
 

THE USE OF CAPACITANCE-RESISTIVE MODELS FOR 

ESTIMATION OF INTERWELL CONNECTIVITY AND HETEROGENEITY  

IN A WATERFLOODED RESERVOIR: A CASE STUDY 

 

 

 

 

 

 

A THESIS SUBMITTED TO 

THE GRADUATE SCHOOL OF NATURAL AND APPLIED SCIENCES 

OF 

MIDDLE EAST TECHNICAL UNIVERSITY 

 

 

 

 

 

 

 

BY 

 

MUSTAFA ERKĶN G¥ZEL 

 

 

 

 

 

 

 

 

IN PARTIAL FULFILLMENT OF THE REQUIREMENTS 

FOR 

THE DEGREE OF MASTER OF SCIENCE 

IN 

PETROLEUM AND NATURAL GAS ENGINEERING 

 

 

 

 

 

 

 

 

SEPTEMBER 2015 

 

 

 

 



 

 

 



Approval of the thesis: 

 

 

THE USE OF CAPACITANCE -RESISTIVE MODELS FOR  

ESTIMATIO N OF INTERWELL CONNECTIVITY AND HETEROGENEITY  

IN A WATERFLOODED RESERVOIR: A CASE STUDY  

 

 

submitted by MUSTAFA ERKĶN G¥ZEL in partial fulfillment of the requirements 

for the degree of Master of Science in Petroleum and Natural Gas Engineering 

Department, Middle East Technical University by,   

 

 

 

Prof. Dr. Gülbin Dural Ünver   

Dean, Graduate School of Natural and Applied Sciences   
  

Prof. Dr. Mustafa Verĸan Kºk   

Head of Department, Petroleum and Natural Gas Engineering 

Dept. 

 
  

Prof. Dr. Serhat Akēn   

Supervisor, Petroleum and Natural Gas Engineering Dept., METU  

METU  

 

 
  

  

 

 

 

 

 

Examining Committee Members:  

  

Prof. Dr. Mahmut Parlaktuna   

Petroleum and Natural Gas Engineering Dept., METU  
  

Prof. Dr. Serhat Akēn   

Petroleum and Natural Gas Engineering Dept., METU  
  

Prof. Dr. Mustafa Onur  

Petroleum and Natural Gas Engineering Dept., ITU  
  

Assist. Prof. Dr. ¢aĵlar Sēnayu­  

Petroleum and Natural Gas Engineering Dept., METU  
  

Assist. Prof. Dr. Ķsmail Durgut  

Petroleum and Natural Gas Engineering Dept., METU  
  

                 Date: 10/09/2015 



iv 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

I hereby declare that all information in this document has been obtained and 

presented in accordance with academic rules and ethical conduct. I also declare 

that, as required by these rules and conduct, I have fully cited and referenced all 

material and results that are not original to this work. 

 

 

 

           Name, Last name:  MUSTAFA ERKĶN GÖZEL 

 

 

           Signature     : 

 



v 

 

 

ABSTRACT 

 

 

THE USE OF CAPACITANCE -RESISTIVE MODELS FOR 

ESTIMATIO N OF INTERWELL CONNECTIVITY & HETEROGENEITY  

IN A WATERFLOODED RESERVOIR: A CASE STUDY 

 

 

Gözel, Mustafa Erkin 

M.S., Department of Petroleum and Natural Gas Engineering 

Supervisor : Prof. Dr. Serhat Akēn 

 

September 2015, 142 pages 

 

Increasing the oil recovery from the hydrocarbon reservoirs is becoming the most 

important issue for the oil & gas industry with the increase in energy demand and 

developing technologies. Waterflooding is one of the most preferable methods because 

of its success ratio, application ease and cost efficiency. Beside mentioned advantages, 

this method must be carefully planned and performed by considering reservoir 

heterogeneities to avoid unexpected poor recoveries.  

 

As an alternative to the reservoir modeling and simulation studies, Capacitance-

Resistive Model (CRM) has been developed which uses non-linear signal processing 

method and needs only production, injection and pressure data to characterize the 

interwell connectivities between injectors and producers. Fluid storage and 

connectivity coefficients, which correspond to capacitance and resistance respectively 

in an electrical circuit, are used in this model to convert injection signals to production 

responses and honor the material balance in the hydrocarbon systems.    

 

In the light of these studies, a waterflooded carbonate reservoir has been studied to 

depict the connectivity between wells. Results have been checked with the initial water 

breakthroughs and reservoir properties which came up in a good agreement. Oil 

production history match has been performed by using oil fractional flow model which 

relates total liquid and oil rates. Finally, future prediction studies have been conducted 

for optimization of the rates to achieve project objectives. The results showed that 

CRM could be used for history matching and optimization in this carbonate reservoir 

and resulted in a significant change in project economics. 

 

Keywords: waterflooding, capacitance-resistive model, interwell connectivity.  
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ÖZ 

 

 

SU ENJEKSĶYONU YAPILMIķ SAHALARDAKĶ KUYULAR ARASI 

ETKĶLEķĶMĶ VE HETEROJENLĶĴĶ BELĶRLEMEK Ķ¢ĶN  

KAPASĶTANS-DĶREN¢ MODELLERĶNĶN KULLANIMI 

 

 

Gözel Mustafa Erkin 

Y¿ksek Lisans, Petrol ve Doĵal Gaz M¿hendisliĵi Bºl¿m¿ 

Tez Yöneticisi: Prof Dr. Serhat Akēn 

 

Eylül 2015, 142 sayfa 

 

Artan enerji talebi ve geliĸen teknolojilerle birlikte hidrokarbon rezervuarlarēndan 

petrol kurtarēmēnē arttērmak, petrol end¿strisi i­in en ºnemli mesele haline gelmiĸtir. 

Su enjeksiyonu, baĸarē oranē, uygulama kolaylēĵē ve maliyet verimi a­ēsēndan en tercih 

edilen metotlardan birisidir. Bu bahsedilen avantajlarēn yanēnda; beklenmedik d¿ĸ¿k 

kurtarēmlardan ka­ēnmak amacēyla, bu metodun rezervuar heterojenliĵi gºz ºn¿nde 

bulundurularak dikkatli bir ĸekilde planlanmasē ve uygulanmasē gerekir.  

 

Rezervuar modelleme ve sim¿lasyon ­alēĸmalarēna alternatif olarak, doĵrusal olmayan 

sinyal iĸleme modeli kullanan ve sadece üretim, enjeksiyon ve basēn­ verisine ihtiya­ 

duyan bir kapasitans - direnç modeli (CRM) geliĸtirilmiĸtir. Bu modelde, enjeksiyon 

sinyallerini ¿retim tepkilerine dºn¿ĸt¿rmek ve hidrokarbon sistemlerindeki kütle 

korunumunu saĵlamak amacēyla, elektrik devresindeki kapasitans ve dirence karĸēlēk 

gelen akēĸkan depolama ve iletiĸim katsayēlarē kullanēlmaktadēr.  

 

Bu ­alēĸmalarēn ēĸēĵēnda; kuyular arasēndaki iliĸkiyi resmetmek amacēyla su 

enjeksiyonu yapēlan bir saha ­alēĸēlmēĸtēr. Sonu­lar kuyulardaki ilk su geliĸleriyle ve 

rezervuar parametreleriyle kontrol edilmiĸ ve tutarlē bulunmuĸtur. Toplam akēĸkan 

üretimi ile petrol ¿retimini iliĸkilendiren fraksiyonel petrol akēĸ modeli kullanēlarak, 

petrol ¿retim tarih­esi ­akēĸtērēlmēĸtēr. Son olarak, proje hedeflerine ulaĸmak i­in 

optimizasyon ama­lē gelecek tahminleri yapēlmēĸtēr. Sonuçlar, CRM modelinin tarihçe 

­akēĸtērma ve optimizasyon ama­lē bu karbonat rezervuarda uygulanabildiĵini ve proje 

ekonomisinde ºnemli bir deĵiĸikliĵe neden olabildiĵini gºstermiĸtir. 

 

Anahtar Kelimeler: su enjeksiyonu, kapasitans-direnç model, kuyular arasē etkileĸim. 
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CHAPTER 1 

 

 

INTRODUCTION 

 

 

 

As the conventional reservoir exploitation is becoming more difficult, reservoir 

characterization and the net present value maximization of the existing reservoirs have 

become very important. That is why secondary and enhanced oil recovery (EOR) 

methods have come into play and become very popular in oil & gas industry during 

the last century.  

 

Considering the current technologies, oil recovery process can be subdivided into three 

stages depending on the production methods namely primary, secondary and tertiary 

production (Figure 1.1). Primary production is the initial stage controlled by the energy 

of reservoir nature itself and continues until the oil production becomes uneconomical. 

Secondary recovery can be achieved after primary production by waterflooding or 

injection of immiscible fluid (water or natural gas) for pressure maintenance. Tertiary 

recovery may start after either primary or secondary recovery and includes thermal, 

gas injection, chemical and microbial methods.  

 

For the most of the reservoirs, it is more advantageous to study and plan a secondary 

or tertiary process within the early stage of production life. According to Terry and 

Rogers (2015), the primary production methods can recover up to 25 to 30% of the 

original oil in place (OOIP). The remaining 70% to 75% of the resource is large and 

attractive target for additional recovery. 
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1Figure 1.1 Hydrocarbon Recovery Methods (Moritis G., 1998) 

 

 

The most common secondary recovery method applied all around the world is 

waterflooding because of its proved success ratio, application ease and cost efficiency. 

The recovery efficiency of a waterflood is largely a function of the sweep efficiency 

(success of contacting the pore space in oil-bearing zone) and the ratio of oil ï water 

viscosities. Gross heterogeneities (fractures, high permeability streaks, faults etc.) and 

high viscosity ratios may lead to significant bypassing of residual oil and lower 

flooding efficiencies (Terry & Rogers, 2015).  

 

Analysis of injection and production data to infer the interwell connectivity becomes 

more crucial in cases that the reservoir is heterogeneous or information about the 

reservoir is not enough. Several studies were conducted which are based on statistics, 

neural network, analytical and numerical calculations to infer interwell connectivities 

and understand the flow mechanisms. 

 

The Capacitance-Resistive Model (CRM) is one of these studies using the most 

reliable data in the waterflooding projects which are ñrateò and ñpressureò. This 

method is a material balance based flow model, which considers the transmissibility 

and compressibility effects, to understand the interactions and their dissipations 

between injector-producer pairs. In this study, this method is applied to a waterflooded 

carbonate reservoir to characterize interwell connectivities and optimize oil production 

to maximize the net present value of the project economics.
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CHAPTER 2 

 

 

LITERATURE REVIEW 

 

 

 

2.1 Waterflood Prediction Methods 

According to Thakur and Satter (1998), the main purposes of the waterflood reservoir 

management studies are to estimate reserves, recovery rates and flood life for 

designing a project which can be done by the analysis of past and future performance. 

The common methods for these studies can be categorized as follows: 

 

 Volumetric Methods 

 Empirical Methods 

 Classical Methods 

 Performance Curve Analysis Methods 

 Numerical Simulation Methods 

2.1.1 Volumetric Methods 

Once the oil in place prior to waterflood is calculated by using the original oil in place 

and cumulative production, the ultimate recovery can be estimated by using a recovery 

efficiency factor. 

 

Estimated Ultimate Recovery = (Pre-Injection Oil in Place) x (Recovery Efficiency) 
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Recovery efficiency factor can be estimated from analog fields which show similar 

characteristics. It can be also estimated from the product of the volumetric sweep and 

displacement efficiencies as shown below (Satter and Thakur, 1994): 

 

Ὁ  Ὁ  Ȣ  Ὁ                    (2.1)   

 

where,  

ER :   overall recovery efficiency 

EV :  volumetric sweep efficiency made up of areal and vertical sweep efficiencies 

ED :  displacement efficiency determined from laboratory tests 

 

Another way of estimating the displacement efficiency and residual oil saturation is 

fractional flow theory (Bukley and Leverett, 1942) which requires some petrophysical 

parameter inputs. In addition to these methods, empirical correlations such as proposed 

by Croes and Schwarz (1955) can be used to calculate the displacement efficiency 

(Figure 2.1). From this figure, both oil recovery and water oil ratio can be determined 

as a function of the total liquid production (oil+water) and viscosity ratio. 

 

 
 

2Figure 2.1 Experimental Waterflood Performance (Croes and Schwarz, 1955) 

 

Volumetric method may be very important at early time decision making stages for 

the waterflooding projects. Although the volumetric method gives an estimate of the 
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waterflood recovery, it does not provide production forecast to use in economic model 

of the project. 

2.1.2 Empirical Methods 

Empirical methods for predicting waterflood performances are mainly based on: 

 

 Correlations with rock and fluid properties 

 Rate, timing and production trend responses 

 

Gutherie and Greenberger (1955) found that the oil recovery in water drive reservoirs 

was related to the some rock and fluid parameters (permeability, porosity, oil viscosity, 

formation thickness, connate water saturation, depth, oil reservoir volume factor, area 

and well spacing) and proposed an equation for recovery estimation. Schauer (1957) 

presented an empirical method for predicting the waterflood behavior of Illinois Basin 

waterfloods and constructed a plot showing percentage fill -up at first signs of an oil 

production response as a Lorenz coefficient. Guerrero and Earlougher (1961) 

presented a number of rule of thumbs for predicting performance which have limited 

applicability. Arps et al. (1967) conducted a statistical study (312 water-drive 

reservoirs) which resulted in an equation depending on porosity, connate water 

saturation, permeability, oil & water viscosities, initial pressure and pressure at 

depletion. There are two more studies proposed by Bush and Helander (1968) and 

Wayhan et al. (1970) which have limited usefulness in particular area being studied. 

Craig (1971) summarized all these empirical methods, which can provide good result 

when derived from and applied to the areas having similar characteristics, to show that 

these models could be used for estimating the performance of the projects. 

 

2.1.3 Classical Methods 

Craig (1971) summarized the published classical methods which primarily concerns 

with reservoir heterogeneity, areal sweep and displacement mechanism. 
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Reservoir Heterogenity: These studies have a common assumption of piston like 

displacement. Yuster and Calhoun (1944) developed equations which explain the 

variation in injectivity within three stages of a five spot pattern waterflood based on 

an assumption of equal mobilities. Muskat (1950) extended this study by increasing 

the mobility ratio range to 0.1 to 10 and discussed about the effects of permeability 

distributions. Prats et al. (1959), based on the same approach, developed a method of 

predicting five spot pattern waterflood performance by including combined effects of 

mobility ratio and areal sweep efficiency. Stiles (1949) proposed a method which 

accounts for the different flood-front positions in liquid filled, insulated linear layers 

to derive oil recovery and water cut equations by using the permeability variation of 

the layers and layer flow capacities. Dykstra-Parsons (1950) developed a method 

which uses a correlation between waterflood recovery, mobility ratios and 

permeability distributions by studying more than 200 flood pot tests performed.   

 

Areal Sweep: Muskat (1946) conducted several mathematical and experimental 

studies to determine the streamline and isopotential distributions in various flooding 

patterns. Hurst (1953) developed Muskatôs method to consider initial gas saturation 

prior to water saturation with an assumption of equal mobilities. Caudle and coworkers 

[Slobod and Caudle (1952), Dyes et al. (1954), Caudle and Witte (1959), Caudle and 

Loncaric (1960), Kimbler et al. (1964) and Caudle et al. (1968)] had many studies on 

areal sweep efficiencies in different flooding patterns which are four, five, seven, nine 

spot and line drive patterns. Aronofsky (1952) and Aronofsky and Ramey (1956) 

worked on the areal sweep efficiencies at breakthrough as a function of mobility ratio 

for five spot and line drive well arrangements. A study presented by Deppe (1961), 

which is about the injectivity of pattern floods as a series of linear and radial systems, 

used by Hauber (1964) to calculate five spot and direct line drive pattern flood 

performance. 

 

Displacement Mechanism: Buckley and Leverett (1942) developed a method 

considering the mechanism of oil displacement by water in either a linear or radial 

system which was later modified by Welge (1952) to simplify its usage. Roberts (1959) 

and Kufus and Lynch (1959) combined the frontal drive equation with Dykstra-
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Parsons method to eliminate the limitation of piston like displacement. Craig et al. 

(1955) developed a method, which is one of the most practical methods, based on 

Welge equation and correlations of areal sweep efficiency at and after water 

breakthrough. Wasson and Schrider (1968) proposed a method of predicting five spot 

waterflood performance in stratified reservoirs which combined several studies as 

Yuster and Calhoun (1944), Caudle and Witte (1959) and Craig et al. (1955). Rapoport 

et al. (1958) developed a method based on a laboratory-developed relationship 

between linear and five-spot flooding behavior. Higgins and Leighton (1962) 

performed a study based on stream tube approach at unit mobility ratio, shape factors 

and Buckley Leverett displacement mechanisms which can be applied for 5-spot, 7-

spot, direct / staggered line drive and peripheral patterns. 

 

Craig (1971) compared the developed waterflood performance prediction methods and 

categorized these into the four groups which consider primarily: 

 

 Reservoir heterogeneity  

 Areal sweep effects 

 Numerical methods 

 Empirical approaches 

 

According to this study, ñperfect methodò for predicting waterflood performance must 

include all pertinent fluid flow, well pattern and heterogeneity effects. However, most 

of the methods developed, except the recent mathematical models, are weak because 

of their assumptions to be used in field cases where the heterogeneity has a great effect 

on reservoir production.  

 

2.1.4 Performance Curve Analysis Methods 

In case of enough available data for the analysis of decline in oil production rate, the 

past performance of the well, group of wells or field can be extrapolated to predict 

future performance. It seems that just rates are needed for this work but the reality is 



 

8 

 

different because the production history includes different external effects caused by 

workover operations, production policies, surface operations, weather, market 

conditions etc. Hence, care must be taken in analyzing the trend of past production and 

studying the possible future projections which would directly affect the economics of 

the project. The commonly used performance curve analysis methods for waterflood 

projects are shown in Figure 2.2 (Satter and Thakur, 1994): 

 

 Log of oil production rate vs time 

 Oil production rate vs cumulative oil production 

 Log of water or oil cut vs cumulative oil production 

 Oil-water contact or gas oil contact vs cumulative oil production 

 Log of cumulative gas production vs log of cumulative oil production 

 

     

      

 
 

3Figure 2.2 Commonly Used Performance Curve Types (Satter and Thakur, 1994) 
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There are three main types of trends which are used to predict the future production 

performance of the wells. Mathematical derivations of these hyperbolic, harmonic and 

exponential curves for rates and cumulative productions are expressed in the study of 

Arps (1945, 1956).  

 

2.1.5 Numerical Reservoir Simulation 

Numerical reservoir simulation studies are based upon material balance which also 

takes the reservoir heterogeneity and fluid flow direction into account by dividing 

reservoir into grid cells (Ertekin et al., 2001). Rock and fluid properties and their 

changes with time for each grid block are very important because of the calculations 

depending on space and time. Computations using material balance and fluid flow 

equations are performed for different fluid phases in each cell and time step. Numerical 

simulation study can be divided into three stages; 

 

1) Data preparation 

2) History matching 

3) Performance prediction 

 

Data Preparation 

The data needed for simulation (expensive and time consuming) must include; 

 

 General data for reservoir (grids, layers, maps, initial conditions) 

 Rock and fluid properties (basic/special core analyses and PVT data) 

 Grid data & properties (petrophysical parameters) 

 Production/injection and well data (rate, pressure and completion data) 

 

History matching 

History matching of pressure and production of the well / region / field consists of 

optimization of the input data until the calculated results match with the observed 
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historical data. But one must remember that these solutions are not unique. That is why 

uncertainty analysis of each input data must be done to be aware of the possible error 

ranges. History matching procedure can be summarized as follows: 

 

 Initializing the reservoir model  

 Matching pressure and original hydrocarbon in place 

 Saturation matching  

 Field and well rate matching 

 

Performance Prediction 

When the production history is matched, in order to determine the optimum 

operating conditions and maximize the economics of the project, performance 

prediction is done by using the same matching parameters and possible development 

scenarios.  

 

2.2 Interwell Connectivity Determination and Recent Works 

2.2.1 Statistical Methods 

In addition to the mentioned waterflood performance prediction methods, there are 

statistical approaches that focus on the performance of production wells by considering 

their relationships with surrounding injection wells. Heffer et al. (1997) used 

Spearman rank correlations of well rates to find a relationship between injector-

producer pairs and evaluated with geomechanics by focusing on the maximum 

horizontal stress. Refunjol and Lake (1996) also used Spearman analysis to analyze 

flow paths by adding time lag concept which corresponds to effect of compressibility 

of the reservoir fluids. Jansen and Kelkar (1997) studied exploratory data analysis 

methods on the injection and production data, considering rate and pressure versus 

time and spatial location analysis. De SantôAnna Pizarro et al. (1998) used the 

Spearman rank technique to validate with numerical simulation and examined its 

benefits and limitations. Soeriawinata and Kelkar (1999) also proposed a method to 
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analyze the superposition effect of multiple injection wells on a producing well by 

using cross-correlation of summation of the rates of injectors with the producer.  

 

2.2.2 Linear Regression Models 

Albertoni and Lake (2003) used a more robust multivariate linear regression method 

which calculates the interwell connectivity between injector-producer well pairs 

quantitatively by using the diffusivity filters to consider the time lag between injection 

and production rates. Gentil (2005) demonstrated the physical meaning of the 

calculated weighting factor by explaining them as the relative average transmissibility 

between a pair divided by summation of all pairsô transmissibilities. Dinh and Tiab 

(2008) developed a model based on the MLR model with the BHPôs of injection and 

production wells instead of rates. 

 

2.2.3 Neural Network Models 

Some other studies focused on the neural networks to analyze these relationships. 

Panda and Chopra (1998) used artificial neural networks to analyze the interaction 

between injection and production wells within a pattern by using the injection rates, 

permeability, thickness as the input of the network and oil/water rates as the output of 

the model. Demiryurek et al. (2008) performed sensitivity analysis based on a real field 

data to quantify the connectivities of the injector/producer pairs by using trained 

network.  

 

2.2.4 Capacitance ï Resistive Models 

Yousef et al. (2006) developed a more complicated model which uses nonlinear signal 

processing model to evaluate the interwell connectivity by considering not only the 

injection but also the primary production and bottomhole pressure effects. In this 

model, time constants instead of the diffusivity filters were used to characterize the 

time delay of injection signal at the producers. Liang et al. (2007) developed a simple 

CRM model to optimize oil production without using BHP data by adapting a power-

law water cut prediction model. Sayarpour et al. (2007) presented analytical solutions 



 

12 

 

for the continuity equation of the CRM to model three different reservoir control 

volumes by considering stepwise and linear variations in both injection rates and 

pressures. Kaviani et al. (2008) proposed segmented CRM and compensated CRM to 

overcome some limitations of the model. Sayarpour et al. (2009) applied these models 

to a CO2 case and concluded that it is a reliable tool for performance prediction for 

both waterflood and CO2 flooding. Weber et al. (2009) used the capacitanceïresistive 

model to optimize injection allocation in large reservoirs with many variables and 

suggested some simplification methods. Yousef et al. (2009) studied CRM 

applications to detect the permeability trends and enhance the geological features by 

using log-log and flow capacity plots. Delshad and Paurafshary (2009) also used this 

model to detect the presence of fractures in a reservoir and calculate fracture 

permeability. Izgec and Kabir (2009) extended the use of CRM to immature fields in 

which the transient flow was studied and validated on a streamline simulation study. 

Nguyen et al. (2011) developed an integrated capacitance-resistive model (ICRM) 

(using cumulative volumes instead of rates) which is solved by linear regression and 

compared CRM model parameters with the parameters used in streamline simulation. 

Naseryan et al. (2011) compared the results of MLR & CRM and showed the 

advantages of CRM with respect to MLR. Wang et al. (2011) superimposed the CRM 

established producer-injector connection on InSAR satellite imagery of surface 

subsidence to analyze the reasons of subsidence in the study area. Kim et al. (2012) 

applied the ICRM to waterfloods and evaluated the uncertainty on model parameters. 

Bastami et al. (2012) integrated the capacitance - resistive model into operational and 

economic analysis of a case study. Salazar et al. (2012) presented a case study of CRM 

application combined with decline curve analysis to predict the behavior of a mature 

reservoir under gas injection. 

 

2.3 Multivariate Linear Regression Model 

Albertoni and Lake (2002), suggested a linear multivariate regression technique to 

predict the total liquid production of a well by just using injection and production rates 

(in reservoir volumes). This technique is based on the material balance which 
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considers just only oil and water, not the gas rate. Working period must not include 

significant free gas production in this analysis.  

 

In Albertoni & Lakeôs work, reservoir is considered as a system that processes a 

stimulus and returns a response. Diffusivity filters are used to take into account the 

time lag and attenuation that occurs between stimulus and response. Because of the 

fact that there are several injection and production wells acting at the same time, the 

input signal is affected by the location and the orientation of the each injector - 

producer pairs. Three regression types were suggested depending on the modelsô 

constraints; 

 

 Multivariate Linear Regression (MLR) 

 Balanced Multivariate Linear Regression (BLMR) 

 Instantaneous Balanced Multivariate Linear Regression (IBMLR) 

 

2.3.1 Multivariate Linear Regression (MLR) 

 

When the field production rate is considerably different from the injection rate, it can 

be stated that waterflood is unbalanced and the MLR must be used in this case. In MLR 

approach, the estimated production rate of a producer j is given by; 

 

ή ὸ  ‗  В ‗Ὥὸ                             Ὦ ρȟςȟȣȢὔ              (2.2)

  

where, N is the total number of production wells and I is the total number of injection 

wells. This equation states that the total production rate (q) at well j is equal to the sum 

of the injection rates of each injector (i i) plus a constant term ɚ0j. The ɚij parameters are 

the weighting coefficients that determine the connectivity between pairs and the constant 

term ɚ0j represents the unbalanced part of the system.  

 

MLR approach is generally used for unbalanced system but this is not the only case. It 

can be used also for the possible cases below: 
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¶ Study of a selected portion of a waterflooded area (boundary influx) 

¶ Production not associated with injected water (primary production or aquifer)   

¶ Injection losses to upswept areas / layers  

 

Yousef (2006) explained the solution of MLR weights by minimizing the sum of 

squared error (SSE) between the measured and estimated total liquid production rates; 

 

ὓὭὲ  ὛὛὉ В ή ὲ ή ὲ                  (2.3) 

 

where, NT  is the total number of data points for a time period. 

 

2.3.2 Balanced multivariate linear regression (BMLR) 

 

If the field injection rate is equal to the total production rate (balanced waterflood) the 

BMLR must be used. In this model ‗  is set to zero as follows: 

 

ή ὸ  В ‗Ὥὸ                        Ὦ ρȟςȟȣȢὔ               (2.4)  

 

This equation states that at any time (t), the total production rate at well j is equal to 

the sum of the injection rates of every injector.  

 

In the BMLR approach, the balance condition below should be also satisfied; 

 

ή  В ‗ Ӷ                                    Ὦ ρȟςȟȣȢὔ               (2.5) 

 

Yousef (2006) explained the solution by introducing a Lagrange multiplier (ɛj), the 

objective function becomes  

 

В ή ὲ ή ὲ ςʈ ή В ‗ Ӷ                (2.6) 
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2.3.3 Instantaneous Balanced Multivariate Linear Regression (IBMLR) 

 

The IBMLR approach is very similar to the BMLR approach. The production rate at 

producer j is described as summation of the rates of each injector with a separate 

balance condition (Yousef, 2006). 

 

The balance condition in this case is more restrictive compared to the BMLR, which 

requires that waterflood to be in balance at every time step (t); therefore, IBMLR 

should be used when the waterflood is in balance at every time step. The IBMLR 

model for each producer j is; 

 

ή ὸ  В ‗ Ὥὸ                   (2.7) 

 

The instantaneous balance condition is; 

 

В ή  В Ὥ                   (2.8) 

В В ‗Ὥ В Ὥ                   (2.9) 

 

Equation also can be written as; 

 

В В ‗ В Ὥ                 (2.10) 

 

thus, the balance condition for each injector is given by; 

 

В ‗ ρ                   (2.11) 

 

In IBMLR, the sum of the weights for each input variable (injector) is equal to one. 

 

Yousef (2006) states that the IBMLR system must be solved simultaneously for all 

producers while the BMLR system can be solved for each producer. The constraints 
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(one for each injector) are introduced in the system of equations again by means of 

Lagrange multipliers. The objective function in this case is; 

 

В В ή ὲ ή ὲ В ςʈ ρ В ‗             (2.12) 

 

2.3.4 Diffusivity Filters 

 

In real cases, it is not very practical to observe the instantaneous effects on producer 

caused by the injection. According to Albertoni and Lake (2002), to represent the 

accurate flow behavior in the reservoir, diffusivity filters must be used to consider the 

time lag and attenuation of the changes. Small permeability, large pore volume, large 

viscosity and large total compressibility may be the possible reasons for a large 

dissipation in the reservoirs.  

 

Diffusivity filters and their effects are defined by two factors: the diffusivity constant 

(parameter depends on the medium) and the distance between the pairs. There is one 

diffusivity constant for each pair and obtained after an iterative process that minimizes 

the error between the modeled and the observed production rates. 

 

These diffusivity filters are applied on injection rates and their basic shapes are obtained 

from the impulse propagation equation (the transient solution to the radial diffusivity 

equation) assuming a homogeneous reservoir, which is superimposed in time. The 

filtered form of injection rates are given by;  

 

Ὥ ὸ  В ‌ Ὥὸ ὲ                         (2.13) 

 

which is the effective injection rate of injector i affecting producer j at time t. The 

filters include the effects of the most recent 12 months of injection. The ‌(n) are 12 

filter coefficients obtained from the discretization of the filter function. In case of large 

dissipation, more than 12 filter coefficients may be needed (see Appendix-A for 
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derivation). Figure 2.3 illustrates different dissipation effects of filters (no, moderate 

and large dissipation) on production behavior. 

 

 
 

4Figure 2.3 Dissipation on Injection-Production Response (Albertoni & Lake, 2002) 

 

2.3.5 Assumptions on Multivariate Linear Regression (MLR) 

 

The general assumption is that all the parameters that affect connectivity between wells 

must be constant within selected the time period for analysis. These constant 

parameters can be categorized as below; 

 

Constant number of production wells: The number of the wells and corresponding 

locations must remain constant within the analysis period. In case of introducing new 

wells, it would result in a complete new set of weighting coefficients. 

 

Constant producing bottomhole pressure: To capture the pure injection effect on 

production well, the well performance should be analyzed just based on the injection 

rates by keeping the bottomhole pressure constant. Unless these effects are decoupled, 

it is not possible to estimate correct representative weights.   

 

Constant well productivity: Working with the wells which are stimulated would 

exhibit different production profiles even the injection rates are kept constant. That is 

why no major changes in wellbore and reservoir properties should occur in the 

production wells within the analysis period. 
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Constant gas-oil ratio (GOR): Normally, changes in water and oil saturations will not 

significantly affect the reservoir properties because of the low compressibility 

changes. But a change in gas saturation causes a change in the reservoir total 

compressibility and also indirectly the reservoir diffusivity.  GOR should be constant 

and equal to the dissolved gas-oil ratio in the analyzed period.  

 

No new completions: No new layers should be completed during analysis period. 

 

Constant non-waterflooding production: In the MLR approach, the production 

accounted for by non-waterflooding reasons (primary production or aquifer support) 

is assumed to be constant. 

 

2.4 Capacitance ï Resistive Models 

Previous studies proved that CRM is a powerful tool, which combines surrogate 

modeling and material balance, to estimate the interwell connectivity within a short 

time and practical way.  

 

Yousef et al. (2006) introduced a procedure that uses a nonlinear signal processing 

model to provide information about the interwell connectivity between producer-

injector pairs and possible flow barriers. This approach uses a more complex model 

than MLR by including capacitance (compressibility) effects as well as resistive 

(transmissibility) effects and does not require any prior knowledge about the reservoir 

properties.  

 

The additional advantages of this model over MLR can be listed as follows: 

 

 Applicable when wells are shut-in frequently / for long periods of time 

 Capable of integrating the effect of primary production 

 Use of BHP to decouple the injection effects from the pressure related ones  
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The name CRM is selected for this model because of its analogy to a resistor-capacitor 

(RC) circuit (Thompson, 2006). A production rate response to a step-change in 

injection rate (Figure 2.4) is analogous to voltage measurement of a capacitor in a 

parallel RC circuit where the battery potential is equivalent to the injection signal. 

 

For each injector-producer pair, two parameters are determined; one parameter (the 

weight coefficient, ɚ) quantifies the connectivity and another (the time constant, Ű) 

quantifies the degree of fluid storage between the wells. By considering the inputs and 

outputs, the capacitance model could be expressed as the total fluid mass balance 

which takes compressibility into account.  

 

 
 

5Figure 2.4 Injection Rate Signal on Production Response (Sayarpour, 2008) 

 

The material balance differential equation for an injector-producer well pair at 

reservoir conditions is given by; 

 

ὧ ὠ 
Ӷ
  Ὥὸ ɀ ή ὸ (2.14) 

 

where, ct is the total compressibility; Vp is the pore volume being drained, ὴӶ is the 

average pressure, i(t) is the injection rate and q(t) is the total production rate. This 

equation states that at any time, the net rate of mass change in the drainage volume can 

be explained by a change in the average pressure in a porous system which has constant 

total compressibility. 
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To work with just rate and bottomhole pressure data instead of average pressure 

parameter, which is not always easy to obtain, the following linear productivity model 

can be used; 

 

ή ὐ ὴӶ ὴ                   (2.15) 

 

where, J and pwf are the productivity index and flowing bottomhole pressure of the 

producer, respectively. Eliminating the average pressure by using new productivity 

model gives 

 

† ήὸ Ὥὸ  † ὐ                 (2.16) 

 

where, Ű is the "time constant" of the drainage volume, and is expressed as 

 

†
 

                   (2.17) 

 

This equation is developed based on the following assumptions (Sayarpour, 2008): 

 

 Constant temperature (isothermal) 

 Instantaneous equilibrium  

 Two immiscible phases 

 Negligible capillary pressure effect  

 Small fluid compressibility  

 Darcyôs law applies 

 Constant productivity index  

 

By using integrating factor technique and integration by parts, equation becomes (for 

details see Appendix-B): 
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ɘ
                 (2.18) 

 

where, t0 is the initial time  and § is a variable of integration. 

 

This equation states that the output signal includes three different parts. The first term 

on the right side of the equation is the response of primary (pre-injection) production 

rate. The second component is the contribution from the injection input signal. The 

last component is the output signal caused by changing the BHP of the producer 

(Yousef et al., 2006) 

 

2.4.1 Discrete Model 

 

Discretizing the integrals, capacitance model for one injector and one producer at 

constant BHP becomes; 

 

ήὲ ήὲ Ὡ В ‌ Ὥά               (2.19) 

 

where, 

 

‌  
Ў
 Ὡ                   (2.20) 

 

n is a time-like variable and ҟn is the selected discretization interval. ‌m is the filter 

coefficient which shapes the form of the output signal. For fixed ҟn, the time constant, 

which accounts for attenuation and time lag between injector and producer pair, 

characterizes the filter coefficients (Yousef, 2006). 

 

The integration and the discrete version of the model represent convolved form of the 

input injection signal which is also called as a filtered injection rate. Total production 
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rate at step n is a function of the primary production component and the injection 

history between n and n0. The contribution of each step in the injection history is 

controlled by the time constant which transforms the injection input signal to take the 

form of the output signal by using filter coefficients.  

 

The time constant Ű, is a direct measure of the dissipation in response between an 

injector and producer pair. If there were no dissipation between a well pair, Ű would be 

small and a change in the injection rate would cause an equivalent and simultaneous 

change in the production rate. The main reason for a large dissipation is a large Ű which 

can also be detailed as a large total compressibility, a large pore volume, a small 

productivity or permeability as stated in the formula. 

 

Yousef et al. (2006) explained the effects of time constants on production signal by 

using three different values of Ű, as shown in Figure 2.5. For Ű < 1.0 time unit, the 

producer signal is very similar with the one for injection which indicates that the 

injection change causes a nearly instantaneous and equivalent change at the producer. 

For Ű = 10 time units, the injection at every step n does not have its entire effect 

instantaneously acting on the producer. Injection from previous steps contributes to 

production at step n. The injection output signal at Ű = 50 time units, results in larger 

attenuation and more time lag. From this study, it can be concluded that the larger the 

Ű the more attenuated and delayed the production signal. 

 

 
 

6Figure 2.5 Filtered Injection Rate Responses for Different Time Constant Values  

(Yousef, 2006) 
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2.4.2 Extension to Multiple Producers and Injectors 

 

In real world, usually there are more than one production and injection well acting 

simultaneously and the total production rate at one production well is usually 

supported by different injection wells. Thus, the Capacitance-Resistive Model must be 

generalized to describe a system consisting of one producer and multiple injectors. 

 

One way is to apply this integration is assuming the corresponding injector is the only 

injector acting in the medium and the rate at the producer is affected only by that 

injector. The material balance equation for each injector-producer pair in a system 

consisting of producer j and injector i is; 

 

ὧ  ὠ  
Ӷ
 ‗Ὥὸ ή                 (2.21) 

 

Then, by making use superposition in space, the governed material balance equation 

for producer j and I injectors is; 

 

В ὧ  ὠ  
Ӷ
 В ‗Ὥὸ В ή              (2.22) 

 

where, ctij, Vpij, and ὴӶij now all represent properties in a volume drained by producer j 

when injector i is only active in the medium. qij is the production rate at producer j if 

there were only one injection well (i) affecting it.  

 

Compared to one injector-producer pair model, Equation 2.22 suggests that the total 

volume drained by producer j and I injectors can be decomposed into separate pore 

volumes in which each pore volume is drained by the ij  well pair when the 

corresponding injector is the only active well in the medium (Figure 2.6). 
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7Figure 2.6 Schematic of the Pore Volumes Used by One Producer & Injectors 

(Yousef, 2006) 

 

 

В† Вή ὸ  В ‗Ὥὸ В † ὐ            (2.23) 

 

where, 

 

†  
 

                  (2.24) 

 

which provides one time constant (Űij) and weight (ɚij) for each injector-producer pair. 

 

The solution of equation will consist of three terms. The first part is for primary 

production (pre-injeciton) depletion. The second term accounts for the contribution 

from multiple injection input signals. The last term is for the changing BHP of the 

producer (Yousef et al., 2006).  

 

The primary production term and the BHP term requires some mathematical 

manipulations and approximations. The primary production term, the first term in the 

solution of equation is; 

 

ὊὭὶίὸ ὸὩὶά ή ὸὩ  ή ὸὩ Ễ ή ὸὩ                    (2.25) 
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where, qij(t0) and Űip are the initial production rate when only injector i is active, and 

the corresponding time constant, respectively. Because of the fact that qij is usually not 

available, the primary production solution requires expression in terms of known 

quantities. One way is to impose the same time constant in all terms which results in; 

 

ὊὭὶίὸ ὸὩὶά Ὡ В ή ὸ                           (2.26) 

 

ὊὭὶίὸ ὸὩὶά ή ὸὩ                            (2.27) 

 

where, qj(t0) is the initial total production rate of producer j. Űp is the resultant time 

constant of the primary production solution. 

 

The injection term, the second term in the solution of equation needs no further 

approximation and is given by: 

 

ὛὩὧέὲὨ ὸὩὶά В ‗ Ὡ  ᷿ Ὡ
ɘ

 Ὥ ɘὨɘ
§

ɘ
                           (2.28) 

 

which, provides one time constant (Űij) and weight (ɚij) for each pair. 

 

The BHP term, the third term in the solution of Eq. 2.39, is given by; 

 

ὝὬὭὶὨ ὸὩὶά ὐ ὴ ὸὩ ὴ ὸ
Ὡ

†
 Ὡ

ɘ

 ὴ  ɘὨɘ

§

ɘ

 

 ὐ ὴ ὸὩ ὴ ὸ   
 
 ᷿ Ὡ

ɘ

 ὴ  ɘὨɘ
§

ɘ
Ễ

  ὐ ὴ ὸὩ ὴ ὸ  ᷿ Ὡ
ɘ

 ὴ  ɘὨɘ
§

ɘ
            (2.29) 
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where Jij, and Űij are the productivity index when only one injector is active, and the 

corresponding time constant, respectively. Since Jij is not known, the BHP term must 

be defined in terms of known quantities. As it was in the primary production term, the 

same time constant concept can be used here; 

 

ὝὬὭὶὨ ὸὩὶάὺ ὴ ὸὩ ὴ ὸ  ᷿ Ὡ
ɘ

 ὴ  ɘὨɘ
§

ɘ
     (2.30) 

 

where, vj is a coefficient that determines the effect of changing the BHP of producer. 

  

It is approximated by: 

 

ὺ  В ὐ                  (2.31) 

 

Then, the generalized capacitance model for producer j and I injectors is given by; 

 

ή ὸ  ‗ή ὸὩ ‗ Ὡ  Ὡ
ɘ

§

ɘ

 Ὥ ɘὨɘ  

ὺ ὴ ὸὩ ὴ ὸ  ᷿ Ὡ
ɘ

 ὴ  ɘὨɘ
§

ɘ
            (2.32) 

 

The discrete form is: 

 

ή ὲ ‗ή ὲ Ὡ В ‗Ὥ ὲ    

ὺ ὴ ὲ Ὡ ὴ ὲ ὴ ὲ               (2.33) 
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where, 

Ὥ ὲ  В
Ў
 Ὡ Ὥ ά                (2.34) 

ὴ ὲ В
Ў
 Ὡ ὴ ά                          (2.35) 

 

ɚp and Űp are the weighting factor and time constant for the primary production 

contribution. ɚij is the weight coefficient between injector i and producer j; Űij is the 

time constant for the medium between injector i and producer j; Ὥ ὲ is the convolved 

or filtered injection rate at step n and ὴ ὲ is the convolved BHP at step n for 

producer j; vj is a coefficient that determines the effect of changing the BHP of 

producer j.  

 

It is also possible to observe producer-producer interactions which can also influence 

production rates of the producers. By incorporating the BHPôs of the other producers 

in the BHP term it is possible to extend the equation to account for producer-producer 

interactions: 

 

ή ὲ  ‗ή ὲ Ὡ ‗Ὥ ὲ   

В ὺ ὴ ὲ Ὡ ὴ ὲ ὴ ὲ             (2.36) 

 

where, ὺ  is a coefficient that determines the effect of changing the BHP of producer 

k on the production rate of producer j; ὴ ὲ is the convolved BHP at step n for 

producer k.  

 

In this way, the time constants in the BHP terms are changed from Űj to Űkj in order to 

incorporate producer-producer interactions. But on the other side, from the case studies 

performed, it was found that all Űôs in BHP term tend to be very large. Thus, the BHP 

term can be simplified as, 
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ὄὌὖ ὸὩὶά В ὺ ὴ ὲ ὴ ὲ              (2.37) 

 

According to this equation, the data used in the regression procedure to determine the 

vôs coefficients are the differences between the BHP at initial step ὲ  and the BHP 

at any step ὲ, so if the producer BHP is constant, the BHP data will be simply zero.  

 

In the capacitance resistive model, there are two sets of parameters that require 

estimation. One set is the time constants (Űp, Űij, and Űkj), and another set is the weighting 

coefficients (ɚp, ɚij, and Vkj).  

 

To determine the optimum solution of ɚôs and Űôs, a non-linear optimization procedure 

is required. The weights ɚij obtained from the optimization provide a quantitative 

expression of the connectivity between each (ij ) pair; the larger the ɚij, the greater the 

connectivity. The time constants Űij are direct measures of the dissipation between each 

pair; the larger the Űij, the larger the dissipation. 

 

Kaviani et al. (2008) also studied on CRM applications and proposed the ñSegmented 

CRMò and ñCompensated CRMò to overcome some difficulties in CRM applications. 

Segmented CRM can be used where BHP data are unknown and Compensated CRM 

makes the model need less parameter when a new producer is added or an existing 

producer is shut-in. They can be used simultaneously if both conditions are the case.  

 

In that study, different shifting filter is used and a discretized equation is achieved. 

Based on the well-known CRM equation proposed by Yousef et al. (2006)  

 

ήὸ ήὸὩ  ᷿ Ὡ
ɘ§

ɘ
 Ὥ ɘὨ§ ὐ ὴ ὸὩ ὴ ὸ

 ᷿ Ὡ
ɘ

 ὴ ɘὨɘ
§

ɘ
                (2.38) 

 

by assuming a constant injection rate and pressure in each time step, equation becomes; 
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ή ὸ  ‗ή ὸὩ В ‗Ὥ ὸ  В ὺ ὴ ὸὩ

ὴ ὸ ὴ ὸ                   (2.39) 

 

where, 

Ὥ ὸ В Ὡ Ὡ  Ὥὸ               (2.40) 

 ὴ ὸ В Ὡ Ὡ  ὴ ὸ              (2.41) 

 

By neglecting the time constant between producers in pressure contribution part as it 

was also done in Yousef (2006), final version of equation becomes; 

 

ή ὸ  ‗ή ὸὩ В ‗ В Ὡ Ὡ  Ὥὸ

В ὺ ὴ ὸ ὴ ὸ                 (2.42) 

 

Detailed procedure of discretization can be found in Appendix-C. 

 

2.4.3 Types of Capacitance-Resistive Model 

 

Two different approaches depending on the type of waterflood are proposed by Yousef 

et al. (2006):  

 

 Balanced Capacitance Model (BCM)  

 Unbalanced Capacitance Model (UCM)  

 

Both approaches are based on a total material balance, using the total (oil + water + 

gas) production rates (in reservoir volumes/time), the injection rates (in reservoir 
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volumes/time) and bottomhole pressures (if available / not constant) for every well in 

a waterflood as input data. 

 

Balanced Capacitance Model 

 

Waterflood is balanced when the field-wide injection rate is approximately equal to 

field-wide liquid production rate. In this case, the following form of the capacitance-

resistive model should be used; 

 

ή ὲ  ‗ ήὲ Ὡ  В ‗Ὥ ὲ  В ὺ ὄὌὖ           (2.43) 

 

where,   

Ὥ ὲ  В
Ў
 Ὡ Ὥ ά                (2.44) 

ὄὌὖ ὴ ὲ Ὡ ὴ ὲ В
Ў
 Ὡ ὴ ά           (2.45) 

 

This equation states that the total production rate at any step n, is a linear combination 

of the primary production, the convolved or filtered injection rates of every injector, 

and the BHP change of every producer.  

 

All the coefficients mentioned above can be determined by minimizing the squared 

errors between measured production rates and those generated by equation: 

 

ὓὭὲ В ή ὲ ή ὲ                (2.46) 

subject to average balance constraint, 

 

ή=ή                   (2.47) 

 

The final objective function is defined as follows by using Lagrange multipliers; 
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ὓὭὲ В ή ὲ ή ὲ ςʈ ή ή              (2.48) 

 

By setting this equaitonôs derivative with respect to each of the coefficients equal to 

zero, a set of I+K+2 linear equations can be solved simultaneously for ‗ȟ‗ȟὺ  and 

ʈ. As a constraint of this objective, sum of the weights of one injector should be equal 

to 1. 

 

Unbalanced Capacitance-Resistive Model 

 

A waterflood is unbalanced when the field production rate is considerably different 

from field injection rate. There may be different reasons for evaluating the waterflood 

as unbalanced;  

 

 Study of a selected portion of a waterflooded area (boundary influx) 

 Production not associated with injected water (aquifer effect)   

 Injection losses to upswept areas / layers  

 

 If this is the case, a constant rate q0j should be added to the model. 

 

ή ὲ  ή  ‗ὴὴ В ‗Ὥ ὲ  В ὺ ὄὌὖ                    (2.49) 

 

The minimization procedure is similar to the one in the BCM. The system is solved by 

minimizing the squared errors; 

 

ὓὭὲ В ή ὲ ή ὲ                (2.50) 

 

Minimization proceeds as before which generates a set of I+K+1 linear equations 

which can be solved for  ‗ȟ‗ȟὺ  ὥὲὨ ή . Unlike BCM, the sum of the weights for 

each injector can be less than or equal to 1. 
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In the derivations of the CRM requires several assumptions (Kaviani et al, 2008): 

 

 Constant number of producers; i.e. no shut-in period or new production wells 

 Availability of BHP data or constant and similar BHP  

 Constant reservoir and well conditions 

 Long period of data 

 Negligible change in gas saturation 

 Uncorrelated injection rates 

 

2.5 Analytical Solutions for Different Reservoir Volumes   

Sayarpour et al. (2008) proposed analytical solutions for the differential equation of 

the Capacitance-Resistive Model based on superposition in time. Solutions are 

suggested for three different reservoir-control volumes: 

 

 CRMT      - Drainage volume of the entire field  

 CRMP      -  Drainage volume of each producer 

 CRMIP     -  Drainage volume between each injector/producer pair 

 

Considering the CRM equation for one injector-producer pair (Yousef et al., 2006); 

 

ήὸ ήὸὩ  ᷿ Ὡ
ɘ§

ɘ
 Ὥ ɘὨ§ ὐ ὴ ὸ Ὡ  ὴ ὸ

ὐ  ᷿ Ὡ
ɘ

 ὴ ɘὨɘ
§

ɘ
                (2.51) 

 

Yousef (2006) discretized the integrals in the equation over the entire production 

history by considering equal discretizations of time intervals. Instead of numerical 

solution of the CRM developed by Yousef et al. (2006) and Liang et al. (2007), 

integrals can be evaluated analytically by using superposition in time, in which an 

analytical solution at the end of each time interval can be used as initial condition for 

the next time interval.  
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Based on the assumption of linear variation of bottom-hole pressure (LVBHP), these 

analytical solutions were derived for two different projections which are (Figure 2.7):  

 

 Stepwise variation of injection rate (SVIR)  

 Linear variation of the injection rate (LVIR)  

 

 

Stepwise Variation of Injection Rates Between t0 to tn 

 

Linear Variation of Injection Rates Between t0 to tn 

 

Linear Variation of Bottomhole Pressures Between t0 to tn 

 

8 Figure 2.7 Schematic of Rate and Pressure Changes (Sayarpour et al., 2008) 
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2.5.1 CRMT ï One Time Constant for Field 

 

In this type, reservoir is modeled by a single producer and a single injector (Figure ï 

2.8) as a tank by including the total production and injection rates which represent q(t) 

and i(t) . † is used as field time constant.  

 

 
 

9Figure 2.8 Schematic of CRMT (Sayarpour et al., 2008) 

 

By considering the system with one injector - one producer and constant field injection 

rate for a time interval ҟtm, the total field-production rate can be stated as; 

 

ήὸ ήὸ Ὡ  Ὡ ᷿ Ὡ
ɘ

 
§

ɘ
 ὭɘὨɘ Ὡ  ᷿ ὐ Ὡ

ɘ§

§
  

ɘ
Ὠɘ          (2.52) 

 

By integrating the second term by parts, it becomes: 

 

ήὸ ήὸ Ὡ  Ὥὸ  Ὡ  Ὥὸ Ὡ ᷿ Ὡ
ɘ

 
§
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ɘ
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Ὠɘ
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ɘ
  

ɘ
Ὠɘ                  (2.53) 

 

 

CRMT Solution for Series of SVIR (stepwise variation of injection rate)  

 

For a time series of data points (SVIR and LVBHP), by assuming constant productivity 

index during the time interval ætm, equation can be integrated from time tm-1 to tm as 

follows: 



 

35 

 

ήὸ  ήὸ  Ὡ
Ў

  ρ Ὡ
Ў

Ὅ ὐ † 
Ў

Ў
            (2.54) 

 

where, Ὅ   is the constant injection rate during the time interval Ўὸ  

 

For all time intervals from t0 to tn gives the superposition in time solution;  

 

ήὸ ήὸ Ὡ  В ρ Ὡ
Ў

Ὅ ὐ† 
Ў

Ў
Ὡ    (2.55) 

 

Solution for one injector ï producer pair with the assumptions of stepwise variation of 

injection rate and linear variation of producerôs BHP are shown above where Ўὸ is 

the difference between ὸ  and ὸ  and ήὸ  is the total production rate at the end of 

primary recovery.  

 

CRMT Solution for Series of LVIR (linear variation of injection rate)  

 

For a time series of data points (LVIR and LVBHP), by assuming constant productivity 

index during the time interval ҟtm, equation can be integrated from time tm-1 to tm as 

follows: 

 

ήὸ ήὸ Ὡ  
Ў

Ὥὸ Ὡ
Ў

Ὥὸ   

†ρ Ὡ
Ў

ὐ              (2.56)

    

The equation above is developed for only one time interval ȹtm, of LVIR and LVBHP 

and can be extended for a series of time steps; 
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ήὸ  ήὸ Ὡ     Ὥὸ Ὡ Ὥὸ   

†В  Ὡ  ρ Ὡ
Ў Ў

Ў
ὐ  

Ў

Ў
             (2.57) 

 

Solution for one injector ï producer pair with the assumptions of linear variation of 

injection rate and BHP of producer are shown above where ЎὭ ÁÎÄ Ўὴ  represent 

a change in the injection and BHP for time interval of tm-1 to tm.   

 

The variation of BHP of individual wells cannot be accounted for in estimating 

parameters, if more than one producer exists; BHP term must be eliminated. Moreover, 

if a portion of the field injection is maintained in the reservoir, the field injection rate 

must be modified and in case of any source of support is available (aquifer influx), a 

new parameter must be added as shown below; 

 

ή ὸ  ή ὸ  Ὡ
 

 

В  Ὁ ‗ Ὅ Ὡ  ρ Ὡ
Ў

               (2.58) 

 

where, Ὁ  indicates the flux into the reservoir from external source other than 

injectors and ‗ represents the weight coefficient of the portion. 

 

2.5.2 CRMP ï One Time Constant for Each Producer 

 

For a control volume around a producer, pattern of I number of injectors and a 

producer, is shown in the Figure-2.9;  
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10Figure 2.9 Schematic of the Control Volume of Producer j (CRMP)  

(Sayarpour et al., 2008) 

 

 

Liang et al. (2007) presented the differential equation for the capacitance model as; 

 

†  ή ὸ  В ‗ Ὥὸ  † ὐ              (2.59) 

 

where, VP , ct and pwf are the pore volume, total compressibility and flowing 

bottomhole pressure, respectively.  
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By considering the BHP variations, solution for this differential equation can be 

expressed as: 
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Instead of the numerical integration proposed by Liang et. al. (2007), analytical 

integration with superposition in time used for both SVIR and LVIR conditions. 

Integrating the equation above by parts;  

time constant for drainage area of the producer                    (2.60) 

 

ratio of injection rate of injector i flowing toward producer j   (2.61) 
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ή ὸ ή ὸ Ὡ
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§
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Ὠɘ             (2.63) 

 

CRMP Solution for Series of SVIR (stepwise variation of injection rate)  

 

For a time series of data points (SVIR and LVBHP), by assuming constant productivity 

index during the time interval ætm, equation can be integrated from time tm-1 to tm as 

follows; 

 

ή ὸ  ή ὸ Ὡ
 
Ў

ρ Ὡ
Ў

В ‗ Ὅ ὐ † 
Ў ȟ

Ў
           (2.64) 

 

For the series of time interval in the model, by replacing q(tn-1) from the previous time 

step solution for the all time intervals starting from t0, equation can be expressed as; 

 

ή ὸ  ή ὸὩ
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Ў
             (2.65) 

 

CRMP Solution for Series of LVIR (linear variation of injection rate)  

 

For a time series of data points (LVIR and LVBHP), by assuming constant productivity 

index during the time interval ҟtm, equation can be integrated from time tm-1 to tm as 

follows: 
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ή ὸ  ή ὸ Ὡ
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              (2.66) 

 

For the series of time interval in the model, by replacing q(tn-1) from the previous time 

step solution for the all time intervals starting from t0, equation can be expressed as; 

 

ή ὸ  ή ὸὩ
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2.5.3 CRMIP ï One Time Constant for Each Injector-Producer Pair 

 

In CRMIP, the affected pore volume of any injector/producer pair is considered. The 

volumetric balance over the affected pore volume of any injector-producer pair is 

illustrated below (Figure 2.10), 

 

 

 

11Figure 2.10 Schematic of the Pore Volumes Used by One Producer/Injector Pair 

(Sayarpour et al., 2008) 
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The equation for each producer-injector pair was stated by Yousef et al. (2006); 

 

  ή ὸ   ‗Ὥὸ  ὐ 
ȟ
              (2.68) 

 

where, the time constant Űij is defined as; 

 

†
 

                  (2.69) 

 

Yousef et al. (2006) initially summed the CRM equation over all the injectors for the 

production rate of producer j in a multi-well system and presented the following 

equation: 

 

ή ὸ В † В ‗ Ὥὸ  
ȟ
†В † ὐ                       (2.70) 

 

Yousef et al. (2006) initially applied superposition in space and Liang et al. (2007) 

numerically solved for production rate of each producer, but in this work firstly the 

equation of each pair is solved through superposition in time and then superposition in 

space to find production rate by summing up the all injectorsô contribution; 

 

ή ὸ  В ή ὸ                          Ὦ ρȟςȟσȟȣȢȟὔ             (2.71) 

 

where,  
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CRMIP Solution for Series of SVIR (stepwise variation of injection rate)  

 

For a time series of data points (SVIR and LVBHP), by assuming constant productivity 

index during the time interval ætm, equation can be integrated from time tm-1 to tm as 

follows: 

 

ή ὸ ή ὸ Ὡ
 
Ў
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 ‗Ὅ ὐ † 
Ў ȟ
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           (2.73) 

 

where, Ὅ  and Ўὴ  are the injection rate and change in BHP of  producer  

 

For the series of time interval in the model, by replacing q(tn-1) from the previous time 

step solution for all time intervals starting from t0, equation can be expressed as; 
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                   (2.74) 

 

Then qj (tn) can be calculated by considering each of injector contribution as; 

 

ή ὸ В ή ὸ В ή ὸὩ
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             (2.75) 

 

CRMIP Solution for Series of LVIR (linear variation of injection rate)  

 

For a time series of data points (LVIR and LVBHP), by assuming constant productivity 

index during the time interval ҟtm, equation can be integrated from time tm-1 to tm as 

follows: 
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where, ҟὭ  and ҟ ὴ  are the change in injection rate of injector i and change in 

BHP of producer j  

 

For a time series of data points, by superposition in time and assuming a constant 

productivity index during any time interval of ҟtm, qij can be calculated as; 
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Then qj(tn) can be calculated by considering each of injectors contribution as; 
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To match the total production history for a pattern of I injectors and N producers in 

different reservoir control volumes, Table 2.1 shows the parameters to be solved: 
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1Table 2.1 Comparison Between Numbers of Unknowns in CRM (Sayarpour, 2008) 

 

 
 

 

As a summary of comparison between the previously developed capacitance resistive 

models and these analytical solutions, Table 2.2 shows the advantages and 

disadvantages of the different models. 

 

 

2Table 2.2 Comparison Between Developed CRMs (Sayarpour, 2008) 
 

 
 

 

2.6 Integrated Capacitance Resistive Models (ICRM) 

Although the CRM models need just rates and pressures, they use nonlinear 

multivariate regression to estimate model parameters. If a field including lots of wells 

is considered, obtaining a unique solution with reliable results and establishing 

confidence intervals of the model parameters may be difficult because of the nonlinear 

nature of these models (Weber et al., 2009). 
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Nguyen et al. (2011) developed a model which uses linear multivariate regression on 

production-injection, initial reservoir and bottomhole pressure data to minimize these 

complex calculations. Suggested approach uses cumulative water injection and 

cumulative total liquid production instead of rates. Due to the simpler formulation of 

the ICRM formula, unique solutions are easier to obtain compared to other models and 

a remarkable reduction of the computation time can be achieved.  

 

ICRM can be applied to the reservoirs which have no aquifer, no volatile oil and no 

gas cap initially. It is applicable to both primary and secondary recovery which can be 

used in large fields. A detailed analysis of use ICRM in primary recovery can be found 

in the study of Nguyen at al. (2011) 

 

It is based on material balance as it is same in other models and developed from the 

CRMP governing differential equation as the following: 

 

 ή  В ‗ Ὥ ὐ 
 ȟ

                 (2.79) 

 

where, Űj is the producer j ôs time constant and ɚij  represents the fraction of water rate 

from injector i flowing towards producer j. 

 

After multiplying both sides of equation by dt and integrating from t0 to tn; 

 

᷿ Ὠή ᷿ ή Ὠὸ В ‗ ᷿ ὭὨὸ ὐ ᷿ Ὠὴ ȟ
ȟ

ȟ
  (2.80) 

 

Rearranging the terms and integrating equation, the equation becomes; 

 

ὔȟ ή ή  †  В ‗ ὅὡὍ ὐ † ὴ ȟ  ὴ ȟ            (2.81) 

 

where, ὔȟ represents the cumulative amount of total liquid produced from a producer 

j at time step n. ὅὡὍ accounts for the cumulative volume of water injected into an 
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injector i at time step n and I is the total number of injectors. If producerôs BHP is 

constant, equation can be simplified: 

 

ὔȟ ή ή  †  В ‗ ὅὡὍ              (2.82) 

 

Model parameters are estimated by linear multivariate regression that minimizes the 

following objective function; 

 

ÍÉÎᾀ  В В ὔȟ     ὔȟ              (2.83) 

 

with the constraints which makes coefficients meaningful; 

 

В Ὢ ρ for all i                 (2.84)

  

ɚij  π   Űj π   for all i and j                (2.85) 

 

which, represent a material balance allowing for a loss of water injected within the 

control volume when the sum of gains is less than one and ensures that injected water 

does not adversely affect the reservoir production (Weber et al., 2009). 

  

2.7 Empirical Oil Fractional Flow Models  

All CRM and regression based surrogate models mentioned up to now can estimate 

the total liquid production. Considering the optimization of the project economics, not 

only the total rates but also the oil rates as a function of time are very important.  

 

In Figure 2.11, oil production trend of a successfully waterflooded oilfield is shown.  

Initially, the reservoir pressure increases as the gas-filled pore volumes are refilled 

with water which also results in re-dissolving free gas back into oil. The oil production 

response occurs after the fill-up of the gas space. As the injection continues, the peak 

oil production rate is reached and oil production rate declines with increase in water 
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cut until the residual oil saturation of is reached (Thakur and Satter, 1998). Mentioned 

periods of the flood life can be expressed by different mathematical expressions that 

fit  the rate/time relationship best and forecasted (Willhite, 1986). 

 

 

12Figure 2.11 Typical Waterflood Performance (Thakur, G. C., 1991) 

 

Total production rate during secondary or tertiary recoveries are obtained easily by 

CRMs and can be combined with oil fractional-flow model to estimate oil production.  

 

Oil fractional flow models are either based on saturation front propagation or empirical 

models. The saturation based models are dependent on reservoir parameters which 

may be difficult to obtain most of the times. Therefore, empirical oil fractional-flow 

models are used commonly because of its ease and less data requirements. Papay 

(2003) summarized the most common empirical methods which use only production 

data as follows: 

 

Makszimov (1959) proposed the following equation to calculate the cumulative oil 

and cumulative water production based on the laboratory measurements and 

production data of oil reservoirs (Figure 2.12): 

 

ÌÏÇ ὡ ÌÏÇ ὦ  ὔ ÌÏÇ  ὥ                (2.86) 
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where, 

Wp = cumulative water production, bbl ï m3 

Np = cumulative oil production, bbl ï m3  

a, b = constant 

 

 

 

13Figure 2.12 Cumulative Water Production vs Oil Production (Makszimov, 1959) 

 

According to this relationship, the logarithm of the cumulative water production is the 

linear function of the cumulative oil production. By assuming q = qo + qw, equation 

becomes; 

 

Ὢ  
  

                 (2.87) 

 

Von Gunkel et al. (1968) proposed an equation for the cumulative water-oil ratio and 

cumulative oil production (Figure 2.13): 

 

ὡὕὙ ὥ ὦ Ὡ                  (2.88) 

 

where,  

Wp = cumulative water production, bbl ï m3 
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Np = cumulative oil production, bbl ï m3  

a, b, c = constants 

 

 

 

14Figure 2.13 Cumulative WOR vs Oil Production (Von Gunkel et al., 1968) 

 

According to this relationship, the cumulative water-oil ratio is a function of the 

cumulative oil production. By assuming q = qo + qw, equation becomes; 

 

Ὢ
    

                (2.89) 

 

Timmerman (1971) proposed an equation based on a relationship for forecasting 

production for oil displacement by water (Figure 2.14): 

 

ÌÏÇ ὥ ὦ ὔ                  (2.90) 

 

where  

qo = oil production rate, bbl ï m3 /time 

qw = water production rate, bbl ï m3 /time 

Np = cumulative oil production, bbl ï m3  

a, b = constants 



 

49 

 

 

 

15Figure 2.14 OWR vs Cumulative Oil Production (Timmerman, 1971) 

 

According to this relationship, the logarithm of the actual oil-water ratio is the linear 

function of the cumulative oil production. By assuming q = qo + qw, equation becomes; 

 

 Ὢ                        (2.91) 

  

Kazakov (1976) proposed the following equation to calculate cumulative water-oil 

ratio and cumulative water production relationship based on the production data of oil 

fields (Figure 2.15): 

 

ὡὕὙ ὥ ρ ὦ ὡ                (2.92) 

 

where, 

WOR = cumulative water-oil ratio, % 

Wp = cumulative water production, bbl ï m3  

Np = cumulative oil production, bbl ï m3   

a, b = constants 
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16Figure 2.15 Cumulative Water-Oil Ratio vs Water Production (Kazakov, 1976) 

 

According to this relationship, the ratio of cumulative water-oil ratio is the linear 

function of the cumulative water production. By assuming q = qo + qw, equation 

becomes; 

 

Ὢ  
 

     
              (2.93) 

 

Ershaghi and Omoregie (1978) proposed an equation for the cumulative oil production 

and water fraction relationship based on Buckley-Leverett-Welge displacement 

equation (Figure 2.16): 

 

ὥ Ὡ                   (2.94) 

 

where, a1 and a2 are constant 

 

ὔ ὥ ὦ ὰὲ ρ               (2.95) 
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17Figure 2.16 Cumulative Oil Production vs Oil Cut (Ershaghi and Omoregie, 1978) 

 

By assuming q = qo + qw, oil production rate vs cumulative oil production equation 

becomes; 

 

ὔ ὥ ὦ ÌÎ                (2.96) 

 

Table 2.3 summarizes all mentioned models and the proposed equations which uses 

only rates and cumulative volumes. 

 

Gentil (2005) proposed an empirical power-law fractional flow model which relates 

water - oil ratio and cumulative water injection. Estimated water/oil ratio can be 

calculated from the following equation: 

 

 ‌ ὡ                    (2.97) 

 

where, 

Wi  = cumulative water injection, bbl ï m3 

Ŭ, ɓ = constants 
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when the injection and production rates are in balance, equation becomes: 

 

Ὢ  
    

               (2.98) 

 

All these mentioned models can be used to predict and optimize oil flow rates by 

combining the total production results coming from any CRM based application. 

 

3Table 2.3 Common Empirical Oil Fractional Flow Models (Papay, 2003) 

 

 

 

2.8 Economic Evaluation of the Waterflooding Projects 

According to Satter & Thakur (1994), there are commonly used economic criteria and 

methods of analyzing project economics. Steps for analyzing a project economically 

can be seen as in Figure 2.17 and detailed as following items:  
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18Figure 2.17 Economic Optimization Algorithm for Projects  

(Satter & Thakur, 1994) 

 

Economic Objectives: Each project has its own economic criteria to fit its strategy for 

doing business profitably. The main decision making items can be listed as: 

 

 Payout Time  

 Profit to Investment Ratio  

 Present Worth Net Profit 

 Investment Efficiency or Present Worth Index or Profitability Index 

 Discounted Cash Flow Return on Investment or Internal Rate of Return 

 

Formulating Scenarios: This stage is the decision point of the selecting best scenario 

for the specific project. Usually more than one scenario are studied and the most 

profitable of them is selected. This study may include the followings: 

 

1) Injection type (peripheral or pattern flooding) 

2) Well spacing and number of wells 

3) Timing of the wells  

4) Rate and pressure optimization  
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Collecting Data: The data required for economic analysis can include mainly 

production and injection rates, investment and operating costs, financial data (oil & 

gas prices) and economic data like shares, loyalty, taxes etc. 

 

Economic Analysis: The procedure for economic analysis is outlined below: 

 

1) Calculating revenues from oil and gas sales 

2) Calculating total costs including the CAPEX, OPEX and taxes 

3) Calculating the undiscounted and discounted cash flow 

 

Risk and Uncertainties: Project analysis must include also risk analysis which must 

consider technical, economic and political conditions. Assumptions can be done in 

forecasting recoveries, prices, investment / operating costs and economic situation.  
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CHAPTER 3 

 

 

STATEMENT OF PROBLEM AND SCOPE 

 

 

 

Characterization of the hydrocarbon reservoirs and predicting future production to 

maximize economic return of the asset are becoming the most important issues for the 

companies as the amount of available resources becoming limited. As a result of the 

decrease in the success of new discoveries, additional oil recovery methods have 

become inevitable for most of the brown fields.  

 

Waterflooding, the oldest and most common secondary recovery method, has 

considerable advantages in terms of high recoveries and low costs. Even an increase 

in the recovery is observed, most of the hydrocarbon is left behind because of 

unexpected poor recoveries. To avoid losing time and money because of not 

understanding the flow mechanisms in the field, a detailed study should be conducted 

in all projects. 

 

To picture the heterogeneity and predict performance, there are different possible 

methods which can be categorized mainly as empirical, analytical and numerical 

models. Empirical models are not capable of explaining the physical logic of the 

problem. Analytical models are more robust, but need simplifications because of 

complexity of equations. Reservoir simulation studies need a large amount of reservoir 

data to have a ñrepresentativeò model which may be challenging for a project with 

limited time and budget. 

 

To offer rapid reservoir evaluation and quick estimation of the performance of the 

reservoirs with less and more reliable data, a wide variety of approaches have been 
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developed. One of the approaches to complement reservoir simulation is surrogate 

models that rely on rate and pressure data to estimate reservoir properties. The main 

advantages of this approach are requirement of fewer data, less computation time and 

reduction of uncertainty in the geological model. 

 

The Capacitance ï Resistive Model is one of these successful methods which uses 

measured rate and pressure data to infer interwell connectivities between injectors and 

producers by taking compressibility and transmissibility effects into account. This 

model uses non-linear regression method and consists of three main parts which are 

primary production contribution of the well itself, injection contributions from other 

injectors and pressure change effects related to well itself and nearby producers.  

 

The main objectives of the study are to determine the interwell connectivities between 

injector-producer pairs and define the flow paths of the injected water by using CRM. 

In this way, the management of the reservoir can be optimized by using the operational 

and economical decisions. Oil productions and oil fractional flows come into picture 

to relate the liquid rates coming from CRM with the oil rates to be used in economic 

analysis. Bringing all these data together with the economic parameters, maximization 

of the project revenue can be achieved in a long term period. 

 

In this study, a real waterflooded carbonate reservoir is studied by using Capacitance-

Resistive Model to observe if any additional economical and technical income can be 

achieved. By taking heterogeneity and the uncertainty into account, the answer of the 

following question is investigated ñWhat could have been done and achieved in a ten 

year project period by characterization of the reservoir and optimization of the 

injection volumes?ò    
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CHAPTER 4 

 

 

FIELD OVERVIEW 

 

 

 

4.1 General Overview of the Field 

The field is a large carbonate anticlinal structure trending NE-SW, bounded by a high 

angle thrust fault in the south. Producing zone is limited by the major fault striking 

parallel to the axis of the structure and the surrounding stratigraphic boundaries.   

 

Formation is a limestone with lateral and vertical facies changes due to lithological 

and grain size variations. The main formation can be subdivided into two parts; the top 

porous zone and the bottom tight zone (Memioglu et.al., 1983). This is also validated 

by the core analysis showing that the porosity distribution is bimodal which represents 

the mentioned two sections. Permeability distribution shows almost a log-normal 

distribution within moderate values. DST values (limited data) show similar results 

with the cores which rarely indicate fracture effects. The main disadvantage of this 

medium is that the vertical permeability is high as horizontal one in general (some out 

of trend data) which has an important effect on water breakthroughs (Figure 4.1). 

 

The reported oil API gravity is about 26° API. The measured bubble point pressure is 

197 psi which enabled only liquid phase flow in the reservoir. The differential solution 

gas-oil ratio, oil formation volume factor and oil viscosity at bubble point pressure was 

measured as 122 scf/stb, 1.1 bbl/stb and 6.75 cp, respectively (SSI, 1985).  

 

According to pressure and production data gathered in the first four year production 

period, there is no aquifer support in the field. By the decrease in the pressure with the 
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production, it was understood that reservoir had only been producing under expansion 

mechanism and it was decided to start peripheral water injection to pressurize the 

reservoir and displace oil. 

 

Peripheral low salinity water injection project has started in 1960 and continued until 

today. There are 45 wells drilled up to now in the field which consists of 16 producers, 

4 injectors, 18 abandoned (producer + injector) and 7 fresh water wells currently 

(Figure 4.2). 

 

 

 

 
 

19Figure 4.1 Porosity & Permeability Characteristics of the Producing Formation 
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Figure 4.2 Well Locations and Reservoir Sturcture 

20 Figure 4.2 Well Locations and Reservoir Sturcture 
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4.2 Injection and Production History of the Field 

Oil production started in 1956 and new wells were drilled to delineate the reservoir 

after the discovery of the structure. The increase in the number of wells and the 

production continued in the following three years. Following the decrease in the field 

pressure with the production, it was decided to start peripheral water injection for both 

pressure maintenance and displacement. 

 

Water injection project had been initiated by the year of 1960 and new production and 

injection wells were drilled to enhance production in the following years. Also, some 

modifications were made in injection pattern to maximize the production. Injection 

continued up to the year of 1985 and was stopped to perform a simulation study to 

optimize the decrease in oil production as a result of increase in the water cuts. 

 

According to the studies performed, injection pattern was changed and injectors were 

placed into interior parts of the reservoirs. Because of the heterogeneities and closer 

well distances, a worse water cut increase scenario continued in the following years 

and some of the wells were abandoned due to high water cuts.  

 

By the end of 2014, the cumulative production is 13.6 million bbls of the field which 

corresponds to 20 % of OOIP. Average oil production is about 310 bbls/d and average 

water cut throughout the field is approximately 88%. Up to now, 50.2 million bbls of 

water injected into the reservoir which is 1.22 times of the total liquid production from 

the field (Figure 4.3).  

 

Because of the pattern change in early 1990s, ñbefore 1992ò and ñafter 1992ò pattern 

configurations and the related information must be taken into account to understand 

the flow mechanisms in the field. The mentioned patterns are shown in the following 

figures (Figure 4.4 & Figure 4.5).  
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21Figure 4.3 Production and Injection History of the Field 
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22Figure 4.4 Current Situation of the Wells and Active Injectors Before 1992 

 

 

 

 

 
 

23Figure 4.5 Current Situation of the Wells and Active Injectors After 1992 

 

Active Injectors 

Active Injectors 
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4.3 Early Time Water Breakthrough Analysis 

One of the most helpful analysis which was used to correlate the weight coefficients 

with the real data is early water breakthrough analysis. This analysis was done by 

considering the timing of the first water production in the wells and the possible related 

nearby active injectors at that time. 

 

In the first four years of the production, 14 wells (G-20, 22, 26, 27, 31, 32, 34, 35, 36, 

38, 39, 40, 41 and 42) were drilled and four of them were converted to injectors as 

planned for waterflooding project. In the next five years, after the initiation of the 

waterflooding, 17 wells (G-49, 50, 51, 52, 57, 58, 59, 60, 61, 62, 63, 65, 66, 71, 80, 83 

and 84) were drilled to develop the field and maximize oil production.  

 

The active injectors (G-27, 38, 41, 42, 50, 51, 52, 60, 61 and 71) between the years 

1960 and 1968 were investigated to observe possible interactions between these wells 

and the water breakthroughs in producers. In addition, the distances between wells and 

the fluctuations / responses in both injection and production rates were used to map 

these interactions. Figure 4.6 illustrates one of the water breakthrough analysis 

example in which the water production starts with the start of injection in a nearby 

injector. The general map of interactions which is generated by using breakthrough 

analysis, fluctuation similarities and well distances are shown in Figure 4.7 

 

 

 

24Figure 4.6 An Example of Water Breakthrough Analysis and Related Well Pairs
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25Figure 4.7 Map of the Interpreted Interwell Connectivities (No Scaling)  
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CHAPTER 5 

 

  

METHODOLOGY 

 

 

  

In Chapter-5, the methodology of the capacitance resistive model application in a real 

field and the optimization of the project objective are discussed. Firstly, the model 

which was used to match production history of the field and the preparation steps are 

introduced. Secondly, fractional oil flow match model selection and matching 

procedure are discussed. Finally, different optimization algorithms which combine the 

capacitance-resistive, oil fractional flow and the economic models are presented.      

 

5.1 Capacitance-Resistive Model Application 

5.1.1 Available Data and Preparation 

 

Because of the discovery time of the field, it has a long historical data to be analyzed. 

As it was stated in ñInjection and Production History of the Fieldò part of Chapter 4, 

the field has been waterflooded since 1960 with a seven year gap between the years 

1985-1992. Available data for the field consists of monthly recorded 59 years of 

production and 55 years of injection history (Figure 5.1).  

 

In addition to production and injection rate data, static bottomhole pressures and 

dynamic liquid levels measured from the wells are available beginning from the year 

of 1987. Unfortunately, flowing bottomhole pressures could not be measured because 

of the current technologies available at that time. Instead of these missing data, liquid 

levels were used to include bottom-hole pressures indirectly. The field data shows that 
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there is no constant bottomhole pressure production. Therefore, study would result in 

unrealistic fitting parameters unless the pressures contributions were incorporated.  

5.1.2 Working Period Selection 

 

Focusing on the previously mentioned assumptions of CRM (Kaviani et al., 2008); 

 

 Constant number of producers; i.e. no shut-in period or new production wells 

 Availability of BHP data or constant/similar BHP  

 Constant reservoir and well conditions 

o No new perforations in other zones 

o Constant productivity index 

 Long period of data 

 Negligible change in gas saturation 

 Uncorrelated injection rates 

 

In this case study, injection was stopped between the years 1985-1992 and new pattern 

was designed in which injectors became closer to the producers located in interior parts 

of the reservoir. After a certain time following the pattern change, increase in water 

cut and liquid productions became stabilized. In addition to this criteria, properly 

measured dynamic liquid levels are available after the year of 1987 which restricted 

the working period in a narrower interval. 

 

By considering stabilized flow period, the constant number of production wells, 

availability of rate & liquid level data, shut-in periods and constant GOR conditions; 

between beginning of 1996 and middle of 2000 time interval was selected as the 

history match working period for this case study (Figure 5.2). 
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26Figure 5.1 Injection and Production History of the Field 

 

 

The reasons for selecting this time period can be listed as follows; 

 

 The producers represent the current situation in the field  

 There are enough fluctuations in the rates to determine the connectivities 

 Rate & liquid level data were measured properly (bad data quality after 2000) 

 Reservoir pressure is above bubble point pressure (constant GOR) 

 No workover operations or changes during & after the period (constant PI) 

 

Selected time intervals for different stages with their explanations are listed below; 

 

1) 01.01.1996 ï 01.12.1998 ( 36 months - history matching ) 

2) 01.01.1999 ï 01.06.2000 ( 18 months - history match validation by forecast ) 

3) 01.07.2000 ï 01.07.2010 (121 months - optimization period )  
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27 Figure 5.2 ï Active Time Periods of the Wells and Selected Working 
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The reason of selecting optimization period within 2000-2010 years is because of the 

fact that the low salinity water injection was stopped after 2010. Instead of fresh water, 

produced water was injected after 2010. The change in the injected liquid type resulted 

in a negative effect on the production behavior. Because of this performance change, 

it would not be meaningful to compare these periods. So, that part was excluded from 

the analysis.  

 

5.1.3 Data Preparation  

 

The production, injection and liquid level data were prepared as inputs within the 

working period interval. As stated in the CRM formula, rates must be in reservoir 

volumes which were achieved by using formation volume factor information gathered 

from fluid properties. 1.04 rbbl/stb and 1.01 rbbl/stb values were used to convert 

surface volumes into reservoir ones for producers and injectors, respectively.  

 

There are two types of production rates calculated based on both ñcalendar dayò and 

ñworking dayò. Calendar day based rates are calculated by dividing the monthly 

production by the number of the corresponding monthsô days and the other one just 

takes the exact working days into account.  

 

The injection rates were also calculated as calendar based rates. The bottomhole 

pressures were calculated by using a pressure gradient to convert liquid levels to the 

pressures which is 1.35 psi/m with an assumption of the presence of both water and 

oil in the annulus.  

 

The calendar day based rates for both production and injection were used as inputs of 

the model to honor the material balance in the system. 

5.1.4 Capacitance-Resistive Model Selection and Generation  

 

The equation discretized by Kaviani et al. (2008) was used in the model to capture all 

primary production effects of the producer itself, injection contributions from the other 
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injectors and the pressure effects of nearby producers. The main reason to select this 

method instead of the other studies mentioned in the literature survey is to integrate 

also the pressure effects of nearby producers. The equation which was used for the 

CRM calculations proposed by Kaviani et al. (2008) is as follows: 

 

ή ὸ  ή ‗ή ὸὩ В ‗ В Ὡ Ὡ  Ὥὸ    

В ὺ ὴ ὸ ὴ ὸ                  (5.1) 

 

where, ή  is the unbalance effect parameter 

 

The equation above includes three important parts which are primary production, 

injection contribution and the pressure contribution terms. Primary production 

contributions of the wells were calculated from the time interval before injection 

started again in the year of 1992. Injection contributions of each injector-producer pair 

(14 x 15) for 175 months were formulated to capture continuous (convolved or filtered) 

effect of injection. Also, pressure contributions between producers (15 x 15) for 53 

months are formulated by using the liquid level data just for the history match period. 

Pressure contribution formulas were not extended until the end of the optimization 

because optimization procedure assumes constant pressure production, no way to 

simulate the pressure contributions for the future in this model. 

 

To cover all the parts of the equation, fitting parameters were tabulated to be solved as 

a part of the solution matrix (Figure 5.3) and listed below; 

 

1) One weight and time constant parameter of primary production for each well 

2) 14 x 15 weight coefficient and time constant matrices for producer-injectors 

3) 15 x 15 weight coefficient matrix for producer-producer interactions 

 

Microsoft® Excel based Analytic Solver Platform software was used to generate CRM 

model. GRG2 (Generalized Reduced Gradient) algorithm, which is better for smooth 

non-linear problems, was used to solve the generated matrices. 
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Also, the total liquid production and injection rates were checked to analyze if the field 

is in balanced or unbalanced condition (difference between injection and liquid 

production rates). Almost all months in the working period are unbalanced but liquid 

production is considerably more than the injection only in the first 14 months. That is 

why unbalanced effect ή  was used in this time period.  Because of the fact that 

injection volumes are more than the production volumes in the remaining period, there 

is no need to use any unbalance effect and  sum of the weights for injectors are 

expected to be equal or lower than unity. 

 

┐pj G-20 G-22 G-32 G-34 G-36 G-58 G-59 G-62 G-63 G-83 G-84 G-90 G-91 G-98 G-99 

                                

Ḁpj G-20 G-22 G-32 G-34 G-36 G-58 G-59 G-62 G-63 G-83 G-84 G-90 G-91 G-98 G-99 

                                

┐ij G-20 G-22 G-32 G-34 G-36 G-58 G-59 G-62 G-63 G-83 G-84 G-90 G-91 G-98 G-99 

G-26                               

G-31                               

G-38                               

G-40                               

G-42                               

G-49                               

G-50                               

G-57                               

G-60                               

G-64                               

G-65                               

G-66                               

G-71                               

G-80                               

Ḁij G-20 G-22 G-32 G-34 G-36 G-58 G-59 G-62 G-63 G-83 G-84 G-90 G-91 G-98 G-99 

G-26                               

G-31                               

G-38                               

G-40                               

G-42                               

G-49                               

G-50                               

G-57                               

G-60                               

G-64                               

G-65                               

G-66                               

G-71                               

G-80                               

Vkj G-20 G-22 G-32 G-34 G-36 G-58 G-59 G-62 G-63 G-83 G-84 G-90 G-91 G-98 G-99 

G-20                               

G-22                               

G-32                               

G-34                               

G-36                               

G-58                               

G-59                               

G-62                               

G-63                               

G-83                               

G-84                               

G-90                               

G-91                               

G-98                               

G-99                               

 

 

28Figure 5.3 Weight Coefficient and Time Constant Matrices Used in the Model 
 

 

Finally, objective function ñerror between the observed and predicted liquid rates are 

minimumò was set with constraints to reach best solution; 
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1) Weight coefficients of pairs are non-negative ( Ó 0 ) 

2) Time constants of pairs are greater than zero ( Űij > 0 ) 

3) Sum of the weights coefficients is equal or less than one ( В Ȣɚij   1 ) 

4) Pressure coefficients of nearby producers are less than zero while the 

coefficient of producer itself is greater than zero ( vkj Ò 0 & vj Ó 0 ) 

 

Firstly well by well and finally simultaneous non-linear regression was performed 

within the first 36 months period. Then procedure was extended through the next 18 

months period without changing any parameters to validate the history match fitting 

parameters. Being sure about the fitting parameters matching the production history, 

they were used in optimization period for the next 121 months period. 

 

5.2 Fractional Oil Flow Match  

 

For the optimization algorithm, the oil rates are much more important than total liquid 

(oil + water) rates which leads to need for a correlation between liquid rates and oil 

fractional flow. An empirical model was selected for calculation of the oil rates. 

  

The used model was selected by studying all of the mentioned oil fractional models 

covering the cumulative oil production and oil cut relationship. Kazakov (1976) was 

selected as the most promising one which fits the water cut and oil production trend 

reasonably well within the working period. Most of the late time production trends of 

the wells which are important for the optimization period were matched very well.  

 

Remembering the model once more, the relationship between cumulative oil 

production and oil fractional flow can be stated as follows: 

 

Ὢ  
 

     
                (5.2) 

 

Np    = cumulative oil production            a, b  = constants 
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To find these constants, history matching procedure by using nonlinear regression for 

the historical time steps is needed. In this model, the given liquid rate uses the previous 

time stepôs oil cut to determine the current time stepôs oil production which is used for 

calculating the corresponding time stepôs cumulative oil production. The new 

cumulative oil production is used again to calculate the oil cut for the next time step to 

repeat all these steps by using the given formula. 

5.3 Optimization and Economic Analysis of the Project 

 

Because of the fact that late time of the waterflooding project is analyzed in this case 

study, some of the items listed in the economic evaluations can be excluded here. That 

is why just only the operating costs of injection/production, rates and prices of 

hydrocarbons are considered for this project. 

 

The overall optimization workflow by using capacitance model and oil fractional flow 

model summarized by Sayarpour (2008) is illustrated in Fig. 5.4; 

 

 
29Figure 5.4 Economic Optimization Algorithm for Project 

Figure 5.4 Economic Optimization Algorithm for Project (Sayarpour, 2008) 

 

 

Firstly, total liquid and oil production matches are performed by using capacitance-

resistive and oil fractional flow models. When the production history is matched, 

injection & production forecast are done by using the same parameters to optimize the 

both injection and production rates depending on the defined objective function.      
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The most important part of an optimization problem is determining the objective 

function. According to the study conducted by Bastami et. al. (2012), depending on 

the purpose of the optimization, different objective functions can be defined as 

follows; 

 

 Maximizing cumulative oil production  

 Minimizing cumulative water production 

 Maximizing net present value of the project (incomes & costs) 

 Maintaining the oil production rate while minimizing other phasesô production 

 

In this case study, two alternative options which consider either technical or 

economical outcomes of the project were used; 

 

1) Maximization of the cumulative oil production during a specific time interval. 

The objective function is as follows: 

 

Ὑ В ᷿ή ὸὨὸ                 (5.3) 

 

Model tries to maximize cumulative oil production technically by changing 

injection volumes.  

 

2) Maximization of the profit of this waterflooding project during a specific time 

interval. The objective function is as follows: 

 

Ὑ ὴ ὴ  В ᷿ή ὸὨὸὴ В ᷿ὭὸὨὸ             (5.4) 

 

where, ὴȟὴ and ὴ  are oil price, disposal cost of the water per produced 

barrel oil and the water injection cost per barrel, respectively. In this part, 

model tries to maximize revenue by just calculating the economical values of 

both production and injection volumes.  
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CHAPTER 6 

 

  

RESULTS AND DISCUSSIONS 

 

 

  

Chapter-6 brings all previously discussed chapters together to show the main results 

of the study. Chapter starts with CRM application results for this specific case study. 

It is followed by the analysis of fitting parameters to explain them by making use of 

geological explanations. Then, oil fractional flow model selection and history match 

results are discussed. Finally, bringing all these outcomes together, the optimization 

of the injection and project revenue are conducted and explained. 

 

6.1 Capacitance-Resistive Model Application  

 

As stated in Chapter-5, the discretized model proposed by Kaviani et al. (2008) was 

used to decouple the effects of the all contributing parts. Firstly, unbalance effect was 

investigated to correctly match the other contributions related to both injection and 

pressure. According to this analysis, it was observed that all monthly production rates 

are considerably different than the injection rates but just only the first 14 months of 

them are more than the injection ones. Unbalance effect parameter was used in this 

time period for each well.  

 

For primary production coefficient parameters, it was found that ‗=1 and †=50,000 

model parameters represent the average field decline rate and are suitable to be used 

for the producers in this model. In the injection contribution part, 14 x 15 weight 

coefficient and time constant matrices were generated. Integrating the pressure 
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contribution part, a 15 x 15 pressure effect coefficient matrix was generated to 

decouple the effects of injection and pressure contribution. All these model parameters 

were solved simultaneously to honor the material balance of the system and model 

constraints in each time step. The resulting fitting parameters for injection and pressure 

effects are tabulated below; 

 

4Table 6.1 Calculated Weights, Time Constants and Pressure Coefficients 

 
┐ij 20 22 32 34 36 58 59 62 63 83 84 90 91 98 99 

26 0.00 0.00 0.00 0.00 0.07 0.00  0.18 0.15 0.00 0.00 0.00 0.00 0.00 0.05 

31 0.10 0.00 0.00 0.00 0.00 0.13  0.00 0.00 0.00 0.03 0.15 0.00 0.00 0.00 

38 0.00 0.00 0.00 0.00 0.00 0.00  0.01 0.06 0.00 0.00 0.00 0.00 0.00 0.00 

40 0.00 0.00 0.00 0.00 0.05 0.00  0.18 0.10 0.00 0.00 0.00 0.00 0.00 0.05 

42 0.00 0.07 0.00 0.01 0.00 0.00 0.13 0.00 0.00 0.08 0.00 0.00 0.02 0.10 0.00 

49 0.07 0.00 0.01 0.04 0.00 0.05  0.00 0.00 0.02 0.01 0.05 0.01 0.00 0.00 

50 0.00 0.00 0.00 0.00 0.00 0.00  0.09 0.01 0.00 0.00 0.00 0.00 0.00 0.02 

57 0.05 0.02 0.01 0.10 0.00 0.04 0.08 0.00 0.00 0.08 0.04 0.03 0.02 0.28 0.00 

60 0.00 0.00 0.01 0.09 0.00 0.04  0.00 0.00 0.00 0.02 0.10 0.03 0.00 0.00 

64 0.15 0.00 0.01 0.00 0.00 0.02  0.00 0.00 0.00 0.03 0.12 0.00 0.00 0.00 

65 0.00 0.03 0.00 0.02 0.07 0.00 0.08 0.14 0.08 0.05 0.00 0.00 0.02 0.50 0.01 

66 0.00 0.01 0.00 0.00 0.04 0.00  0.10 0.03 0.04 0.00 0.00 0.01 0.60 0.01 

71 0.00 0.00 0.00 0.00 0.04 0.00  0.09 0.01 0.00 0.00 0.00 0.00 0.00 0.01 

80 0.00 0.01 0.00 0.01 0.04 0.00 0.06 0.08 0.05 0.06 0.00 0.00 0.02 0.30 0.02 

ḀƛƧ 20 22 32 34 36 58 59 62 63 83 84 90 91 98 99 

26 1 1 1 1 150 1  1 20 1 1 1 1 1 57 

31 160 1 1 1 1 85  1 1 1 155 637 1 1 1 

38 1 1 1 1 1 1  280 250 1 1 1 1 1 1 

40 1 1 1 1 80 1  20 95 1 1 1 1 1 46 

42 1 20 1 150 1 1 30 1 1 151 1 1 130 80 1 

49 240 1 20 20 1 260  1 1 350 43 20 10 1 1 

50 1 1 1 1 1 1  200 150 1 1 1 1 1 166 

57 350 350 35 25 1 242 30 1 1 34 30 55 25 30 1 

60 1 1 30 250 1 150  1 1 1 101 262 40 1 1 

64 50 1 16 1 1 242  1 1 1 245 559 1 1 1 

65 1 250 1 450 52 1 650 25 250 207 1 1 125 60 50 

66 1 100 1 1 62 1  35 280 161 1 1 150 90 48 

71 1 1 1 1 248 1  59 30 1 1 1 1 1 92 

80 1 290 1 250 90 1 90 162 56 75 1 1 150 93 180 

Vkj 20 22 32 34 36 58 59 62 63 83 84 90 91 98 99 

20 0.01 0 -0.02 0 0 0  0 0 0 0.00 -0.04 0 0 0 

22 0 0.01 -0.01 0 0 0  0 0 -0.06 0 0 -0.01 -0.15 0 

32 -0.07 -0.03 0.02 0 0 0  0 0 0 0 0 -0.03 0 0 

34 0 0 0 0.02 0 -0.03 -0.18 0 0 -0.09 -0.01 0 -0.01 0 0 

36 0 0 0 0 0.07 0  -0.02 -0.11 0 0 0 0 0 -0.07 

58 0 0 0 -0.01 0 0.03  0 0 0 0 0 0 0 0 

59 0 0 0 -0.08 0 0 0.01 0 0 -0.05 0 0 -0.04 -0.25 0 

62 0 0 0 0 -0.08 0  0.04 -0.01 0 0 0 0 0 -0.01 

63 0 0 0 0 0 0  -0.02 0.01 0 0 0 0 0 -0.03 

83 0 -0.04 0 -0.01 0 0 0.00 0 0 0.04 0 0 0.00 -0.40 0 

84 -0.05 0 -0.03 -0.09 0 -0.19  0 0 0 0.01 -0.04 -0.01 0 0 

90 -0.04 0 0 0 0 -0.11  0 0 0 -0.01 0.08 0 0 0 

91 0 -0.07 -0.01 -0.07 0 0 -0.06 0 0 -0.19 0 0 0.03 -0.15 0 

98 0 -0.05 0 0 0 0 -0.14 0 0 -0.05 0 0 -0.02 0.25 0 

99 0 0 0 0 -0.01 0 
 

-0.02 -0.05 0 0 0 0 0 0.12 

 

After the history matching period, validation & forecast part was carried out by using 

the same fitting parameters and injection data observed in injectors. As it was in the 

history match period, the total production rates coming from the model fit the observed 

data in an acceptable range which shows an approximately 10 % error within 53 time 

steps (Figure 6.1). 
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The figure shows two different observed liquid production rates which are ñcalendar 

dayò and ñworking dayò based. As stated in ñData Preparationò part of Chapter 5, the 

difference between these rates is coming from the non-productive time of the wells 

due to some pump failures, work-over and some surface operations. In regression 

process, it was aimed to keep the model results within these calculated rate ranges. 

 

 
 

30Figure 6.1 Overall Field Production History Match and Validation Forecast 

 

 

One other important point in this process is the need of initial judgment by the user to 

prevent meaningless fitting parameters just calculated because of the mathematical 

approximations. That is why there is a ñto do listò proposed by Weber (2008) which 

aims data cleaning and problem size reduction;  

 

The problems observed in CRM applications are categorized in the following parts; 

 

Many Constraints & Variables: The number of parameters needed to define a CRM 

is directly related to the number of wells. These parameters must be estimated 

simultaneously because of the nature of field-wide material balance. 

 

In this case study, 2 x 15 primary production parameters, 14 x 15 x 2 injection 

contribution parameters and 15 x 15 pressure contribution parameters (total of 675 
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fitting parameters) are needed to generate this complicated model. Not only these 

parameters but also the constraints for each time step and total must be used the model 

to achieve meaningful results. For this specific case study, over 900 constraints are 

needed for all the time steps over a three year matching period.  

 

Shut-in / Intermittent / Changing Wells:  Throughout the life of a reservoir the 

number of active wells changes for several reasons such as economics, operational and 

technical. Because of the fact that every injection signal results in a production signal, 

these data may skew calculated connectivities from the real ones.  

 

In this case study, deep investigation was performed to avoid shut-in periods of the 

producing wells and unstable period of active wells. Besides, two producers which are 

currently inactive and having low productions were excluded from the model. 

 

Outliers: High or low production rates can affect the model calculation negatively. 

Observed low rates may be a result of a partial amount of monthly production 

(workover or shut-in) and high rates may be seen because of the change in a well 

productivity or equipment used in a well. Whatever the reason is, a big fluctuation 

causes problems because of the nature of nonlinear regression analysis.   

 

In this case study, the time steps which have low production rates related to working 

days were excluded from the objective function to avoid wrong fitting. As a 

consequence, the model results were kept in a range of the mentioned rate values. 

 

Weber (2009) also proposed the following data cleaning and problem size reduction 

methods: 

 

Reducing the Number of Gains: In the case of a large scale problem, some of the 

wells which have negligible effect on the production response can be ignored. There 

are two possible ways to do this; the first one is to eliminate the wells having values 

less than a determined cut-off value if it is geologically reasonable. The second one is 

to eliminate some pairs having higher distances than the threshold values.  
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Because of the nature of mathematical approximations, even the furthest wells may be 

in interaction with each other if they can succeed to minimize the objective function. 

Here, the judgment of interpreter comes into picture by using the information of other 

sources to eliminate the pairs which do not have the possibility to interact. Also, 

inactive wells must be removed from the calculation to decrease computational time.  

 

In this case study, by using well distances, static/dynamic data and breakthrough 

analysis, all possible well interactions were analyzed and the pairs which do not have 

possibility were excluded from calculation (can be seen from matrices). East and west 

part of the field (line crossing G-65, G-66 and G-80 can be accepted as center line) 

were analyzed separately. No inactive wells were used in calculations. 

 

Shut-in Logic:  As the theory states that all measured rates are the result of some 

measured injection signals, additional logic must be needed to overcome this missing 

production rate responses. There are two possible ways of eliminating these errors. 

One of them is excluding these steps from the objective function. The other one is the 

procedure proposed by Kaviani et al. (2008) which applies superposition with a virtual 

injector. In this way, production as much as the injection rate from the same point 

continues and the total rate becomes zero as it is in real case. But this also results in 

new but less additional parameters compared to the conventional CRM to be solved.  

 

In this case study, because of the most suitable working period is selected, no 

elimination was needed. Only the rates of the wells not covering whole month were 

not included in the objective function (production days less than 28 days in a month). 

 

Outlier Classification Algorithms:  After all modifications before the calculation, 

outlier classification can be done to minimize total objective function. A given 

measured rate is classified as an outlier if its residual is extremely different than the 

tolerable range, they can be replaced by the neighboring data values.  

 

In this case study, no outlier classification algorithms were applied. The observed data 

and the model are matched reasonably well in history matching and forecasting period. 
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Not to include the time steps having critical non-productive time (less than 28 days in 

a month - shown as baseline) in the objective function they were excluded from 

analysis. Total liquid production matches are shown in Figure 6.2 through Figure 6.17.  

 

 
 

31Figure 6.2 History Match and Forecast of G-20 Well 

 

 

 
 

32Figure 6.3 History Match and Forecast of G-22 Well 
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33Figure 6.4 History Match and Forecast of G-32 Well 

 

 

 

 
 

34Figure 6.5 History Match and Forecast of G-34 Well 
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35Figure 6.6 History Match and Forecast of G-36 Well 

 

 

 

 
 

36Figure 6.7 History Match and Forecast of G-58 Well 
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37Figure 6.8 History Match and Forecast of G-59 Well 

 

 

 

 
 

38Figure 6.9 History Match and Forecast of G-62 Well 
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39Figure 6.10 History Match and Forecast of G-63 Well 

 

 

 

 
 

40Figure 6.11 History Match and Forecast of G-83 Well 
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41Figure 6.12 History Match and Forecast of G-84 Well 

 

 

 

 
 

42Figure 6.13 History Match and Forecast of G-90 Well 
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43Figure 6.14 History Match and Forecast of G-91 Well 

 

 

 

 
 

44Figure 6.15 History Match and Forecast of G-98 Well 
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45Figure 6.16 History Match and Forecast of G-99 Well 

 

 

 
 

46Figure 6.17 History Match and Forecast of the Field Production Data 

 

The weight coefficients which were used to match the total production in wells are 

shown in Figure 6.18. As seen from the figure, there is a complex system including 

injectors affecting surrounding producers which will be discussed in next page.  
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47Figure 6.18 Weight Coefficients Between Injector-Producer Pairs  s 

 

 

According to these results, all of the injectors have some interactions with surrounding 

producers. The weight coefficients change in a range between 0.1 and 0.6 which shows 

that the reservoir has regions showing different characteristics in terms of conductivity. 

 

By comparing the weight coefficient values, the regions can be categorized in four 

parts depending on the degree of heterogeneity. As can be seen from graph, the most 

affected part by waterflooding is the middle of the field (near G-98 and G-83). Then it 

is followed by the northwest part (near G-62 and G-63) and east part (G-58) of the 

structure. The southeast part of the field is the least affected part which can be also 

validated by both production rates and water cuts in that region (to be explained in the 

following sections).  
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6.2 Analysis of Fitting Parameters: Weights and Time Constants  

 
This part of the study explains the physical meanings of the fitting parameters and 

evaluates the results of the case study. There are two main parameters that characterize 

the interaction between production and injection wells; weight coefficients and time 

constants.  

 

Weight Coefficients 

 

Gentil (2005) explained the weight parameters by using transmissibility terms. By 

considering a single injector and producers connected by different flow paths (Figure 

6.19); 

 

48       Figure 6.19 Schematic of the Interactions Between Injectors-Producers  

(Gentil, 2005) 
 

It is possible to express weights in terms of rates;  

‗                     (6.1) 

where, 

ή is the contribution of the rate between an injector-producer pair 

Ὅ is the total injection rate 

 

By considering steady-state flow equations, Darcyôs law can be applied for the parallel 

flow in the linear system: 
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ή
  

 
Ὕ ὴ ὴ                 (6.2) 

 

where, 

Ὧ  is the average effective permeability  

Aij  is the area open to flow 

Lij  is the length of the path 

ɛ is the viscosity of the field  

ὴ  ὥὲὨ ὴ    is the injection and producer flowing bottomhole pressures 

Ὕ  is the transmissibility between injector i and producer j 

 

Equation explaining the weights becomes: 

 

‗
 

В  
                   (6.3) 

 

This shows that weights contain parameters related to rock and fluid properties like 

permeability and viscosity, flow geometry and operating conditions. This relation can 

give an idea about the investigated reservoir parameter if the others are known or can 

be approximated. 

 

Referring to both Yousef et al. (2006) and Gentil (2005), there are three main outcomes 

of these explanations: 

 

1) In a balanced waterflooding operation, summation of the ‗ coefficients should 

be equal to the one within a closed boundary system; 

 

В ‗ ρ                              (6.4) 

 

2) In a homogenous balanced reservoir, there is correlation between ‗ coefficients 

and well locations & reservoir properties which usually exhibits an inverse 

relationship between the distance of pairs and corresponding weights; 
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‗
В

                              (6.5) 

 

3) For the case of a symmetrical pattern, where the flow geometries are similar, 

the ratio of the weights for a given injector and two neighboring producers can 

be estimated by: 

 

 

 

 

 

                  (6.6) 

 

 

Time Constants 

 

Yousef et al. (2006) explained that time constants as a function of total compressibility, 

pore volume and productivity index. The reservoir parameters such as porosity, and 

compressibility have important effects on these parameters. In addition to this, the 

distances between wells are indirectly related with time constants.  

 

†
 

                        (6.7) 

 

The case studies analyzed by Yousef et al. (2006) showed that both time constants and 

weight coefficients do not reflect interaction between injectors. This does not mean 

that it is a general result for all cases, but it must be investigated for the cases.  

 

Moreover, it was also stated that weights and time constants are not totally 

independent. ‗  is directly proportional to the productivity index whereas the 

corresponding time constant is inversely proportional to the same productivity index. 

Thus, these two main parameters of the capacitance resistive model are inversely 

related. Log-log plot of these parameters shows an inverse relationship.  
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Yousef et al. (2006) and Delshad et al. (2009) used these plots to determine the 

possibility of fracture presence in porous media. In a homogenous media, drawing a 

log-log plot of weight coefficients and time constants results in a line with a slope of  

-1 while the parameters of heterogeneous systemôs parameters deviate from this line.  

 

In this field case study, the mentioned outcomes were investigated to determine if the 

results are similar with the theoretical expectations. All the calculated weight 

coefficients and corresponding distances of pairs are plotted. As it can be seen from 

the Figure 6.20, there is a reasonable correlation between the mentioned parameters in 

most of the data. There are some deviations caused by the dataset related to the affected 

parts (regions where G-98 and G-62 are located). It can be concluded that there are 

some heterogeneous parts in the system but the rest of it shows similar characteristics.  

 

 
 

49Figure 6.20 Weight Coefficients vs Distances Between Wells 

 

 

As mentioned before, the weight coefficients and time constants are inversely related 

parameters because of the productivity index terms that they include. The weights and 

time constants (larger values than ɚ = 0.01) are plotted on a log-log plot to see this 

effect which resulted in as expected trend but more scattered (Figure 6.21). The main 

reason of these scatterings may be because of the insensitivity of these parameters (not 

sensitive as the weight coefficients). Little changes in these parameters do not affect 
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the history match dramatically so it is possible to find a similar match with a 

theoretically expected weight coefficient ï time constant relationship with some 

modifications.  

 

The main idea behind this graph is about the heterogeneity of the reservoir. There are 

some outliers in these fitting parameters which would have been an indication of 

conductive zones. Some points out of this ellipse which are related to affected regions 

(regions where G-98, G-62 and G-58 are located) were also determined by the weight 

coefficient distributions.  

 

 

 

50Figure 6.21 Weight Coefficients & Time Constants Relationship 

 

To be confident about these fitting parameters, they must be investigated by using the 

other information groups coming from the static and dynamic data of the field. Starting 

from the weight coefficients, the results can be summarized as follows:  

 

1) Almost all of the injectors are in communication with more than one producer 

and there are no big differences between weight coefficients except the ones in 

the region which G-98 and G-62 are located. These coefficients are related to 

high-conductive zones near these producers. 
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2) The weight coefficients change in a range between 0.01 and 0.6 which shows 

a log-normal distribution with a mean of 0.07 (Figure 6.22). This analysis 

indicates that there are some heterogeneous regions in which high conductive 

corridors dominate the flow paths. Not only by statistical analysis but also log-

log plot of the weight coefficients and time constants resulted in similar 

outcomes.   

 

 
 

51Figure 6.22 Statistical Analysis of Weight Coefficients 

 

3) The time constants change in a range between 1 and 650 and show a log-normal 

distribution with a mean of 142 (Figure 6.23). This analysis shows that most 

of the time constant values fall into low interval which indicates a fast signal-

response effect. This result can explain the existence of preferred flow paths of 

injected water and observed unexpected high water cuts in the system. 

 

 
 

52Figure 6.23 Statistical Analysis of Time Constants 
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4) If sum of the weight coefficients of each injector are investigated, it can be seen 

that they (except G-65 which is located in the center of the wells) are lower 

than unity which means injection outside of the drainage area of the producers 

or the reservoir limits (Table 6.2).  

 

This is a common outcome of a peripheral waterflooding operation. 

Specifically for this field, taking the total injection and production volumes 

into account, almost 1.12 times amount of produced liquid (oil + water) 

equivalent low salinity water was already injected into the reservoir by the 

beginning of the year 1996. Thus, it is not surprising to see that some of the 

injected water leaks out of the reservoir. The total loss in the injection rates 

calculated by using the weight coefficients and rates is equal to 60% of the 

injected water. 32% of this injection rate losses is directly related to three wells 

(G-38, G-50 and G-40) located in the north west of the field. 

 

5       Table 6.2 Weight Coefficient Table Showing the Calculation Results 

 

 
 

 

5) Most of the wells located in the north-west region are not effective as the 

others. The main reason of this situation can be explained by taking the past 

injection times into account. As can be seen from the Figure 6.24, there are 

interwell connectivity plots of both the early time water breakthroughs period 

in 1960s and the situation in the beginning of the year 1996. Because of the 
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timing and the pattern change, they do not reflect exactly the same picture but 

the flow paths are all in agreement with each other. 

 

Up to the year of 1996, most of the water was injected from G-38, G-42, G-50, 

G-60 and G-61. In the working periods of analysis, G-38 and G-50 continued 

to inject the highest rates in the field but this was not same for the other wells. 

Because of the cumulative water injection from these wells and their locations 

(outside part), it can be expected to observe lower contributions compared to 

the wells located in other regions. 

 

At this point, the injection rates and weights coefficients must be distinguished 

from each other because the main production responses are related to the 

injection rates not the weight coefficients.  

 

6) To compare the weight coefficients and time constants with the expected flow 

directions coming from pressure analysis, initial liquid in place and cumulative 

volumes were used. This method is used because of the absence of the static 

reservoir pressure data in the working time period.  

 

First of all, by using the petrophysical data, original liquid in place has been 

distributed in 2D by krigging method. Then, again by using the same method, 

cumulative injection and liquid production distributions were generated. Based 

on some assumptions like closed system, homogenous displacement and 

constant compressibility, grid based distributions were used in calculations; 

 

Liquid in Place = Initial Liquid in Place ï Liquid Production + Injection 

 

The result of material balance approximations are shown in Figure 6.25, which 

can be used as the indirect pressure distribution of the field just before the 

history match working period. When they are overlapped with the current 

weight coefficients, it shows an acceptable relationship with the main flow 

directions and the regions where injection losses observed (Figure 6.26).  
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53Figure 6.24 Comparison of the Initial Water Breakthroughs and CRM Results 
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54Figure 6.25 Comparison of Total Liquid in Place in 1956 & 1996 
 

1956 ï bbl/m2 

1996 ï bbl/m2 
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55 Figure 6.26 Overlapped Map of Weight Coefficients and LIP Distribution in 1996 
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In addition to pressure difference, permeability distribution of the system is 

also very important to determine the preferred flow paths in the reservoir. By 

using the core and DST permeabilities, a vector map (the darker the arrow the 

more permeable direction) was generated throughout the field to compare with 

the calculated weight coefficients (Figure 6.27).   

 

 
 

Figure 6.27 Permeability Vector Map vs Weight Coefficients 

 
56 Figure 6.27 ï Permeability Vector Map vs Weight Coefficients 

To generate a representative permeability vector map and correctly define the 

flow paths, average permeabilities of the wells are used in distributions. As it 

can be seen from the figure, the weight directions and permeability vectors are 

in agreement and represent the main flow directions.  

 

There are mainly three parts representing the conductive regions of the 

reservoir in which G-62, G-98 and G-58 wells are located. Another important 

conclusion is the irresponsive parts (near G-32, G-84, G-36 production wells) 

of the reservoir which show low production rates and water cuts compared the 

other producers.  As a result of this comparison, it was realized that the weight 

coefficients and the permeability trends are strongly in agreement. 
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Water cut distribution also shows less waterflooding effects in some regions 

which are also in agreement with the main displacement directions analyzed 

from pressure and permeability distributions. As can be seen from Figure 6.28, 

the wells with lower water cuts are located close to the reverse fault in the south 

east and west part of the field where the injected water prefers to flow 

according to the model results. 

 

 
 

57Figure 6.28 Water Cut Distribution of the Wells in the Year of 1996 

 

 

7) Time constants were investigated by comparing with the relative distances 

between well pairs and pore volume distributions. There is not just a direct 

relationship between pore volume and time constant but also there is a 

productivity index term to be taken into account. That is why it is not very easy 

to explain all time constants on a just single map. Instead of that way, time 

constants of the same injector with their pairs must be investigated internally. 

Main conclusion from Figure 6.29 is that the time constants are larger where 

there is a large pore volume, larger distance and poor well connectivity.  
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58Figure 6.29 Time Constants Between Injector-Producer Pairs 

 

 

8) Pressure coefficient data showed that all of the wells have pressure effects on 

itself and the nearby producers. According to the analysis (Figure 6.30), most 

of the pressures coefficients fall into -0.15 to 0.1 interval which means 

moderate effects on production. Outliers in this data set belongs to the well 

pairs of G-98 whose production is highly dependent on the surrounding wells.   

 

 
 

59Figure 6.30 Statistical Analysis of Pressure Coefficients 
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6.3 Fractional Oil Flow Match  

Kazakov (1976) model is the selected oil fractional flow model which fits the water 

cut and oil production trend very well within the optimization period (2000-2010). 

Remembering the model once more, the relationship between cumulative oil 

production and oil cut can be stated as follows; 

 

Ὢ  
 

     
                (6.8) 

 

Np    = cumulative oil production, bbl ï m3  

a, b  = constants 

 

To find these constants, history matching procedure was applied by using nonlinear 

regression. Even the early time trends (before 1992) are not very well matched in all 

wells because of the changes in field conditions, it is acceptable to be used for 

optimization period. Table 6.3 shows the calculated constants and the average 

matching errors for different wells between the years of 2000-2015. When these 

constants are plotted on a graph (Figure 6.31), it can be observed that almost all wells 

except G-62, G83 and G-98 have similar water cut increase trends which also honors 

the high conductive zones determined by CRM.  

 

6Table 6.3 Calculated Constants of the Oil Fractional Flow Model 

 
Well a b % Error (2000-2015 years) 

G-20 1.24 4.2E-07 4.31 

G-22 1.20 8.7E-07 2.82 

G-32 1.03 8.6E-07 9.72 

G-34 1.40 1.65E-06 2.36 

G-36 1.25 5.74E-07 3.69 

G-58 1.80 7.71E-07 3.56 

G-59 1.92 1.4E-06 1.89 

G-62 8.50 4.5E-06 0.4 

G-63 1.20 7.13E-07 1.38 

G-83 6.15 1E-06 0.16 

G-84 1.18 7.43E-07 9.44 

G-90 1.55 1.32E-06 3.19 

G-91 2.99 2.91E-06 2.88 

G-98 13.00 2.8E-06 0.18 

G-99 3.80 4.00E-06 1.35 



 

104 

 

 
 

60Figure 6.31 Obtained Model Constants and Water Cut Increase Profiles 

 

 

 

Fractional flow model match results can be seen from Figure 6.32 through Figure 6.46. 

 

 

 
 

61Figure 6.32 Oil Fractional Flow Match of G-20 
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62Figure 6.33 Oil Fractional Flow Match of G-22 

 

 

 

 

 
 

63Figure 6.34 Oil Fractional Flow Match of G-32 

 

 








































































