is about 25.9 percent under ILO

definition of unemployment. The same number is about 38.4 under broad definition of
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unemployment. Regardless of the age group, we also observe that the incidence of long-
term unemployment is larger, by about ten percent, under ILO definition than the broad

definition.

Table 4.4: Distribution of Unemployment Duration by Education (%).

ILO definition N <=3 months 4-6 months 7-9months | 10-11 months 12 mzr\lt;rs and
Total 4834 53.48 20.48 4.34 2.03 19.67
Non-Graduate 274 54.38 24.09 3.65 2.19 15.69
Primary School 2304 57.29 20.10 3.43 1.87 17.32
Middle School 670 54.18 21.79 433 1.49 18.21
High School 807 46.1 19.33 6.2 2.6 25.77
Voc.High School 414 50.0 20.5 4.35 2.17 22.95
Two-Year Univ. 140 4214 18.57 7.86 4.29 27.14
Four-Year Univ. and over 225 51.11 21.3 5.78 1.33 20.44

L L 12 months and
Broad Definition N <=3 months 4-6 months 7-9 months 10-11 months over
Total 6983 37.96 23.81 6.59 25 32.4
Non-Graduate 396 394 29.5 5.8 1.77 23.48
Primary School 3139 42.8 23.8 5.96 2.3 25.23
Middle School 968 38.5 24.4 5.6 2.27 28.82
High School 1352 28.4 23.4 75 3.11 37.65
Voc.High School 629 34.34 20.8 7.0 2.7 35.14
Two-Year University 199 30.65 22.61 10.05 4.02 32.66
Four-Year Univ. and over 300 39.67 24 9.0 2.0 25.3

Source: Computed by the authors using the raw data.
Notes: See Table 4.1.

The percentage distribution of unemployment duration by education group is
shown in Table 4.4. This table demonstrates that, according to the ILO definition of
unemployment, the proportion of long-term unemployed individuals for four years and over
university graduates is approximately 20.4 percent, but this rate is 25.3 percent under the
broad definition. These percentages are not very low. On the other hand, the proportion of
middle school graduates with the same unemployment duration is slightly lower with about
18.2 percent under ILO definition of unemployment. We further observe that the incidence
of long-term unemployment is the largest, with about 27.14 percent, for the two years
university graduate under ILO definition of unemployment. Whereas, the leader becomes
high school graduates, with about 37.6 percent, when we look at the results under broad

definition of unemployment.
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Before looking at the empirical model and estimation results it should be noted that
the HLFS survey data does not include information about the wage or unearned income. In
addition, in Turkey unemployment insurance system started in 1 June 2000 for the
unemployed persons, but no benefits were being paid when the surveys of 2000 and 2001
were conducted®. Therefore it is not possible to include reservation wage and the

unemployment insurance in the estimated models.

4.5 Estimation Results®

In the following sections, firstly, we provide the results of non-parametric duration
analysis by using Turnbull’s survivor function. It is the simplified version of Kaplan-Meier
survivor function for the interval censored or readout data. Secondly, we discuss the
determinants of the hazard rate using the results of the parametric models under [LO and

broad definition of unemployment.

4.5.1 Non-Parametric Duration Analysis

In order to have an idea about the shape of the distribution of unemployment
durations, we provide the Turnbull’s survival functions in Figures 4.1 and 4.2 under ILO
and broad definitions of unemployment, respectively. The survivor function indicates how
many people remain in unemployment state (‘survive’ in the state of unemployment) with

the passage of time.

The Turnbull’s survivor functions reveal that the probability of surviving beyond

2% The first payment of the unemployment benefit was done in February of 2002 (ISKUR, 2004).

% In this study we initially estimate our models in the context of continuous time framework. Since our data is
interval-censored, we initially applied some rules of thumb, about the unobserved period, that are commonly
used in the literature (see for example, Grogan and van den Berg, 2001 and Foley, 1997b). These rules included
the assumptions of zero time spent in unemployment, 50 percent time spent in unemployment, all time spent in
unemployment and the random time spent in unemployment. We carried out extensive sensitivity analysis by
experimenting with these rules in the context of continuous time framework. Specifically in the continuous time
framework we estimated exponential, Weibull, log-logistic and log-normal models. We obtain the best results
under the log-normal distribution according to Akaike’s Information Criterion. These results are not presented
here for brevity. Later on, we switched to the grouped duration framework recognizing the grouped nature of
the data. Here we take the interval-censoring explicitly into account. We consider the groups narrow enough to
prevent information loss but wide enough to include each unemployment spell’s true durations.
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12 months is about 77 and 79 percent under the ILO and broad definitions of
unemployment, respectively. The survivor functions under gender and residence differences
are shown in the Figures 4.1 and 4.2. Regardless of the definition it is obvious from the
graphs that females have longer unemployment durations than men. The lines start
approximately together, but the probability for males decline more steeply than for females.
It implies that unemployed male find job earlier than female. The probability of surviving
beyond 12 months, for women, is about 90 percent under both definitions of
unemployment. Whereas, the same numbers for men are about the 71 and 74 percent under

ILO and broad definitions of unemployment respectively.

We further observe that the individuals who live in the urban areas have longer
unemployment duration than those in the rural areas. The probability of surviving beyond
12 months is about 77.02 and 80.1 percent for the individuals who live in the urban areas
under the ILO and broad definitions of unemployment respectively whereas for rural
unemployed the same percentages are 71.66 and 71.6. For both the ILO and the broad
definition, it is evident from the Figures 4.1 and 4.2 that first-time job-seekers have longer
unemployment durations than the other unemployed individuals. We can use the log-rank

test for the equality of survivor functions for the above labor market groups.

Prior to looking at the log-rank test results, let us now consider at the hazard functions. The
hazard function shows the number of people exiting from unemployment at z, relative to the
total number of people unemployed at z. In Figures 4.3 and 4.4 we provide the hazard
functions under ILO and broad definition of unemployment. The figures show that the
hazard rate initially increases until about the 10™ month, then returns to decrease until about
the end of the 6™ year (about 70™ month) under each definitions. Another observation is
that the hazard rate mostly stays below 2.5 and 1.5 percent under the ILO and broad
definitions of unemployment, respectively. We also observe that the hazard for women is

always lower than for men, under each definition of unemployment.
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Figure 4.4: Smoothed Hazard Function under Broad Definition
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As stated before, the equality of the survivor functions, for two or more groups in
the labor market, can be carried out by using the log-rank test. In this test the null
hypothesis is that the groups come from the same population. In Table 4.5 we provide the
test results for different labor force groupings. It is observed from the table that the equality
of the survivor functions for men and women is rejected under both definitions of
unemployment. Moreover, the null hypothesis of equality of survivor functions for different
age groups, and married versus other groups are also rejected. Nevertheless, it is not
rejected for university graduates against other levels of education. Regarding the results
under gender difference it is observed that the test of equality for women is rejected for
university graduates against other levels of education under each definition of
unemployment. A further finding is that the equality of survivor function for the first-time
versus other-job seekers is also rejected, for both male and female, under ILO and broad
definitions of unemployment, respectively. Let us now move on to the parametric
estimation part, in which we estimated our models initially for all the pooled data, then for

the males and females separately.

Table 4.5: Log Rank Test of Differences in Hazard Rates of Selected Labor Market
Groups

ILO Definition Broad Definition
Labor Force Groups All Male Female All Male Female
Male/Female 214.6** |- - 321.6*** - -
Age Group 29.15*** 126.32*** |4.16 31.55*** 33.32*** | 3.81
First-time/Others 109.9*** [42.04** |11.89*** 137.86*** | 46.64*** |13.99***
Married/Others 74.2** 44 25" | 5.42** 83.8"** 49.40** |5.85™
Graduated from
University/Others 2.44 2.67* 9.22%** 0.34 1.50 17.39***
Lives in Urban
Areas/Others 6.54** 1.26 0.44 20.63*** 10.22*** 10.12

Notes: 1) *** Significant at 1 % ; ** Significant at 5 % ; * Significant at 10 %
2) Age groups are: age 15-19, 20-24, 25-34, 35-44, 45-54, above 55
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4.5.2 Parametric Estimation?

The estimation results under the PHM, Log-Logistic and Log-Normal grouped
duration approaches are shown in Tables 4.8 and 4.9 under ILO and broad definitions of
unemployment, in the same order. Before looking at the estimation results it should be
noted that although the respondents of the HLFS report unemployment spells in months (or
in some cases in weeks), in empirical applications it is aggregated into some groups of
intervals. The grouping of the unemployment duration data is undertaken in the following
way corresponding to the following intervals. These are (1-3), (4-6), (7-9), (10-12), (13-15),
(16-18), (19-21), (22-24), (25-30), (31-36) (36-48) and more than 48 months. It should be
noted here that we initially re-organized the data in person-period form depending on the
above grouping prior to the estimation. By following the above grouping, for example if an
unemployed individual reports that he or she has been unemployed for 12 months (i.e. he or
she has a right censored observation) then he or she contributes four person-periods which
take the values of 0, 0, 0 and O (see, for example, Allison, 1989). However, if the
unemployed reports that he or she found a job in the 12™ month, then the grouped
observations take the values of 0, 0, 0 and 1. By using this approach we reached from 4,834
individual observations to 11,544 person-period observations under ILO while 6,983
observations to 19,672 person-period observations under broad definition of
unemployment. Note that estimating the data with some other alternative groupings did not

alter the overall estimation results of the models.

In the estimations we also consider the neglected heterogeneity under Gaussian
distribution. Yet, the inclusion of this term is rejected by the data. On that ground, in the
Tables 4.8 and 4.9 we provide the results without neglected heterogeneity. Similar findings
also observed in some of the empirical applications which use the grouped duration
approach and also other modeling approaches as well, such as Carling et al. (1996), Boheim
and Taylor (2000), Jenkins and Serrano (2004). In the estimation of the alternative
specifications (PHM, Log-Logistic and Log-Normal) duration dependence is built into the

specification through period-specific constants (see Sueyoshi, 1995). The maximum

%6 In this chapter we examined the transitions from unemployment to employment under the assumptions that

the transitions to other labor market states as right censored at the point of exit, i.e. we treated independence
between the risks, as it is done in the literature such as Narendranathan and Stewart (1993), Carling et al. (1996)
and Gonzalo (1998).
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likelihood estimation of these models carried out by using the Gauss-Newton algorithm in

an iterated, weighted non-linear least square procedure.

Following Kiefer (1988a) and Sueyoshi (1995), for convenience in the
interpretation of the parameters, we measure the explanatory variables as deviations from
their means. Most of the variables that we use in this chapter are the same as those used in
Chapter 3. Therefore, we do not provide their definitions here, for brevity. In addition to
variables defined in Chapter 3, we use also a dummy variable indicating whether an
individual is a first-time job seeker or not, that is titled as “firsttime”. We further include
period specific constants (h;’s) to capture duration dependence (see Tables 4.8 and 4.9). In
these tables we also provide the Wald Chi-squared test statistic for the overall significance
of the model, labeled as “Wald Chi2”. To select the best fitting model we provide the
Akaike’s Information Criterion, denoted by “AIC”. In the tables we also provide for the
exclusion restriction test results for the occupation group dummies (“LR of Occupation™).
As shown in the Tables 4.8 and 4.9, testing results imply that occupation dummies are
jointly statistically significant in each of the alternative models. Prior to a closer
examination of the estimation results, let us look at the results for testing proportionality,

which is assumed in the PHM model.

4.5.2.1 Testing for Proportionality

As stated in Part 4.3.1, in the proportional hazard model we assume that the
coefficient of the covariates in the hazard are constant over time. The detail of the testing
procedure can be seen in Part 4.3.1.1 in this Chapter. To test for proportionality, we have
estimated two alternative models that we mentioned before (i.e. an exponential model and a
model with time varying coefficients) and we have used the likelihood ratio test statistic
values since our models are nested (see Kiefer, 1988a). In the Tables 4.6 and 4.7, we have
provided the test results under ILO and broad definition of unemployment, respectively.
Assume that baseline hazards are the same between each of the intervals i.e. use
exponential model as a restricted model. Then, the proportional hazard model is now our
unrestricted model. The test results are provided in part 1 of Tables 4.6 and 4.7. If we look
at the Table 4.6, for example, the calculated likelihood ratio test statistic for the hypothesis

that the h; are all the same, involving 11 restrictions, takes the value 243.2 and 251.5 under
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ILO and broad definitions of unemployment for the pooled data case. With the
corresponding critical value of 19.7, we reject the null hypothesis of equal baseline hazards.
Regardless of the unemployment definition, the conclusion does not change when we
consider the test results under gender difference. Hence, we choose the proportional hazard

model in comparison to exponential model.

Table 4.6: Testing For Proportionality -ILO Definition-

a) Proportional Hazard Model (PHM) and Exponential Model
Exponential LR test PH& Critical
PH Model Model Exponential Value Decision
All -3077.07 -3198.68 243.22 19.7 Accept PH
Male -2570.77 -2809.7 477.86 19.7 Accept PH
Female -462.82 -482.36 39.08 19.7 Accept PH
b) Proportional Hazard Model & Unrestricted Model with time varying Coefficients
LR test Non- Critical
PH Model Non-PH PH and PH Value Decision
All -3077.07 -2870.48 413.18 373.08 Reject PH
Male -2570.77 -2393.64 354.26 349.65 Reject PH
Female -462.82 -351.41 222.82 349.65 Accept PH
Table 4.7: Testing For Proportionality -Broad Definition-
1) Proportional Hazard Model and Exponential Model
Exponential LR test PH& Critical
PH Model Model Exponential Value Decision
All -4700.58 -4826.35 251.54 19.7 Accept PH
Male -3888.48 -3986.71 196.46 19.7 Accept PH
Female -766.308 -803.25 73.88 19.7 Accept PH
2) Proportional Hazard Model & Unrestricted Model with time varying Coefficients
LR test Non- Critical
PH Model Non-PH PH and PH Value Decision
All -4700.58 -4523.13 354.9 373.08 Accept PH
Male -3888.48 -3728.77 319.42 349.65 Accept PH
Female -766.308 -625.56 281.49 349.65 Accept PH
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Let us now move on the test statistic values for the model with time varying
coefficients. Log-likelihood values for these models can be obtained by summing the
values obtained in each interval estimation (see Kiefer (1988a), Ercan (1994)). As shown in
the second part of Tables 4.6 and 4.7, the calculated test statistic for the whole sample data
under ILO (broad) definition of unemployment is 413.1 (354.9). These values are greater
than the critical value of 373.08. Hence, we reject the proportional hazard model at 5
percent significance level for the whole sample data case under ILO definition, but not
under the broad definition. The same result also holds for male under ILO definition. Thus,
we reject the proportionality assumption for the above two cases. This means that that the
coefficients of the covariates in those cases of proportional hazard model can not be
interpreted in the usual way. As an alternative to proportional hazard model we have
estimated our models under “log-logistic” and “log-normal” distributions. These are non-
proportional models. Because the last two models are non-nested models, to select the best

fitting model we use the AIC.

It is clear from the Tables 4.8 and 4.9 that the calculated AIC values (and log-
likelihood values) are almost identical across specifications. With a small difference we
choose the log-normal model for each gender under both definitions of unemployment. In
the tables for comparison we present the results for each of the distributions, the bold one
represent the chosen model with a slight difference. In the next section we discuss the main

findings for each gender under ILO and broad definitions of unemployment.

4.5.2.2 The Covariate Effects

Our estimation results under each specification and definitions are provided in the
Tables 4.8 and 4.9. From the pooled sample data results, it is clear that living in “urban”
areas has positive and significant contribution to the models under each definition of
unemployment at 5 % significance level. Regarding the results under gender difference it is
observed that this variable is only significant at 10 percent level for female under ILO
definition. Whereas it has a positive sign, and is significant for both men and women under
broad definition of unemployment. Thus, it is possible to say that living in urban areas
(with respect to rural areas) increases the probability of finding a job. In other words,

probability of survival decreases with living in urban areas. This finding also suggests that
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unemployment duration is lower in the urban areas in comparison to rural areas which may

be considered as the factor behind the high-rates of rural-urban migration.

Moreover, with respect to variables of “female” and “FemMar” in the pooled data
models, we find negative effects of these variables on the hazard rate or alternatively
positive effects on the survival probability. These findings imply that females have longer
unemployment durations than males. Moreover, married women also have lower chance to
obtain a job with respect to others. Regarding the results under gender difference we
observe that the effects of the coefficients of marriage on the hazard are opposite of each
other in the male and female samples. For males, marriage increases the likelihood of
finding a job. The same observation is also relevant to those in OECD countries (see Part 2
of this chapter). Conversely, for women marriage decreases the hazard under both

definitions of unemployment opposite of what is found in some of the OECD countries.

Furthermore, regarding the geographical region dummies, we found that, in all
alternative models residents of South-East Anatolia have shorter unemployment durations
than the base category of Central Anatolia under ILO definition of unemployment (see
Table 4.8). However, individuals who live in the Black Sea region have longer
unemployment durations with respect to the base category of Central Anatolia under the
broad definition of unemployment (see Table 4.9). If we look at the estimation results for
the geographical region dummies under gender differentiation the general conclusions does
not change for males who live in South-East Anatolia, for both under the ILO and the broad
definition. On the other hand, for women we found not much significant difference between
the geographical regions of Turkey under ILO definition. However, women who are
resident in the Black Sea region have longer unemployment durations than the Central

Anatolians under broad definition of unemployment.

Additionally, with respect to education level dummies we find expected results for
the whole sample data under the ILO definition of unemployment. The effects of education
level on the probability of finding (survival probability) a job is positive (negative) in the
under all alternative distributions for the whole sample data. These results indicate that
increases in the education level increases (decreases) the hazard rate (survival probability);
i.e. more educated individuals have shorter unemployment durations than the base category

of less-educated (less-than-primary education) individuals. However, with the relaxation of
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the unemployment definition (i.e. use broad definition), we find rather different results.
Although the coefficients of all education dummies have the expected sign, i.e. positive, the
significant difference is observed for the individuals who have university degree (regardless
of having two-year or four-year university degree). The individuals in these education
levels are most likely to find job with respect to less-educated ones. Hence, human capital
effect is only observed for the university graduate individuals under broad definition of
unemployment. Regarding the results under gender separation we observe somewhat
different results for men than for women under ILO definition of unemployment. For men,
all education level dummies, except high school, have a positive and significant effect on
the hazard. However, for women only having a university degree make significant

difference compared to the individuals under-primary education.

Regarding the result for the age group variables, it seems that the probability of
finding a job decreases with the increases in age, but the significant effect is seen for the
age groups of “age 45-54” and “age55 plus”, with respect to base category of “age 15-19”,
under ILO definition of unemployment. This observation holds for the whole sample as
well as for the male sample. The results for female sample are somewhat different than
those of men. In this case, all the age-groups, except 20-24, have significant contribution to
our models under the ILO definition of unemployment. It should be noted that, regardless
of the gender difference, the direction of the effects of age groups on the hazard seems not
to change under the broad definition of unemployment. Overall results about the age effect
on the hazard may imply that the older individuals are less likely to find a job. This is the

same result as it is observed by Serneels (2001) in Ethiopia.

Regarding the coefficient estimates of local (province level) unemployment rate,
for each of the alternative models (regardless of being male or female), we find expected
results under each alternative definition of unemployment. The effect of this variable on the
hazard rate is negative in all alternative distributions under consideration. Thus, individuals
who live in the provinces with high unemployment rates have longer unemployment
durations than the other individuals. This result implies that reducing the level of local

unemployment may reduce the unemployment duration.

Furthermore, when we look at the occupation dummies we see that the inclusion of

these dummies makes significant contribution to our estimation results. They are overall
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statistically significant and the increase in Log-likelihood value is very high (i.e. we reject
the exclusion of these variables —see LR of Occupations from the tables-). As expected, it is
found that with respect to “Professionals and etc.” other occupation groups (with only two
exception that “clerical and related workers” and “workers not-classified by occupation”,
have shorter unemployment durations under ILO definition of unemployment. Our result

does not change too much when we look at the results for each gender separately.

Regarding the results for the labor market experience, denoted by the dummy
variable of “firsttime”, we observe that being first-time job seeker decreases the probability
of obtaining a job. This finding is statistically significant for the whole sample under each
definition of unemployment. Regarding the results under gender separation we observe the
same result for female as for the whole sample regardless of using the ILO or the broad
definition of unemployment. Being first-time job-seeker reduces the likelihood of finding a
job for men also, but now significant effect is being observed under the broad definition of
unemployment. Overall results about this variable may imply that first-time job-seekers

have longer unemployment duration than the other job seekers.
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Table 4.8: Estimation Results under ILO definition

Variables ALL MALE FEMALE
Proportional Log-log Log-Normal | Proportional Log-log Log-Normal | Proportional Log-log Log-Normal
urban 0.196** 0.234* 0.138** 0.172* 0.204* 0.121* 0.694 0.728* 0.340*
[0.089] [0.099] [0.052] [0.093] [0.104] [0.056] [0.428] [0.436) [0.184]
female -0.540** -0.560*** -0.257**
[0.118] [0.125] [0.061]
married 0.437** 0.488** 0.270* 0.420** 0.472** 0.257* -0.486* -0.529** -0.258**
[0.090] [0.101] [0.054] [0.094] [0.106] [0.058] [0.255] [0.265] [0.121]
FemMar -1.038*** -1.122%* -0.578**
[0.230] [0.239] [0.111]
Marmara 0.057 0.053 0.029 0.038 0.034 0.019 0.171 0.180 0.094
[0.108] [0.119] [0.062] [0.114] [0.126] [0.067] [0.398] [0.408] [0.174]
[Aegean 0.042 0.043 0.029 0.017 0.015 0.010 0.272 0.292 0.149
[0.121] [0.134] [0.070] [0.128] [0.143] [0.077] [0.426] [0.434] [0.185]
Mediterrianean 0.106 0.112 0.059 0.082 0.083 0.048 0.244 0.253 0.099
[0.119] [0.131] [0.068] [0.126] [0.140] [0.074] [0.434] [0.440] [0.185]
BlackSea -0.086 -0.120 -0.080 -0.035 -0.061 -0.043 -0.284 -0.318 -0.173
[0.130] [0.142] [0.074] [0.138] [0.153] [0.082] [0.449] [0.455] [0.193]
EastAnatolia 0.189 0.193 0.091 0.190 0.192 0.094 -0.140 -0.195 -0.173
[0.138] [0.154] [0.082] [0.141] [0.159] [0.086] [1.058] [1.050] [0.450]
SouthEastAnatolia 0.449** 0.487** 0.251* 0.515*** 0.576*** 0.314* -1.753 -1.804 -0.677
[0.128] [0.144] [0.078] [0.132] [0.151] [0.083] [1.086] [1.122] [0.454]
Primary 0.414* 0.460* 0.238** 0.404** 0.457** 0.255** 0.302 0.302 0.089
[0.171] [0.183] [0.095] [0.175] [0.189] [0.099] [0.774] [0.802] [0.334]
Middle 0.407* 0.455* 0.236** 0.359* 0.405** 0.220* 1.010 1.049 0.449
[0.184] [0.199] [0.104] [0.190] [0.207] [0.109] [0.803] [0.832] [0.349]
High 0.358* 0.408* 0.226** 0.216 0.250 0.146 1.390* 1.446* 0.620*
[0.190] [0.205] [0.106] [0.199] [0.216] [0.113] [0.779] [0.811] [0.341]
VocHigh 0.544** 0.614** 0.329** 0.483** 0.550** 0.305** 1.048 1.106 0.491
[0.204] [0.221] [0.114] [0.213] [0.232] [0.122] [0.813] [0.847) [0.358]
TwoYear Un. 1.298*** 1.431*** 0.739** 1.094** 1.217** 0.640* 2.397** 2.529*** 1.170%*
[0.241] [0.264] [0.137] [0.277] [0.305] [0.161] [0.800] [0.837] [0.360]
FourYear Un. Plus 1.169** 1.337*** 0.718* 0.797*** 0.921*** 0.508*** 2711 2.878*** 1.325***
[0.242] [0.268] [0.137] [0.280] [0.312] [0.163] [0.798] [0.840] [0.365]
age2024 -0.001 0.008 0.007 0.025 0.037 0.030 -0.478* -0.500* -0.243*
[0.112] [0.122] [0.062] [0.125] [0.137] [0.073] [0.257] [0.270] [0.125]
age2534 -0.201* -0.221* -0.122* -0.157 -0.173 -0.091 -0.670** -0.690** -0.329**
[0.116] [0.127] [0.066] [0.129] [0.143] [0.077] [0.288] [0.298] [0.135]
age3544 -0.192 -0.220 -0.132* -0.112 -0.128 -0.068 -0.991* -1.021** -0.490**
[0.131] [0.144] [0.076] [0.144] [0.161] [0.087] [0.421] [0.435] [0.189]
age4554 -0.598*** -0.670*** -0.375** -0.520*** -0.584*** -0.324** -1.330** -1.392* -0.632**
[0.154] [0.169] [0.088] [0.166] [0.183] [0.099] [0.556] [0.580] [0.264]
age55pl -0.945** -1.044** -0.567** -0.848*** -0.939*** -0.502** -15.572%** -16.099*** -4.362***
[0.226] [0.243] [0.124] [0.233] [0.253] [0.132] [0.523] [0.540] [0.208
unemprate -4.207*** -4.650*** -2.518*** -3.774* -4.183*** -2.298** -8.639*** -9.200*** -4.363**
[0.772] [0.834] [0.424] [0.806] [0.878] [0.460] [2.755] [2.803] [1.186]
occup2 0.859** 0.962*** 0.517*** 0.970** 1.095*** 0.609*** 0.353 0.372 0.157
[0.331] [0.367] [0.189] [0.358] [0.401] [0.214] [1.070] [1.096] [0.484]
occup3 -0.376* -0.353 -0.136 -0.708** -0.705** -0.319** -0.051 -0.008 0.036
[0.216] [0.224] [0.102] [0.293] [0.303] [0.139] [0.349] [0.360] [0.162]
occup4 1.159*** 1.258*** 0.643*** 1.126*** 1.228*** 0.651** 1.116*** 1.215%** 0.597**
[0.188] [0.203] [0.100] [0.223] [0.240] [0.121] [0.395] [0.414] [0.195]
occup5 0.573* 0.643*** 0.343* 0.418* 0.467* 0.255** 1.576*** 1.702*** 0.813*
[0.193] [0.207] [0.100] [0.227] [0.243] [0.120] [0.389] [0.410] [0.196]
occupb 2.011** 2.300%** 1.264*** 1.911%* 2.202** 1.237** 2.535** 2.718*** 1.333**
[0.191] [0.215] [0.110] [0.223] [0.249] [0.129] [0.560] [0.595] [0.287]
occup? 0.981** 1.073** 0.556*** 0.871** 0.949** 0.500*** 1.394*** 1.510"** 0.728***
[0.177] [0.190] [0.092] [0.211] [0.226] [0.112] [0.344] [0.366] [0.177]
occup8 -0.230 -0.198 -0.054 -0.811 -0.813 -0.355 1.919*** 2.130*** 1.077***
[0.418] [0.435] [0.202] [0.544] [0.558] [0.247] [0.695] [0.774) [0.373]
firsttime -0.334** -0.365*** -0.197** -0.204** -0.220* -0.114* -0.884*** -0.929** -0.431%
[0.092] [0.099] [0.050] [0.104] [0.115] [0.061] [0.198] [0.208] [0.094]
h1 -2.354** -2.283** -1.290** -2.106*** -2.019** -1.161%** -4.120*** -4.118** -2.038***
[0.051] [0.054] [0.026] [0.058] [0.061] [0.031] [0.203] [0.207] [0.089]
h2 -2.602*** -2.557* -1.436** -2.343* -2.284* -1.303*** -4.339*** -4.366* -2.175***
[0.074] [0.080] [0.040] [0.082] [0.089] [0.046] [0.259] [0.268] [0.117]
h3 -3.784** -3.816*** -2.058*** -3.580*** -3.611*** -1.986*** -5.159*** -5.217** -2.553**
[0.168] [0.173] [0.080] [0.184] [0.190] [0.087] [0.411] [0.416] [0.174]
h4 -2.338*** -2.284** -1.297** -2.471 -2.120*** -1.228** -3.538** -3.547 -1.800***
[0.096] [0.105] [0.055] [0.108] [0.119] [0.064] [0.234] [0.246) [0.115]
h5 -3.682"* -3.706** -2.004*** -3.555*** -3.586*** -1.987** -4.641** -4.664* -2.291%*
[0.266] [0.271] [0.125] [0.299] [0.303] [0.139] [0.586] [0.596] [0.236]
hé -4.379" -4.398** -2.255*** -4.187** -4.207** -2.195** -5.622*** -5.656** -2.632%**
[0.412] [0.420] [0.177] [0.451] [0.461] [0.194] [1.000] [1.013] [0.386]
h7 -5.370*** -5.409*** -2.738* -5.002*** -5.043*** -2.601** -18.503*** -18.966*** -6.026**
[0.705] [0.706] [0.260] [0.706] [0.708] [0.269] [0.164] [0.164] [0.083]
h8 -2.504*** -2.447** -1.364** -2.440*** -2.399*** -1.372%* -3.313*** -3.281** -1.667**
[0.187] [0.203] [0.104] [0.215] [0.231] [0.121] [0.384] [0.402] [0.184]
h9 -3.980*** -3.990*** -2.091* -4.334*** -4.3569*** -2.272%* -3.888*** -3.927** -2.031***
[0.507] [0.524] [0.228] [0.711] [0.725] [0.301] [0.713] [0.710] [0.311]
h10 -2.631*** -2.608** -1.488** -2.277* -2.227* -1.288** -18.464*** -18.929"* -5.907**
[0.285] [0.301] [0.152] [0.289] [0.312] [0.166] [0.217] [0.214] [0.081]
h11 -2.145"* -2.073** -1.189*** -1.866** -1.779% -1.037* -3.948*** -3.990*** -2.068**
[0.317] [0.349] [0.186] [0.334] [0.374] [0.209] [0.980] [0.970] [0.424]
h12 -2.011** -1.901** -1.098*** -2.043*** -1.957** -1.125%* -2.731% -2.675* -1.375**
[0.460] [0.512] [0.267] [0.587] [0.648] [0.352] [0.728] [0.775) [0.391]
(Wald chi2 4550.263 3837.037 5187.195 3308.918 2690.864 3538.149 45496.898 54154.178 47537.454
Prob>chi2 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000
AIC 0.540 0.540 0.540 0.668 0.667 0.667 0.270 0.270 0.269
Log-Likelihood -3077.07 -3074.59 -3072.73 -2570.77 -2568.41 -2565.39 -462.82 -462.37 -461.56
LR of Occupation 276.54 281.11 286.11 250.79 255.13 261.38 52.30 52.91 53.02
Prob>chi2 (p(7)=14.07) 0 0 0 0 0 0 0 0 0
Observations 11544 11544 11544 7816 7816 7816 3728 3728 3728

Note: See Table 3.10
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Table 4.9: Estimation Results under Broad Definition

Variables ALL MALE FEMALE
Proportional Log-log Log-Normal | Proportional Log-log Log-Normal | Proportional Log-log Log-Normal
urban 0.197** 0.224* 0.129* 0.145* 0.164** 0.094** 0.796*** 0.857*** 0.399**
[0.072] [0.079] [0.040] [0.076] [0.083] [0.043] [0.271] [0.294] [0.134]
female -0.609*** -0.640*** -0.303***
[0.095] [0.099] [0.047]
married 0.458** 0.501** 0.270* 0.437*** 0.479** 0.256*** -0.420** -0.449* -0.213*
[0.075] [0.082] [0.043] [0.078] [0.085] [0.046] [0.198] [0.203] [0.089]
FemMar -0.955** -1.017* -0.508***
[0.179] [0.185] [0.085]
Marmara 0.048 0.049 0.027 -0.001 -0.004 -0.003 0.314 0.321 0.138
[0.088] [0.096] [0.049] [0.094] [0.102] [0.054] [0.281] [0.291] [0.126]
Aegean 0.023 0.026 0.019 0.028 0.032 0.025 0.052 0.057 0.016
[0.103] [0.113] [0.058] [0.110] [0.121] [0.065] [0.313] [0.323] [0.141]
Mediterrianean 0.017 0.017 0.007 -0.010 -0.015 -0.008 0.247 0.246 0.078
[0.098] [0.106] [0.054] [0.105] [0.114] [0.059] [0.301] [0.308] [0.130]
BlackSea -0.202* -0.238** -0.141* -0.131 -0.159 -0.094 -0.483 -0.524 -0.273*
[0.105] [0.113] [0.057] [0.112] [0.122] [0.064] [0.313] [0.321] [0.138]
EastAnatolia 0.144 0.143 0.066 0.170 0.177 0.092 -0.695 -0.739 -0.354
[0.107] [0.118] [0.062] [0.111] [0.123] [0.066] [0.548] [0.553] [0.236]
SouthEastAnatolia 0.235** 0.247* 0.118* 0.275** 0.298** 0.157* -0.706 -0.750 -0.389*
[0.104] [0.115] [0.061] [0.108] [0.120] [0.065] [0.507] [0.524] [0.230]
Primary 0.157 0.170 0.084 0.200 0.217 0.113 -0.390 -0.412 -0.172
[0.127] [0.138] [0.071] [0.135] [0.147] [0.077] [0.403] [0.428] [0.197]
Middle 0.026 0.028 0.010 0.005 0.001 -0.005 0.176 0.171 0.067
[0.142] [0.154] [0.079] [0.151] [0.164] [0.086] [0.435] [0.462) [0.212]
High 0.088 0.100 0.054 0.036 0.039 0.022 0.290 0.282 0.105
[0.144] [0.156] [0.080] [0.155] [0.168] [0.088] [0.414] [0.444] [0.206]
VocHigh 0.187 0.211 0.117 0.177 0.201 0.116 0.131 0.119 0.042
[0.160] [0.173] [0.088] [0.173] [0.188] [0.097] [0.450] [0.477] [0.218]
TwoYear Un. 0.578*** 0.617*** 0.313* 0.555** 0.607** 0.331* 0.542 0.556 0.263
[0.213] [0.229] [0.115] [0.251] [0.274] [0.143] [0.470] [0.505] [0.234]
FourYear Un. Plus 0.649** 0.726"** 0.394** 0.338 0.382 0.223* 1.367*** 1.402** 0.623***
[0.202] [0.221] [0.112] [0.240] [0.261] [0.135] [0.469] [0.502] [0.233]
age2024 0.062 0.070 0.038 0.065 0.074 0.046 -0.127 -0.119 -0.051
[0.090] [0.097] [0.049] [0.100] [0.109] [0.056] [0.211] [0.219] [0.099]
age2534 -0.185* -0.199* -0.109** -0.139 -0.152 -0.079 -0.463** -0.473** -0.220**
[0.096] [0.104] [0.052] [0.108] [0.117] [0.061] [0.225] [0.235] [0.106]
age3544 -0.297* -0.323* -0.178* -0.223* -0.242* -0.128* -0.907*** -0.935** -0.441%
[0.109] [0.118] [0.061] [0.121] [0.132] [0.070] [0.344] [0.355] [0.153]
age4554 -0.793*** -0.865*** -0.462*** -0.716** -0.784* -0.419%** -1.087** -1.120** -0.508**
[0.130] [0.140] [0.071] [0.140] [0.151] [0.079] [0.459] [0.473] [0.207]
age55pl -1.209*** -1.314* -0.702*** -1.137% -1.235* -0.657** -0.288 -0.357 -0.257
[0.196] [0.207] [0.102] [0.203] [0.215] [0.108] [1.015] [0.998] [0.450]
unemprate -5.033*** -5.440** -2.802*** -4.826"* -5.243" -2.767** -7.124* -7.390"* -3.456**
[0.629] [0.669] [0.330] [0.667] [0.713] [0.361] [1.883] [1.924] [0.814]
occup2 0.606** 0.661** 0.346** 0.667** 0.737** 0.398* 0.040 0.060 0.042
[0.259] [0.284] [0.148] [0.276] [0.306] [0.164] [1.071] [1.122] [0.484]
occup3 -1.070*** -1.085*** -0.472* -1.355** -1.388** -0.632*** -0.748* -0.764** -0.332%*
[0.169] [0.174] [0.077] [0.227] [0.235] [0.106] [0.269] [0.276] [0.118]
occup4 0.717* 0.762*** 0.384* 0.710*** 0.762*** 0.398* 0.530* 0.555* 0.250*
[0.141] [0.150] [0.074] [0.164] [0.176] [0.090] [0.318] [0.333] [0.149]
occup5 0.108 0.122 0.072 -0.006 -0.001 0.007 0.715** 0.740** 0.314*
[0.146] [0.154] [0.074] [0.168] [0.179] [0.089] [0.320] [0.332] [0.148]
occup6 1.492*** 1.674* 0.924* 1.343** 1.512%** 0.846* 2.588*** 2732 1.301***
[0.146] [0.161] [0.083] [0.165] [0.182] [0.097] [0.363] [0.396] [0.196]
occup? 0.483** 0.512** 0.260*** 0.404** 0.428** 0.220*** 0.721** 0.743** 0.317*
[0.131] [0.139] [0.067] [0.152] [0.162] [0.082] [0.292] [0.305] [0.136]
occup8 -0.359 -0.363 -0.152 -0.880** -0.912* -0.432** 1.410* 1.537** 0.725*
[0.321] [0.335] [0.157] [0.409] [0.421] [0.191] [0.559] [0.611] [0.290]
firsttime -0.302*** -0.331*** -0.182*** -0.208** -0.226** -0.124** -0.546"* -0.580"* -0.280**
[0.073] [0.078] [0.039] [0.082] [0.090] [0.047] [0.160] [0.165] [0.073]
h1 -2.674* -2.623* -1.461* -2.437 -2.372* -1.339%** -3.886*** -3.872%* -2.030***
[0.047] [0.049] [0.024] [0.055] [0.057] [0.028] [0.173] [0.176] [0.074]
h2 -2.675"* -2.628*** -1.466** -2.426" -2.364** -1.336%* -3.880"* -3.885"* -2.054**
[0.056] [0.060] [0.030] [0.064] [0.068] [0.034] [0.189] [0.195] [0.086]
h3 -3.609*** -3.618" -1.959*** -3.357* -3.360*** -1.846** -4.787** -4.819* -2.462**
[0.109] [0.112] [0.052] [0.118] [0.122] [0.058] [0.319] [0.321] [0.131]
h4 -2.317** -2.242%* -1.269*** -2.152*** -2.073"** -1.188** -2.974* -2.957** -1.642%**
[0.069] [0.075] [0.038] [0.079] [0.086] [0.045] [0.167] [0.173] [0.081]
h5 -2.667** -2.621% -1.460** -2.475** -2.426* -1.373*** -3.384** -3.367* -1.831%**
[0.114] [0.122] [0.061] [0.126] [0.135] [0.070] [0.293] [0.301] [0.130]
h6 -3.488*** -3.481** -1.870*** -3.247* -3.234** -1.767+* -4.481*** -4.485"* -2.264**
[0.220] [0.227] [0.104] [0.239] [0.249] [0.117] [0.591] [0.602] [0.235]
h7 -4.554* -4.570** -2.336*** -4.342%* -4.358*** -2.276** -5.378*** -5.393** -2.612%**
[0.409] [0.414] [0.170] [0.448] [0.454] [0.188] [1.008] [1.016] [0.360]
h8 -2.189*** -2.081*** -1.155*** -2.121%* -2.027** -1.151%* -2.519*** -2.447* -1.384**
[0.145] [0.161] [0.084] [0.171] [0.189] [0.101] [0.289] [0.305] [0.141]
h9 -18.507*** -19.017*** -6.071%* -18.624*** -18.459*** -5.846** -17.107*** -18.298*** -5.574**
[0.087] [0.083] [0.027] [0.112] [0.118] [0.055] [0.177] [0.169] [0.062]
h10 -18.507*** -19.017*** -6.071* -18.624** -18.459*** -5.846** -17.107*** -18.298*** -5.574**
[0.087] [0.083] [0.027] [0.112] [0.118] [0.055] [0.177] [0.169] [0.062]
h11 -2.148"* -2.072"* -1.176** -1.900*** -1.813** -1.045** -3.029*** -3.005*** -1.673**
[0.229] [0.252] [0.134] [0.249] [0.277] [0.155] [0.588] [0.605] [0.272]
h12 -2.2569*** -2.175* -1.237* -2.262*** -2.193*** -1.248** -2.381*** -2.368** -1.415%*
[0.358] [0.388] [0.197] [0.450] [0.483] [0.253] [0.567] [0.575) [0.283]
Wald chi2 106248.098  128087.519 167318.698 | 64542.447 56395.299 34108.228 32851.369 48062.529 48100.716
Prob>chi2 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000
AIC 0.482 0.482 0.481 0.610 0.610 0.609 0.238 0.237 0.237
Log-Likelihood -4700.578 -4697.87 -4693.002 -3888.476 -3886.831 -3883.941 -766.308 -766.121 -765.11
LR of Occupation 419.824 422.812 427.228 356.846 359.35 363.218 97.502 97.43 97.08
Prob>chi2 (p(7)=14.07) 0 0 0 0 0 (] 0 0 0
Observations 19672 19672 19672 12883 12883 12883 6789 6789 6789

Note : See Table 3.10
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4.5.2.3 Duration Dependence

Baseline hazards show the relation between the hazard rate and the duration of
unemployment. Regardless of the direction, they indicate whether the duration dependence
is present in the data or not. Figures®” 4.5 and 4.6, under the ILO and broad definitions of
unemployment, demonstrate the graphs of the baseline hazards evaluated at the means of
the variables for different distributions under gender separation. It is observed from the
figure 4.5 that the baseline hazards under different distributions have a declining trend until
about the end of the second year (i.e. between 18 and 21 months) and then a rising trend for
the whole sample data as well as for men under ILO definition of unemployment. As
illustrated in Figure 4.5, under ILO definition the shape of the baseline hazard for women
show a constant time trend, even though it has two dips at the 7™ and the 10™ periods,
which correspond to the end of second and third year, respectively. Overall, one can say
that there is a slight U-shaped hazard for men and constant hazard for women under the

ILO definition of unemployment.

The shape of the baseline hazard under the broad definition of unemployment is
different from those of under the ILO definition. It seems that the shape of the baseline
hazard under the broad definition of unemployment have a constant time trend until the end
of the second year. After the second year it has a U-shaped relation with the unemployment
duration implying that probability of exiting from unemployment for a job initially declines
with staying in unemployment then increases. The same observation seems to hold whether
we consider the whole sample or the results under gender separation. Similar observations
are also observed for some OECD countries. For instance, U-shaped hazard found for men
in the studies by Moffit (1985) for the USA, by Ham and Rea (1987) for Canada, and by
van den Berg and Klaaauw (2000) for France.

Serneels (2001) suggests the following factors as a source of non-decreasing trend
in the baseline hazard, i.e. duration dependence. These are the finiteness of the
unemployment benefits, the existence of active labor market policies, segmentation of the

labor market and the business cycle effects. As mentioned before, in Turkey the payments

" n the figures “seqvar” represents the (grouped) period of unemployment duration.
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of unemployment insurance to the unemployed individuals started in the month of February
in 2002. Therefore, this variable was not available to use as an explanatory variable and test
its effects on unemployment duration. Nevertheless, taking a support from the family and
relatives is prevalent in Turkey. However, family income and related questions were not
included in the HLFS survey. For that reason, the inclusion of this variable was not also
possible in our analysis. Regarding the active labor market policies it seems that they exist
only in a limited scale, therefore it is not also relevant for our case. Nonetheless, Tansel
(2000) suggests that Turkish labor market would be regarded as segmented between the
formal sector (with good jobs) and the informal sector (with bad jobs). Therefore, the
observation of non-duration dependence for women indicates that women may be waiting

in unemployment for good and relevant jobs while being supported by their family.
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Figure 4.5: Baseline Hazard under ILO Definition: All-Male-Female
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Figure 4.6: Baseline Hazard under Broad Definition: All-Male-Female
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4.5.2.4 Predicted Hazard Rates

In the table 4.10 we have provided the predicted hazard rates (i.e. the predicted
probability of finding a job) in the first three months of unemployment for the individuals
with selected characteristics, under ILO and broad definitions of unemployment. We
mainly focus on the effects of the changes in age-group and education level on the hazard
rate, given the following characteristics of the individuals. These are urban resident,
married, and other remaining variables set to their mean values. We observe from the Table
4.10 that the predicted hazards, under proportional hazard assumption, for men with
primary school degree and in the age group of 20-24 are 17.12 and 13.62 percent under ILO
and broad definitions of unemployment. The same probabilities for women are lower than
that for men. These are 3.53 and 2.85 percentages under each definitions of unemployment,
respectively. If we look at the same probabilities for the age group of 25-34, that is the
median age group, for each gender the predicted hazard is lower than for the 20-24 age-
group. These probabilities are 14.02 and 10.65 percentages, for men; 2.89 and 2.23
percentages, for women, under ILO and broad definitions of unemployment, respectively.
The main observation, for the different age groups, is that the predicted hazard (i.e. the
predicted probability of finding a job) decreases with increases in age group for both men

and women, regardless of the definition of unemployment.

Let us now look at the effects of the changes in education level on the predicted
hazard rates. As can be seen from the Table 4.10, after the under primary education level,
the lowest predicted hazard is observed for the High School graduates. They have the
highest unemployment rates among the other education levels, under ILO definition of
unemployment for each gender and age groups. The predicted hazards for men and women
in the age group of 25-34 with High School diploma are 13.25 and 2.74 percentages under
proportional hazard assumption and under ILO definition. It should be noted here that the
individuals with vocational high school diploma have higher predicted hazard values than
the high school graduates, under ILO definition, regardless of being male or female for
each age group. Regarding the results under broad definition of unemployment, the lowest
predicted hazard is again seen for the individuals under primary education level group. This
is group followed by the middle school level, regardless of being men or women, under all

alternative distributions. The predicted hazard values for these individuals are 9.34 and 1.95

145



percentages in the age group of 25-34, under proportional hazard model, for men and

women, respectively.

Furthermore, the highest predicted hazard values are observed for the individuals
with two-years-university degree, for both male and female, under ILO definition of
unemployment. The corresponding probabilities in the age group of 25-34 are 32.94 and
7.01 percentages for men and women, in that order, under proportional hazard assumption.
The same probabilities for the log-logistic model are 41.02 and 7.63, for man and women,
respectively. Regarding the broad definition of unemployment we observe the highest
predicted hazard values for the individuals with the four-years-university degree, for each
gender. The related probabilities in the age group of 25-34 are 17.43 and 3.65 percentages,
for men and women, in that order, under proportional hazard assumption. The same
probabilities for the log-logistic model are 20.24 and 3.86, for men and women,

respectively.

For comparison with the married individuals, we have provided the predicted
hazard values for the non-married ones in the median age group of 25-34 and with the
above characteristics being held constant. It is observed from the Table 4.11 that we have
different results for each gender. As expected, for males the predicted hazard value is lower
for the non-married individuals than those for the married ones (because of the family
responsibility of men). These are 9.05 (6.74) and 14.02 (10.65) percentages under ILO
(Broad) definition of unemployment for the non-married and married individuals with
primary school diploma, respectively. The general conclusion does not change when we
look at the results for the other remaining alternative education groups. In contrast to males,
for females the predicted hazard rate is higher for the non-married individuals than the
married ones. The corresponding percentages for the primary school graduates are 5.28
(3.66) and 2.89 (2.23) under ILO (broad) definition of unemployment, for non-married and
married individuals, in that order. Furthermore, as for the married individuals, we observe
the highest predicted hazard rate for the individuals with two-years (four-years) university

degree under ILO (broad) definition of unemployment.

For assessment we have also presented the predicted hazards for the rural resident
individuals in the median age group and with holding the above characteristics as constant.

As can be seen from the Table 4.12, the predicted hazard rate for the rural resident men is
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lower than the value for the urban resident ones. These values are 11.52 (8.84) and 14.02

(10.65) under ILO (broad) definition of unemployment for the rural and urban resident men

with primary school diploma, respectively. Our general result does not alter if we look at

the predicted values for the other remaining education levels. Contrary to men, for women

the predicted hazard rate is higher for the rural residing individuals than for the urban

residing ones.

Table 4.10: The Predicted Hazard Rates

for the Individuals with Selected

Characteristics
MALE FEMALE
ILO-Definition Broad-Definition 1LO-Definition Broad-Definition

Proportional Hazard | AQet519 Age024 Age2534 Age3bdd Ageddod | Age15t9 Age2024 Age234 Age3dd AgedSSd | Aget519 Age02d Age25dd Agedbdd Ageddod | Aget5t9 Age2024 Age2o34 Age3dd AgedoSd
Non-graduate 132 13 926 934 623 | 1095 1165 910 813 496 | 234 233 191 193 129 [ 229 244 190 170 104
Primary School 1744 1742 1402 1414 942 | 1280 1362 1085 951 580 | 354 353 280 292 195 | 268 285 223 199 1A
Middle Sc. 17021700 1392 1404 936 | 1124 1195 934 835 509 | 351 351 287 290 193 [ 235 250 195 175 1.06
High Sc. 1620 1618 1325 1336 891 | 1196 1273 994 888 541 | 334 334 274 276 184 | 250 266 208 186 113
Voc. High Sc. 1952 1950 1597 1610 1073 | 1320 1404 1097 980 597 | 403 402 330 332 222 | 276 294 230 205 125
Two-Years Univ. 448 444 3394 3422 2281 ) 1953 2078 1624 1451 884 | 85 855 701 706 471 | 408 435 340 303 185
Four Years Univ. NA - 3639 2080 3005 2003 [ NA 2230 1743 1557 949 | NA 751 615 620 414 | 438 467 365 326 198
Log-Logistic Age1519 Age2024 Age2534 Age3544 Aged554|Age1519 Age2024 Age2534 Age3544 Aged5bd|Age1519 Age2024 Age2534 Age3544 Aged554|Age1519 Age2024 Age2534 Age3544 Aged5sd
Non-graduate 1223 1232 981 981 626 | 1195 1282 980 865 503 | 227 229 182 182 116 | 228 244 187 165 0.9
Primary School 1937 1952 1553 1553 991 | 1416 1519 1160 1025 596 | 360 363 289 289 184 [ 270 290 220 195 1M
Middle Sc. 1928 1943 1546 1546 986 | 1229 1318 1007 890 517 | 358 361 287 288 183 [ 234 251 192 170 0.9
High Sc. 1839 1853 1475 1475 941 | 1321 1417 1082 956 556 | 342 345 274 274 76 [ 252 270 206 182  1.06
Voc. High Sc. 2060 2278 1843 1843 1156 | 1476 1583 1210 1069 621 | 420 423 337 33 215 | 281 302 231 204 118
Two-Years Univ. 5145 5154 4102 4103 2617 | 2214 2375 1845 1603 932 | 951 958 763 763 487 | 422 453 346 306 178
Four Years Univ. NA 4693 3735 3736 2383 | NA 2649 2024 1788 1040 | NA 878 695 695 443 [ 471 505 38 341 198
Log-Normal Age1519 Age2024 Age2534 Age3544 Aged554|Aget519 Age2024 Age2534 Age3bdd Agedb54|Age1519 Age2024 Age2534 Age35dd Aged554[Age1519 Age2024 Age2534 Age35d4 Aged554
Non-graduate 3041 3062 2692 2666 2090 | 3024 3142 2742 2530 1905 | 1320 1330 1169 1157 907 | 1343 1396 1205 1124 846
Primary School 3856 3883 3414 3380 2650 | 3287 3415 2948 2750 2071 | 1674 1686 14.82 1468 1151 | 1460 1547 1340 1222 920
Middle Sc. 3852 3879 3410 3377 2647 | 3055 3175 2740 2557 1925 | 1672 1684 1481 1466 1149 | 1357 1410 1218 1136 856
High Sc. 3813 3840 3376 3343 2621 | 3191 3845 2862 2670 2011 | 1655 1667 1466 1451 1138 | 1418 1473 1272 1186 893
Voc. High Sc. 4225 4255 3741 3704 2004 | 3399 3532 3049 2844 2142 | 1834 1847 1624 1608 1261 | 1510 1569 1354 1264 952
Two-Years Univ. 6364 6410 5635 5579 4374 | 4134 4296 3708 3460 2605 | 2763 2783 2446 2422 1899 | 1837 19.09 1648 1537 1157
Four Years Univ. NA 6278 5520 5465 4284 [ NA 4658 4021 3751 2825 [ NA 2726 2396 2373 1860 [ 1992 2069 1786 1667 1255
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Table 4.11: The Predicted Hazard Rates for the Non-Married Individuals with

Selected Characteristics

ILO Definiton: Non-married&age 25-34 Broad Definiton: Non-Marriedé age 25-34
Proportional Log-Logistic Log-Normal Proportional Log-Logistic Log-Normal
Education Level | Male | Female | Male | Female | Male [ Female [ Male | Female | Male [ Female [ Male | Female
Non-graduate 598 349 6.02 3441 054 1589 | 576 K] 593 33 000 159
Primary 905 528 | 953  h4d | 2605 M5 | 674 366 | 708 3 [ 251 1662
Mid 899 54 949 54 | 602 2013 | 59 3 6.10 32 | 0% 154
High 856 499 905 517 | 216 1993 | 629 34 6.5 346 | 185 1614
VocHigh 103 600 | 112 63 [ 285 2208 | 64 378 133 3% | B2 1119
Two-Years A9 20 | BT W) 800 3026 | 1027 559 | 109 580 | 2831 209
FourYears 1925 12 | 29 1309 | 212 2% | 103 600 | 1226 646 | 069 267

Table 4.12: The Predicted Hazard Rates for the Rural Resident Individuals with

Selected Characteristics

ILO Definiton: Rural age 25-34

Broad Definiton: Rural age 25-34

Proportional Log-Logistic Log-Normal Proportional Log-Logistic Log-Normal
EducationLevel | Male | Female | Male | Female | Male | Female [ Male | Female | Male | Female | Male | Female
Non-graduate 161 157 | 716 144 | B4 1049 | T8 156 | T8 149 [ 2884 1059
Primary "8 23 | 1229 29 | B15 1292 | 87 18 | 928 1| 5 1R
Mid 44 23 | 12288 227 | ¥72 20 | 767 160 | 805 154 | 409 1070
High 1080 226 | 167 207 | B4L 020 | 87 A7 | 86 165 [ 2616 1118
VocHigh 1313 27 | 143 267 | 260 1415 | 901 18 | 967 184 | 680 1Y
Two-Years 90 576 | 3246 604 | 410 232 | NI 279 | WM 277 | N6 144
FourYears 450 506 | 2956 550 | 4810 2088 | 143 29 | 1618 309 [ %3 457

4.6 Concluding Remarks

In this chapter we analyze the determinants of unemployment duration in Turkey.
In the study, individual level data from the years of 2000 and 2001 Household Labor Force
Surveys of the State Institute of Statistics are used. In the empirical analysis we make use
of two alternative definitions of unemployment, namely the ILO and the broad definitions.
We estimate the models under some alternative distributions; namely proportional hazard,
log-logistic and log-normal. For all of the distributions we have included the unobserved
heterogeneity term under Gaussian distribution. However, our models rejected the inclusion
of this term, so we provided the results with the exclusion of this term. Prior to considering
the general findings it should be noted that using a variety of specifications and relaxing the

standard ILO definition of unemployment yield roughly the similar results.
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One of the important findings of this study is that the hazard for women is lower
than that for men. This implies that women less likely to obtain a job compared to men.
This finding can also be considered as a result of cultural values of Turkish society which
discriminates against women in the labor market. Another source of the lower probability
of obtaining a job is that women are traditionally taken to be responsible for home
production activities in Turkey and therefore they have a high reservation wage. Regarding
the results for marriage we find contradicting findings for men and women. Being married
increases the probability of finding a job for men. Due to the traditional role of family
responsibility, i.e. bread winner of the family, men search for a job more intensively and
attach to the labor market more powerfully than women, and obtain a job. While for women

marriage decreases the probability of finding a job.

We further observe that residents of urban areas have lower unemployment
durations than the residents of the rural areas. The coefficient on the dummy variable for
“urban” is positive and significant for the whole sample under both definitions of
unemployment indicating that urban residing individuals more likely to find a job compared
to rural residing ones. This seems to be one of the factors encouraging people to move from
rural areas to urban areas. In this regard it should be noted that this movement, i.e.
migration, should not be encouraged unless suitable job opportunities were created to
employ these people. It is also necessary to make available adequate shelter, education and
health care services for those individuals. Moreover, we find that there are no significant
regional differences in the hazard rate with the exception of men who live in the Southeast
Anatolia. Residing in this region decreases the length of unemployment duration for men,
under ILO definition of unemployment. This is a surprising result since this region is one of
the less developed regions of Turkey. There may be two alternative explanations for this
finding. The first is that unemployment is higher among those who can afford it. The

second is that individuals with high propensity to unemployment migrate from this region.

Next, we consider the province level unemployment rate which denotes the local
labor market conditions. It has a sign in the expected direction and mostly statistically
significant. This finding implies that the hazard, i.e. the probability of finding a job, is
larger for the individuals who live in the provinces with low unemployment rates compared

to the other provinces. The effect of this variable on the hazard of female is larger than that
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for men. Thus, one can say that situations in the local labor market are more important for
women than for men. Overall results for the province level unemployment rate imply that
to decrease the risk of long-term unemployment public programs initially may focus on the
provinces with high unemployment rates. Another policy tool to reduce the same risk may
include encouraging the labor mobility between provinces (from high unemployment areas
to low unemployment areas). This encouragement may not be useful if the relevant work

chances are not created for employing these individuals.

We further observe that the hazard, i.e. the probability of finding a job increases
with the increase in the education level. This result is particularly true for the university
graduate individuals under each alternative definitions of unemployment. This finding
implies a policy tool that increasing the education level of the less educated individuals
may increase their chance of obtaining a job. This policy tool may be in terms of re-
schooling or re-training activities, and may cover all individuals with a degree less than

university level.

A further observation is that there is a negative relation between the hazard and age.
This finding indicates that the increases in ages increase the duration of unemployment.
The negative effect of the age on the hazard is particularly large for men over 45 and for
women over 35 compared to the young ages. Similar results related to age effect on hazard

are also observed for some OECD countries.

The coefficient estimates of “first-time” dummy variable are significant and have
negative effect on the hazard. This indicates the duration of unemployment is larger for the
first-time job-seekers than the other job-seekers. Hence, another policy target group is the
first-time job-seekers. The policy tool for this group may include counseling, providing
knowledge about the job openings, and giving information about effective job search

strategies.

As a final point, the shape of the baseline hazard for men seems to be different than
that for women under the ILO definition of unemployment, but not under the broad
definition of unemployment. We observe a slight U-shape relation for men between the
hazard rate and the duration of unemployment. While for women we find a constant

relation of hazard and unemployment duration.
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Overall findings of the study imply the following as a target groups for the policy
makers. These are women particularly the married women, non-married men, individuals
with low levels of education, individuals in their late career period, first-time job-seekers
and finally the individuals who live in the provinces with high levels of unemployment

rates.
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CHAPTER 5

DETERMINANTS OF UNEMPLOYMENT DURATION
FOR THE FIRST-TIME AND OTHER JOB-SEEKERS

5.1 Introduction

In this chapter, the information obtained from HLFS for the unemployment is used
to see whether first-time job seekers have different dynamics in finding a job from other
unemployed individuals. The firs-time job seekers consist of individuals who have just
graduated from the school, just completed his military service as well as other individuals
with no job-market experience. The other job seekers group covers both the lost-job and
quit job individuals (see SIS, 2004)*. Our initial estimation results from the previous
chapter show that first-time job seekers have longer unemployment durations than those of
the other job-seekers. In this chapter, we give special attention to these groups of

unemployed individuals.

This chapter is organized as follows. In the following section we briefly discuss the
data for the first-time job seekers and others, separately. Section 5.3 is divided into two
parts. In the first part we briefly discuss the non-parametric estimation results, such as
Turnbull’s survival function. In the second part initially we test for the proportionality
assumption and then move on to the parametric (or semi-parametric) estimation results. As
in the previous chapter we estimate our models under three alternative distributions, i.e.
proportional hazard, log-logistic hazard and log-normal hazard, under two alternative
definitions of unemployment. We, first, look at the estimation results without considering
the gender difference, later concentrate on the estimation results for males and females
separately. It should be noted that since the estimation methodology and model are

presented in the previous chapter we do not provide these information again to save space.

% Since the number of observations for the quit job individuals is relatively low, we combined lost-job
individuals and quit job individuals into one other job seckers category.
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5.2 Literature Review

There is a large number of empirical studies on unemployment duration, but much
of these studies do not distinguish between first-time and other job-seekers, with a few
exceptions such as Lubyova and van Ours (1999). There are also some studies which prefer
only including a dummy (or dummies) for unemployment reason. For instance, Poterba and
Summers (1995) rather than analyzing separately, include two dummies for the
unemployment reason and observe that job losers and job leavers both have lower
probabilities of obtaining a job than the other unemployed groups. Further, Stewart (2001)
includes five different dummies for the unemployment reasons. These are illness, health
limitation, quit, laid-off and dismissed or fired from the job. He finds that the probability of
finding a job, i.e. the hazard rate, is lower for the individuals who left the job because of
illness or health limitation. He also observes that the hazard rate is larger for the quit-job
individuals, but there are no significant differences between the other groups of

unemployed individuals.

However, there are some studies which focus only on one of the above groups. For
instance, the following studies focus on only the determinants of duration to first-job;
Wolpin (1987), Eckstein and Wolpin (1995), Chuang (1999), Nielsen (2001), Lassibille
(2001), Andrews (2002). Further, studies which concentrate on the displaced workers can
be considered into the other-job seekers category, such as Addison and Portugal (1992,
1998), Portugal and Addison (2000) Podgursky and Swaim (1987).

Lubyova and van Ours (1999) study determinants of unemployment duration in
Slovak republic in the years between 1994 and 1996 using proportional hazard model
specification. In the analysis they distinguish between job-losers and unemployed school
leavers by considering the unobserved heterogeneity. The inclusion of the neglected
heterogeneity is found to have a significant contribution to the models. “The introduction of
this term causes the negative duration dependency in the exit rate to a job to change into
positive duration dependence (p.675)”. They observe for the job-losers that younger ones,
males and non-single individuals find a job more quickly than the others. Further, the
effects of education level on the hazard rate are also found to be significant, thus higher

educated job-losers have a higher hazard rate than the others. Moreover, for the job-losers,
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even though the level of minimum living standard and having a child are found to have
non-significant effect, the district level unemployment is found to have an expected and
significant effect on finding a job. Regarding the results for the school-leavers it is
observed that there is no significant difference between male and female as well as the
individuals with higher education and others. A further observation for the school leavers is
the non-significant effects of the level of minimum living standard and having a child on

the hazard rate.

Roed and Nordberg (2003), in a Norwegian study, focus on the duration of
unemployment for the dismissed individuals by distinguishing temporary and permanent
dismissals. For the temporary dismissed individuals they use competing risk formula, in
which transition from temporary dismissal to employment is separated from temporary
dismissal to permanent unemployment. In the estimation the authors consider the
unobserved heterogeneity by using mass-point approach. The model yields the best result
for the permanent dismissals under 6 and for the temporary dismissals under 16 mass-
points. The effects of unobserved heterogeneity are found to have a significant effect on the
models. The effects of work experience is found to be significant and increasing the
probability of employment. The effect of this variable is larger for the temporary
unemployed individuals than the permanent one. Regarding the results for individual
characteristics, such as age, gender, and marital status, it is observed that these variables are
statistically significant with expected signs. The effects of these variables are larger for the

permanent dismissed individuals than for the temporary unemployed.

With respect to the studies which focus only on the duration to the first-job for the
school leavers, it is mostly expected to find that the probability of finding a job declines
with the time spent in unemployment. For instance negative duration dependence is
observed by Chuang (1999) and Nielsen et al. (2001). However, as stated in the previous
chapter, the estimated coefficients and negative duration dependence are very sensitive to
inclusion of neglected heterogeneity. In this respect, Nielsen et al. (2002)’s study is
different from Chuang’s, since the first one does not control for the unobserved
heterogeneity. It is found in some of the studies that the observation of negative duration
dependence is a result of not considering the unobserved heterogeneity, since this finding
changes when one controls for the neglected heterogeneity (for detail see Chapter, 4). For

instance, Chuang (1999) and Andrews et al. (2001)’s findings support this idea for the
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school-leavers. Chuang (1999) find that the degree of negative duration dependence
declines after controlling for the neglected heterogeneity. Andrews et al. (2002) find no

duration dependence when they consider unobserved heterogeneity.

There are other covariates, such as education and gender that affect the probability
of finding a job for the first-time job seekers. Bratberg and Nielsen (2000, p.911) point out
that the level of educational attainment could be considered as a screening tool for sorting
the unemployed “individuals according to their skills and abilities”. Thus, in contrast to
Lubyova and van Ours (1996), Dolton et al. (1994), Nielsen et al. (2001), Eckstein and
Wolpin (1995), Chuang (1999) and Andrews et al.(2002) find the expected result that
individuals with higher levels of education have more chance to obtain a job in comparison
to individuals with lower levels of education, thus, they have shorter unemployment

duration.

Lassibille et al. (2001) observes something different from the above results for the
Spanish school leavers. They find that individuals who have the upper secondary education
have more difficulty in finding a job than the other individuals at the start of their working
life. On the other hand, “participation in non-formal education programs” is found to be
significantly decreasing the duration of unemployment (p.148). Lassibille et al. (2001) also
observes that males have shorter unemployment duration than females as in Chuang (1999).
To capture the influence of parents they use father’s occupation as a proxy, but no
significant effect is found. To capture the characteristics of the labor market Lassibille et al.
(2001) use the unemployment rate and service sector’s size in the region where the
individual resides. As expected the increases in unemployment rate decreases the
probability of finding a job, i.e. increases the duration of unemployment. The size of
service sector is also found to decrease the probability of obtaining a job for the individuals

who just graduated from the school.

Moreover, Wolpin (1992) considers the effects of ethnicity on transition to first-job
and found that whites have a lower probability of obtaining a job offer than blacks in the
USA. In contrast to Wolpin, Bowlus et al. (2001) find that whites have a higher probability

of receiving a job offer in comparison to blacks in the USA.
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5.3 The Data

As in the previous chapter the data used in this chapter, to analyze the determinants
of unemployment duration for the first-time and other job-seekers comes from the HLFS
survey and summary measures are provided in the Tables from 5.1 to 5.4. Regardless of the
definition we observe that the incidence of long-term unemployment among the first-time
job seekers is larger than among the other job-seekers. Moreover, Table 5.1 shows that, as
expected, most of the first-time job-seekers are youth, i.e. in the age groups of 15-19 and
20-24. In contrast to first-time job-seekers, most of the other job-seekers are in the middle
age-groups of 25-34 and 35-44 (see Table 5.2). The results do not change for both ILO and
broad definition of unemployment (see Table 5.1 and 5.2). The individuals in their late-
career (i.e. age 55 and over) have the lowest share, for each group of unemployed under
both definitions of unemployment. Moreover, the share of long-term unemployed is the
lowest for the youth, and seems to increase with age until the age of 55, among the first-
time job-seekers under each definition of unemployment. The same result also holds for the
other job seekers. An additional observation is that relaxation in the definition of
unemployment seems to raise the share of long-term unemployed individuals for both
groups of unemployed individuals. Regarding the unemployment data by education, it is
observed that the share of high school graduates is the highest, and then primary school
graduates among the first-time job seekers (see Table 5.3). However, the largest share for
the other job-seekers is observed for the primary school graduates, and then for the middle
school graduates (see Table 5.4). Furthermore, under each definition, long-term
unemployment is highest for the high school graduates among the first-time job-seekers.
However, this amount is the largest for the two year university graduate individuals among
the other job-seekers. As for the first-time job seekers, for the other job-seekers also the
lowest share in long-term unemployment is observed for the four year university graduates.

The summary of the variables used in the analysis is presented in the Appendix.

156



Table 5.1: Unemployment Duration in by Age Group for First-Time Job Seekers

ILO N <=3 4-6 7-9 months [ 10-11 12-17 18-23 >24
Definition months months months months months months
Total 1496 |43.38 20.99 6.02 3.14 14.57 2.54 9.36
AgelS19 1438 |44.06 |24 7.08 2.97 14.61 2.74 434
Age2024 1704|4641 19.89 5.8 3.59 12.71 1.5 8.84
Age2534 |7 [33.71 19.85 6.37 1.87 19.1 3.77 17.6
Age3sd4 |53 47.17 15.09 - 5.66 16.98 - 11.32
Age4554 |3 38.46 15.38 - - 15.38 30.77
Age55pl 1 - 100 - — - - —
Broad N <=3 4-6 7-9 months | 10-11 12-17 18-23 >24
Definition months | months months | months months | months
Total 2453 |27.56 22.5 8.03 3.63 22.38 3.71 12.19
Agel519 | 742 27.22 26.82 93 4.45 23.72 3.23 5.36
Age2024 | 1128 |30.76 22.34 7.89 3.99 19.4 4.43 11.17
Age2534 | 467 20.77 16.92 7.28 1.5 23.62 3 2291
Age3544 |97 25.77 18.56 4.12 4.12 21.65 3.09 22.68
Aged554 |17 29.41 17.65 -- -- 23.53 - 29.41
Age55pl |2 - 50 50 - - - -

Table 5.2: Unemployment Duration by Age Group for the Other Job Seekers

ILO N <=3 4-6 7-9 months [ 10-11 12-17 18-23 >24
Definition months months months months months months
Total 3338 |58 20.25 3.59 1.53 9.29 1.11 6.23
AgelS19 1405 |65.43 19.51 2.96 0.99 8.15 0.99 1.98
Age2024 1484 |[62.6 16.74 4.13 1.86 8.47 1.03 5.17
Age2534 | 1078 |58.07 20.13 3.8 2.04 8.91 0.93 6.12
Age3544 |gnn  |s8.1 20.57 3.37 137 8.6 1.25 6.73
AgeddS54 1431 5035 23.43 2.78 0.7 12.76 1.39 8.58
AgeSSpl | 138 | 42.75 23.91 5.8 1.45 11.59 1.45 13.04
Broad N <=3 4-6 7-9 months | 10-11 12-17 18-23 >24
Definition months months months months months months
Total 4530 |43.6 24.53 5.81 1.88 14.19 1.61 8.39
Agel519  |512 52.34 24.02 7.03 1.56 11.33 0.97 2.73
Age2024 | 666 46.55 22.07 6.01 2.7 14.11 1.65 6.91
Age2534 | 1458 [43.9 25.45 5.83 1.99 12.69 1.78 8.37
Age3544 11065 |44.79 24.88 5.07 1.78 13.24 1.41 8.83
Aged554 | 633 34.91 24.96 5.85 1.26 19.4 1.74 11.85
Age55pl 196 30.1 23.98 5.61 1.53 21.47 2.55 14.8

Source: Computed by the author using raw data.
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Table 5.3: Unemployment Duration by Education Level for the First-Time Job

Seekers

ILO N <=3 4-6 months | 7-9 months | 10-12 13-18 19-24 >24
Definition months months months months months
Total 1496 43.38 20.99 6.02 3.14 14.57 2.54 9.36
Non-Graduate | 39 41.03 33.33 2.56 5.13 10.26 -- 7.69
Primary 389 41.65 22.37 3.08 3.6 16.45 2.06 10.8
Middle Sc. 221 47.51 20.81 6.79 1.81 13.12 1.36 8.6
High Sc. 434 41.71 18.89 6.45 3.0 14.29 3.92 11.75
Voc. H. Sc. 205 48.29 21.95 5.37 2.44 10.73 4.88 6.34
Two Year

University 81 35.8 18.52 13.58 7.41 14.81 -- 9.88
Four Year

Univ. &over 127 44.88 20.47 9.45 2.36 19.69 - 3.15
Broad N <=3 4-6 7-9 months | 10-12 13-18 19-24 >24
Definition months months months | months months months
Total 2453 27.56 22.5 8.03 3.63 22.38 3.71 12.19
Non-Graduate | 65 24.62 32.31 7.69 4.62 21.54 3.08 6.15
Primary 601 27.79 21.3 7.32 3.49 23.63 3.00 13.48
Middle Sc. 359 30.64 22.28 7.8 3.06 21.45 2.23 12.53
High Sc. 799 23.65 22.4 7.13 4.13 23.90 5.26 13.52
Voc. H. Sc. 333 31.53 22.52 7.51 3.00 18.92 4.80 11.71
Two Year

University 121 24.79 22.31 14.88 4.96 21.49 1.65 9.92
Four Year

Univ. &over 175 33.71 24 11.43 2.86 20.57 1.71 5.71

Table 5.4: Unemployment Duration by Education Level for the Other Job Seekers

ILO N <=3 4-6 months | 7-9 months | 10-12 13-18 19-24 >24
Definition months months months months months
Total 3338 58 20.25 3.59 1.53 9.29 1.11 6.23
Non-Graduate | 241 56.02 23.24 3.73 1.66 7.47 - 7.88
Primary 1914 60.45 19.64 3.5 1.52 8.99 0.94 4.96
Middle Sc. 449 57.46 22.27 3.12 1.34 8.02 1.11 6.68
High Sc. 373 51.21 19.84 5.9 2.14 10.19 1.88 8.85
Voc. H. Sc. 209 51.67 19.14 3.35 1.91 12.92 2.39 8.61
Two Year
University 56 53.57 16.07 -- - 14.35 1.82 14.3
Four Year
Univ. &over 96 59.38 21.88 1.04 - 11.34 1.03 5.13

Broad N <=3 4-6 months | 7-9 months | 10-12 13-18 19-24 >24
Definition months months months months months
Total 4530 43.6 24.53 5.81 1.88 14.19 1.61 8.39
Non-Graduate | 337 42.14 29.38 5.34 1.19 11.57 0.89 9.50
Primary 2537 46.28 24.36 5.64 2.01 12.89 1.46 7.37
Middle Sc. 609 43.19 25.62 4.93 1.81 13.14 1.48 9.85
High Sc. 553 35.26 24.77 7.96 1.63 19.71 1.81 8.86
Voc. H. Sc. 296 37.5 18.92 6.42 2.36 20.95 2.70 11.15
Two Year
University 75 41.33 21.33 2.67 2.78 13.89 4.17 13.89
Four Year
Univ. &over 123 47.97 23.58 5.69 0.79 12.70 2.38 7.14

Source: Computed by the author using raw data.
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5.4 Estimation Results

In the following sections, firstly, we provide the results of non-parametric duration
analysis by using the Turnbull’s survivor function. In the second part, we look at estimation
results under semi-parametric specifications while controlling for the neglected

heterogeneity, under ILO and broad definitions of unemployment.

5.4.1 Non-Parametric Duration Analysis

In order to get an idea about the shape of the distribution of unemployment
durations, under ILO and broad definitions, the Turnbull’s survival functions -which
directly consider the special nature of the data, that is interval censored- are plotted for men
and women separately (see Figure 5.1 and 5.2). This function indicates the probability that
an individual survives in the state of unemployment for at least a specified period of time.
Turnbull’s survival function suggests a clear difference between men and women under
each definition of unemployment, regardless of being first-time or other job seekers. As
depicted in Figures 5.1 and 5.2 that the probability of surviving beyond 12 months, for
male, is about 76.9 and 57.33 percentages under ILO definition of unemployment for the
first-time job-seekers and other job-seekers, respectively. The same probabilities under
broad definition of unemployment are 83.32 and 65.73, in the same order. However, the
same probabilities for female are always larger that those of for men. The probability of
surviving beyond one year for female is about 89.8 (96.5) and 62.4 (88.4) under ILO
(broad) definition of unemployment for the first-time and other job seekers, respectively.
Hence, it is possible to say that first-time job seekers, regardless of gender difference, have

longer unemployment durations than the other unemployed individuals.

In the same figures we also compare the survival functions for the urban and rural
resident first-time and other job-seeker individuals under ILO and broad definition of
unemployment. It may be seen from the Figures 5.1 and 5.2 that survival functions for
urban and rural resident individuals move together until about the end of the first-year for

each group (rural & urban) of individuals. However, after one year survival probability for
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the urban resident individuals is larger than that for the rural resident individuals. The
probabilities of surviving beyond one year in urban areas are about 86.5 (90.5) and 64.3
(72.2) percentages under ILO (broad) definition of unemployment for the first-time and
other job-seekers, respectively. The same probabilities for the rural resident ones, for both

first-time and other job-seekers, are lower than that for the urban residing ones.

Figures 5.3 and 5.4 shows the plots of the hazard function for the first-time and
other job-seekers under ILO and broad definitions of unemployment. It is observed from
the figures that the hazard for males, for both first-time and other job-seekers, is always
larger than that for females. A further observation is that the hazard, even though it has
some fluctuations, increases with the increase in time for first- time job-seeker males, under

both definitions of unemployment. On the other hand,
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Figure 5.1: Turnbull's Survival Function for the First-time Job-seekers and Others under

ILO Definition
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Definition

the hazard for the other-job seeker males shows, with an initial increase until about 12"
month, a declining trend until about the end of the seventh year. The same result holds

under each definitions of unemployment. The largest increase in the hazard after that year

can be explained by low number of observations in that group. Regarding the hazards for

females, even though it has no clear time profile for the first-time job-seekers, it has a
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decreasing trend for the other job-seeker females, with an initial increase, as for males in

the same group, under both definitions of unemployment.

Table 5.5: Log Rank Test of Differences in Hazard Rates of Selected Labor
Market Groups

ILO DEFINITION BROAD DEFINITION

Labor Force Firs-time Job Other Firs-time Job Other Unemployed
Groups Seekers Unemployed Seekers
Male/Female 60.68%+* 102.54%%* 119.92%%* 141.06%**

(0.00) (0.00) (0.00) (0.00)
Age Group 18.92%** 18.94%** 26.75%** 28.14%*%*

(0.002) (0.002) (0.00) (0.00)
Married/Others 16.35%* 42.20%** 17.49%** 43.73%%%

(0.00) (0.00) (0.00) (0.00)
Graduated from 0.34 0.39 5.39%* 0.03
University/Others (0.56) (0.53) (0.02) (0.87)
Lives in  Urban 3.16* .25k 8.18%k* 16.44%%3
Areas/Others

(0.075) (0.004) (0.003) (0.00)

Notes 1) *** significant at 1 % ; ** significant at 5 % ; * significant at 10 %.
2) Age groups are: age 15-19, 20-24, 25-34, 35-44, 45-54, above 55.

As mentioned in the previous chapter, by using non-parametric techniques, such as
log-rank test, one can test for the equality of survival functions. Before considering the
parametric estimation, let us look at the log-rank tests results provided in Table 5.5. One
clear observation from the Table 5.5 is that the equality of the survival functions for male
and female is always rejected under both definitions of unemployment, regardless of being
first-time or other job-seekers. The equality of the survival function is also rejected for
different age-groups as well as for the married and non-married ones for both first-time and
other job seekers, under each definition of unemployment. However, log-rank test accepts
the equality of survival function for the university graduated individuals and others, under
ILO definition of unemployment, for both first-time and other job-seekers. Nevertheless,
this test rejected the same hypothesis (i.e. the equality of survival function for the university
graduated individuals and others) for the first-time job-seekers under broad definition of
unemployment. Further, rural/urban equality is also rejected by the data, under each
definition of unemployment for each group of unemployed, (i.e. first-time and others) even
though it has low power for the first-time job seekers under ILO definition (we reject the

equality only at 10 percent significance level).
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5.4.2 Parametric Estimation Results

In this part we estimate our models initially for the first-time and other-job seekers
separately without considering the gender difference, later discuss the results for each
gender separately. We estimate our econometric models, again, under proportional, logistic
and log-normal specifications with and without unobserved heterogeneity. It should also be
noted that our models, as in the previous chapter, reject the inclusion of the unobserved
heterogeneity. Therefore, we prefer reporting only the results from the standard grouped
duration model without unobserved heterogeneity term. Before interpreting the estimation
results we test the proportionality assumption and select the best fitting model by using the

AlC.

5.4.2.1 Testing for Proportionality and Model Selection

As stated in Chapter 4, in the proportional hazard model we assume that the coefficients of
the covariates in the hazard function are constant over time. Since the testing procedure is
provided in Chapter 4, we do not give the detail of this method. Testing results for
proportionality are provided in Tables 5.6 and 5.7 under ILO and broad definitions of
unemployment, respectively. As Tables of 5.6 and 5.7 show, the restriction of equal
baseline hazards is accepted (i.e. we accept the exponential model with respect to
proportional hazard model) only for the other-job-seckers-female under ILO definition of
unemployment, since the calculated test statistic is greater than the critical value at 5
percent significance level. In all of the other cases we choose the proportional hazard model
with respect to exponential model. Regarding the test statistic values for the model with
time varying coefficients, it is clearly observed that in all cases the proportionality
assumption can not be rejected by the data for each alternative groups of unemployed under
both definitions of unemployment, with no exception. As alternatives to the proportional
hazard model we have estimated our models under “log-logistic” and “log-normal”
distributions -these are non-proportional models-. Since the last two models are non-nested
models, to select the best fitting model we use, again, the AIC. It is clear from the Tables
5.8 through 5.11 that the calculated AIC values (and log-likelihood values) are very near to
each other. In the tables for comparison we present the results for each of the distributions,
the bold one represent the chosen model with a slight difference. In the following part we

initially provide the estimation results for the first-time job-seekers and then move on the
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results for the other job-seekers, under ILO and broad definition of unemployment.

Table 5.6: Testing For Proportionality -ILO Definition-

Proportional Hazard Model and Exponential Model

Proportional Exponential LR test PH& | Critical Value Decision
Hazard Model Model Exponential
All -718.56 -754.06 71 19.7 Accept PH
Firstime Male -514.8 -541.87 54.14 19.7 Accept PH
Female -168.13 -188.57 40.88 19.7 Accept PH
All -2300.04 -2410.89 221.7 19.7 Accept PH
Others Male -2015.06 -2108.1 186.08 19.7 Accept PH
Female -264.64 -273.65 18.02 19.7 Reject PH
Proportional Hazard Model & Unrestricted Model with time varying Coefficients
PH Model Non-PH LR test Non- | Critical Value Decision
PH and PH
All -718.56 -580.78 275.57 361.37 Accept PH
Firstime Male -514.8 -414.27 201.05 314.4 Accept PH
Female -168.13 -90.06 156.13 337.91 Accept PH
All -2300.04 -2137.94 324.2 361.37 Accept PH
Others Male -2015.06 -1869.89 290.35 337.91 Accept PH
Female -264.64 -201.55 126.17 337.91 Accept PH
Table 5.7: Testing For Proportionality -Broad Definition-
Proportional Hazard Model and Exponential Model
Proportional Exponential LR test PH& | Critical Value Decision
Hazard Model Model Exponential
All -1276.21 -1340.95 129.48 19.7 Accept PH
Firstime Male -927.57 -962.52 69.9 19.7 Accept PH
Female -321.01 -364.41 86.8 19.7 Accept PH
All -3359.46 -3441.31 163.7 19.7 Accept PH
Others Male -2917.85 -2991.59 147.48 19.7 Accept PH
Female -408.99 -419.08 20.18 19.7 Accept PH
Proportional Hazard Model & Unrestricted Model with time varying Coefficients
PH Model Non-PH LR test Non- | Critical Value Decision
PH and PH
All -1276.21 -1127.19 298.04 361.37 Accept PH
Firstime Male -927.57 -804.98 245.18 314.4 Accept PH
Female -321.01 -209 224.01 337.91 Accept PH
All -3359.46 -3206.87 305.19 361.37 Accept PH
Others Male -2917.85 -2786.33 263.03 337.91 Accept PH
Female -408.99 -328.85 160.29 337.91 Accept PH
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5.4.2.2 Covariate Effects for the First-Time Job-Seekers

As in the previous chapter, the AIC values are almost identical across specifications
with a slight variation. We can choose the lognormal model under both definitions of
unemployment, without considering the gender difference. Our model choice slightly
changes under gender difference. The proportional hazard model is selected for males under
ILO definition, and for females under broad definition of unemployment. Furthermore, in
the tables we have also presented the exclusion restriction test results for the occupation
group dummies. As can be seen, we again reject the exclusion of these variables from the
models (see LR of occupations from the Tables 5.8 and 5.9). Let us now look at the

estimation results for the first-time job-seekers with the alternative models that we have.

Tables 5.8 and 5.9 suggests that living in “urban” areas have positive and
significant effect on the probability of finding a job (i.e. on the hazard rate) in all of the
alternative distributions for the first-time-job-seekers in the whole sample estimation. The
same result holds for both ILO and broad definition of unemployment. The sign of the
variable does not change when we look at the estimation results under gender separation,
while significant contribution (at 5 percent level) is only seen for males under both
definitions of unemployment. Thus, urban-resident first-time-job-seekers, particularly men,

have shorter unemployment durations than the rural resident ones.

Furthermore, regarding the dummy variables of “female” and “FemMar*”” we find
the same result, as in the pooled data models. Thus first-time-job-seeker females, regardless
of marriage, have longer unemployment durations than first-time job-seeker males.
However, in contrast to our previous expectation, the results under gender difference
reveals that the effect of marriage on the probability of finding a job is for the first-time
job-seeker males is negative and significant (not-significant) under ILO (broad) definition
of unemployment. This result contradicts with our previous results with pooled data that
marriage increases the hazard for men due to the “bread winner” role of men in the

traditional Turkish family.

In addition, with respect to geographical region dummies, we find that, in all

2 “FemMar” is an interacion dummy taking value 1 if the sex is female and marital status is married.
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alternative distributions, residents of Marmara and South-East Anatolia region have shorter
unemployment durations than the base category of Central Anatolia under ILO definition of
unemployment. However, our conclusion slightly changes when we look at the estimation
results under gender difference for the first-time-job-seekers. For instance, first-time job
seeker females who live in East and South-East Anatolia have longer unemployment
durations than those who live in Central Anatolia. However, Aegean (and also Marmara at
10 percent significance level) region resident females have shorter unemployment durations
than the base category. When we relax our definition of unemployment, in addition to
Marmara (with a positive effect), Black Sea region also becomes significant at 10 percent
level with negative effect on the hazard rate for the whole sample data case (see Table 5.9).
Regarding the results under gender separation we observe that only living in Marmarra
region have a significant effect on the probability of exiting from unemployment at 10
percent level, but the other remaining region dummies show no significant difference for

each gender under broad definition of unemployment.

Concerning the education level dummies we find the somewhat different results for
the first-time-job-seekers from our previous findings for the pooled data under ILO
definition of unemployment. The effects of education level dummies on the hazard rate
(survival probability) are positive after the middle school level, but significant effect is
observed for the four-year university graduated individuals. This implies that four-year
university graduated first-time job-seekers have shorter unemployment durations than the
base category of less-educated (less-than-primary education) ones. Regarding the results
under gender difference we observe somewhat different results for men than for women.
For men it is seen from the Table 5.8 that all education level dummies have positive, but
not significant effect at 5 percent significance level, on the hazard. The same observation is
also hold under broad definition of unemployment (see Table 5.9). For women, in contrast
to men, we observe the positive, but not significant, effect on the hazard only from the
university degrees of two-years and four-years under ILO definition of unemployment (see
Table 5.8). The other remaining education level dummies have negative effect on the
hazard of first-time job-seeker women. The effect of two-year university degree on the
hazard also becomes negative with the relaxation in unemployment definition (see Table

5.9).
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With respect to age variables, we find that there is no significant difference
between the base category of age15-19 and the other age groups under the ILO definition of
unemployment, except the oldest individuals (see Table 5.8). Regarding the results under
gender separation we observe that first-time job-seeker males who are in the age group of
20-24 have shorter unemployment durations than the youngest age group, for both the ILO
and the broad definitions of unemployment. The estimation result is different for the first-
time job-seeker females than males. The effect of age dummies on the hazard is always
negative under each definition of unemployment. This implies that the individuals in the
other age groups are less likely to find a job with respect to the base category of age 15-19
(see Tables 5.8 and 5.9).

Moreover, the estimation results concerning to local (province level)
unemployment rate, for each of the alternative models, yield the same result as in the case
of pooled data under both definitions of unemployment again. Hence, it is possible to say
that first-time-job-seekers who live in the provinces with high unemployment rates have
longer unemployment durations than the other unemployed individuals. Regarding the
results with gender separation produce somewhat different conclusions. For the first-time-
job-seeker-males there is no-significant difference between the high unemployment areas
and other areas under the ILO definition of unemployment, but not under the broad

definition.

Regarding the results for the occupation dummies we observe that the inclusion of
these dummies, again make significant contribution to our estimation results. It is revealed
from the Table 5.8 that with respect to “Professionals and etc.” other occupation groups
have significantly shorter unemployment durations under the ILO definition of
unemployment, with the exception of three that “managerial and related” (occup2),
“clerical and related workers” (occup3) and “workers not-classified by occupation”
(occup8). Our conclusion somewhat change if we look at the estimation results under the
broad definition of unemployment (see Table 5.9). Let us now look at the estimation results
under gender separation. It is evident from the Table 5.9 that the “clerical and related
workers” (occup3) have longer unemployment durations than “professionals”. We further
observe that, for both males and females, the individuals working in the “agricultural
sector” (occup6) have shorter unemployment durations than the base category. The

conclusion does not change too much when we relax our definition of unemployment. A
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further observation for females is that, regardless of the definition, “workers non-classified
by occupation (occup8)” are more likely to obtain a job. The same conclusion also holds for

men in the occupation group of “non-agricultural workers”.
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Table 5.8: Estimation Results for First-time Job-Seekers under ILO-Definition

Variables ALL MALE FEMALE
Proportional Log-log Log-Normal | Proportional Log-log Log-Normal| Proportional Log-log Log-Normal
urban 0.359* 0.437* 0.231** 0.483* 0.555** 0.291* 0.464 0.485 0.209
[0.192] [0.214] [0.104] [0.215] [0.236] [0.118] [0.567] [0.564] [0.238]
female -0.692*** -0.737*** -0.339***
[0.180] [0.190] [0.088]
married -0.524 -0.603* -0.321* -0.653* -0.742** -0.405** -1.228** -1.331** -0.673***
[0.328] [0.345] [0.174] [0.344] [0.371] [0.189] [0.588] [0.591] [0.243]
FemMar -1.240* -1.270* -0.560*
[0.662] [0.670] [0.294]
Marmara 0.555** 0.567* 0.282** 0.425 0.436 0.227 1.020 1.073 0.498*
[0.273] [0.298] [0.141] [0.308] [0.336] [0.168] [0.705] [0.721] [0.293]
Aegean 0.268 0.305 0.173 -0.095 -0.091 -0.018 1.362** 1.414** 0.620**
[0.296] [0.324] [0.154] [0.359] [0.390] [0.194] [0.683] [0.707] [0.292]
Mediterrianean -0.037 -0.024 -0.025 -0.016 -0.009 0.002 -0.363 -0.371 -0.155
[0.315] [0.342] [0.155] [0.344] [0.379] [0.183] [0.900] [0.912] [0.360]
BlackSea -0.034 -0.083 -0.083 -0.056 -0.109 -0.091 0.744 0.708 0.195
[0.305] [0.326] [0.152] [0.350] [0.375] [0.184] [0.747] [0.765] [0.314]
EastAnatolia 0.339 0.301 0.093 0.438 0.408 0.155 -14.610*** -14.698*** -3.999***
[0.297] [0.324] [0.157] [0.313] [0.343] [0.173] [0.708] [0.724] [0.292]
SouthEastAnatolia 0.790** 0.802** 0.367** 0.843** 0.884** 0.437* -14.588*** -14.689*** -3.971**
[0.322] [0.353] [0.175] [0.340] [0.379] [0.196] [0.675] [0.683] [0.262]
[Primary 0.034 0.025 -0.006 0.299 0.318 0.154 -1.662* -1.722* -0.731*
[0.458] [0.484] [0.238] [0.527] [0.564] [0.290] [0.858] [0.880] [0.398]
Middle 0.044 0.027 -0.005 0.285 0.289 0.127 -0.837 -0.872 -0.370
[0.469] [0.495] [0.244] [0.535] [0.572] [0.294] [0.879] [0.883] [0.399]
High 0.052 0.057 0.034 0.067 0.074 0.042 -0.105 -0.118 -0.043
[0.463] [0.491] [0.242] [0.537] [0.575] [0.294] [0.903] [0.895] [0.397]
VocHigh 0.250 0.267 0.145 0.430 0.439 0.232 -0.094 -0.072 -0.038
[0.487] [0.515] [0.255] [0.549] [0.586] [0.302] [1.000] [1.011] [0.444]
TwoYear Un. 0.421 0.479 0.274 0.173 0.218 0.118 0.861 1.009 0.526
[0.508] [0.546] [0.271] [0.624] [0.670] [0.341] [0.967] [0.976] [0.434]
FourYear Un. Plus 1.091** 1.272* 0.645** 0.914 1.134* 0.608* 1.496 1.572 0.712
[0.522] [0.561] [0.276] [0.623] [0.682] [0.349] [0.981] [1.008] [0.457]
age2024 0.279 0.287 0.124 0.446* 0.486* 0.254* -0.947** -0.983** -0.447*
[0.171] [0.184] [0.091] [0.192] [0.208] [0.106] [0.401] [0.412] [0.181]
age2534 -0.423* -0.448* -0.226* -0.309 -0.325 -0.130 -1.212* -1.279** -0.590**
[0.254] [0.270] [0.127] [0.302] [0.326] [0.156] [0.494] [0.513] [0.232]
age3544 0.121 0.099 -0.028 0.875 0.835 0.374 -0.290 -0.302 -0.151
[0.515] [0.543] [0.256] [1.044] [1.092] [0.583] [0.723] [0.762] [0.331]
age4554 -0.342 -0.346 -0.239 -0.842 -0.897 -0.436
[0.999] [1.000] [0.420] [0.922] [0.922] [0.395]
age55pl -9.727*** -8.194*** -2.324*** -16.290*** -16.511** -4.193***
[0.986] [1.007] [0.350] [1.135] [1.188] [0.435]
unemprate -3.255* -3.730** -2.047** -2.203 -2.611 -1.530 -3.918 -4.288 -2.309
[1.672] [1.768] [0.827] [1.786] [1.903] [0.934] [4.747] [4.937] [2.029]
occup2 0.656 0.680 0.348 -9.829*** -12.207*** -2.981*** 0.252 0.298 0.095
[1.098] [1.161] [0.517] [0.719] [0.744] [0.275] [1.127] [1.140] [0.507]
occup3 -0.301 -0.241 -0.064 -0.765 -0.696 -0.244 0.212 0.242 0.072
[0.356] [0.368] [0.160] [0.515] [0.527] [0.226] [0.689] [0.697] [0.291]
occup4 1.090*** 1.194*** 0.595*** 1.145*** 1.265*** 0.664** 0.890 0.918 0.399
[0.341] [0.359] [0.170] [0.422] [0.443] [0.211] [0.771] [0.799] [0.357]
occup5 1.125%** 1.237*** 0.628*** 1.125*** 1.246*** 0.654** 0.926 0.960 0.358
[0.325] [0.343] [0.162] [0.383] [0.403] [0.193] [0.875] [0.877] [0.364]
occup6 2.558*** 2.929** 1.566*** 2.528** 2.884** 1.565*** 3.103** 3.324*** 1.647**
[0.315] [0.369] [0.185] [0.383] [0.437] [0.221] [0.850] [0.907] [0.438]
occup? 1.415%** 1.558*** 0.784** 1.412%** 1.567*** 0.815** 1.168* 1.270** 0.570*
[0.276] [0.296] [0.141] [0.345] [0.368] [0.176] [0.612] [0.639] [0.294]
occup8 0.388 0.468 0.273 -0.599 -0.545 -0.246 3.758*** 3.947*** 1.742%*
[0.644] [0.671] [0.316] [1.051] [1.059] [0.435] [1.110] [1.223] [0.581]
h1 -3.455*** -3.388*** -1.796*** -2.740*** -2.731%* -1.507*** -7.565*** -7.613*** -3.257***
[0.198] [0.205] [0.096] [0.230] [0.242] [0.124] [0.468] [0.492] [0.202]
h2 -3.787*** -3.739*** -1.963*** -3.146*** -3.169*** =1.715%** -7.382%** =747 -3.256***
[0.237] [0.248] [0.117] [0.274] [0.293] [0.148] [0.469] [0.499] [0.218]
h3 -4.775*** -4.808*** -2.471%* -4.122*** -4.228*** -2.262** -8.405*** -8.536"** -3.734***
[0.363] [0.370] [0.168] [0.406] [0.414] [0.197] [0.724] [0.749] [0.292]
h4 -2.911*** -2.823*** -1.516*** -2.469"** -2.458** =1.371% -5.990*** -6.033*** -2.591***
[0.238] [0.250] [0.121] [0.284] [0.303] [0.159] [0.380] [0.390] [0.169]
h5 -4.275*** -4.265*** -2.194*** -3.925*** -4.010*** -2.176*** -7.012%** -7.078*** -3.076***
[0.473] [0.487] [0.222] [0.599] [0.607] [0.282] [0.699] [0.714] [0.294]
hé -4.976*** -4.973** -2.478*** -4.775*** -4.858*** -2.522** -7.534** -7.601*** -3.245***
[0.721] [0.740] [0.315] [1.008] [1.021] [0.415] [1.030] [1.058] [0.419]
h7 -5.519*** -5.539*** -2.832%* -4.578*** -4.668*** -2.492*** -21.958*** -22.118*** -7.205***
[1.002] [0.996] [0.380] [1.010] [1.010] [0.414] [0.223] [0.229] [0.096]
h8 -2.860"** -2.708*** -1.425*** -2.585"** -2.559*** -1.426*** -5.558*** -5.496*** -2.278***
[0.345] [0.375] [0.182] [0.466] [0.504] [0.259] [0.517] [0.546] [0.231]
h9 -3.870*** -3.840*** -2.043*** -2.944*** -2.952*** -1.644** -21.840*** -21.923*** -6.874***
[0.725] [0.752] [0.338] [0.747] [0.805] [0.395] [0.231] [0.234] [0.071]
h10 -3.635"** -3.626*** -1.982*** -2.629*** -2.652** -1.532*** -21.874*** -21.955*** -6.885***
[0.700] [0.713] [0.331] [0.730] [0.775] [0.398] [0.232] [0.236] [0.070]
h11 -2.260*** -2.228*** -1.278*** -0.513 -0.367 -0.283 -21.910** -21.967*** -6.943***
[0.544] [0.585] [0.319] [0.560] [0.672] [0.419] [0.282] [0.287] [0.081]
h12 -1.414** -1.186* -0.697* 0.584 0.710 0.206 -4.573*** -4.530*** -1.842***
[0.630] [0.706] [0.391] [0.843] [1.043] [0.679] [0.719] [0.792] [0.450]
Wald chi2 1846.401 1629.587 2654.124 1404.015 1506.647 2207.925 89995.071 90381.722  193324.263
Prob>chi2 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000
AIC 0.362 0.362 0.361 0.507 0.507 0.506 0.206 0.206 0.205
Log-Likelihood -718.56 -717.25 -715.15 -514.80 -514.63 -514.30 -168.13 -168.22 -167.45
LR of Occup 124.73 127.09 130.16 110.56 111.54 113.52 24.05 23.83 24.78
Prob>chi2 0 0 0 0 0 0 0 0 ()
Observations 4191 4191 4191 2178 2178 2178 2013 2013 2013
Note: See Table 3.10
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Table 5.9: Estimation Results for First-time Job-Seekers under Broad-Definition

Variables ALL MALE FEMALE
Proportional Log-log Log-Normal | Proportional Log-log Log-Normal |Proportional Log-log Log-Normal
urban 0.409*** 0.461*** 0.228*** 0.374** 0.411* 0.209** 0.685* 0.741* 0.312*
[0.148] [0.162] [0.078] [0.162] [0.175] [0.086] [0.383] [0.415] [0.182]
female -0.719** -0.786*** -0.380***
[0.134] [0.142] [0.066]
married -0.228 -0.257 -0.117 -0.264 -0.296 -0.149 -1.078** -1.147* -0.5632**
[0.229] [0.250] [0.123] [0.227] [0.246] [0.122] [0.404] [0.410] [0.169]
FemMar -0.850** -0.868** -0.426*
[0.424] [0.438] [0.192]
Marmara 0.503*** 0.513** 0.249** 0.383* 0.390* 0.198* 0.714* 0.746* 0.314*
[0.187] [0.203] [0.098] [0.217] [0.236] [0.120] [0.391] [0.415] [0.176]
Aegean 0.101 0.113 0.077 0.068 0.072 0.065 0.300 0.312 0.136
[0.222] [0.242] [0.117] [0.265] [0.289] [0.146] [0.415] [0.440] [0.193]
Mediterrian -0.136 -0.173 -0.120 -0.072 -0.102 -0.080 -0.475 -0.481 -0.241
[0.215] [0.227] [0.105] [0.244] [0.260] [0.126] [0.487] [0.493] [0.194]
BlackSea -0.274 -0.344 -0.202* -0.170 -0.233 -0.146 -0.486 -0.526 -0.283
[0.208] [0.221] [0.105] [0.240] [0.256] [0.128] [0.418] [0.433] [0.184]
EastAnatolia 0.140 0.078 -0.015 0.255 0.218 0.074 -0.760 -0.848 -0.444
[0.201] [0.218] [0.106] [0.219] [0.239] [0.121] [0.620] [0.647] [0.278]
'SouthEastAnatolia 0.094 0.058 -0.009 0.214 0.189 0.073 -0.859 -0.902 -0.477
[0.244] [0.263] [0.126] [0.258] [0.279] [0.139] [1.024] [1.021] [0.384]
Primary 0.120 0.142 0.073 0.339 0.377 0.203 -0.799 -0.811 -0.333
[0.387] [0.407] [0.200] [0.457] [0.476] [0.236] [0.823] [0.864] [0.383]
Middle 0.117 0.125 0.058 0.339 0.364 0.195 -0.853 -0.864 -0.367
[0.398] [0.419] [0.206] [0.467] [0.487] [0.242] [0.846] [0.886] [0.403]
High 0.241 0.255 0.127 0.285 0.312 0.175 -0.192 -0.189 -0.095
[0.394] [0.414] [0.204] [0.466] [0.485] [0.240] [0.855] [0.887] [0.395]
VocHigh 0.144 0.192 0.131 0.252 0.300 0.197 -0.081 -0.071 -0.026
[0.407] [0.429] [0.211] [0.477] [0.498] [0.247] [0.876] [0.916] [0.409]
TwoYear Un. 0.205 0.233 0.164 0.325 0.379 0.250 -0.433 -0.363 -0.059
[0.444] [0.474] [0.234] [0.527] [0.557] [0.280] [0.922] [0.990] [0.435]
FourYear Un. Plus 0.855* 0.958** 0.511** 0.825 0.945 0.532* 0.714 0.743 0.366
[0.455] [0.482] [0.235] [0.547] [0.577] [0.287] [0.934] [0.971] [0.426]
age2024 0.310** 0.333** 0.151* 0.428*** 0.461** 0.232*** -0.309 -0.291 -0.130
[0.133] [0.142] [0.069] [0.146] [0.156] [0.078] [0.303] [0.318] [0.138]
age2534 -0.241 -0.231 -0.111 -0.201 -0.201 -0.071 -0.567 -0.579 -0.271
[0.182] [0.193] [0.091] [0.210] [0.225] [0.110] [0.380] [0.392] [0.165]
age3544 -0.592 -0.629 -0.328* -0.624 -0.641 -0.286 -1.050 -1.088 -0.512*
[0.400] [0.415] [0.185] [0.597] [0.636] [0.293] [0.644] [0.671] [0.287]
age4554 0.092 0.111 0.070 -0.397 -0.401 -0.110
[0.718] [0.743] [0.345] [0.789] [0.837] [0.395]
age55pl -15.077*** -14.683*** -4.151*** -14.065*** -15.045*** -4.041%** -14.246*** -15.070*** -3.644**
[0.689] [0.620] [0.155] [0.667] [0.470] [0.195] [0.977] [1.154] [0.346]
unemprate -3.720*** -4.024** -1.968*** -3.842*** -4.158*** -2.064*** -2.285 -2.530 -1.423
[1.272] [1.337] [0.619] [1.408] [1.486] [0.720] [2.912] [2.967] [1.208]
occup2 0.071 0.067 0.038 -0.086 -0.096 -0.038 0.062 0.134 0.064
[0.764] [0.809] [0.373] [1.045] [1.087] [0.513] [1.186] [1.286] [0.530]
occup3 -1.438** -1.436™* -0.588*** -1.781% -1.786™** -0.743*** =1.191%* -1.232*** -0.515"*
[0.262] [0.273] [0.118] [0.361] [0.374] [0.166] [0.427] [0.437] [0.175]
occup4d 0.519** 0.575** 0.316*** 0.580** 0.643** 0.359** 0.033 0.015 0.041
[0.239] [0.252] [0.121] [0.271] [0.288] [0.145] [0.615] [0.632] [0.262]
loccup5 0.370 0.414* 0.234* 0.285 0.336 0.210 0.423 0.408 0.162
[0.233] [0.246] [0.116] [0.271] [0.286] [0.142] [0.519] [0.528] [0.223]
occup6 2.028*** 2.296"** 1.256*** 1.819** 2.060*** 1.160*** 3.047** 3.208*** 1.559***
[0.230] [0.265] [0.136] [0.264] [0.303] [0.161] [0.525] [0.572] [0.275]
occup? 0.646** 0.702*** 0.370** 0.610*** 0.674*** 0.370*** 0.453 0.487 0.256
[0.203] [0.215] [0.103] [0.236] [0.251] [0.126] [0.429] [0.449] [0.195]
occup8 0.094 0.111 0.080 -0.383 -0.380 -0.176 2.084** 2.174* 0.970*
[0.488] [0.508] [0.244] [0.615] [0.627] [0.289] [0.926] [0.977] [0.452]
h1 -3.764** -3.737*** -1.910*** -3.461** -3.458*** -1.768*** -5.526*** -5.537*** -2.632***
[0.154] [0.161] [0.074] [0.183] [0.193] [0.088] [0.362] [0.369] [0.148]
h2 -3.809*** -3.787** -1.929*** -3.652** -3.561*** -1.817%* -5.134** -5.178*** -2.494**
[0.170] [0.180] [0.083] [0.197] [0.209] [0.098] [0.365] [0.388] [0.166]
h3 -4.598*** -4.624** -2.334** -4.274*** -4.329*** -2.203*** -6.309** -6.405** -3.036™*
[0.244] [0.252] [0.113] [0.278] [0.289] [0.130] [0.585] [0.601] [0.239]
h4 -2.912%* -2.829*** -1.462*** -2.845** -2.801*** -1.429** -3.635** -3.655*** -1.851**
[0.161] [0.172] [0.082] [0.198] [0.214] [0.104] [0.265] [0.273] [0.119]
h5 -3.222%* -3.158*** -1.629*** -3.067*** -3.041%* -1.566*** -3.957*** -3.992*** -2.035***
[0.209] [0.223] [0.107] [0.249] [0.268] [0.133] [0.378] [0.384] [0.165]
hé -4.070*** -4.057*** -2.041*** -4.043*** -4.083*** -2.083*** -4.546*** -4.580*** -2.253***
[0.371] [0.391] [0.178] [0.466] [0.488] [0.227] [0.603] [0.619] [0.251]
h7 -4.853* -4.885** -2.465"* -4.321** -4.386*** -2.251%** -18.178**  -18.966*** -5.888***
[0.579] [0.587] [0.248] [0.585] [0.601] [0.273] [0.191] [0.184] [0.108]
h8 -2.541%** -2.361%** -1.200*** -2.593*** -2.502*** -1.283*** -2.948*** -2.920*** -1.490***
[0.247] [0.274] [0.137] [0.326] [0.364] [0.192] [0.339] [0.361] [0.170]
h9 -18.089*** -17.637*** -6.183*** -17.204** -18.177** -6.193** -18.229** -18.924*** -5.839"*
[0.229] [0.273] [0.143] [0.372] [0.389] [0.187] [0.240] [0.231] [0.084]
h10 -18.089***  -17.637*** -6.183*** -17.204** 18177 -6.193*** -18.229***  -18.924*** -5.839**
[0.229] [0.273] [0.143] [0.372] [0.389] [0.187] [0.240] [0.231] [0.084]
h11 -2.265*** -2.146*** -1.108*** -1.668*** -1.462*** -0.693** -3.632*** -3.638*** -1.843**
[0.364] [0.419] [0.219] [0.427] [0.555] [0.314] [0.745] [0.779] [0.349]
h12 -2.080** -1.921%** -1.010*** -2.023*** -1.850** -0.898* -2.637** -2.637*** -1.408***
[0.486] [0.542] [0.280] [0.775] [0.920] [0.482] [0.600] [0.624] [0.323]
Wald chi2 19361.23 13093.93 12301.91 6712.65 8375.22 6784.27 49672.74 69149.77 41541.402
Prob>chi2 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000
AIC 0.326 0.325 0.324 0.472 0.472 0.472 0.180 0.180 0.181
Log-Likelihood -1276.212 -1274.351 -1269.734 -927.521 -927.073 -925.885 -321.017 -322.053 -322.457
LR of Occup 250.648 252.336 255.02 193.79 194.48 196.818 74.138 72.062 69.748
Prob>chi2 0 0 0 0 0 0 0 0 0
Observations 8091 8091 8091 4087 4087 4087 4004 4004 4004

Note: See Table 3.10
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5.4.2.3 Covariate Effects for the Other-Job-Seekers

The estimation results for the other-job-seekers are provided in the Tables 5.10 and
5.11. Table 5.10 shows that living in “urban” areas have significant affect on the
probability of finding job only at 10 percent level under the ILO definition of
unemployment, for the whole sample data. The significance level increases to 5 percent if
we use the broad definition of unemployment (see Table 5.11). If we look at the estimation
results under gender difference we observe a similar result for women as for the whole

sample, but not for men.

Likewise, for the variables of “female”, “FemMar” and “married” we observe that
for both the ILO and the broad definition of unemployment, other-job-seeker women (and
married-women) have longer unemployment durations than other-unemployed men.
However, our conclusion about the effect of marriage on the unemployment duration
changes when we estimate our models under gender separation. The effect of this variable
on the hazard (or on the probability of finding a job) is positive and significant in the case

of men under both definitions of unemployment, but not significant for women.

Furthermore, regarding the estimation results for the education level dummies we
find the parallel results with our previous findings as for the pooled data under the ILO
definition of unemployment. As can be seen from the Table 5.10, more educated
individuals have shorter unemployment durations than the base category of non-graduates
under this definition. Our conclusion changes if we consider the results under broad
definition of unemployment. It is observed from Table 5.11 that only having a university
degree makes a significant and positive effect on the probability of getting job, while the
other education levels do not make significant effects. The significance level of the
education dummies slightly changes, but not their signs, if we look at the estimation results
considering the gender difference under the ILO definition of unemployment (see Table
5.10). Regarding the age variables, we find the expected results that the increases in age
decreases the probability of finding a job under both definitions of unemployment.
However, the significant difference is observed for the ages more than 35 (25) under the
ILO (broad) definition of unemployment without considering the gender difference. With
regard to estimation results under gender separation we observe the similar results. Overall

findings imply that older individuals, particularly in their mid-career and late-career, have
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longer unemployment durations than the younger or the youngest ones.

Further, as in the pooled data models, estimation results related to local (province
level) unemployment rate, for each of the alternative models under both definitions and also
under gender separation, produce the same result. Hence, individuals who live in provinces
with high-unemployment rate have less chance of finding a job, regardless of gender

difference.

Concerning the estimation results for the occupation dummies we see that the
inclusion of these dummies, again make significant contribution to our estimation results. It
is observed from Tables 5.10 and 5.11 the individuals in the following occupations have
shorter unemployment duration than the base category of “Professionals and etc.” These
occupations are “managerial and related”, “sales workers”, “agricultural workers” and
“non-agricultural workers” under the ILO definition of unemployment. The results for these
occupations do not change under broad definition of unemployment. The estimation results
under gender separation give only one important difference. Working as a managerial
worker increases the probability of finding a job for men, while it decreases the same

probability for women regardless of the definition of unemployment used.
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Table 5.10 Estimation Results for the Other Job-Seekers under ILO Definition

Variables ALL MALE FEMALE
Proportional Log-log Log-Normal | Proportional Log-log Log-Normal | Proportional Log-log Log-Normal
urban 0.151 0.177 0.109* 0.118 0.135 0.083 2.065* 2.101* 0.916**
[0.102] [0.115] [0.062] [0.105] [0.119] [0.065] [1.208] [1.218] [0.437]
female -0.442** -0.450** -0.203*
[0.165] [0.177] [0.088]
married 0.584** 0.659** 0.365"** 0.568** 0.643** 0.355*** -0.257 -0.287 -0.120
[0.109] [0.121] [0.065] [0.114] [0.128] [0.070] [0.307] [0.319] [0.147]
FemMar -0.926*** -1.020*** -0.534**
[0.265] [0.280] [0.135]
Marmara -0.071 -0.087 -0.046 -0.054 -0.066 -0.032 -0.438 -0.437 -0.189
[0.119] [0.132] [0.070] [0.124] [0.138] [0.074] [0.484] [0.496] [0.227]
Aegean -0.037 -0.052 -0.025 0.007 -0.000 0.003 -0.511 -0.478 -0.149
[0.135] [0.150] [0.080] [0.139] [0.157] [0.085] [0.627] [0.639] [0.271]
Mediterrianean 0.112 0.121 0.067 0.070 0.071 0.040 0.197 0.226 0.116
[0.130] [0.145] [0.077] [0.137] [0.153] [0.083] [0.534] [0.538] [0.242]
BlackSea -0.096 -0.130 -0.080 -0.046 -0.071 -0.045 -0.771 -0.799 -0.351
[0.146] [0.162] [0.087] [0.153] [0.171] [0.094] [0.600] [0.610] [0.273]
EastAnatolia 0.157 0.161 0.087 0.151 0.149 0.079 0.780 0.746 0.325
[0.161] [0.184] [0.102] [0.164] [0.188] [0.105] [1.153] [1.199] [0.625]
SouthEastAnatolia 0.351** 0.378** 0.200** 0.430™* 0.483** 0.266*** -1.922 -1.953 -0.718
[0.140] [0.160] [0.088] [0.143] [0.165] [0.092] [1.198] [1.239] [0.508]
Primary 0.447** 0.503** 0.271%** 0.404** 0.461** 0.258** 0.630 0.625 0.194
[0.183] [0.196] [0.102] [0.186] [0.202] [0.106] [1.117] [1.148] [0.422]
Middle 0.446™* 0.505** 0.269** 0.359* 0.407* 0.220* 1.485 1.534 0.652
[0.200] [0.216] [0.113] [0.204] [0.223] [0.118] [1.143] [1.171] [0.439]
High 0.378* 0.433* 0.242** 0.254 0.292 0.166 1.561 1.644 0.720*
[0.211] [0.228] [0.119] [0.219] [0.239] [0.126] [1.128] [1.154] [0.431]
VocHigh 0.446* 0.515** 0.286** 0.357 0.417 0.231 1.293 1.354 0.579
[0.235] [0.254] [0.132] [0.247] [0.271] [0.143] [1.183] [1.220] [0.462]
[TwoYear Un. 1.608*** 1.818"* 0.973*** 1.461*** 1.671** 0.911*** 2.747* 2.877* 1.301***
[0.293] [0.330] [0.174] [0.321] [0.370] [0.202] [1.208] [1.253] [0.489]
FourYear Un. Plus 1.019*** 1.148*** 0.630*** 0.603* 0.664* 0.355* 2.787* 3.010** 1.420%**
[0.286] [0.317] [0.167] [0.333] [0.365] [0.194] [1.145] [1.194] [0.465]
age2024 -0.228 -0.237 -0.108 -0.307* -0.332* -0.160 -0.205 -0.227 -0.139
[0.155] [0.171] [0.090] [0.177] [0.196] [0.106] [0.362] [0.383] [0.183]
age2534 -0.273* -0.299* -0.158* -0.309** -0.345% -0.185* -0.340 -0.377 -0.219
[0.141] [0.157] [0.084] [0.158] [0.177] [0.097] [0.374] [0.384] [0.180]
age3544 -0.309** -0.346** -0.193* -0.311* -0.351* -0.190* -1.042* -1.115% -0.597*
[0.152] [0.169] [0.091] [0.168] [0.189] [0.104] [0.552] [0.556] [0.242]
aged554 -0.707* -0.794** -0.441%** -0.708*** -0.802*** -0.445%** -1.321* -1.367* -0.656**
[0.172] [0.190] [0.101] [0.188] [0.209] [0.114] [0.680] [0.711] [0.318]
age55pl -1.051*** -1.160*** -0.621** -1.062*** -1.183** -0.634* -15.453*** -15.010*** -4.306***
[0.240] [0.261] [0.135] [0.250] [0.274] [0.145] [0.745] [0.755] [0.282]
unemprate -4.408*** -4.958*** -2.727* -4.125*** -4.669*** -2.621** -7.854** -8.278** -3.806™*
[0.874] [0.954] [0.501] [0.914] [1.005] [0.536] [3.613] [3.650] [1.560]
occup2 0.739** 0.879** 0.497** 0.725* 0.877* 0.500** 14,117 =13.511%* -3.463**
[0.367] [0.419] [0.220] [0.381] [0.439] [0.233] [0.919] [0.950] [0.338]
occup3 -0.347 -0.340 -0.152 -0.565 -0.577 -0.293 -0.106 -0.052 0.012
[0.280] [0.294] [0.139] [0.367] [0.386] [0.186] [0.481] [0.489] [0.222]
occupd 1.080*** 1.193*** 0.630*** 0.989*** 1.100*** 0.590*** 1.309* 1.434* 0.702**
[0.238] [0.261] [0.131] [0.273] [0.301] [0.156] [0.539] [0.559] [0.265]
occup5 0.309 0.360 0.203 0.075 0.096 0.058 1.814*** 2.003** 0.988***
[0.245] [0.265] [0.131] [0.277] [0.303] [0.154] [0.522] [0.557] [0.273]
occup6 1.720" 1.986*** 1.107*** 1.603*** 1.882"** 1.067*** 2.425* 2.575* 1.162*
[0.248] [0.276] [0.142] [0.279] [0.313] [0.165] [1.053] [1.073] [0.490]
occup? 0.740** 0.814** 0.432*** 0.583** 0.637** 0.334** 1.669*** 1.835"* 0.902***
[0.228] [0.248] [0.122] [0.261] [0.285] [0.145] [0.498] [0.525] [0.255]
occup8 -0.589 -0.585 -0.249 -0.970 -0.995 -0.465 1.564 1.728 0.872
[0.556] [0.574] [0.266] [0.643] [0.662] [0.301] [1.133] [1.212] [0.591]
h1 -2.209*** -2.131%* -1.214** -2.017** -1.931%** -1.120%** -3.771% -3.709** -1.831*
[0.064] [0.068] [0.033] [0.075] [0.080] [0.040] [0.230] [0.237] [0.101]
h2 -2.413** -2.358*** -1.336*** -2.199*** -2.134* -1.228*** -4.075** -4.042%** -2.005***
[0.087] [0.095] [0.049] [0.098] [0.107] [0.056] [0.350] [0.364] [0.156]
h3 -3.628*** -3.658*** -1.992%+* -3.479"* -3.514*** -1.945%** -4.764** -4.759*** -2.327**
[0.196] [0.203] [0.095] [0.213] [0.221] [0.103] [0.514] [0.524] [0.222]
h4 -2.344* -2.307* -1.324* -2.147* -2.108*** =1.231%** -3.731%* -3.696** -1.876**
[0.120] [0.131] [0.070] [0.131] [0.145] [0.079] [0.358] [0.368] [0.169]
h5 -3.683*** -3.719** -2.027%** -3.503** -3.545%** -1.973* -4.991%* -4.962*** -2.355%**
[0.332] [0.338] [0.157] [0.353] [0.359] [0.167] [1.053] [1.075] [0.376]
h6 -4.378** -4.408*** -2.289*** -4.080*** -4.108*** -2.158*** -18.921*** -18.307** -6.020***
[0.504] [0.514] [0.212] [0.507] [0.519] [0.221] [0.217] [0.246] [0.102]
h7 -5.665*** -5.713*** -2.845** -5.375*** -5.425* -2.728*** -18.947** -18.329** -6.032**
[0.999] [1.003] [0.360] [1.001] [1.0086] [0.369] [0.226] [0.256] [0.108]
h8 -2.626*** -2.599*** -1.466*** -2.454*+ -2.429*** -1.403* -3.950** -3.910%* -1.970"*
[0.239] [0.255] [0.131] [0.253] [0.271] [0.142] [0.761] [0.767] [0.323]
h9 -4.336*** -4.359*** -2.236*** -18.279*** -17.141% -5.869*** -3.123** -3.109** -1.624*
[0.719] [0.737] [0.309] [0.129] [0.148] [0.091] [0.728] [0.726] [0.353]
h10 -2.467* -2.441% =1.399** -2.197** -2.158** -1.256*** -18.731*** -18.127* -5.872**
[0.312] [0.332] [0.174] [0.315] [0.340] [0.184] [0.353] [0.374] [0.150]
h11 -2.207* -2.103*** 1173 -2.099*** -2.007*** -1.145** -2.795*** -2.813** -1.522%**
[0.396] [0.443] [0.230] [0.425] [0.470] [0.249] [0.938] [0.922] [0.472]
h12 -2.662*** -2.648** -1.517* -2.339*** -2.312%* -1.359*** -18.238*** -17.595*** -5.541%*
[0.699] [0.731] [0.368] [0.700] [0.735] [0.385] [0.469] [0.488] [0.151]
Wald chi2 3037.391 2472.497 3247.354 26055.059  17780.665 7571.359 43762.196  32018.291  56290.011
Prob>chi2 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000
AIC 0.641 0.640 0.640 0.729 0.728 0.728 0.353 0.353 0.354
Log-Likelihood -2314.70 -2313.23 -2313.06 -2015.56 -2013.54 -2012.16 -263.64 -263.58 -264.27
LR of Occup 160.15 162.57 162.78 152.83 156.17 156.61 35.92 36.41 35.83
Prob>chi2 0 0 0 0 0 0 0 0 0
Observations 7353 7353 7353 5638 5638 5638 1715 1715 1715

Note: See Table 3.10
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Table 5.11 Estimation Results for the Other Job-Seekers under Broad Definition

Variables ALL MALE FEMALE
Proportional Log-log Log-Normal | Proportional Log-log Log-Normal | Proportional Log-log Log-Normal
urban 0.153* 0.174* 0.104* 0.102 0.114 0.067 1.620*** 1.621*%* 0.784*
[0.085] [0.093] [0.049] [0.087] [0.095] [0.051] [0.553] [0.578] [0.260]
female -0.528*** -0.550*** -0.263***
[0.137] [0.145] [0.071]
married 0.611** 0.670*** 0.359** 0.588*** 0.647** 0.344** -0.099 -0.118 -0.055
[0.093] [0.102] [0.053] [0.098] [0.107] [0.056] [0.245] [0.250] [0.112]
FemMar -0.898*** -0.963** -0.479*
[0.217] [0.227] [0.107]
Marmara -0.076 -0.084 -0.042 -0.097 -0.108 -0.058 0.153 0.147 0.059
[0.101] [0.109] [0.057] [0.105] [0.115] [0.061] [0.464] [0.474] [0.200]
Aegean -0.022 -0.026 -0.012 -0.008 -0.011 -0.002 -0.030 -0.043 -0.023
[0.119] [0.130] [0.068] [0.123] [0.136] [0.073] [0.544] [0.552] [0.230]
Mediterrian 0.040 0.044 0.027 -0.023 -0.027 -0.011 0.526 0.526 0.208
[0.112] [0.121] [0.063] [0.118] [0.128] [0.068] [0.480] [0.487] [0.205]
BlackSea -0.181 -0.211 -0.121* -0.149 -0.176 -0.101 -0.246 -0.285 -0.167
[0.123] [0.134] [0.071] [0.129] [0.141] [0.076] [0.540] [0.550] [0.234]
EastAnatolia 0.185 0.210 0.129 0.180 0.202 0.122 0.044 0.037 -0.013
[0.131] [0.147] [0.080] [0.132] [0.149] [0.082] [1.162] [1.180] [0.498]
SouthEastAnatolia 0.235** 0.256* 0.137* 0.250** 0.280* 0.154** -0.296 -0.322 -0.170
[0.118] [0.131] [0.071] [0.120] [0.135] [0.074] [0.669] [0.688] [0.314]
Primary 0.157 0.170 0.087 0.189 0.202 0.103 -0.668 -0.695 -0.298
[0.135] [0.147] [0.077] [0.142] [0.156] [0.082] [0.469] [0.494] [0.233]
Middle 0.008 0.009 0.001 -0.040 -0.053 -0.040 0.250 0.253 0.121
[0.157] [0.170] [0.088] [0.166] [0.181] [0.095] [0.493] [0.521] [0.251]
High 0.037 0.046 0.029 0.011 0.010 0.005 0.022 0.020 0.017
[0.162] [0.176] [0.091] [0.172] [0.188] [0.099] [0.503] [0.527] [0.249]
VocHigh 0.080 0.098 0.058 0.107 0.124 0.065 -0.353 -0.365 -0.149
[0.194] [0.210] [0.107] [0.207] [0.227] [0.118] [0.555] [0.581] [0.269]
TwoYear Un. 0.838*** 0.904*** 0.467*** 0.861** 0.949** 0.521** 0.611 0.647 0.329
[0.280] [0.305] [0.158] [0.342] [0.384] [0.206] [0.606] [0.640] [0.305]
FourYear Un. Plus 0.518** 0.578** 0.321** 0.129 0.135 0.078 1.323* 1.387 0.670**
[0.245] [0.270] [0.140] [0.299] [0.325] [0.169] [0.555] [0.594] [0.289]
age2024 -0.208 -0.218 -0.103 -0.308** -0.336** -0.170* 0.073 0.073 0.023
[0.131] [0.143] [0.074] [0.149] [0.164] [0.087] [0.298] [0.313] [0.149]
age2534 -0.321**+ -0.351*** -0.186*** -0.340** -0.379* -0.203** -0.390 -0.406 -0.204
[0.123] [0.134] [0.070] [0.138] [0.153] [0.082] [0.299] [0.312] [0.147]
age3544 -0.438*** -0.478*** -0.256*** -0.448*** -0.495*** -0.265*** -0.809* -0.837* -0.408**
[0.132] [0.145] [0.076] [0.146] [0.162] [0.087] [0.448] [0.457] [0.197]
aged554 -0.945* -1.034*** -0.553** -0.942* -1.041%** -0.561*** -1.225** -1.262** -0.594**
[0.149] [0.161] [0.084] [0.162] [0.177] [0.094] [0.573] [0.585] [0.248]
age55pl -1.325%+ -1.440%* -0.765** -1.349*+ -1.475%* -0.789*** -0.138 -0.238 -0.220
[0.209] [0.222] [0.111] [0.219] [0.235] [0.120] [1.018] [0.978] [0.462]
unemprate -5.372*** -5.867*** =3.110%* -5.129*** -5.631*** -3.024* -7.617** -7.862** -3.627**
[0.734] [0.786] [0.398] [0.773] [0.831] [0.428] [2.620] [2.670] [1.149]
occup2 0.587** 0.662** 0.362** 0.615** 0.700** 0.385** -13.843*** -13.648*** -3.329***
[0.293] [0.329] [0.174] [0.309] [0.350] [0.186] [0.669] [0.683] [0.251]
occup3 -0.674** -0.699*** -0.331%** -0.861*** -0.907*** -0.452+** -0.314 -0.306 -0.140
[0.224] [0.233] [0.108] [0.297] [0.310] [0.145] [0.385] [0.396] [0.174]
occup4 0.750*** 0.801** 0.409** 0.742** 0.798*** 0.417** 0.769* 0.823* 0.398**
[0.185] [0.198] [0.099] [0.217] [0.235] [0.120] [0.429] [0.445] [0.201]
occup5 -0.029 -0.030 -0.011 -0.137 -0.152 -0.079 0.814* 0.868* 0.400*
[0.193] [0.205] [0.100] [0.221] [0.237] [0.119] [0.445] [0.461] [0.209]
occupé 1.248*** 1.394** 0.766*** 1.157*** 1.301** 0.721*** 2.244* 2.414% 1.178**
[0.195] [0.213] [0.110] [0.221] [0.243] [0.127] [0.602] [0.639] [0.310]
occup? 0.370** 0.388** 0.193* 0.297 0.303 0.147 1.006** 1.057* 0.463**
[0.177] [0.189] [0.093] [0.205] [0.221] [0.111] [0.427] [0.447] [0.203]
occup8 -0.602 -0.627 -0.286 -1.144* -1.200* -0.583** 1.717* 1.843* 0.892**
[0.426] [0.445] [0.208] [0.549] [0.564] [0.251] [0.733] [0.794] [0.387]
h1 -2.471%+ -2.411% -1.360*** -2.290*** -2.221%** -1.270%* -3.480"* -3.456** -1.839"*
[0.058] [0.061] [0.030] [0.069] [0.073] [0.036] [0.206] [0.210] [0.092]
h2 -2.433** -2.372% -1.341% -2.233** -2.160*** -1.234* -3.546*** -3.543* -1.900***
[0.069] [0.073] [0.037] [0.079] [0.085] [0.043] [0.228] [0.236] [0.107]
h3 -3.387*** -3.392*** -1.859*** -3.202*** -3.203** =777 -4.329*** -4.351%** -2.251
[0.129] [0.134] [0.063] [0.140] [0.146] [0.070] [0.392] [0.397] [0.167]
h4 -2.266* -2.201%* -1.259%** -2.074* -2.001*** -1.161+* -3.182* -3.165*** -1.738***
[0.089] [0.097] [0.051] [0.100] [0.109] [0.058] [0.261] [0.267] [0.125]
h5 -2.624** -2.587*** -1.452*** -2.437** -2.396*** -1.367 -3.510*** -3.505* -1.885***
[0.148] [0.158] [0.081] [0.158] [0.170] [0.088] [0.475] [0.483] [0.212]
hé -3.446*** -3.442%* -1.867** -3.135"** -3.119* -1.708** -18.049** -17.856*** -5.787
[0.281] [0.289] [0.132] [0.286] [0.298] [0.142] [0.184] [0.193] [0.120]
h7 -4.730** -4.744* -2.388** -4.833** -4.850*** -2.465*** -4.523** -4.526*** -2.243**
[0.581] [0.588] [0.237] [0.709] [0.715] [0.276] [1.019] [1.040] [0.410]
h8 -2.291%* -2.209*** -1.233** -2.134* -2.048*** -1.169*** -2.978*** -2.941%* -1.604***
[0.193] [0.211] [0.111] [0.211] [0.231] [0.122] [0.540] [0.562] [0.253]
h9 -18.508*** -17.326*** -5.726*** -17.187** -18.390*** -5.714*** 177747 -17.581%** -5.486™
[0.110] [0.132] [0.050] [0.144] [0.135] [0.062] [0.267] [0.274] [0.105]
h10 -18.508*** -17.326*** -5.726*** -17.187+** -18.390*** -5.714* 177744 -17.581%** -5.486***
[0.110] [0.132] [0.050] [0.144] [0.135] [0.062] [0.267] [0.274] [0.105]
h11 -2.288*** -2.224** -1.267* -2.093*** -2.026*** -1.178* -3.100*** -3.100*** -1.753***
[0.304] [0.327] [0.172] [0.318] [0.344] [0.185] [0.984] [0.979] [0.428]
h12 -2.828*** -2.809*** -1.593*** -2.493*** -2.460** -1.425%* -17.515 =17.313* -5.325"*
[0.570] [0.590] [0.286] [0.571] [0.595] [0.301] [0.317] [0.323] [0.106]
Wald chi2 66441.544 41222.863 43445.823 35987.404 46122.561 29136.488 41146.071 36991.230 40631.405
Prob>chi2 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000
AIC 0.587 0.587 0.587 0.672 0.672 0.672 0.322 0.322 0.322
Log-Likelihood -3359.521 -3358.463 -3357.876 -2917.859 -2916.43 -2914.853 -408.994 -408.903 -409.086
LR of Occup 189.106 189.836 189.758 176.522 177.944 177.792 33.688 34.188 35.108
Prob>chi2 0 0 0 0 0 0 0 0 0
Observations 11581 11581 11581 8796 8796 8796 2785 2785 2785

Note: See Table 3.10
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5.4.2.4 Duration Dependence

Figures 5.5 to 5.8 depict graphs of the baseline hazards at means of the explanatory
variables for the first-time job-seekers as well as for the other job-seekers for each
alternative distribution under the ILO and the broad definitions of unemployment. Main

observations from the graphs can be summarized as follows.

The shape of the baseline hazard seems to be “tulip” or “U-shaped” for the first-
time job-seekers and other-job-seekers when we look at the graphs without considering the
gender difference (i.e. whole sample) under the ILO definition of unemployment. We
observe that the hazard initially declines until about the third period (which corresponds to
9™ month), then increases sharply at fourth period, and next decreases until about the
seventh period, after that increases. Even though, its shape is similar for the first-time job-
seeker-men as for the whole sample, it is different for women under the ILO definition of
unemployment. The hazard for first-time job-seeker women has no increasing or decreasing
trend until about the 18™ month, and then has two dips about the 21* month, and between

the 27" and 30™ months.

The figure of the baseline hazards under the broad definition of unemployment is
slightly different from those under the ILO definition. Regardless of the labor market
experience (for both first-time job-seekers and other-job-seekers) it has no time trend until
about the end of the second year for the whole sample as well as for men under each

alternative definitions of unemployment.

176



ALL
-1
-2
-3
-4 —
-5
-6 B T T T T
o 5 10 15
seqvar
MALE
2 —
o —
-2 -
4 —
-6
T T T T
o] 5 10 15
seqvar
FEMALE
04
-5
-10
-15
-20
T T T T
0 5 10 15
seqvar
Proportional ————- Logistic
----------- Log-Normal

Figure 5.5: Baseline Hazard for First-time Job-Seekers under ILO Definition
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Figure 5.6: Baseline Hazard for First-time Job-Seekers under Broad Definition
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Figure 5.7: Baseline Hazard for Other Job-Seekers under ILO Definition

179



-10

10 15

10 15

seqvar

FEMALE

-10

-15

10 15

seqvar

Proportional
Log-Normal

————— Log-Logistic

Figure 5.8: Baseline Hazard for Other Job-Seekers under Broad Definition

180




5.5 Predicted Hazards

In Tables 5.12 (a,b,c) and 5.13 (a,b,c) we provide the predicted hazard rates, i.e.
probability of finding a job, in the first-three months of unemployment period for the first-
time job-seekers and other-job-seekers, respectively, with selected properties. In the part (a)
of these tables we provide the predicted hazard values by education levels for the
individuals in the age between 25-34, urban resident, and married. The other remaining
covariates are assumed to be in their mean values. In the second part (b) we differentiate the
non-married individuals from the individuals in part (a). In the final part (c) we distinguish
the rural residing individuals from the individuals in part (a). It is evident from all of the
tables that, regardless of gender difference, the predicted hazard rate for the first-time job-
seekers is lower than those for the other-job-seekers. This finding confirms our previous
findings from the non-parametric as well as parametric estimation results in the Chapter 4
that first-time job-seekers have longer unemployment durations than the other-job-seekers.
The results do not change regardless of using the ILO or broad definition of unemployment,
under each alternative distribution. The difference between the other-job-seekers and first-
time job-seekers is in its minimum level among the non-graduated individuals for both men
and women. It is in its maximum level among the two-year university graduated men, and
four-year university graduated women (see Table 5.12a, 5.13a). Regardless of the labor
market experience (for both first-time job-seekers and the others) it observed that the
predicted hazard for men is always larger than those for women. The conclusion does not

change with the change in the education level.

We further observe that first-time job-seeker married men have approximately two
times lower hazard rates than non-married men. In contrast to first-time job-seekers, for the
other-job-seeker men we observe that the predicted hazard for the married is larger than
that for the non-married one. The conclusion seems to not change for both non-graduates
and university graduated individuals. Further, for women we notice the similar observation
that for both first-time job-seekers and others, the non-married women are more likely to
obtain a job within three months relative to married women (see Tables of 5.12a,b and
5.13a,b). It should be noted that the relaxation in the definition of unemployment does not
change the above conclusion.

Regardless of the unemployment definition we also find that urban resident first-

time job-seekers are more likely to find a job within three months than the rural residing
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ones. The same conclusion also holds for the other-job-seekers. Another observation is that
the difference between the non-graduate individuals and university graduates becomes
lower if we look at the results under broad definition of unemployment rather than the ILO
definition of unemployment (see Table 5.12a and 5.13a). This can be explained by the fact
that the individuals included in the broad definition, who are not actively searching for a

job, are mostly in the lower education levels (than university) relative to the ILO definition.

Regarding the results by education levels we observe that the lowest hazard rates
for the non-graduates for the first-time job-seeker men as well as for the other job-seeker
men. As for the first-time-job-seeker men, regardless of marital status, we further find that
primary school graduate individuals are more likely to find a job than the middle or high
school graduates (and also vocational high school graduates) ones under the ILO (broad)
definition of unemployment. For instance as shown in Table 5.12a, the probability of
obtaining a job within the first three months for the primary school graduate urban resident
first-time job-seekers married male is 14.16 percent under log-normal distribution.
However, the same probabilities for the middle and high school graduates are 13.78 and
12.66, respectively, with the above characteristics. It is also evident from the same table
that the predicted hazard for vocational high school graduates of both married men and

women are larger than those for the high-school graduates.

As for the first-time job-seeker women, regardless of marital status or residence, we
find that the predicted hazard values for the non-graduate individuals is higher (i.e. they are
more likely to find a job) than the other education levels, except both two-years or four-
year university graduates under the ILO definition of unemployment. The same argument
may not apply for the other job-seekers women. For these individuals we observe that the
hazard for the non-graduate is always lower than the other remaining education levels and
the highest hazard is observed for the four-years graduated ones under the ILO definition of
unemployment. Similar observations, with a few exceptions, can also be seen with the
broad definition of unemployment. We further find that the hazard for the vocational high-
school graduates is lower than the high school graduates (for the other-job-seeker-female)
under the ILO definition of unemployment (see Table 5.13a). While the hazard rate for the
vocational high-school graduate females (males) is 21.87 (38.36) percent, the same
probability for the high school graduates is 25.17 (35.95) percent under log-normal

distribution.
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When we look at the predicted hazards for the other-job-seeker men we observe
that primary school graduates are more likely to find a job within three months than the
other education levels, except two-year or four-year university under the ILO definition of
unemployment, two-year university under the broad one. Regardless of the unemployment
definition, the individuals with vocational high-school diploma can be considered as the

fourth best group in finding a job.
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Table 5.12a: The Predicted Hazard Rates for the First-time Job-Seekers with Selected Characteristics

ILO Definiton: Married&Urban&age 25-34

Broad Definiton: Married&Urban& age 25-34

Proportional

Log-Logistic

Log-Normal

Proportional

Log-Logistic

Log-Normal

Education Level

Male Female

Male Female

Male Female

Male Female

Male Female

Male Female

Non-Graduate

Primary Sc.

Middle Sc.

High Sc.

Voc-High Sc.

Two-Year Un.

Four-Year Un.

2.02 0.07
272 0.01
2.68 0.03
2.16 0.06
3.10 0.06
2.40 0.15
5.03 0.29

1.87 0.06
257 0.01
2.50 0.02
2.01 0.05
2.90 0.05
2.33 0.16
5.81 0.28

12.13 3.45
14.16 1.66
13.78 2.38
12.66 3.30
15.31 3.32
13.65 5.83
22.29 7.02

2.32 0.49
3.25 0.22
3.25 0.21
3.08 0.40
2.98 0.45
3.20 0.32
5.29 1.00

2.25 0.48
3.28 0.21
3.24 0.20
3.07 0.40
3.04 0.45
3.29 0.33
5.79 1.01

13.06 6.88
15.99 4.93
15.87 4.77
15.56 6.26
15.90 6.70
16.77 6.49
22.22 9.92

Table 5.12b: The Predicted Hazard Rates for the First-Time Job-Seeker Non-Married Individuals with
Selected Characteristics

ILO Definiton: Non-married&age 25-34

Broad Definiton: Non-Married& age 25-34

Proportional

Log-Logistic

Log-Normal

Proportional

Log-Logistic

Log-Normal

Education Level

Male Female

Male Female

Male Female

Male Female

Male Female

Male Female

Non-Graduate

Primary Sc.

Middle Sc.

High Sc.

Voc-High Sc.

Two-Year Un.

Four-Year Un.

3.87 0.22
5.22 0.04
5.14 0.10
4.14 0.20
5.95 0.20
4.60 0.53
9.66 0.99

3.93 0.22
5.40 0.04
5.24 0.09
4.23 0.20
6.09 0.21
4.88 0.61
12.20 1.07

18.18 6.75
21.22 3.25
20.65 4.67
18.97 6.47
22.94 6.50
20.46 11.43
33.40 13.76

3.02 1.44
4.23 0.65
4.23 0.61
4.01 1.19
3.88 1.33
4.18 0.93
6.89 2.94

3.03 1.51
4.41 0.67
4.36 0.63
4.13 1.25
4.08 1.40
4.42 1.05
7.79 3.17

15.16 11.71
18.57 8.39
18.43 8.1
18.07 10.65
18.46 11.41
19.47 11.04
25.80 16.89

Table 5.12c: The Predicted Hazard Rates for the First-Time Job-Seeker Rural Resident Individuals with
Selected Characteristics

ILO Definiton: Rural age 25-34

Broad Definiton: Rural age 25-34

Proportional

Log-Logistic

Log-Normal

Proportional

Log-Logistic

Log-Normal

Education Level

Male Female

Male Female

Male Female

Male Female

Male Female

Male Female

Non-Graduate

Primary Sc.

Middle Sc.

High Sc.

Voc-High Sc.

Two-Year Un.

Four-Year Un.

1.24 0.04
1.68 0.01
1.65 0.02
1.33 0.04
1.91 0.04
1.48 0.10
3.10 0.18

1.07 0.04
1.47 0.01
1.43 0.02
1.15 0.03
1.66 0.03
1.33 0.10
3.33 0.17

9.07 2.80
10.58 1.35
10.30 1.93
9.46 2.68
11.44 2.69
10.20 4.73
16.66 5.70

1.59 0.25
2.24 0.11
224 0.11
212 0.20
2.05 0.23
2.20 0.16
3.64 0.50

1.49 0.23
2.17 0.10
2.15 0.10
2.04 0.19
2.01 0.21
2.18 0.16
3.84 0.48

10.59 5.04
12.97 3.61
12.88 3.49
12.62 4.58
12.90 4.91
13.60 4.75
18.03 7.26
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Table 5.13a: The Predicted Hazard Rates for the Other-Job-Seekers with Selected Characteristics

ILO Definiton: Married&Urban&age 25-34

Broad Definiton: Married&Urban& age 25-34

Proportional Log-Logistic Log-Normal Proportional Log-Logistic Log-Normal
Education Level Male Female Male Female Male Female Male Female Male Female Male Female
Non-Graduate 11.95 1.51 12.83 1.49 30.45 12.25 11.91 4.01 13.01 4.16 31.07 17.89
Primary Sc. 17.90 2.83 20.35 2.78 39.43 14.88 14.40 2.06 15.93 2.07 34.45 13.28
Middle Sc. 17.12 6.66 19.29 6.89 37.93 23.51 11.44 5.15 12.34 5.35 29.84 20.20
High Sc. 15.42 7.19 17.19 7.70 35.95 25.17 12.04 4.10 13.15 4.24 31.24 18.20
Voc-High Sc. 17.08 5.50 19.48 5.76 38.36 21.87 13.26 2.82 14.73 2.89 33.16 15.41
Two-Year Un. 51.51 23.53 68.24 26.40 75.76 45.02 28.19 7.39 33.61 7.93 52.33 24.87
Four-Year Un. 21.84 24.48 24.92 30.15 43.42 50.68 13.55 15.05 14.90 16.63 33.59 34.97

Table 5.13b: The Predicted Hazard Rates for Other-Job-Seeker Non-Married Individuals with Selected

Characteristics
ILO Definiton: Non-married&age 25-34 Broad Definiton: Non-Married& age 25-34
Proportional Log-Logistic Log-Normal Proportional Log-Logistic Log-Normal

Education Level Male Female Male Female Male Female Male Female Male Female Male Female
Non-Graduate 6.77 1.95 6.75 1.98 21.36 13.82 6.62 4.43 6.82 4.67 22.02 18.90
Primary Sc. 10.14 3.66 10.70 3.70 27.66 16.79 8.00 2.27 8.35 2.33 24.41 14.03
Middle Sc. 9.70 8.61 10.14 9.18 26.61 26.52 6.36 5.69 6.47 6.02 21.15 21.34
High Sc. 8.73 9.29 9.04 10.25 25.22 28.39 6.69 4.53 6.89 4.77 22.14 19.23
Voc-High Sc. 9.68 7.1 10.24 7.67 26.91 24.67 7.36 3.1 7.72 3.25 23.50 16.28
Two-Year Un. 29.18 30.43 35.88 35.16 53.15 50.77 15.66 8.16 17.61 8.92 37.08 26.27
Four-Year Un. 12.37 31.66 13.10 40.17 30.46 57.17 7.53 16.62 7.80 18.71 23.80 36.95

Table 5.13c: The Predicted Hazard Rates for the Other-Job-Seeker Rural Resident Individuals with Selected

Characteristics

ILO Definiton: Rural age 25-34

Broad Definiton: Rural age 25-34

Proportional Log-Logistic Log-Normal Proportional Log-Logistic Log-Normal
Education Level Male Female Male Female Male Female Male Female Male Female Male Female
Non-Graduate 10.62 0.19 11.21 0.18 28.02 4.90 10.76 0.88 11.62 0.82 29.05 8.17
Primary Sc. 15.91 0.36 17.77 0.34 36.28 5.95 13.01 0.45 14.22 0.41 32.20 6.06
Middle Sc. 15.21 0.84 16.85 0.84 34.90 9.40 10.34 1.13 11.02 1.06 27.90 9.22
High Sc. 13.70 0.91 15.01 0.94 33.08 10.07 10.88 0.90 11.73 0.84 29.20 8.31
Voc-High Sc. 15.18 0.70 17.01 0.70 35.29 8.75 11.98 0.62 13.15 0.57 31.00 7.04
Two-Year Un. 45.78 2.98 59.59 3.23 69.70 18.01 25.47 1.62 30.00 1.57 48.92 11.35
Four-Year Un. 19.41 3.11 21.76 3.69 39.94 20.27 12.24 3.29 13.30 3.29 31.40 15.97
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5.6 Concluding Remarks

The main objective of this chapter is to analyze the role of personal as well as
regional characteristics on the duration of unemployment for the first-time job-seekers and
other-job-seekers in Turkey. To accomplish this objective, we estimate our models under
gender separation by considering two alternative definitions of unemployment, labeled as
the “ILO” and the “broad”. As in the previous chapter, estimations of the models are made
under three alternative distributions; namely proportional hazard, log-logistic and log-
normal. The results are found to be close each other. Since the inclusion of the unobserved
heterogeneity term is rejected by the model, we provide the results without this term. Main

findings of this chapter can be summarized as follows.

The empirical results of this chapter indicate that living in urban areas increases the
probability of finding a job for the first-time job-seekers as well as for the other-job-
seekers. The effect of this variable is particularly significant for the first-time job-seeker
males and other-job-seeker females under both definitions of unemployment. We further
observe that, as in the previous chapter, females, regardless of being first-time job-seeker or
not, have longer unemployment durations than males. This result can be a consequence of
discrimination in the Turkish labor market against women. Therefore, women receive
smaller amount of job offers compared to men. An additional source of the longer
unemployment duration for women compared to men is the traditional role of women in the

home production activities and for that reason they have a high reservation wage.

Concerning the estimation results for marriage we observe somewhat different
results for the first-time job-seeker men and the other-job-seeker men. While being married
increases the probability of finding a job for the other-job-seekers men, it decreases this
probability for the first-time job-seeker men. The results for the married-female are similar
to those we observed for the whole sample in the previous chapter. Being married decreases

the probability of finding a job for women.

We further observe that living in the most developed region of Turkey, i.e. living in
the Marmara, increases the probability of finding a job for the first-time job-seekers. Men
who live in the South-East Anatolia are more likely to obtain a job than those who live in

the Central Anatolia. First-time job-seeker women who live in the less developed regions of
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East and South-East Anatolia are less likely to obtain a job, implying a policy target group.
In addition to regional factors, we also find that the province level unemployment rates are
an important factor in determining the unemployment duration of first-time job-seekers and
other-job-seekers. For both first-time job-seekers and other-job-seekers we observe that the
individuals who reside in high unemployment areas have lower probability of finding a job,

and therefore they have longer unemployment durations.

Even though most of the education level dummies (except four-year university
graduates) have a positive effect on the hazard, they are not significant determinant of the
unemployment duration for the first-time job-seekers under both definitions of
unemployment. Regarding the findings for the other-job seekers, we observe that the
education level dummies are mostly significant under the ILO definition of unemployment.
However, with the relaxation in the definition of unemployment we find different results
from those under the ILO definition. In this case, a university degree is found to be a

significant covariate of unemployment duration only for the other job-seekers.

With regard to estimation results for the age effects on the hazard we find that the
increases in the age decrease the probability of finding a job for the other-job-seekers,
regardless of being male or female. The hazard for this group seems to have a declining
trend with age. Especially, the other-job-seekers in their mid-career and late-career periods
have longer duration of unemployment than the youngest ones under the ILO definition of
unemployment. Concerning the estimation results for the first-time job-seeker males we
observe no clear time profile for the hazard with age. The result for the first-time job-seeker

females is similar with those for the other-job-seeker females.
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CHAPTER 6

SUMMARY OF THE FINDINGS, CONLUSIONS, POLICY
IMPLICATIONS AND RECOMMENDATIONS

6.1 Introduction

The main purpose of this study was to investigate the impact of individual as well as
local labor market characteristics on the transitions in the labor market and on the duration
of unemployment in Turkey. In this chapter, we briefly summarize the main findings of this
research and discuss some of the policy implications which can be drawn from the findings

of previous empirical chapters. Next, we provide recommendations for the future studies.

The main properties of the labor market in Turkey over the last 15-years are dealt with
in Chapter 2. In this chapter we focus on the following issues over the examination period
of 1988 to 2003, where the data is available. These are labor force participation,
unemployment, long-term unemployment as well as underemployment. To overview these
topics we utilize the database of the HLFS provided by the SIS of Turkey. In this chapter
we also provide a comparison of Turkey with some of the OECD countries in terms of

labor force participation, unemployment and long-term unemployment.

The second subject investigated in the thesis is the determinants of the transitions in the
main labor market states (see Chapter 3). These labor market states are employment,
unemployment, and out-of-the-labor market. In Chapter 3, we initially provide the
transition probabilities between the mentioned states, and later we present the sources of
unemployment rate differentials of selected labor market groups in terms of these transition
probabilities by using Marston (1978)’s decomposition. Next, we use multinomial-logit

models to estimate the determinants of flows in the Turkish labor market.

The third topic analyzed is the role of personal and labor market characteristics in the
duration of unemployment. For this aim we initially estimate the grouped duration data
models for the whole sample data in Chapter 4. Later, we estimate the models by

distinguishing the first-time job-seekers from the other job-seekers in Chapter 5 to see
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whether they have different labor market dynamics. In Chapter 4 and Chapter 5 we use two
alternative definitions of unemployment. These are the ILO and the broad definitions of
unemployment. To examine the sensitivity of covariate effects on unemployment duration
to different distributional assumptions we estimate our models under three alternative
distributions. These are proportional hazard, logistic, and log-normal distributions. In the
duration models we include the unobserved heterogeneity term under “gaussian”
distribution. However, our preliminary estimation results reject the inclusion of this term.
Therefore, we provide the estimation results without unobserved heterogeneity term. All of
the econometric applications above are carried out by considering the gender difference as

well.

6.2 Summary of the Main Findings and Conclusions

The major findings of the study can be summed up as follows.

Residence Effects:

The trends in unemployment rates reveal that the rate of unemployment in urban areas
is always larger than in the rural areas. On the other hand, our empirical applications using
individual level data on unemployment duration show that, regardless of being male or
female, the individuals who live in urban areas are more likely to find a job compared to
those who live in the rural areas. This can be considered one of the main reasons of
migration from rural to urban areas. This finding is also supported for females, but not for
males, by the transition data. Females who live in the urban areas are most likely to exit to
employment, and are less likely to go out-of-labor force, from unemployment compared to
females who live in the rural areas. However, urban females are less likely to keep their job
compared to rural resident ones. Finally, the individuals who lose their jobs are most likely

to exit from the labor force.

Gender Differentials:

A further observation is about the gender differentials in unemployment rates.

While the total data on unemployment rates show no significant difference between men
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and women, the data by residence reveals a considerable difference. The rate of
unemployment for women is higher than for men in the urban areas, but not in the rural
areas. However, our evidence from the econometric results of both the transitions in the
labor market and unemployment duration suggests that women are in the disadvantaged
position in the Turkish labor market for the following reasons. The first is that, they have
lower probability of finding a job both from the out-of-the labor-force and the
unemployment states. While the probability of obtaining a job from unemployment (out-of-
the-labor-force) for men is about 55.8 (22.8) percent, it is about 19.7 (6.69) for women in
the period between the first quarter of 2000 and 2001. The second is that, women also face
also a higher risk of losing their job. While the probability of keeping their job for women
is about 61.4 percent, the same probability for men is about 86.15 percent for the period
between the first quarter of 2000 and 2001. A considerable amount of women who are fired

from their jobs go out-of-labor force.

The final point is that women also have longer unemployment durations, for both
the first-time job-seekers and the other job-seekers, than men®’. Therefore, they are most
likely to become long-term unemployed, and then become discouraged. These findings
might be considered as some of the factors behind the lower LFPRs of women, relative to

men.

Age Effects:

Further, we observe that unemployment rates among the youth (i.e. age between 15
and 24), regardless of gender difference, are higher than those for the individuals in their
middle or late career periods. Nevertheless, the share of youth in the long-term unemployed
individuals is lower than that of the other age groups (see Chapter 2). Thus, youth are more
likely to face the unemployment problem, but less likely to become long-term unemployed.
Our empirical findings from the individual level data support this view. From the transition
application we observe that while the youth are less likely to keep their jobs, they are more
likely to find a job from unemployment. Note that most of the job-loser youth go out-of-
the-labor force, i.e. become “discouraged”. Another support for the above result comes

from the observations on the duration models. From the empirical implementation of these

3% The same result holds whether we look at the non-parametric or parametric estimation part.
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models we find, for both male and female as well as for both the first-time-job-seekers and
the others, that individuals in their early labor market experience are more likely to find a
job relative to older ages. Therefore, youth have lower unemployment durations than the

other ages, so that they are less likely to become long-term unemployed.

Education Level Effects:

As for the different education levels we observe an inverse-U shaped relation. The
lowest unemployment is seen for the two extreme levels of education, such as the non-
graduates and the university graduates. The same trend seems to exist also in the case of
long-term unemployment. Long-term unemployment is particularly high among the high-

school and the vocational high school graduates.

The empirical evidence from the transition models and duration models show
somewhat different results. In the transitions from unemployment to employment we
observe that only graduation from a “university” makes a significant difference compared
to non-graduate individuals. A considerable difference among the education levels are
observed in the transitions from employment. In this case we observe that the individuals in
the less educated groups, i.e. primary school or lower, have higher risk of losing their jobs.
The individuals, particularly “university graduated men”, have the lowest risk of losing

their jobs.

Regarding the results for the education levels from the duration models we observe
somewhat different results for the first-time job-seekers than the other-job-seekers. While
the increases in education level seem to increase hazard for the other-job-seekers, the same
observation does not hold for the first-time job-seekers under ILO definition of
unemployment. However, relaxation in the unemployment definition, i.e. using the broad
definition, decreases the significance level of all education levels, except university levels,
for the other job-seekers. Further, having a university diploma makes a significant
difference compared to non-graduates for the first-time job-seekers under both the ILO and
the broad definitions of unemployment. It is also interesting to find that having a vocational
high school diploma for the first-time job-seekers does not make any significant

contribution to finding a job.
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Marital Status Effects:

Unemployment rate for the married individuals, particularly for married men, is
lower than the Turkey’s average over the period between 1988 and 2003. We find from
both the transition application and duration models (except the first-time job-seekers group)
that married male have lower risk of unemployment. They have higher hazards i.e. lower
unemployment durations, than the others. There may be three main reasons behind this
finding. The first is that men are the classical bread winners of the Turkish family.
Therefore they search intensively and effectively for a job, and obtain a work. The second
is that they (married male) cannot take risks because of family responsibility. As a result,
leaving from the already held job for finding another or job-to-job moving may not be
attractive for them. The final point is related to the employer side that employers in Turkey
generally or traditionally prefer to keep married individuals in the job relative to the non-

married ones if they have to prefer one of the two.

As for the married women we have two different observations. The first is that
since their attachment in the labor market is very low they are less likely to find a job
compared to non-married ones. This result is observed in both the transition models (in the
case of transition from unemployment to employment) and the duration models. The
second observation for the married women is related to “added worker effect”. It is found in
the transition from out-of-labor-force to both employment and unemployment that as a
response to economic downturn (in our observation period of 2000 and 2001) the above
probabilities (i.e. transition probabilities from out-of-labor-force to both employment and

unemployment) seem to increase for the married women.

Geographical Region Differences:

Unemployment problem is not equally distributed among different geographical
regions of Turkey. It is interesting to find that the rate of unemployment is higher than the
country average for the most developed regions of the Marmara and the Aegean. The same
is observed also for the Mediterranean and the Southeast Anatolia regions. We further
observe that unemployment rate increased in all regions during the most recent crises of
2001. While, the rate of unemployment more than doubled for the Southeast Anatolia

region, it increased the least for the Black Sea region.
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Regarding the observations from the duration models we find that there are some
differences between the geographical regions of Turkey for different groups in the labor
market. For example, in contrast to our preliminary expectation, regardless of being first-
time job-seekers or the others, Southeast Anatolia residing men have lower unemployment
durations than those in the other regions. One can explain this interesting observation with
the followings. It may be the case that unemployment is higher among those who can afford
it. Another explanation may be that individuals with high propensity to unemployment
migrate from this region. The findings for the first-time job-seeker women are different
from those for men. While living in the most developed regions of Aegean and Marmara, as
expected, increases the probability of finding a job, living in the least developed regions of
South-East and East Anatolia decreases the same probability for the first-time job-seeker

women under the ILO definition of unemployment.

Provincial Unemployment Rates:

The provincial unemployment rates are used, as a proxy for labor market
conditions. We find the expected results in most cases that the individuals in the low
unemployment areas have higher hazards than those in the high unemployment areas.
Therefore, they have lower unemployment durations, and therefore they are less likely to
become long-term unemployed. Similar observations are also seen in the transition models.
The higher is the unemployment rate the lower is the probability of finding a job from both
of the labor market states of unemployment and out-of-labor-force. The higher is the local

unemployment rate the higher is the probability of exiting from employment.

Occupation Effects:

The estimation results of transition from unemployment to employment indicate
that there is a significant difference between occupational groups. The individuals,
regardless of being male or female, in the other occupation groups are most likely to find a
job from both unemployment and out-of-labor force compared to professionals. Similarly,
duration models show also a significant difference between the occupation groups. In the
duration models we observe somewhat different results for men and women. For men we

find that being in the following occupation groups decreases the unemployment duration
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compared to “Professionals and etc.”. These are “administrative and managerial workers”,
“sales workers”, “agricultural workers” and “non-agricultural workers”. Note that being in
the “clerical and related worker” category reduces the hazard for men. For women we
observe that the following occupation groups have shorter unemployment durations than

those in the “Professionals and etc.” These are “sales workers”, “agricultural workers”,

“non-agricultural workers” and “occupations non-classified by group”.

Status in Employment:

In the transition models, for the status in the job variables we find that the
individuals, regardless of being male or female working as a “casual employee” have
higher risk of losing their jobs compared to a “regular employee”. Most of the job-looser
females in the “casual employee” group prefer to go to out-of-labor-force rather than go
into unemployment if they lose their jobs. We further observe that “employer men” are less
likely to exit from employment relative to the base category of “regular employee”.
Regardless of the gender, as expected, the individuals working as “unpaid family worker”
are more (less) likely to go to out-of-labor force (unemployment) if they lose their job.
Further, “self-employed” individuals are less (more) likely to go to unemployment (out-of-

the-labor-force) if they lose their jobs.

Public Sector versus Non-Public Sector
The workers in the public sector are less likely to exit from their job compared to
the workers in the non-public sector. Therefore, regardless of being male or female,

working in the public sector has a job security.

Job-Search Methods

The job-search methods are used in the transition models. It is interesting to find
that using the “employment office” as a search method does not make significant effect on
exiting from unemployment to employment compared to “personally” job seeking.
However, significant effect comes from the following variables. While using “workers
agent and mediators” as a search method increases the probability of finding a job for men,
using “try to provide equipment, credit, place to establish own business” decreases the

same probability.
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Duration Dependence:

Findings related to the baseline hazards show somewhat different results for men
than that of for women. For men we observe a slight U-shaped baseline hazard implying
that the probability of finding a job declines until the end of second year, and then start to
increase. However, in the baseline hazard for women neither an increasing nor a declining

trend is observed.

6.3 Policy Implications

The findings summarized in the previous section show that transitions in the
Turkish labor market as well as duration of unemployment are not only affected by the
characteristics of individuals, but also the conditions in the labor market. Therefore, macro
as well as micro level policies should be developed for the individuals who are in the risky
situations in the Turkish labor market. In the following lines we provide some of the main
characteristics of individuals which should be given priority by the policy designers of the

Turkish labor market.

Overall findings about the role of province level unemployment rate indicate that
the individuals who live in the high unemployment areas are in the hazardous position in
the labor market of Turkey. The conclusion is the same for both the males and females as
well as for both the first-time job-seekers and the other job-seekers. Therefore the main
concern of the policy makers initially should be given to those provinces with higher
unemployment rates. The aim of the policies should be enhancing the employment potential
(or creation) in these provinces, and therefore, decreasing the level of unemployment in
these provinces. These policies may be in terms promotions or subsidies and/or tax benefits
(tax exemptions or reductions) to encourage entrepreneurship, investments and activities in
the employment creating sectors in these provinces. In this respect, reducing the barriers or
impediments such as formalities to the creation and expansion of enterprises, particularly in
these provinces, can be considered as an important policy issue for the policy makers. It
should be mentioned here that creating a better and stable macroeconomic environment is

also an essential policy concern of governments for the business start-ups.
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Observations on the role of residence imply that residing in urban areas have both
positive impacts on the risk of unemployment and negative impacts on unemployment
duration. Starting from the rural areas, it is known that the main factor behind the labor
force migration from rural to urban areas is the limited availability of “work opportunities”
or “employment possibility” in the non-farm sector in the rural areas. That is, because of
the rise in the family members, division of land and the other factors such as technology-
based unemployment (with the technological improvement the need for worker in some
areas declined) “the income” obtained from the agricultural activities may not as much as
necessary to fulfill the cost of living of the family. The non-farm sector in the rural areas is
not enough to employ or absorb these unemployed individuals. The lack of employment
possibilities and other income generating opportunities in the rural areas encourages
individuals to migrate from rural to urban areas with the hope finding a job and economic
betterment. Therefore, providing some supports to the non-farm sectors for increasing their
employment potential may decline the migration flow from rural to urban areas (even, may
have a reverse effect on the direction of migration). These supports may be in terms of
giving “long-term credits (with zero- or near-to-zero rent) or finance” or “promotions” to
the non-farm sectors in the rural areas. In this respect, reducing the “formalities” or
“problems” in obtaining the credits becomes an essential question for the policy designers.
Generation of well-developed control mechanism -to make sure that whether the given
credits are used in the “relevant” areas or jobs- is also an important policy issue. That is,
creating a superior climate for the small and medium scale enterprises (SMEs) in the rural
as well as in the urban areas are also an important policy question for the policy designers
of Turkey. Since SMEs can be considered as essential generators of employment as well as

income.

Overall observations regarding the role of gender differences show that females
face more problems than males in the Turkish labor market. Particularly urban residing
women have both lower LFPR and higher unemployment rates compared to men. Female’s
disadvantaged position is also supported by the micro-data analysis of the transition as well
as the duration. This may be due to the following factors. The first is the cultural barriers
against women. The second is the lower level of education and marketable skills of women
compared to men. These two factors reduce the chances of employment for women. These
two problems can be solved by increasing the overall education level and providing

particular training courses (and seminars) for women to raise their skills and capabilities for
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employment. Municipalities, local administrations and the employment offices may play an
important role in providing these courses. The third factor is related to the “non-availability
of employment or work” (or limited opportunities of employment) for women. It could be
the case that open jobs (existing jobs) in some sectors are not available to women therefore
the demand